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Abstract 

 

Identifying Key Disseminators in Social Commerce: A Segmentation 

Study from the Gatekeeping Perspective 

 

Yizhuo Chen, M.S.T.A.T. 

The University of Texas at Austin, 2012 

 

Supervisor: Mourad Krifa  

 

In recent years, social commerce sites such as Groupon and LivingSocial have 

achieved great success in attracting new consumers and increasing store traffic for a 

growing number of businesses. However, it is still unclear how the information flow to 

reach new consumers is generated. Understanding this information flow is the key to the 

question of what lead to the success of these companies. In the online context, the key 

information disseminators can have both a large-scale network and a decisive influence 

on the nodes that are connected closely to them, indicating an important pattern of 

consumer purchase process. Here, we argue that one of the prominent advantages of 

social commerce is the information dissemination process, during which word of mouth 

(WOM) is generated to boost consumer traffic. In the present study, we conduct a cluster 

analysis to segment online shoppers according to their information dissemination 

contribution. Gatekeeping theory was used for conceptualizing consumers who tend to 

disseminate more commercial information and WOM in social commerce, providing us 

the theoretical basis for clustering consumers. Our findings suggest that a sizable 
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proportion of consumers constituted the gatekeeper group (approximately 25%). 

Gatekeepers tend to be highly active in both finding the outside source of information and 

connecting it with inside social networks. In addition, different aspects of the potential to 

become gatekeepers divide the rest of the consumers into two groups. To date, the present 

research is the first to explore online consumer segmentations using the gatekeeping 

perspective. 
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Chapter1. Introduction 

 

1.1 MOTIVATION  

The Internet and Web technology have tremendously changed the way of doing 

business in general, giving more opportunity for users to be informed about the current 

trend of the market before making any purchase decision (Maamar, 2003).  However, the 

large amount of product information sometimes turns into disturbance for online 

shoppers. With the prevalent use of viral advertising strategies among marketers, 

overwhelming information, especially from undistinguishable or untrusted sources, often 

increases the difficulty of online shopping for internet users.  Despite some advantages 

of viral marketing such as the efficiency of reaching out to a broad set of potential users, 

Subramani and Rajagopala (2003) suggest that marketers have to be aware of the 

inappropriate use of viral marketing which can be counterproductive by creating 

unfavorable attitudes towards products.  

While the traditional electronic commerce or e-commerce strategy is still 

challenging and with various obstacles (Maamar, 2003), a new type of marketing 

companies, such as Groupon and Living social,  achieved great success in attracting new 

consumers and increasing store traffic. Unlike their ancestors, these companies 

emphasize higher quality, localized deals, and have better understanding of the two-sided 

market (Byers et.al. 2011). More importantly, they adopt social media technology into the 

marketing interface and encourage consumers to spread information to their social 

networks. The comparison of the characteristics of traditional e-commerce and this new 

type of business shows that the potential gap between their efficiencies might be the 

result of adopting consumer generated information. Moreover, this inefficiency of 
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traditional e-commerce indicates the lack of knowledge on consumer information 

acquiring pattern.  

Despite the notable success of Groupon and Living social, limited research is 

available on how the information is disseminated through either online or offline social 

networks to target the consumer who has the real purchase desire.  In general, it is still 

unclear how this information flow is generated, which is the key to the question of what 

lead to the success of these companies. Research on social information processing 

suggests that social networks are an important source of information and cues for 

behavior and action for individuals (Subramani & Rajagopala , 2003). Therefore, the 

communication perspective could be useful as a theoretical foundation in exploring 

consumer behavior in this new setting. In this study, our emphasis is on the different roles 

that online consumers play in product the information dissemination process. 

 

1.2 OVERVIEW OF GROUPON-TYPE BUSINESS 

Traditional mass media has long been in the central position of marketing 

campaigns to broadcast information to the public. However, consumer social networks 

are attracting more and more attention as an alternative commercial information 

distribution channel. Due to the development of the web 2.0 technology and social media, 

the interactive influence among internet users has been largely enhanced. That is, they 

could be the source of information, rather than just being receivers from traditional mass 

media. Particularly, popular social media companies such as MySpace (2003) and 

Facebook (2004) provide a prompt and convenient way of sharing news. As a result of 

double digit growth in users, many companies invested in SNSs advertisement 

(comScore, 2007). Despite the fact that the prototype of social network sites (SNS) was 

created 20 years ago and studies were conducted on different aspects, especially on the 
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potential of social media as a marketing tool (Kaplan & Haenlein, 2010; Boyd & Ellison, 

2008), no successful examples became available until recently. Indeed, the adoption rate 

of social media has been relatively low in the early years. In addition, the lack of an 

effective business model lead to the failure of the early contenders  

Yet, things have changed in recent years. By integrating e-commerce, social 

media and group buying models, some emerging companies successfully hit the market 

by promoting products and attracting new consumers in a very short time. Groupon is the 

first one to present online audience with deep discounts on a product or service (Steiner, 

2010). The way it runs is unique in that it offers its subscribers one discount deal every 

day, up to 90% discount, and the deal becomes valid when a minimum number of people 

say they want it (Waddell & Ray, 2010). More importantly, these deal features can 

potentially increase customers’ tendency to purchase (Byers et.al. 2011). This company 

boasted 17 million subscribers who get daily offers on everything in less than two years 

after its November 2008 launch. Its 2011 sales are expected to exceed 1 billion dollars 

(Brian, 2010; Byers et.al. 2011).  Not surprisingly, more companies including some big 

players in the market joined the competition (Brian, 2010). While Living Social, Yipit 

and Buy-With-Me account for the rest of the market share, search engine giant Google 

tried to acquire Groupon for $6 billion in 2010 to enter this market (Blodget, 2010).  

Moreover, this business model is becoming popular globally. For instance, a Chinese 

marketing journal estimates there are already 1,000 Groupon-like businesses in that 

country alone (Underwood & Ryan, 2010). While competition is escalating, the potential 

of this emerging market should not be underestimate by any marketer.  

Because most of their transactions are on a basis of large quantity, tags such as 

“collective buying”, “group buying site” or “coupon aggregator site” were labeled on 

them by some early reports (Waddell & Ray, 2010; Sviokla, 2009). However, there is still 
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no clear definition to date. Although this business model has some similarity to group 

buying or whole sale promotion, they differ in products category, time limit, discount 

strength and many other aspects. One of the most important one is the sharing feature and 

social function. A marketer has a greater chance of success if he is able to develop 

marketing communication strategies that resonate with the target group (Ho & Dempsey, 

2009), so “push” information through social network of consumers is an effective way to 

reach target consumers. While social media is an ideal platform for spreading out 

consumer reviews, the nature of mutual benefit of group buying models gives them 

motivation to share positive ideas with those who have the best chance to purchase with 

them.  Consequently, one advantage of the advertisement campaign framework is that 

the commercial information can be promoted both widely and accurately. 

 Discussion of this business model or similar practices can also be found in recent 

academic studies (e.g. Stephen and Toubia, 2009; Yoo, Jeon and Park, 2011; Byers et.al. 

2011). Among others, Rad and Benyoucef (2010) first used “social commerce” to refer to 

the relationship of both networks of sellers and networks of buyers. This concept 

embraces an idea that the benefits of both companies and consumers can be united at one 

point, where purchase quantity is maximized and unit price is minimized to a degree that 

acceptable for both parties. However, the way to realize this conjunction effectively is the 

adoption of social media. Liang and Turban (2011) consider Goupon as one type of social 

commerce with three attributes: social media technology, community interactions, and 

commercial activities. They suggest that a social commerce website is a place where 

people can collaborate online, get advice from trusted individuals, find goods and 

services and then purchase them. In another social commerce study, Yoo, Jeon and Park 

(2011) conducted a case study to examine the relations between posted numerical 

information and actual sales data, suggesting discount price and lowest quantity required 
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for activating the deal have a positive effect on sales. Similarly, the authors pointed out 

several characteristics and suggested service products, low price for high purchase 

quantity and social network should be three basic elements in social commerce. Based on 

these findings, it is proposed that Goupon type business model should be under the 

category of social commerce. 

From a communication perspective, Rosen (2000) suggests that purchasing is part 

of a social process which consists of important invisible network hubs and clusters. The 

connections among clusters and hubs are people who are well positioned to share 

information. In online context, these key information disseminators can have both a 

large-scale network and a decisive influence on the nodes that are connected closely to 

them, indicating an importance pattern of consumer purchase process.   Therefore, 

identifying those who contribute most to or have the potential to influence the diffusion 

process is crucial for both marketers and researchers in understanding online consumer 

purchase behavior. 
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   Chapter2 Background and Review of Literature  

 

2.1 THE SOCIAL INFLUENCE ON MARKETING 

2.1.1 Word of mouth 

 

Individuals create and share information to reach mutual understanding by 

communicating with each other (Rogers, 1995). The fundamental problem of 

communication is to reproduce a message selected at one point at another point either 

exactly or approximately (Shannon, 1949). However, in commerce setting, the quality of 

communication between marketers and consumers relies on not only the content they 

reproduced, but also on the selection process performed by consumers. The fact that not 

all of them have the same degree of tendency to accept marketer-generated content, 

particularly for ideas that have certain level of uncertainty, suggests the need to take user-

generated content (UGC) into account in marketing campaigns in addition to marketer-

generated content (MGC). One of the most important components of UGC is Word of 

Mouth (WOM), the non-commercial, person-to-person communication regarding a brand, 

product or service (Buttle, 1998).  

As suggested by Brown, Broderick and Lee (2007), WOM is a consumer-

dominated channel of marketing communication where the sender is independent of the 

market. Given this independence, consumers tend to consider WOM as a more objective 

reflection of the properties of a product. Past research showed that consumers are more 
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inclined to embrace the information sent via WOM than sent through marketer generated 

commercial promotion (Grewal et al., 2003). In addition, subjective attitude toward 

information sender will also affect the probability of accepting this idea. The familiarity 

between consumers, for example, can subsequently influence the final decision and 

committed behaviors, which is common for offline WOM (Brown, Broderick& Lee, 

2007). In online context, a similar concept “E-word of mouth” (eWOM) refers to 

computer-based WOM. Although the content of eWOM and offline WOM could be the 

same, the writers of online reviews can show their opinions to more consumers but are 

unlikely to know the audience. However, when they adopt SNSs such as Facebook or 

Twitter as a way of expressing their emotional feelings, their influence on others will be 

greatly enhanced in terms of both range and persuasiveness due to the social tie among 

them. WOM behaviors could be influenced by many personal cognition factors and the 

tendency to spread WOM or eWOM varies. For example, consumers’ desire for social 

interaction, desire for economic incentives, their concern for other consumers, and the 

potential to enhance their own self-worth are the primary factors leading to articulation 

behavior (Hennig-Thurau et al., 2004). Consequently, understanding the process of how 

consumers generate eWOM and who tend to disseminate large amount of that 

information is of great value to companies.  

 

2.1.2 Viral marketing  

As more marketers realize the huge influence of among-consumers 

communication on purchase decision in online context, eWOM is becoming one crucial 
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element in marketing campaigns.  The viral marketing concept was introduced by 

Jurvetson and Draper in 1997 (Phelps et al., 2004). Past research has shown that 

traditional (offline) word-of-mouth plays a major role in customers’ buying decisions 

(Richins & Root-Shaffer, 1988). Traditionally, viral marketing is considered as a way of 

acquiring new customers by encouraging honest communication among consumers, 

which will mean word-of-mouth advertising to most people (Shirky, 2000). Subramani 

and Rajagopala (2003) show that viral marketing is an important means to spread-the-

word and stimulate the trial, adoption, and use of products and services. They also point 

out that viral marketing is the tactic of creating a process where interested people can 

market to each other. According to their argument, viral marketing should to be 

considered as a way to promote sales by motivating positive WOM in the market, while 

WOM itself could either accelerate or impede this process. Given its nature of non-

market driven phenomenon, WOM should originate only from consumers’ emotion 

associated with their purchase or use experience, either negative or positive. For both 

WOM and eWOM, the motives for engaging in positive communication differ from the 

motives that drive negative communication (Sundaram, Mitra & Webster, 1998). While 

negative WOM communication mainly arises when consumers’ consumption- related 

expectations are disconfirmed (Sundaram, Mitra & Webster, 1998), positive WOM 

communication is motivated by four main factors: product-involvement, self-

involvement, other-involvement, and message-involvement (Dichter, 1966). Therefore, 

the success of a viral marketing strategy depends on how well a company motivates their 

consumers’ positive WOM behavior.  
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With the recent new trend of interactive and mobile technology, consumers have 

even more choices to express their opinions toward a product or service. The growing 

communication applications such as SNSs enhanced their ability to offer their own 

consumption-related advice by engaging in eWOM as they do with traditional WOM 

(Hennig-Thurau et al., 2004; Huang, Lin & Lin, 2009). For marketer, the risk of 

deploying viral marketing could be increased due to the large-scale unpredictable effect 

and other new characteristics. Meanwhile, the notable success of e-commerce involving 

social function worldwide has proved the potential of viral marketing empowered by 

social media. Nevertheless, what is missing in viral marketing study is an analysis that 

highlights systematic patterns in the nature of knowledge-sharing in online social 

networks (Subramani & Rajagopala, 2003). Although many studies have discussed other 

facets of viral marketing, limited studies contribute to the knowledge of how consumers 

influence each other on their purchase decision by using social media. In general, given 

its characteristics, viral marking framework is considered to be useful to reflect the nature 

of social mechanism in e-commerce. 

 

2.1.3 A critical review of online social network research  

Since the first appearance of worldwide discussion system in 1979 to allow 

internet user to post public messages (Michael Haenlein, 2010), social media attracts a 

great deal of attention of researchers. More than 30 years after it was born, social media 

is still one phenomenon that we haven’t fully understood, but previous research on this 

topic did much effort in expansion of current knowledge. Although social media was 
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usually considered as a confound term by managers and academic researchers alike, 

Kaplan and Haenlein (2010) suggest that social media is a group of Internet-based 

applications that build on the ideological and technological foundations of Web 2.0, and 

that allow the creation and exchange of User Generated Content (UGC).  Accordingly, 

they argue that the concept of social media consist of several types of applications, for 

example, collaborative projects, content community and blogs. However, one of the most 

commonly used application of social media is SNS, which enables users to connect each 

other by creating personal information profiles, inviting friends to have access to those 

profiles, and sending or sharing any type of information between each other. Being a 

convenient way in keeping touch with friends, SNSs have been deeply embedded in 

online users’ lives (Choi, 2006; boyd & Ellison, 2008). In addition, unlike being audience 

of traditional mass media, their participation in social media is an interactive process 

rather than unidirectional. On the one hand, SNS users are collecting information from 

various sources to enrich content on their online network, generating a large amount of 

UGC every day. On the other hand, the information created by these users is also reading 

materials shared among themselves.  

Due to the importance of social network site in social commerce, one major 

objective in this section is to provide a consolidated view of current literature on online 

social network. By searching key words in database of University of Texas Libraries, I 

retrieved articles from 1996 to 2010. Out of these articles whose topics include the key 

words “social media” or “social network”, 77 are related to online social network site. 

Based on the results of my review and some other studies regarding past literature (e.g. 
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boyd & Ellison, 2008), it is suggested that the main body includes topics such as 

impression management, friendship performance, networks and network structure, 

online/offline connections and privacy issues.  Not surprisingly, exploring user data and 

application of SNS was one of the most discussed topics. Many studies suggest one 

unique characteristic of SNS that most people within know each other at least somewhat, 

for the reason that most SNSs primarily support pre-existing social relations (Boyd & 

Ellison, 2008).  However, given the great similarity to real life social network, SNS has 

the potential to be an effective viral tool influencing actual consumers purchase intention. 

The marketing value of SNS is one of the most important topics found in previous 

studies.  Although commercial application of SNS was not the main purpose of social 

network developers in the beginning, such value was pinpointed by both business 

researchers and practitioners. For instance, when developing methods for mining social 

network models from collaborative filtering databases, Domingos and Richardson (2001) 

discussed the intrinsic value of the consumers and their network value, showing the 

advantage of adopting SNS contents in optimizing marketing decision. In the following 

study, Domingos (2005) discussed the value of SNS content in predicting the future 

consumer behavior. By using the massive quantities of data available in SNS, marketers 

can develop different models for viral marketing design. Moreover, user influence and 

recipient behavior were suggested as important factors in determining outcomes 

(Subramani and Rajagopalan, 2003). While most researchers treat SNS as a significant 

distribution of gathering and spreading information in marketing campaign, some 

expressed opposite opinions. For example, Cha, Mislove and Gummadi (2009) argue that 
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content popularity is often localized in the network and the popularity of pictures steadily 

increases over many years. This notion is contrary to common expectation of marketers 

about the quick and wide spread of WOM effect. 

Many scholars explored the mechanism of consumer behaviors regarding SNS use 

such as posting and sharing. Although various explanations were given, socioeconomic 

factors such as gender, education were suggested to have influence on social network 

user behavior. Hargittai’s (2008) study shows that a person’s gender, race and ethnicity, 

and parental educational background were all associated with SNS use. In addition, 

Lewisa et al. (2008) developed a new social network dataset based on Facebook.com. 

The result shows that people sharing social relationships as well as demographic traits 

tend to share a significant number of cultural preferences. These findings highlight the 

behavioral impact of closeness of SNS users, and several past studies discussed the 

importance of social tie. For instance, Bakshy, Karrer and Adamic (2009) reported that 

social network adoption rates quicken as the number of friends adopting increase, 

indicating that sharing among close friends occurs more rapidly than sharing among 

strangers. As discussed before, one of the distinctive features of social commerce is the 

localized promotion. However, SNS studies provide some supports for the validity of 

such strategy. The relation between the real world location of SNS users and their 

communication pattern has been investigated by social network scholars. Various models 

for predicting friendship by analyzing SNS users’ geographic locations suggest the 

positive relationship between the entropy of the locations and the number f social ties in 

the network (Cranshaw et al., 2010). 
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In sum, large number of researchers paid attention to topics such as the structure 

of social media or psychosocial and sociological factors influencing the user behavior. 

Also, the potential market value of social media, especially of SNS, was largely discussed 

by previous studies. However, due to the limited number of successful business practices 

of integrating SNS and marketing campaign for retailers, majority of the literature 

available didn’t provide intensive analysis of consumer behavior in real commercial 

setting. With the emerging trend of social commerce, an in-depth understanding of the 

relationship between SNS use and marketing campaign outcome calls for careful 

evaluation of social commerce consumers. 

 

2.1.4 Group-buying and social commerce 

Prior to the age when social media became predominant in the market place, one 

e-commerce type involving social function, online group-buying auction, was already 

emerged and widely applied by marketers as a sales promotion strategy. As a pioneer, 

Mobshop.com started their business in 1998. Many researchers around the world were 

interested in this unique form (Kauffman & Wang, 2001, 2002; Anand & Aron, 2003; 

Kauffman, Lai & Ho, 2008), but sparingly these companies bankrupted one by one in the 

market place. Kauffman, Lai and Ho (2008) attributed the failures to the overestimated 

market expectations for the profitability and the lack of experience with properly 

articulating Internet-based business models. These findings suggest that this seemingly 

rigid and unattractive strategy lacks sustainable motivation for consumers to keep 

participating. Due to the influence of traditional behavioral theory and limited knowledge 
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of online consumer behavior, those online group-buying businesses solely focused on 

price incentive by adopting whole sale model, ignoring other aspect of hedonic shopping 

attitude (Spangenberg et al., 1997).  Given the analogous marketing framework between 

group-buying websites and the recent trend of Groupon-type business, we should be able 

to notice more correlations and similarities. However, although e-commerce environment 

has been largely changed in general, success of these new companies is the result of 

conducting modified business strategy rather than simply copying the same model.  

Indeed, the Groupon-type business is a multifaceted phenomenon and it has many 

unique elements. First, consumers are encouraged to “share” promotion content with 

other potential consumers they know in their social networks, motivated by financial 

incentive. For example, 10 dollars (Groupon), one deal for free (Living Social) or 

increased discount (Tipper) is provided by different companies. Second, local business is 

involved in most of their promotions. Yoo, Jeon and Park (2011) examined several 

unique characteristics of social commerce (e.g. one deal a day, high discount rate and 

online social network enabled), and found that the product types are mainly service (e.g. 

restaurants, café and healthcare) instead of durable products.  In terms of business types 

that social commerce cooperated with, small and local businesses are more favorable than 

national brands or chain stores. To inform consumers that are most likely to visit, deals 

are sorted by business locations and sent to subscribers who reported living in that area.  

Small business is more focused on local residents in the community because being known 

by local consumers is crucial for their survival.  It is not surprised that their deals are 

advertised widely and fast, because they provide various product categories, catering for 
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different tastes. Moreover, how aggressively the deal is advertised, the length of time the 

deal is available, the days of the week it is available, and whether the deal is capped to a 

maximum number of purchasers can potentially greatly impact customer response as soft 

incentives (Byers et.al. 2011).  Despite all the different dimensions, the success of these 

companies won’t happen without great efficiency in boosting sale and advertising virally. 

Among the characteristics discussed by recent studies, social function is considered as 

one of the most prominent advantages. Therefore, in this study, the basic understanding 

of these new companies is based on social dimension and under the framework of social 

commerce.  

Although social commerce has not been the most widely used term representing 

social function in e-commerce, it is adopted by more researchers recently as it is suitable 

for generalizing various types in this domain.  In a study investigating economic value 

implications of a social network between sellers, to define a new shopping trend where 

customers leverage social networks to make more efficient and effective purchases, 

Stephen and Toubia (2009) proposed a concept referred to as “collaborative shopping” or 

“social shopping”. He argued that while social shopping connects customers, social 

commerce connects sellers. Kang and Park (2009) considered social shopping as a kind 

of e-commerce that has three stages: searching people, information, and product; sharing 

information as comments or recommendation through blogs or communities; purchasing 

from sellers who are linking with social shopping site. In this process, social shopping is 

generally considered as buyers motivated purchase behavior with the purpose of reducing 

purchase risk by exchanging ideas about the product. Rad and Benyoucef (2010) adopt 
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social commerce to refer to both “networks of sellers” and “networks of buyers” and 

argue that social commerce should encapsulate both customers and sellers. They 

integrated consumer purchase behavior process and six e-commerce environment 

components, showing that the main drivers for social commerce are user interaction and 

involvement. While social shopping emphasizes the way to purchase socially as group 

buying did, it reflects only the consumer’s point of view thus ignoring some key elements 

of the core value of business. As one of the most recent studies on social commerce, 

Liang and Turban (2011) suggest social commerce or social business generally refers to 

the delivery of e-commerce activities and transactions via the social media environment, 

mostly in social networks and by using Web 2.0 software. This definition is by far the 

clearest one that can be used for furthering the social commerce research framework.   

Managerially, social commerce is considered to be a superior marketing strategy 

than its traditional counterpart in two aspects: consumer traffic boost and positive 

eWOM. Traditionally, manufacturer and retailer coupons offer discounted prices and 

additional or free benefits, a stimulus for sales boost within a short period of time (Kwak 

& Kim, 2006). In terms of online setting such as a group-buying website or discount 

forum, some individual buyers aggregate via website which provides them price-based 

incentives for volume purchases (Anand & Aron, 2003). Social commerce players such 

as Groupon and Living social could benefit both parties to create a win-win business. By 

offering price much lower than average and other soft incentives, they encourage 

potential buyers to act as marketer by using their own online social network to spread 

commercial information. In this context, the WOM communication of consumers is 
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collaborative or goal- oriented rather than as traditionally defined. This might be the 

reason why they usually cooperate with businesses that serve many consumers, such as 

restaurants or outdoor activity. While buyers acquire a novel experience or a product with 

huge saving, sellers get a large amount of traffic and new customers. However, there are 

some studies that investigate the drawback of such model. For instance, Dholakia (2010) 

suggests that some local businesses in social commerce campaigns are not able to earn 

enough profit in return. The result shows that, despite huge increase in consumer traffic, 

32% of 150 businesses respondents reported unprofitable for Groupon promotion, giving 

too much value to consumers but not enough to the small businesses.  

It is true that traffic created might be temporary in some cases, yet customer data 

and the eWOM generated are valuable for marketers. Compared to traditional mass 

media, low costs, the ability to target messages selectively, and high response rates 

relative to other forms of direct consumer contact are the main reasons for markers to 

utilize E-mail as diffusion channel (Phelps et al., 2004). However, social media can 

disseminate information much faster and broader than traditional mass media does 

(Kaplan & Haenlein, 2010). In addition, social commerce could generate more “buzz” for 

companies. Groupon vice president of marketing admitted “People Tweet them, 

Facebook them, share them with friends… They’re so powerful that they become viral 

quickly.”( Renfrow, 2010). One important aspect that the strategy used by social 

commerce differs from that of the mass media is that commercial promotion is diffused 

stepwise rather than broadcasted altogether. Thus, individuals who make the decision to 
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begin diffusing to potential adaptors at the first stage are crucial in the entire innovation 

development process (Rogers, 1995). 

 

2.2 INFORMATION PROCESSING IN SOCIAL COMMERCE 

2.2.1 Theory of diffusion of innovation 

When the message content is concerned with adopting or rejecting new ideas, 

such communication becomes a process of innovation diffusion (Rogers, 1995). This 

notion is well reflected by the core idea of social commerce, suggesting the practical 

usefulness of diffusion of the innovation perspective in understanding consumer 

information processing behavior in social commerce.  In addition, previous studies on 

this topic have provided rich knowledge and applications in different areas such as 

sociology, education and communication (Shannon, 1949; Rogers, 1994). The study of 

innovation diffusion theory began with Tarde’s 1903 book on The Laws of Imitation and 

has developed in different areas long ago (Wejner, 2002). One early and influential study 

was done by Ryan and Gross (1943) who investigated the spread of hybrid-corn use 

among Iowa farmers. Roger (1962) shows that the theory of diffusion of innovations is 

useful to describe how new technology diffusion occurs progressively within one market, 

when information and opinions about a new technology are shared among potential users 

through communication channels. There are relatively few studies on how the social or 

communication structure affects the diffusion and adoption of innovations in a system. 

Yet it is crucial in that it allows some degree of accuracy in predicting behavior. Due to 

the complexity of behavioral results under different circumstances, how individual 
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relations in social network affect communication efficiency toward new knowledge will 

be discussed in several aspects. 

When it happens in discussion of a certain topic, the communication of 

individuals is a two way process of convergence act (Roger, 1995). However, the 

information flow follows a one way linear act, in that one individual seeks to transfer a 

message to another in order to achieve a certain effect in the diffusion process, when the 

knowledge comes from change agency (Rogers & Kincaid, 1981). In the social 

commerce context, while both the acceptance of the information process and the adoption 

of the content it carries can be seen as the diffusion of innovation, they are not identical 

in social systems where a set of interrelated units are engaged in joint problem solving to 

accomplish a common goal (Roger, 1995). Such social systems can be commonly seen in 

several situations such as social commerce, due to the shared benefit embedded within 

the social aspect of online shopping behavior. When social commerce is considered as a 

new experience of online purchase, for example, every internet user might be involved in 

diffusion process or the WOM behavior. Nevertheless, the actual purchase decision for 

members in that social system is affected by the critical mass or the number of people 

who actually utilize the innovation (Roger, 1995).  

From sociologists’ point of view, people tend to build candidate social 

relationships based on similar social contexts such as places of work, commuter trains, 

churches or community groups and select friend by similar values and interests in 

forming social relationships (Verbrugge, 1977). Jackson (1977) showed that although 

each member in one social network has some common characteristics to distinguish from 
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other groups, friendship is formed when similarity is highest. Besides, Cosley, Ludford 

and Terveen, (2003) suggest people tend to form friendships with those others who most 

share their values. Therefore, the strength of social relationship could be one indicator of 

the similarity among individuals, and the stronger the social tie connecting two 

individuals the more similar they tend to be (McPherson & Smith-Lovin, 1987).  For 

example, those who have close relations are more likely to be attracted by the same 

activity than others. However, although every piece of commercial information is 

generated within the same social commerce context, the social system it engenders could 

be different as the boundary within which an innovation diffuses and the perception of 

common goal varies, leading to different social groups and different levels of intention to 

communicate under different circumstances. While the diffusion process of a certain 

topic usually happens in social groups that contain at least some members who share 

certain similarities, this concept could also be two-fold when integrating both online and 

offline settings.  

With respect to online setting, most people open links or attachments that are 

forwarded by a friend or acquaintance and consider them at least somewhat believable 

(Huang, Lin & Lin, 2009). Although contacts in one’s SNS friend list or email address 

can consist of many dimensions of social relationships,  previous studies show that 

keeping offline friendship is one of the major purposes for people to use SNS(Lampe, 

Ellison, & Steinfield, 2006; Lenhart & Madden, 2007). They suggest that people in the 

same online social network tend to know each other longer and have more close 

relationships.  As a result, the threshold of being noticed by online users for any 
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commercial information depends on whether it is recommended or reconfirmed by 

someone who has enough influence, or the opinion leaders. As suggested by Rogers 

(1995), when new knowledge generated by change agents is introduced to a certain social 

system, opinion leaders are in the center of communication structure as they have the 

highest degree of influence on other individual’s attitude in adoption. This role can be 

either monomorphic or polymorphic depending on the number of topics in which they act 

as opinion leaders. For this reason, opinion leaders, as well as their influence, are 

sometimes difficult to determine when considering different situations. There are some 

discussions about how to identify opinion leaders. For example, Rogers (1995) argues 

that early adopters have the greatest degree of opinion leadership in most systems by 

influencing other people’s attitude. Some other studies (Becker, 1970; Mendez, 1968) 

show that early adopters are not opinion leaders but some marginal individuals who are 

just connected to other networks. 

In social commerce, even though opinion leaders could be measured for each 

different product category, when considering the large amount of those categories shown 

in the marketing camping as discussed above, measurement of absolute influence on 

followers’ opinion in a particular dimension seems to have limited application. Instead, 

because of the visualized network structure and measurable connection in online SNS, 

social relationship could be a more applicable way to identify those who contribute most 

in the information diffusion process in social commerce.  

 



 

 22 

2.2.2 Gate-keeping theory 

Gatekeeping was first referred to in the decision-making process related to food 

habits of housewives who are seen as gatekeepers (Lewin, 1947, 1951).  After years of 

development, this concept was used in different fields such as communication, 

management of technology, information science, and political science, which emphasized 

different components in the conceptualization of gatekeeping. In the beginning, human 

information filters such as editors  constituted the main issue of gatekeeping theory in 

the communication field. Most communication theories viewed gatekeeping as the 

process of controlling the entry of messages into the gatekeeper’s space. For example, 

Shoemaker (1991) defines gatekeeping as follows: “Simply put, gatekeeping is the 

process by which the billions of messages that are available in the world get cut down 

and transformed into the hundreds of messages that reach a given person on a given day.” 

And he defined a gate as an “in” or “out” decision point.  Previous studies in this field 

mainly focused on the prominent factors that influence it, e.g., individual factors, routine 

and organization level theories and institutional and social environment. In addition, 

communication studies discuss questions of gatekeeping within the context of professions 

and organizations that is different from information or management field (Barzilai-

Nahon, 2008). In the field of management and technology, however, gatekeeping theories 

emerged from the same concept of technological gatekeeper (Allen, 1966).  In 

management gatekeeping theories, the gatekeeper was defined as key individual(s) who 

are both strongly connected to internal colleagues and strongly linked to external domains 

and they tend to be viewed as breaking walls or crossing boundaries in order to connect 
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and facilitate (Allen, 1977; Tushman & Katz, 1979). Recently, with the wide utilization 

of internet and information technology, Barzilai-Nahon (2007) argues that traditional 

theories of gatekeeping misrepresent the information diffusion process in a network 

context. Accordingly, a new gatekeeping theory from the network perspective is needed 

as a substitute for existing gatekeeping theory. Despite the rich literature on this topic, 

one of the most ambiguous issues argued by previous studies is how to identify 

gatekeepers. For instance, Agada (1999) tried to identify demographic and other 

characteristics of gatekeepers in an African-American neighborhood by applying the 

gatekeeper definition in cultural theories. In another research aimed at identifying 

technological gatekeepers, KIobas and McGill (1995) supported the 20/80 rule based on 

Allen’s (1977) definition, which argues that the number of technology gatekeepers is 

approximately 20 percent of the professional workers in this network. Similarly, Graf 

(2007) adopt Allen’s (1977) viewpoint and conduct a study defining actors with sufficient 

internal and external relations to qualify as a gatekeeper in regional networks of 

innovators.  While the answers are not the same due to various criteria applied in many 

fields utilizing the gatekeeping theory, there are some particular points of view 

emphasizing gatekeepers’ information processing activities, which could be helpful for 

identifying social commerce gatekeepers.   

Most of the literature in management gatekeeping studies tends to view 

gatekeepers as breaking walls or crossing boundaries in order to connect and facilitate, 

but communication studies treat the gatekeeper as a selector, one who protects the walls 

and gates (Barzilai-Nahon, 2008). Because of the nature of social media or SNS, it seems 
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more appropriate to adopt the gatekeeping theory from the communication field. But 

nowadays, the concept of human selector is no longer representative enough for the 

gatekeeper. With the amount of information increasing rapidly in every field and the fact 

that skills necessary for browsing individual Web sites seem to be available to users after 

only minimal training (Holscher & Strube, 2000), most people can access and choose the 

information they are interested in. There seldom are gates that control and filter 

information for internet users since multiple source channels can be available at the same 

time. Moreover, although we experienced an explosion in the amount of information 

available online, more search results are often unnecessarily redundant and poor in 

quality (Budzik et al., 1998). As a result, information is often noticed but received only 

through a process of confirming authenticity and trustworthiness, either by personal 

judgment or by other individual’s opinion. Therefore, in the social commerce context, we 

propose a notion that general information is filtered by personal selection during the 

gatekeeping process while gatekeepers exert an influence on the audience by breaking the 

trust boundary between the social network and the change agency. Accordingly, this 

study views gatekeeping as a selective process, defining operationalized conceptual 

gatekeeper as individuals with large online social network size who tend to break the 

walls or cross boundaries in order to facilitate internal relation. 

 

2.3 SUMMARY AND RESEARCH OBJECTIVE 

In this study, we first carefully examine the characteristics of Groupon-type 

business by reviewing previous studies discussing this new type of e-commerce. From a 
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macroscopic perspective, this business model shows some typical viral marketing 

features and implies a large influence of social aspect, such as WOM among consumers, 

on the effectiveness of marketing campaigns. From a microscopic level, each consumer 

could have a different capability of processing and disseminating information from 

marketers, which largely impacts their final decision about how to react. Although most 

of the ideas have been discussed individually, there is no one single study that integrates 

them together within the new online shopping context. By further investigating the social 

function, the linkage between social commerce and Groupon-type business was 

suggested. Given the limited social commerce studies available, it is difficult to explicitly 

identify the relationship. However, we argue that social commerce is a broader concept 

that can better reflect the characteristics of these individual businesses.  

One of the most important findings of the review of literature is the potential 

unequal roles regarding consumer information processing, which has great value to both 

marketers and scholars as previously discussed. Nevertheless, how to specify the 

difference and categorize consumers according to their roles is unknown. As suggested 

by the diffusion of innovation theorists, a small number of people who have a significant 

influence on other group members play an important role in the diffusion process. 

However, the way to identify those people, or opinion leaders, depends on the 

measurement of their influence. Given the specific context of online social networks and 

social media, in this study, we mainly focus on distinguishing them from the network 

perspective rather than the behavioral influence. We adopt gatekeeping theory as 

foundation to understand the information dissemination process in social commerce. 
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Accordingly, the most crucial task is to find gatekeepers by adopting gatekeeping criteria 

and explore their psychographic and demographic characteristic, providing a basis for 

future marketing decisions. Furthermore, consumers who are not segmented as 

gatekeepers are also investigated by testing their potential commercial information 

acquisition and diffusion patterns using gatekeeping criteria.   

Having addressed the need for research on the information processing pattern 

embedded in social commerce and how to meet the need by emphasizing specific issues, 

the main objectives of our research are as follows: 

 

1. Propose a model to predict social commerce information processing 

gatekeepers. 

2. Segment online shoppers on the basis of their use of SNS and social 

commerce according to gatekeeping criteria  

3. Explore the characteristics of each segment by investigating the influence 

of psychographic and demographic covariates on the segment membership.  

4. Extract behavioral effect of gatekeeper in social commerce and interpret 

other segments 
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Chapter3. Conceptual framework and constructs 

 

3.1  CONCEPTUAL MODEL 

In Fig1, we present the conceptual framework for our study. This structure has 

two components centered on gatekeeper segments: the gatekeeper criteria used for 

segmenting consumers, and other influential consumer characteristics potentially 

impacting segment membership. Based on gatekeeping criteria, gatekeepers are separated 

from the general social commerce consumer. In addition, market-related consumer traits 

are also included for further investigation.  

The method used to identify gatekeepers in this study is based on the 

operationalized concept of gatekeeper suggested by previous studies. For example, 

according to Allen (1977), actors qualify as gatekeepers if they serve two functions in the 

innovation system: external sourcing and diffusion within the internal system. Similarly, 

in a further study on behaviors in regional networks, Graf (2007) define gatekeepers as 

those who have frequent interactions external to the system while at the same time 

maintaining a sufficient number of internal relations. In addition to Allen’s notion that a 

gatekeeper has to connect to both outside and inside the network, Graf’s study suggests 

that the ability of transforming and processing external knowledge is also needed to be a 

gatekeeper. This finding coincides with the three aspects of information source value in 

technological gatekeepers (quantity, quality, and accessibility) suggested by Holland 

(1972). Consequently, to have a more comprehensive view of the implication of 

gatekeepers, we combine these points of view and incorporate internal relation size, 
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internal relation strength, external interaction frequency, absorptive capability, and 

willingness to share into the criteria. These factors reflect different dimensions of 

gatekeeper and are discussed in detail in the following three paragraphs. 
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Figure 1: Conceptual Framework 

Internal relation size 

 

 

Internal tie strength  

 

External interaction frequency 

Gatekeeping 

Segments 

Psychological variables: 

 

Consumer self-confidence 

 

Innovativeness 

 

Coupon proneness 

 

Value consciousness 

 

Exploratory buying 

behavior tendencies 

Demographic variables: 

 

 

Absorptive capability 

 

Willingness to share 

 



 

 29 

3.2 INTERNAL RELATION AND EXTERNAL RELATION 

As noted above, a gatekeeper mainly serves a role of external knowledge sourcing 

and diffusion within the social network. Namely, the connection between the external 

network and the internal network is a prerequisite of being a gatekeeper. Several studies 

argue that adopting either internal network or external network alone can’t be appropriate 

for identifying gatekeepers. For example, Tushman and Katz (1980) distinguished 

between gatekeeping and boundary spanning, claiming that a gatekeeper must be strongly 

connected both internally and externally but boundary spanners are connected only 

externally.  

The internal relation consists of two aspects in the social commerce context, i.e., 

qualitative and quantitative measure of social network. Because SNS is mainly the 

representation of social network in real life, both network size and the closeness of the 

relationship reflect internal relations. As Brown, Broderick and Lee (2007) suggested, the 

quality of WOM communication may be categorized by tie strength, which is defined as 

a multidimensional construct that represents the strength of the dyadic interpersonal 

relationships in the context of social networks. In addition, tie strength also affects the 

information process in that individuals in a strong tie relationship tend to interact more 

frequently and exchange more ideas (Brown & Reingen, 1987). A strong relation is 

usually associated with shared interest and trust between each other, so the information 

sender is motivated by positive expected behavioral or emotional result. For example, 

when someone recommends a restaurant to close friends he or she knows very well, the 

good feedback from them would increase the possibility of repeated communication 
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behavior. Since individual social network tie strength ranges from strong to weak 

depending on factors such as number and types of resources they exchange, frequency of 

exchanges, and intimacy of the exchanges between them (Marsden & Campbell, 1984), 

one single measurement is not comprehensive in representing internal relations strength. 

However, in online social network where social behavior and communication are more 

quantifiable constructs (e.g., use frequency), tie strength could be a good assessment of 

the strength of the connection among people as well as of the tendency of communicating 

with each other. 

Another facet of internal relations is network size, which refers to the amount of 

connections within the internal network. This notion is intuitive in that larger numbers of 

social connections lead to a larger amount of information that can be diffused, reflecting 

the extent of gatekeepers’ diffusion ability (Kiobas & McGill, 1995). From a historical 

perspective, news editors were first considered as gatekeepers because their opinion 

could be received by large audiences. Similarly, in social commerce, SNS users with 

large network sizes can also easily spread out information through the eWOM. Therefore, 

it is necessary to include social network size in identifying social commerce gatekeepers. 

In this study, we include both internal relation size and internal relation tie strength in the 

criteria for seeking gatekeeper segmentation.  

In terms of external relations, outside knowledge sources are the key factor to 

generate the information flow from outside to inside network. However, since social 

commerce businesses offer homogenous information with a narrow range of product 

categories, the amount of social commerce information sources could not be an effective 
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indicator of relation strength. In many cases, using multiple social commerce websites 

doesn’t necessarily mean a better relationship with external sources.  Because the social 

commerce marketplace is far from mature at the current stage, for instance, big players 

such as Groupon and Livingsocial dominate the market. As a result, consumers who 

participate mainly in only one of them could still be market maven with much larger 

influence, compared to those who have many social commerce website accounts that they 

do not use often. This concern highlights the importance of frequency rather than number 

of sources in assessing external relations strength. Therefore, as argued by Graf (2007), 

interacting frequently with outside knowledge source is considered as the major 

dimension for external relation.   

3.3 ABSORPTIVE CAPABILITY 

Under the framework of internal and external network relations to identify 

gatekeepers, there are some considerations regarding the information consumption and 

sharing tendency. Besides the external interaction frequency, accessibility through social 

network gate is largely affected by absorptive capability, since it is the ability to 

transform and process external knowledge to make it applicable to internal actors (Graf, 

2007). While consumers know well about people in their social network, a certain level 

of knowledge about social commerce businesses and their merchants is required to be 

able to post comments on those deals. Individual purchase decisions might be easy to 

make without in-depth understanding, but one has to be able to distinguish the pros and 

cons to recommend to other people. Thus, knowledge of social commerce is the 

capability required to absorb and transform product information. General market related 
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knowledge would help consumers be familiar with social commerce, yet specific 

understanding of questions such as how does social commerce work and what are the 

main benefits for using it indicates whether consumers would like to be involved in the 

promotion and would refine information  for sharing with others. 

 

3.4 WILLINGNESS TO SHARE   

 White (1950) suggests that personal feelings of the gatekeeper is one crucial 

reason in the selection process, so willingness to actively pass along information into 

social networks to break the wall could be another concern when distinguishing 

gatekeepers from other receivers.  Brown, Broderick and Lee (2007) pointed out that tie 

strength can be useful to draw not only social network relationships among people but 

also consumer-brand relationship in the online shopping community. Their results show 

that brands can develop personalities that consumers can have some kind of 

“relationship” with. Therefore, it justifies that the tendency to share positive WOM to 

others can be determined by the relation between consumers and company. When 

consumers receive a notice from social commerce marketers, their willingness to share it 

largely influences the amount of information passing through their social network. For 

this reason, WOM intention in the social commerce context should be included as one 

important criterion.   
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3.5 PSYCHOGRAPHIC AND DEMOGRAPHIC COVARIATES 

To further investigate possible characteristics of social commerce gatekeepers and 

non-gatekeepers, we integrate psychographic and demographic covariates in the 

conceptual framework. There are some discussions about the characteristics of 

gatekeepers from various perspectives. Among others, Allen (1977) summarizes three 

characteristics of gatekeepers from a management point of view: (1) The gatekeeper is a 

high technical performer, (2) most gatekeepers are first-line supervisors, and (3) 

gatekeepers are those whom technical management generally recognizes as having such a 

role. Despite the different context, this idea could highlight self-competence as one 

potential aptitude of gatekeepers. In addition, these people could be highly technically-

oriented and innovative.  Accordingly, we adopt consumer self –confidence and 

innovativeness as covariates of gatekeeper criteria. 

Consumer self-confidence is defined as the extent to which an individual feels 

capable and assured with respect to his or her marketplace decisions and behaviors 

(Bearden, Hardesty & Rose, 2001).  While general self-confidence has been frequently 

cited as an important construct for understanding social behavior, consumer self-

confidence is more closely related to consumer behavioral results. For market mavens, 

who are consumers knowledgeable about the general marketplace, attentive to marketing 

and advertising information, and keen on sharing market-related information with others 

(Chelminski & Coulter, 2007), the consumer self-confidence is one of the prominent 

characteristics as this marketplace knowledge increases the confidence of making 

purchase decisions. According to Bearden et al. (2001), persons high in consumer self-
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confidence should be more willing to discuss their marketplace knowledge with others. 

This can be reflected in five dimensions: Information acquisition, Consideration-set 

formation, Persuasion knowledge, Personal outcomes and social outcome decision-

making, and Marketplace interfaces. These dimensions reflect consumers’ confidence in 

his or her ability to obtain needed marketplace information, to identify acceptable choice 

alternatives, to meet purchase objectives satisfying positive outcomes, to recognize 

marketers’ tactics, and to express one’s opinion about marketplace, respectively. Given 

the many associations between market mavens and gatekeepers in regard to their 

tendency to share market information, this multifaceted consumer self-confident 

measurement could be applied to gatekeeper investigation as a trait factor.  

Although the exploration of consumer innovativeness has a long history and 

innovativeness scales have been developed by researchers since mid-1970s, there is still 

no consensus on the definition of innovativeness (Roehrich, 2004). However, some points 

of view could be helpful in understanding the domain of this concept. For instance, 

Steenkamp et al. (1999) suggest that innate Innovativeness is a predisposition to buy new 

and different products and brands rather than remain with previous choices and consumer 

patterns, indicating the notion of desire for novelty seeking embedded in consumer 

innovativeness. As a result, the prospect of exciting and novel experiences could lead to 

some particular consumer behavioral results. According to Raju (1980), some activities 

such as variety seeking and brand switching, recreational shopping and information 

search, and interpersonal communication about purchases may be regarded as 

manifestations of exploratory tendencies in the consumer buying process. Because one of 



 

 35 

the important reasons for frequently communicating with the outside network knowledge 

source is the self-motivated exploration, exploratory buying behavior tendency could 

help distinguish social commerce gatekeepers from other members.   

Given the group purchase business approach, social commerce sites emphasize 

low prices of their products as monetary incentive to encourage purchase and WOM 

behavior. Moreover, consumers of social commerce are assumed to be rational 

economically in this setting. These assumptions suggest the potential value-conscious 

trait of gatekeepers.  In most cases, social commerce marketers sell product at reduced 

prices in the form of coupons and use electronic coupons or promotion codes as the proof 

of purchase to let consumers check out conveniently. Despite the various forms of 

coupon promotions and consumer behaviors using coupons, Lichtenstein et al. (1990) 

shows that coupon-redemption behavior is a result of value consciousness and coupon 

proneness. Therefore, this study proposes both value consciousness and coupon 

proneness as potential factors to be tested in social commerce gatekeeper identification 

framework.  

In addition to psychographic covariates, we also include several logically-

meaningful demographic factors in the framework to examine the characteristics of 

gatekeepers comprehensively. Although some researchers argue that demographic factors 

and the factors embodied in them may be less important for segmentation than attitudes 

and beliefs (Soopramanien & Robertson, 2007; Konus et al., 2008), these factors are 

worth examining to have a better understanding of segments, especially when considering 

their great value to marketers. 
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3.6 DEVELOPMENT OF MEASUREMENTS  

 

Each measurement of the constructs in the gatekeeper identification framework is based 

on careful review of previous literature.  Most of the measurements are Likert-type items 

with “1” indicating lowest level and “7” indicating highest level. Specifically, the internal 

relation size of SNS was measured by adopting network measurement (Kalish & Robins, 

2006), assessing the number of contacts on SNS and the importance of SNS use. This 

construct was measured using 3 items to acquire the type of social relations, importance 

of social relations, and time spent on social relations, respectively. Besides, a modified tie 

strength scale (Brown & Reingen 1987; Chu 2009) was adopted to measure internal tie 

strength. In order to assess different aspects of this construct, 3 items were included in 

this measurement. For external interaction frequency and absorptive capability, 

measurements used by previous studies (Mukherjee & Hoyer, 2001; Goyette et al., 2010) 

were adopted to collect information regarding past social commerce purchase behavior, 

knowledge about social commerce and tendency to share WOM. A 3-item measurement 

was used to acquire external interaction frequency by asking questions including “Have 

you ever purchased any products online?”, “Have you ever made a purchase from any 

social commerce website?”, and “How often do you purchase any product/service from 

social commerce website?” Absorptive capability was measured by 4 items asking 

respondents about the knowledge and experience associated with social commerce. For 

WOM intention, a 3-item measurement used by Price and Arnould (1999) was adopted. 
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The scores of these constructs will provide a numerical basis for segmentation process in 

the next step.   

 

To examine characteristics of gatekeeper segments, 4 measurements of related constructs 

were used. For example, scales for consumer self-confidence with 30 items (Bearden, 

2001), scales for exploratory buying behavior tendencies with 13 items (Baumgartner & 

Steenkamp, 1996), scales for innovativeness with 6 items (Roehrich 2004; Le Louarn 

1997), and scales for coupon proneness and value consciousness with 11 items 

(Lichtenstein et al. 1990) were modified according to the social commerce setting and 

implemented in this study. These constructs were suggested by their authors to have a 

certain association with various traits of consumer and therefore were expected to be 

influential on consumer gatekeeping segments, which will be modeled after the 

gatekeeper clusters were obtained. In addition, several questions regarding relevant 

demographic variables were also included based on open information from social 

commerce marketers (i.e. Consumer demographics data on Groupon for business 

website). 
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Chapter4. Research Methodology 

 4.1 ANALYTIC PLAN 

Based on our research questions and the proposed framework, we conducted this 

study in two steps. First of all, sample data about adult internet users was collected 

through a national survey with 1562 participants. Secondly, a cluster algorithm was 

adopted to separate the participants into groups.  SAS 9.2 system ACECLUS, 

CLUSTER and FASTCLUS procedures were used to determine the optimum number of 

clusters based on the data then classify the observations into clusters by maximizing the 

distance between cluster centers with respect to gatekeeper criteria vectors. Thirdly, 

psychological and demographic variables were included into the generalized linear model 

with logit link function to test the impact of each covariate on participants’ membership 

in each segment.  To further investigate the clusters suggested by the data, we divided 

the clustering process into two stages using Ward’s method (SAS, 2012). In the first 

stage, the main task is to separate the gatekeepers and the non-gatekeepers. In the next 

stage we looked at the non-gatekeeper group only to extract information on potential 

differences among non-gatekeepers. In addition to Ward’s method, the k-means 

clustering method was then used to cluster the original data set in order to compare the 

cluster results generated by these two different methods. 
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4.2 DATA COLLECTION  

To acquire a representative sample with ideal sample size, an online survey was 

employed to collect the data. A random sample of population in the U.S. was invited to 

participate in the web-based survey via email through a marketing company. The e-mail 

invitation letter explained the purpose of the study and assured confidentiality of 

information provided by respondents. Participants were directed to a website by clicking 

on the URL to the survey. Informed consent forms approved by the Institutional Review 

Board (IRB) of the University of Texas at Austin were displayed at the beginning of the 

survey. Participants had to indicate their consent to the listed procedures and 

acknowledge that they have been informed about the study’s purpose, procedures, and 

possible benefits and risks. They also had to acknowledge that they were voluntarily 

agreeing to participate in this study and not waive any legal rights. The survey took about 

20 minutes to complete and was administered through an online survey website. To 

protect the privacy of the participants, only an identification code was used in the data 

collected.  No names were associated with the obtained research data. The participants’ 

names did not appear anywhere on the working data files.  Only an identification code 

was used in the data and subjects were identified by a case number only.  Subjects were 

allowed to skip any portions of the survey that they did not wish to complete and to 

withdraw from the study at any time. 

The survey included two sections and was generated using Survey Monkey, an 

online questionnaire service and web-space provider. The first section included items 

related to the gatekeeper criteria and the market-related consumer traits discussed above. 
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In addition, consumers’ past online purchase experience and purchase intentions were 

measured. Two check questions to check participant’s attention to the survey were asked 

in this section. The second section assessed demographic information. 

Our data was collected from an online survey conducted in July 2011. With the 

help of Sampling Service International (SSI), we first randomly generated 7000 internet 

users from a sampling frame provided by SSI and then sent them email invitations. Of 

these 7000 potential participants, 1562 responded and participated in the survey within 

three days, for a response rate of 22 percent.  During the survey, they were first asked 

about frequency of online shopping activities within last 6 months and then instructed to 

indicate the degree to which they agree or disagree with each statement regarding social 

commerce. Subsequently, we deleted 397 responses because they either did not fully 

complete the survey, or provided unauthentic information which can lead to biased result. 

We also excluded 319 responses which indicated no current online shopping experience. 

This yielded a final sample size of 846 respondents, or a 12.08% response rate.  
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Chapter5 Analysis of data and findings 

 

5.1 SAMPLE CHARACTERISTICS 

Before the main analysis was conducted, we first tested the non-response bias of 

our data. According to Whitehead et al. (1993), non‐response bias refers to a situation in 

which people who do not respond to a questionnaire have opinions that are systematically 

different from the opinions of those who do respond. And the standard way to test for 

non‐response bias is to compare the responses of those who respond to the first mailing 

of a questionnaire to those who respond to subsequent mailings. Therefore, based on their 

participation time, we selected the first and last 20% of the 846 total respondents 

(N=338) and tested the difference of all variables in this study. Out of 45 variables tested, 

we found three variables with statistically significant differences between the mean 

responses of these two groups of respondents. They are purchase frequency (t=8.26, 

p=0001), exploratory information seeking (t=2.25, p=0.03), and attraction to newness, 

(t=2.38, p=0.02).  For exploratory information and attraction to newness, although they 

were statistically different in the two groups, the differences are quite small. The mean 

difference of purchase frequency in earlier group and later group is bigger than the other 

two. However, this difference is largely due to the prevalence of participants with less 

purchase experience (see Table 1) rather than due to the response bias. In general, they 

would not affect the overall interpretation of the results. 
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A profile of the sample is summarized in Table 1. Because the data was collected 

by online survey and required some time to complete, the respondents who finished the 

survey were generally older in age with higher education.  For these reasons, they are 

also relatively affluent and willing to use social media. Among the many SNSs, Facebook 

accounted for the largest part. When considering the large amount of participants who 

work in professional and technical fields, it’s not surprising that Linkedin, one of the 

largest online professional SNSs, has more users than the more traditional popular SNS 

‘My Space’ in this sample. As a result of containing fewer younger online users, this 

sample shows less time spent on SNS by online users on average. However, this “long 

tail” distribution indicates that use of SNS could be an effective variable to stratify 

consumers and identify the gatekeepers. 
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Table 1:   

Sample characteristics (N= 829) 

    
Gender % Age   

Female 59.9 Mean  49.2 
Male 40.1 S.D. 16.3 

Education %  social commerce experience % 

Less than high school 0.5 have an experience 27.4 
High school or GED 18.4   
Some college 28.5 Don't have an experience  72.6 
2 year associate degree 12.7   
4 year college degree 24.9   
Master’s degree 12.3   
Doctoral degree 2.7     

population of place of 
residence 

% Family's income % 

City population over 100,000 28.8 Less than $10,000  3.7 

Larger town 50,000 to 100,000 16.9 $10,000 to $24,999  14.3 

Medium town 10,000 to 49,999 24.7 $25,000 to $49,999  30.3 

Small town 2,500 to 9,999 15.5 $50,000 to $74,999  24.1 

A village or rural area less than 
2,500 

14.1 $75,000 to $99,999  14.2 

  $100,000 to $149,999 9.1 

  $150,000 to $199,999 2.9 

  $200,000 to $249,999 .6 

    $250,000 and over  .7 

SNS preference % Time spent on SNS per week % 

Facebook 71.3 less than 10 mins 36.3 
Linkedin 14.2 11-30mins 15.8 
My Space 10 31-60mins 8.9 
other 4.5 1-2h 11.4 
  2-3h 9.3 
    more than 3h 18.3 

 

5.2 WARD’S MINIMUM-VARIANCE CLUSTERING METHOD 

In the present study, our main objective is to separate gatekeeper group from non-

gatekeeper group and explore non-gatekeeper group individually by using the criteria 
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variables. Namely, our sample is clustered by taking into account five dimensions: the 

knowledge of social commerce (Mean=3.26 SD=1.8), network measurement (Mean=2.62 

SD=1.5), tie strength (Mean=3.79 SD=1.9), word of mouth (Mean=5.7 SD=1.1), and 

social commerce purchase frequency (Mean=1.92 SD=1.47). Generally speaking, our 

sample has a tendency of purchasing less frequently and sharing more WOM with other 

consumers. However, most of the variables show enough variability to assure good 

clustering result.  

According to SAS manual (2012), the purpose of cluster analysis is to “place 

objects into groups, or clusters, suggested by the data such that objects in a given cluster 

tend to be similar to each other in some sense”. Given our research need, we first applied 

hierarchical clustering method rather than disjoint clustering. That is, we separate the 

gatekeeper cluster first and then repeat the algorithm to look into heterogeneity within the 

non-gatekeeper group. Another reason for not clustering at once is that the number of 

clusters needs to be suggested from the data, although our first goal is to separate it 

distichously. Specifically, we applied Ward’s Minimum-Variance Method (SAS, 2012) 

first to estimate the distance between data points, which will be used to determine the 

cluster center such that the within cluster distance is minimized and the between cluster 

distance is maximized. In Ward’s method, the distance between two clusters is the 

ANOVA sum of squares between the two clusters added up over all the variables. At 

each generation, the within-cluster sum of squares is minimized over all partitions 

obtainable by merging two clusters from the previous generation (SAS, 2012). This 
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method joins clusters to maximize the likelihood at each level of the hierarchy and 

generate cluster memberships at each stage. 

For the best result of estimation of solutions, the raw data of cluster variables 

normally need to be transformed to get the approximate estimates of the pooled within-

cluster covariance matrix used for the next step before clustering the data (SAS, 2012). In 

this study, SAS ACECLUS procedure was used to calculate the canonical variables. 

Accordingly, 5 canonical variables were obtained based on the 5 cluster criteria variables. 

Prior to the deployment of the procedure, however, an appropriately chosen value p has 

to be specified. Since the choice of the distance cutoff as specified by the proportion is 

important, usually several values should be tried (SAS, 2012). Two values were tried in 

this study to get the optimized estimate. First, as suggested by many researchers, values 

of  between 0.5 and 0.01 should be used in most cases (SAS, 2012). In addition, it is 

suggested that at proportion=0.04, some clustering methods show some deterioration, but 

Ward’s method continue to produce excellent classifications. Therefore, proportions 0.02 

and 0.1 were applied to determine the best estimate solution in the following step.  

To assure a reasonable number of segmentations, the number of clusters is limited 

to no more than 10. Usually, the values of the cubic clustering criterion (CCC), pseudo 

(PSF), and (PST2) statistics were calculated for estimating the number of clusters in the 

data (SAS, 2012). In general, peaks in the plot of the cubic clustering criterion with 

values greater than 2 or 3 indicate good clusters while peaks with values between 0 and 2 

indicate possible clusters. Another method of judging the number of clusters in a data set 

is to look at the PSF. Relatively large values indicate good numbers of clusters. For 
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PST2, the first value markedly larger than the previous value indicates possibly good 

clusters. In our study, we adopt these three statistics as indicators of the number of 

clusters. For proportion value p = 0.04, all these statistics suggested that 7 clusters is the 

best solution (See Figure 2). For the proportion values 0.1, the peak values of CCC are 2 

and 9, indicating two seemingly solutions were 2 clusters and 9 clusters as shown in 

Figure 3. However, when considering these statistics together, the 2-cluster solution 

appears optimal. First, this solution suggested by the data is in line with research purpose 

and supports our expected segmentation of the data (gatekeepers/non-gatekeepers).  

Another reason for choosing 2 clusters is that the 7-cluster solution contains some small 

clusters that can not to be considered as meaningful groups. This is possibly due to the 

fact that Ward’s method tends to join clusters with a small number of observations and is 

very sensitive to outliers (SAS, 2012).  
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                 Figure 2: Criteria for the number of clusters using proportion value 0.04 

 

                 Figure 3: Criteria for the number of clusters using proportion value 0.1 
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The profile of the two clusters is shown in Table 2. The result shows a clear split 

between the two consumer segments. One difference between these two groups is that, in 

general, the mean values of gatekeeper criteria in cluster 1 are significantly larger (p < 

0.0001) than those in cluster 2. Among the five criteria variables, four are less than the 

middle point of the 7-point scale in cluster 2. On the other hand, WOM value is relatively 

high in this group (Mean = 5.62). However, this result is not surprising given the high 

score of WOM in our entire sample (Mean=5.7). In addition, when compared with the 

mean value of WOM in cluster 1, cluster 2 WOM is significantly lower (t-value =-5.69, p 

< 0.0001). In cluster 1, knowledge of social commerce (t-value =-19.53, p < 0.0001) and 

purchase frequency (t-value =-66.09, p < 0.0001) have much larger values than those in 

cluster 2, while network measurement and tie strength are relatively larger. Another 

major difference between the two clusters is the number of consumers. Around one fourth 

of the sample is clustered into the group with higher values in all criteria and the 

remaining majority of consumers are in the other group. Although the latter show lower 

values in all variables, it may be hasty to conclude that they constitute a group with no 

relative heterogeneity in gatekeeper criteria. That is, it is also possible that there are 

multiple levels between the extremely high and low groups. Therefore, exploring of the 

data structure and potential cluster patterns within this larger group is worthwhile. 
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Table 2:  

Result of the first stage clustering  

CLUSTER=1 CLUSTER=2     

                  

  N Mean Std Dev N Mean Std Dev t Value Pr > |t| 

Knowledge of social 

commerce 
224 5.13 1.36 622 2.77 1.61 -19.53 <.0001 

Network 

measurement 
224 3.43 1.54 622 2.45 1.43 -8.58 <.0001 

Tie strength 224 4.65 1.75 622 3.59 2.02 -6.94 <.0001 

Word of mouth 224 6.05 0.89 622 5.62 1.01 -5.69 <.0001 

Purchase frequency 224 4.25 1.02 622 1.14 0.35 -66.09 <.0001 

 

On the basis of our discussion about the characteristics of each data cluster, we 

labeled these two segments according to the gatekeeper perspective. The main objective 

of the present study is to identify gatekeepers. Thus, given the overall higher value of 

cluster 1 in all variables, it is not difficult to identify consumers in this group as social 

commerce gatekeepers. That is, around 26% of all consumers could be highly active and 

would tend to use their large online social networks to share new information about 

products or services provided by social commerce to facilitate followers in the internal 

network. This finding is supported by Kiobas and McGill’s point of view (1995).  In 

their study aiming at identifying technology gatekeeper, the results suggested that 

approximately twenty percent of users can be categorized into the gatekeeper segment. 

The next research objective is to further cluster the remaining non-gatekeeper 

consumers. To investigate the inner pattern of non-gatekeeper group, we conducted a 
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second stage clustering. Again, in this process, consumers who were labeled as members 

of cluster 2 were then clustered according to the value of the five criteria variables. First, 

the proportion value was set to be 0.1 to assure the effectiveness of identifying a 

reasonable number of clusters and maintain comparable estimates.  Secondly, the 

information obtained about clusters including CCC, PSF, and PST2 statistics indicate that 

2 clusters is the best solution as shown in Figure 4. As shown in Table 3, the clustering 

results suggest that within the non-gatekeeper group, two subgroups show some 

difference in the criteria dimensions. Around 10% of the individuals constituting our 

sample have higher values of the criteria than the reaming non-gatekeeper consumers. 

The clear cut in purchase frequency in the two groups implies the weaker influence of the 

criteria other than purchase frequency. Therefore, to test our result and further explore the 

non-gatekeeper group, another clustering process adopting different algorithm was 

conducted. 
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                Figure 4: Criteria for the number of clusters in the second stage using proportion value 0.1 

 

Table 3:  

Result of the second stage clustering 

CLUSTER=2_1 CLUSTER=2_2     

  N Mean Std Dev N Mean Std Dev t Value Pr > |t| 

Knowledge of 

social commerce 
536 2.58 1.55 86 3.98 1.46 -7.87 <.001 

Network 

measurement 
536 2.38 1.42 86 2.86 1.41 -2.88 <.001 

Tie strength 536 3.50 2.05 86 4.14 1.75 -2.74 <.001 

Word of mouth 536 5.60 1.03 86 5.72 0.88 -1.04 n.s. 

Purchase 

frequency 
536 1.00 0.00 86 2.00 0.00 N/A <.0001 
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5.3 K-MEANS CLUSTER METHOD 

To acquire comparable results and to investigate the data pattern of non-

gatekeeper group in a more balanced way, we conducted cluster analysis on the same 

data set one more time using a different algorithm. In order to take advantage of the 

knowledge acquired from the previous steps, we used a disjoint clustering method: k-

means clustering. One difference is that we use the number of clusters suggested by the 

last clustering process, instead of estimating it again, to cluster the data at once. Unlike 

Ward’s method, the distance used in this process is Euclidean distances and cluster 

centers are the means of the observations assigned to each cluster (SAS, 2012). To begin, 

a set of points of cluster seeds is selected as a first guess of the means of the clusters. 

Each observation is assigned to the nearest seed to form temporary clusters. The seeds are 

then replaced by the means of the temporary clusters, and the process is repeated until an 

optimal solution is reached to have the minimal within cluster distance and maximum 

between clusters distance (SAS, 2012).  

Since variables with large variances tend to have more effect on the resulting 

clusters than those with small variances in k-means method (SAS, 2012), the data needs 

to be adjusted by the variable means and standard deviations to get a standardized value. 

Those values for the gatekeeper criteria were calculated prior to clustering.  Before 

executing the procedure, the value of the maximum number of clusters permitted must be 

given in SAS each time. Given the 3 and 7 clusters suggested by Ward’s method, we used 

these two numbers as initial values.  According to the statistics for cluster selection 
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(pseudo F statistic, approximate, expected overall R square, and cubic clustering 

criterion), the 3-cluster solution was found as optimal.  

As shown in table 4 with standardized scores, the 3-cluster solution works well in 

separating the three groups. Most importantly, the consumers group with highest scores 

in all clustering criteria, i.e., the gatekeeper group, account for around one fourth of the 

total sample size. This result supports both our result in the previous step and the 

conclusion of Kiobas and McGill’s study (1995).  Potential gatekeeper group has a 

higher score of each cluster criterion than uninvolved receiver group, but these values are 

more close to gatekeeper group than uninvolved receiver group. Although limited 

discussions available on the segmentation of non-gatekeepers, Graf (2007) mentioned the 

possible two-fold pattern in this group. In addition, he argues that there are two potential 

segments according on the linkage to different networks and information seeking 

orientation. We will further discuss this point in the following section. 

Table 4:  

Profile of the final segments in standardized scores (k-means method, N=846) 

  
Gatekeeper  Potential 

gatekeeper 
Uninvolved 

receiver 

  23%  37% 40% 

Knowledge of social commerce 1.13 0.06 -0.69 

Network measurement 0.65 0.61 -0.92 

Tie strength 0.56 0.52 -0.98 

Word of mouth 0.50 -0.02 -0.26 

Purchase frequency 1.60 -0.45 -0.48 
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5.4 GATEKEEPING SEGMENTATION 

To combine the results generated by the two methods, the scores of each 

gatekeeper criterion in each cluster were standardized. By investigating the results as 

shown in Table 4 and Table 5, we found that the two results suggested by the Ward’s 

method and k-means method show a similar structure and share some common 

characteristics. A comparison between k-means and Ward’s clustering results for 

gatekeeper groups in Table 4 and Table 5 shows similar scores in each dimension. The 

percentages of consumers they include are also very close to each other. In summary, our 

results suggest that approximately one fourth of the consumers in our sample tend to have 

higher scores in all the gatekeeper criteria. It is clear that mean scores of the gatekeeper 

cluster generated by both methods are above the mean score of all the consumers in the 

respective dimension. This group of people has more knowledge of social commerce, 

stronger connection to the online social network, and better experience in both 

purchasing through social commerce and sharing their opinion on production 

information.  
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Table 5:  

Profile of the final segments in standardized scores (Ward's method, N=846) 

 

Gatekeeper  Potential gatekeeper Uninvolved receiver 

  26% 10% 64% 

Knowledge of social commerce 1.01 0.73 -0.13 

Network measurement 0.53 0.30 -0.03 

Tie strength 0.43 0.28 -0.04 

Word of mouth 0.32 0.10 -0.02 

Purchase frequency 1.59 1.24 -0.34 

    

 

Although the two clustering approaches appear to agree closely in identifying 

individuals who are gatekeepers (estimated to 23-26% of the population), the results 

diverge on what proportion of non-gatekeepers would belong to the subgroup of potential 

gatekeepers. Indeed, the results obtained using Ward’s method suggest that about 10% of 

the population could be categorized as potential gatekeepers, while with k-means 

clustering the same group was estimated at a more sizeable 37% of the population. This 

issue is further discussed below. 

In general, using 3 groups is suggested by this study as an appropriate way of 

clustering consumers in terms of gatekeeper criteria. Figures 7 and 8 summarize the 

results graphically. For the non-gatekeeper group, it was seen from the Figure 7 and 

Figure 8 that consumers are less active in certain dimensions. Even though the two 

cluster methods gave different cluster memberships, the results are still valuable and 

show important implications.  First, consumers in the group with lowest values of all 
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criteria are labeled as uninvolved receivers. Because they lack sufficient market 

knowledge to take advantage of social commerce and don’t have large enough online 

SNS, their capability to share information and influence other consumers is low in 

general. During the information processing flow in social commerce, they receive news 

passively and less frequently. In addition, they are not eager to participate in either 

market programs or seek new shopping experiences. Second, consumers categorized in 

the cluster with higher scores but not the highest of certain dimensions have the potential 

to become gatekeeper. However, they lack some typical characteristics of gatekeepers. 

By considering the results suggested by both cluster methods, this group of consumers 

could either have higher internal relation or higher external relations. In the social 

commerce setting, they could be capable of influencing large numbers of consumers but 

either don’t have enough market knowledge and experience using social commerce, or 

need more online social connections to become influential in making suggestions to other 

shoppers.  Regardless of the number of individuals, these consumers are labeled as 

potential gatekeepers in the present study. 
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Figure 5: Radar chart of gatekeeping segments by Ward’s method 

 

Figure 6: Radar chart of gatekeeping segments by k-means method 
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Although the rest of the consumers, or about three fourth of them, tend to have 

one or more lower scores of these constructs, they were separated differently by the two 

methods.  On the one hand, the result generated by Ward’s method set apart potential 

gatekeeper cluster and uninvolved receiver cluster into clearly above-average group and 

below-average group.  Nevertheless, scores in uninvolved receiver cluster are not very 

low compared with the other method.  On the other hand, most of the consumers with 

relatively lower scores were in uninvolved receiver group by Ward’s method, while an 

almost equal number of consumers with low scores were in the potential gatekeeper 

group and uninvolved receiver group by k-means method. This difference is possibly due 

to the large number of consumers who has very low purchase frequency that overly 

weighted on Ward’s method results. 

In addition, potential gatekeeper groups suggested by the two methods have 

different data patterns.  For Ward’s method, the potential gatekeeper cluster has lower 

scores in all dimensions than gatekeeper cluster. However, when compared with the 

potential gatekeeper cluster suggested by k-means method, it has higher scores for 

several constructs: the knowledge of social commerce, WOM, and purchase frequency 

using social commerce. Conversely, the tie strength and network measurement of Ward’s 

potential gatekeeper cluster are lower than its counterpart in this study. Not surprisingly, 

this finding may indicate that different clustering methods could put different weights on 

internal relation and external relation when discriminating between lower-score groups. 

Given the implied differences in specific patterns within this group, it is also possible to 
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label the two variations in potential gatekeeper group as ‘internal-relation oriented’ and 

‘external oriented’ potential gatekeepers. This result supports the hypotheses made by 

Graf (2007) that internal and external relations can potentially separate the members in 

neither gatekeeper group nor inactive group. 

 

5.5 COVARIATES OF GATEKEEPING SEGMENTS  

 

To test for the distinctions between consumer segments based on demographic 

and psychographic variables, i.e., the differences between individuals belonging to 

different clusters, multivariate analysis of variance (MANOVA) was conducted first. 

SAS PROC GLM procedure was used and two models were built. That is, psychological 

covariates and demographic variables were included in the models to test the results 

generated by both Ward’s and k-means methods. The MANOVA test shows that 

consumer segments were distinct since all variables appeared significantly different 

across the three gatekeeping clusters, with the exception of Persuasion knowledge, 

exploratory acquisition of products, and Ability to take risk in trying newness (See Table 

6 and Table 7).   
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Table 6:  

MANOVA result of Psychological characteristics by segments: Ward's method 

 

 
Table 7:  

MANOVA result of Psychological characteristics by segments: k-means method 

 

Psychographic variables 
Gatekeepers

Potential 

Gatekeepers 

Uninvolved 

Receivers
F Value Pr > F

Information Acquisition (IA): 5.72 5.67 5.36 12.17 <.001

Consideration-Set Formation (CSF): 5.86 5.81 5.55 14.25 <.001

Coupon proneness 4.94 4.88 4.98 48.63 <.001

Value Consciousness 5.96 5.84 5.63 16.50 <.001

Personal Outcomes Decision Making (PO): 3.13 2.65 2.77 15.89 <.001

Social Outcomes Decision Making (SO): 4.31 4.28 4.26 65.34 <.001

Persuasion Knowledge (PK): 5.84 5.82 5.85 2.73 n.s.

Marketplace Interfaces (MI): 2.74 2.38 2.46 14.54 <.001

Exploratory acquisition of products(EAP) 4.10 4.05 4.07 3.59 0.0279

Exploratory information seeking (EIS) 4.20 4.17 4.15 64.79 <.001

Attraction to newness 3.81 3.67 3.72 55.13 <.001

Autonomy in innovative decision 4.35 4.27 4.28 20.98 <.001

Ability to take risks in trying newness 4.38 4.35 4.36 0.25 n.s.

Clusters

Psychographic variables 
Gatekeepers

Potential 

Gatekeepers 

Uninvolved 

Receivers
F Value Pr > F

Information Acquisition (IA): 5.93 5.45 5.60 17.47 <.001

Consideration-Set Formation (CSF): 6.01 5.61 5.80 19.67 <.001

Coupon proneness 5.51 4.60 5.01 32.01 <.001

Value Consciousness 6.14 5.67 5.90 15.63 <.001

Personal Outcomes Decision Making (PO): 3.12 2.69 2.86 7.47 0.006

Social Outcomes Decision Making (SO): 4.94 3.88 4.35 53.96 <.001

Persuasion Knowledge (PK): 5.82 5.86 5.82 2.02 n.s.

Marketplace Interfaces (MI): 2.67 2.33 2.66 6.16 0.022

Exploratory acquisition of products(EAP) 4.10 4.05 4.08 0.30 n.s.

Exploratory information seeking (EIS) 4.90 3.68 4.29 52.24 <.001

Attraction to newness 4.47 3.26 3.81 44.94 <.001

Autonomy in innovative decision 4.76 3.95 4.46 22.54 <.001

Ability to take risks in trying newness 4.32 4.34 4.33 0.36 n.s.

Clusters
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This result indicates satisfactory performance of the clusters we obtained in 

previous steps in separating consumers with variations in psychological traits suggested 

by previous studies, supporting the validity of our proposed gatekeeping consumer 

segments. However, it has to be noted that despite the significant F-test results for most 

of these variables, the effect sizes appear very limited in most cases. Some of the mean 

values for the three groups are quite comparable (see notably Table 6), which indicates 

that relatively small effect sizes were found to be statistically significant with GLM 

because of the large sample size. However, for some variables and mainly for the clusters 

obtained with k-means, our results show that the scores of the gatekeeper group are 

higher than potential gatekeeper group and uninvolved receiver group for the majority of 

the psychological variables. For example, social outcomes decision making (SO), value 

consciousness, exploratory information seeking (EIS), attraction to newness, and 

autonomy in innovative decision are higher in the gatekeeper group than those in 

potential gatekeepers. These prominent characteristics suggest that gatekeepers are 

confident, innovative, and with desire to maximize the value of every purchase. For 

potential gatekeeper group and uninvolved receivers group, the mean differences of these 

variables show no particular pattern and are not always unidirectional. In general, a 

comparison of the results by the two clustering methods shows that the difference among 

clusters for these variables suggested by k-means method tend to be larger than those by 

Ward’s method, indicating that k-means clustering method could be more efficient in 

segmenting our sample.  
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Despite the large number of missing values found in the demographic variables, 

the chi-square test (See Table 8 and Table 9) shows that all the demographic variables 

were significant except the population of the city. Worth noticing, 59% of the consumers 

in gatekeeper group are less than 34 years old while this number in potential gatekeeper 

group and in uninvolved receiver group are 50% and 40%, respectively. This finding 

implies the gatekeepers tend to be younger. In addition, 72% of the consumers in 

gatekeeper group are female, compared with 43% and 59% in the other two groups. 

Whereas the income difference between uninvolved receiver group and potential 

gatekeeper group is very small, more consumers with higher income are in the 

uninvolved receiver group than those in gatekeeper group in general. This result could be 

explained by the fact that fewer older people, who are more likely to be rich, are in 

gatekeeper group.  

 

 
Table 8:  

Demographic characteristics of consumer segments: ward's method

 

 

 

 

Demographic variables DF Chi-square p-value

Age 12 220.85 <.0001

Gender 2 60.45 <.0001

Marital 6 35.67 <.0001

Education 12 56.44 <.0001

Occupation 22 195.35 <.0001

Income 16 98.27 <.0001

Population of the city 8 26.00 <.0001
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Table 9: 

Demographic characteristics of consumer segments: k-means method

 

 

 

Having determined and discussed the three main segments suggested by our 

sample, in the next step, multinomial regression model was applied to examine the 

influence of each covariate variable on the membership of the three clusters. We conduct 

the analysis for the different clustering results individually. SAS LOGISTIC procedure 

was used to fit the models. For Ward’s method, we provide the maximum likelihood 

estimate results for in Table 10. The logistic regression coefficients give the change in the 

log odds of the cluster membership for a one unit increase in the psychographic or 

demographic variable (SAS, 2012). In this model, the uninvolved receivers segment was 

set as baseline level. For example, strong positive coefficients in gatekeeper group mean 

that consumers who have higher scores on that construct are more likely to be in the 

gatekeeper cluster, compared with the uninvolved receivers cluster. On the other hand, 

strong negative value indicates that consumers are not likely to be in the gatekeeper 

cluster. For k-means clustering result, Table 11 shows the maximum likelihood estimate. 

The uninvolved receiver cluster was set as baseline group in this model, so the 

Demographic variables DF Chi-square p-value

Age 12 120.43 <.0001

Gender 2 63.81 <.0001

Marital 6 14.17 0.0278

Education 12 33.66 0.0008

Occupation 22 97.55 <.0001

Income 16 31.47 0.0117

Population of the city 8 9.21 n.s.



 

 64 

coefficients or the log ratios within each cluster indicate the probability of being in this 

group compared with that of being in the baseline group, the uninvolved receiver cluster. 

For both models, the significant effects are shown in bold characters. 

Table 10:  

Analysis of Maximum Likelihood Estimates: Ward’s method

 

AIC SC -2 Log L

999.1 1007.8 995.1

Standard Wald Standard Wald

Error Chi-Square Error Chi-Square

Information Acquisition (IA): 0.12 0.22 0.29 0.59 Age -0.02 0.01 2.34 0.13

Consideration-Set Formation (CSF): 0.12 0.30 0.15 0.70 Gender 0.05 0.37 0.02 0.88

Coupon proneness 0.38 0.16 5.64 0.02 Marital -0.20 0.17 1.35 0.25

Value Consciousness -0.61 0.19 10.26 0.001 Education 0.13 0.13 1.00 0.32

Personal Outcomes Decision Making (PO): 0.08 0.16 0.24 0.63 Occupation -0.04 0.04 0.84 0.36

Social Outcomes Decision Making (SO): 0.11 0.18 0.38 0.54 Income 0.01 0.12 0.01 0.91

Persuasion Knowledge (PK): -0.22 0.23 0.94 0.33
Population 

of the city
0.05 0.12 0.17 0.68

Marketplace Interfaces (MI): 0.21 0.14 2.19 0.14

Exploratory acquisition of products(EAP) -0.37 0.20 3.32 0.07

Exploratory information seeking (EIS) 0.02 0.16 0.01 0.91

Attraction to newness 0.05 0.14 0.11 0.74

Autonomy in innovative decision 0.09 0.13 0.52 0.47

Ability to take risks in trying newness 0.08 0.17 0.20 0.65

Information Acquisition (IA): 0.13 0.15 0.68 0.41 Age -0.02 0.01 7.36 0.01

Consideration-Set Formation (CSF): 0.18 0.20 0.78 0.38 Gender -0.19 0.24 0.63 0.43

Coupon proneness -0.05 0.09 0.36 0.55 Marital -0.10 0.11 0.79 0.38

Value Consciousness -0.09 0.13 0.49 0.49 Education -0.06 0.08 0.48 0.49

Personal Outcomes Decision Making (PO): 0.05 0.10 0.22 0.64 Occupation -0.05 0.03 3.60 0.06

Social Outcomes Decision Making (SO): 0.15 0.11 1.86 0.17 Income 0.21 0.08 7.04 0.01

Persuasion Knowledge (PK): -0.14 0.15 0.90 0.34
Population 

of the city
0.11 0.08 2.00 0.16

Marketplace Interfaces (MI): 0.14 0.10 1.95 0.16

Exploratory acquisition of products(EAP) -0.18 0.13 2.05 0.15

Exploratory information seeking (EIS) 0.08 0.10 0.62 0.43

Attraction to newness 0.15 0.09 2.96 0.09

Autonomy in innovative decision 0.07 0.08 0.82 0.36

Ability to take risks in trying newness 0.07 0.11 0.35 0.56

Gatekeeper

Psychological variables Demographic variables 

Model Fit Statistics

Pontential GK

Parameter Estimate P value Parameter Estimate P value
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Table 11: 

Analysis of Maximum Likelihood Estimates 1: k-means method

 

 

AIC SC -2 Log L

1595.9 1727.6 1539.9

Standard Wald Standard Wald

Error Chi-Square Error Chi-Square

Information Acquisition (IA): 0.02 0.13 0.02 0.8808 Age -0.04 0.01 34.49 <.0001

Consideration-Set Formation (CSF): 0.26 0.17 2.30 0.1298 Gender -0.10 0.07 1.81 0.1787

Coupon proneness 0.08 0.08 0.99 0.3192 Marital 0.60 0.21 8.11 0.0044

Value Consciousness -0.02 0.11 0.02 0.8749 Education -0.01 0.07 0.02 0.8806

Personal Outcomes Decision Making (PO): 0.03 0.09 0.11 0.7347 Occupation 0.09 0.09 0.95 0.3292

Social Outcomes Decision Making (SO): 0.14 0.09 2.11 0.146 Income -0.01 0.02 0.10 0.746

Persuasion Knowledge (PK): -0.01 0.13 0.01 0.9276
Population 

of the city
0.08 0.07 1.47 0.2255

Marketplace Interfaces (MI): 0.24 0.08 8.82 0.003

Exploratory acquisition of products(EAP) -0.06 0.11 0.30 0.5855

Exploratory information seeking (EIS) 0.12 0.08 2.09 0.1478

Attraction to newness 0.07 0.08 0.94 0.3335

Autonomy in innovative decision 0.16 0.07 5.44 0.0197

Ability to take risks in trying newness -0.01 0.09 0.00 0.9448

Information Acquisition (IA): 0.50 0.18 7.82 0.0052 Age -0.06 0.01 48.03 <.0001

Consideration-Set Formation (CSF): 0.42 0.23 3.24 0.0719 Gender 0.04 0.09 0.17 0.6759

Coupon proneness 0.30 0.10 8.25 0.0041 Marital 0.62 0.25 5.91 0.0151

Value Consciousness 0.00 0.15 0.00 0.9773 Education 0.20 0.08 6.75 0.0094

Personal Outcomes Decision Making (PO): 0.15 0.10 2.05 0.1519 Occupation 0.12 0.11 1.08 0.2996

Social Outcomes Decision Making (SO): 0.41 0.12 11.21 0.0008 Income -0.04 0.03 1.72 0.19

Persuasion Knowledge (PK): -0.36 0.16 5.42 0.0199
Population 

of the city
-0.06 0.08 0.51 0.4757

Marketplace Interfaces (MI): 0.22 0.10 5.04 0.0248

Exploratory acquisition of products(EAP) -0.17 0.13 1.63 0.2021

Exploratory information seeking (EIS) 0.18 0.10 2.96 0.0855

Attraction to newness 0.22 0.09 5.24 0.022

Autonomy in innovative decision 0.16 0.09 3.48 0.062

Ability to take risks in trying newness 0.14 0.12 1.48 0.2245

Pontential GK

Gatekeeper

Estimate P valueParameter Estimate P value Parameter

Psychological variables Demographic variables 

Model Fit Statistics
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No matter which method was used, the psychographic and demographic 

covariates appear related to gatekeeper cluster memberships. As shown in table 10 and 

table 11, the probability of being in the gatekeeper group is negatively related to age and 

positively related to social outcomes decision making (SO). This indicates that younger 

consumers with higher SO capability are more likely to be gatekeepers. According to 

Bearden (2001), social outcomes decision making result in behavioral outcomes that 

increase the satisfactory feelings from other consumers’ reactions. Moreover, these 

aspects of consumer self-confidence are defined as the confidence in one’s ability to meet 

purchase objectives such that choices generate positive outcomes in the form of reactions 

from others, e.g., friends, family, and neighbors. The coupon proneness was significant 

for potential gatekeeper and gatekeeper groups in both estimation results. And Value 

proneness was found significant only for potential gatekeeper segment. According to 

Lichtenstein et al. (1990), coupon proneness can be defined in terms of a general 

tendency to respond to promotions. They also suggested that value proneness has been 

defined as “the consumer’s overall assessment of the utility of a product based on what is 

received and what is given”. This finding implying that the potential gatekeeper are tend 

to be attracted by the value acquired from the deal while gatekeepers are more likely to 

respond to the deal just because of the form of coupon, in addition to the utility value.  

In table 11, the gatekeeper cluster membership suggested by k-means method is 

related to more covariates. In addition to the negative correlation with age and positive 

correlation with coupon proneness, Information Acquisition (IA), Marketplace Interfaces 

(MI), and attraction to newness showed significant relationships with cluster 
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membership. IA is defined as an individual’s confidence in his or her ability to obtain 

needed marketplace information and to process and understand that information 

(Bearden, 2001). This consumer self-confidence dimension is closely related to the 

superior capability of acquiring external information by gatekeepers. Due to the viral 

marketing nature of social commerce and the prevalent use of coupons, willingness to try 

new products and redeem coupons is necessary for gatekeepers in this setting. This 

tendency explains the existence of attraction to newness and coupon proneness in the 

significant constructs. However, it should be noted that there is a negative relation 

between Persuasion Knowledge (PK) and gatekeeper cluster membership. Because this 

construct represents an individual’s confidence in his or her knowledge regarding the 

tactics used by marketers in efforts to persuade consumers (Friestad &Wright 1994), it 

might be that social commerce gatekeepers do not necessarily have to fully understand 

the marketing tactics since their contribution is to share WOM or other product-related 

contents, not to discuss the marketing effort. In addition to the variables discussed above, 

certain other demographic variables such as marital status and education have influence 

on the chance of being gatekeeper.  

Despite the difference of non-gatekeeper segments suggested by the two methods, 

they showed two distinctive directions on how to separate potential gatekeepers from 

uninvolved receivers. Potential gatekeeper group of Ward’s method suggests that 

younger consumer with higher income tend to have such potential, since they already 

have adequate external relation, represented by knowledge and experience in using social 

commerce. Although no academic study is available so far on the demographic 
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information of social commerce user, this explanation is supported by the consumer data 

reveled by Groupon. As shown in Figure 9, they claimed in 2010 that most of their active 

consumers are less than 34 of age and tend to have high income (Groupon, 2011).   

 

           Figure 7:  Demographic information of Groupon customers.   
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Marketplace Interfaces (MI) is the ability to stand up for one’s rights and to 

express one’s opinion when dealing with others in the marketplace (Bearden, 2001). 

Despite the influence of MI on potential gatekeeper group, MI shows similar effect on 

gatekeeper segment. Autonomy in innovative decision, on the other hand, has unique 

influence on internal relation oriented potential gatekeeper group. According to Roehrich 

(2004), both attraction to newness and autonomy in innovative decision could be under 

the construct of consumer innovativeness. Yet our findings suggest that willingness to try 

a new product is more important for being a gatekeeper, while making this decision 

independently appears only necessary for potential gatekeepers. 

Generally speaking, the present study reveals several important and meaningful 

findings. On the basis of the results, older consumers are less likely to be either potential 

gatekeepers or gatekeepers. Moreover, it is suggested that decision-making based on 

social outcomes, tendency to acquire more external information, coupon proneness are 

important for being gatekeepers, while a deep understanding of the promotion strategy 

and marketing tactics is not necessary.  
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Chapter6 Discussion 

6.1 SUMMARY  

This research argues that gatekeepers in social commerce can be conceptualized 

by taking into consideration their online social network use for connecting friends and 

relation with social commerce practitioners. Specifically, social commerce gatekeepers 

were identified by internal relation, external relation, absorptive capability, and 

willingness to share.   

In addition to theoretically analyze the social commerce information processing, 

the primary objective of the study was to segment online shoppers on the basis of their 

use of SNS and social commerce from gatekeeping perspective. Moreover, we also 

explored the characteristics of each segment by investigating the influence of 

psychographic and demographic covariates on the segment membership. By conducting 

two cluster analyses using different methods, 3 gatekeeping segments were acquired. 

According to their characteristics with respect to the gatekeeper criteria scores, they were 

named gatekeeper group, potential gatekeeper group, and uninvolved receiver group.   

6.2 CONTRIBUTION TO SCHOLARSHIP 

 Previous research on WOM and social media provides a large amount of 

knowledge about the understating of these concepts. However, few discussions were 

found on the connection between these elements and successful marketing context. As 

one of the first studies investigating the online consumer behavioral characteristics in the 

setting of social commerce, the present paper provides a unique perspective in the 

understanding of Groupon-type businesses and their consumers. A detailed analysis of 
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this emerging economic phenomenon was also discussed.  From the review of past 

literature, we noticed the lack of consensus on the definition of social commerce and 

found no articles discussing the pattern of consumer groups in this setting. Therefore, the 

present study made two contributions the scholarship. First, a clear and identifiable 

concept of social commerce was given, and second, a unique perspective on how to 

segment social commerce consumers was provided. Namely, we propose a conceptual 

model to identify the more valuable consumer groups by using the gatekeeping 

perspective. In addition, this study can also be seen as one extension of both the 

innovation diffusion and gatekeeping theory literature.  Although many related studies 

exist on various areas applying gatekeeping methods, discussions on this new online 

setting are rare.  In conclusion, by adopting the gatekeeping point of view from its 

applied areas, the findings of this research provide important aspects to the knowledge 

body of marketing strategies and contribute to a deeper understanding of online consumer 

behavior.  

6.3 APPLIED IMPLICATIONS 

While both Ward’s method and k-means method identified the one group with 

overall high scores for all the gatekeeper criteria, indicating the existence of a sizeable 

number of gatekeepers in social commerce, the results also gave some suggestions for the 

structure of the non-gatekeepers and provided ways to analyze their potential to become 

gatekeepers.  The first one is to mainly consider internal relations of these consumers, by 

extracting those with higher scores on SNS network measurement and tie strength.  This 

way leads to a balanced number of both potential gatekeepers and uninvolved receivers 
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with overall very low scores in criteria variables. The second approach segments the non-

gatekeeper group by focusing more on external relation as well as on the connection 

between external and internal relations. However, only a small number of consumers 

were identified using this method.  These two findings are important particularly for 

social commerce marketers, because they show valuable implications for selecting 

strategies aiming at increasing WOM or viral effect of social commerce promotions. 

As discussed before, gatekeepers are pivotal for the success of the social 

commerce business model. Thus, increasing the number of gatekeepers could be one 

effective way to broaden and accelerate the diffusion of the innovation process. Given the 

large relations of both internal and external networks for gatekeepers, marketers can 

achieve this goal by encouraging consumers to experience purchasing from social 

commerce or simply boost the use of SNS among their consumers.  Nevertheless, 

findings of the present study suggest potential gatekeepers with higher internal relation 

but lower external relation are more prevalent than potential gatekeepers with the 

opposite pattern of relations. Namely, there are more consumers who have the potential 

to use SNS to spread out large amounts of information but have low social commerce 

knowledge and experience, compared to consumers who have experience of purchasing 

but don’t use SNS frequently. Therefore, for social commerce marketers, the strategy of 

enhancing the understanding about social commerce among consumers or encouraging 

actual attempts to buy something from social commerce would be more effective in 

influencing more potential nodes for disseminating product information.  
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In terms of the explanatory factors, including both psychographic and 

demographic variables, results of this study show that younger consumers are more likely 

to be either potential gatekeepers or gatekeepers. This finding implies not only the 

importance of informational contribution of younger users in social commerce, but also 

the necessity of incorporating elements that can be attractive to them in order to let 

younger consumers participate in social commerce programs. For example, both Groupon 

and Livingsocial add large amount of outdoor activity deals that provide exciting and 

explorative experiences, such as sports car test driving and helicopter training courses. 

However, companies should not necessarily just focus on deal selection as other parts of 

the marketing mix are also worth paying attention to. For instance, website user interface 

designs, slogans shown in advertisement, or mobile device support are all critical factors 

for attracting younger consumers.  

In addition to demographic factors, this study highlights the influence of some 

consumer characteristics and purchase behavior.  It is suggested that decision making 

based on social outcomes, tendency to acquire more external information, coupon 

proneness have an impact on gatekeeper group membership. These traits mainly coincide 

with the fundamental characteristics implied by the conceptual model that social 

commerce gatekeepers are social network oriented and responsible for other people, that 

they are eager to explore and know more about the outside world, and that they are 

engaged in the form of social commerce promotion. For managers who are making 

marketing strategy decisions, these findings will be helpful in deciding which type of 

advertisement to use, and should be considered as valuable benchmarks when addressing 
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the role model or  advertising appeal to increase the sense of identity for mass 

consumers.  Furthermore, the results of the study suggest that while social decision 

making, external information, and coupon proneness are important for gatekeepers, deep 

understanding of the promotion strategy and marketing tactics is not necessary.  This 

finding is meaningful because it shows the difference between gatekeepers and market 

mavens.  Although both of these two types of consumers are more active than others, the 

latter tend to have higher consumer self-confidence, particularly on the ability of 

understanding marketing tactics (Bearden et al., 2001).  Thus, one implication for social 

commerce practitioners is the lower value of informing consumers about the details of 

how the strategy works, compared to the benefit of participation and excitement of the 

purchase experience. 

For marketers, one of the most significant implications of this study is the 

worthwhile perspective of using informational contribution to identify influential 

consumers in social commerce, highlighting the fundamental value-adding model of 

social commerce.  In addition, the findings of this exploratory study suggest many 

meaningful characteristics of this group of consumers as well as other segments from the 

perspective of information processing. This study is one of the first to explore social 

commerce business using the gatekeeping point of view, providing some guidance for 

practitioners to have a clear understanding of the stratification of their target consumers 

from this unique perspective. 
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6.4 LIMITATION OF THE STUDY 

Despite the unique angle and meaningful results, this exploratory study is far from 

perfect. Due to the limitation of time and resources, there are certain shortcomings in this 

research.  First of all, the use of self-report scales solely is not perfect for segmentation. 

Although many dimensions are appropriate for using survey data, for some cluster 

constructs, quantitative measurements could be more effective and accurate. Ideally, 

network based methodologies such as network analysis techniques can provide more 

specific and detailed information about both internal relation and external relation in the 

online context.  For example, visualized data description of SNS relations can clearly 

show the main components and node size, which can be compared with cluster results.   

Secondly, further study to discover the segment patterns in non-gatekeeper group 

is necessary. In the present research, we only explored this domain from limited angles 

and most of the results were only from the data. Future work could place more focus on 

the stratification of non-gatekeeper group by conducting further literature review. In 

addition, other perspective of gatekeeping theory could be adopted to build the 

connection between the gatekeepers and uninvolved receivers. 

Thirdly, given the fact that the data used in this study was collected by using only 

online survey, representativeness of the sample was undermined by some issues such as 

undercover problem and missing values. As a result, the sample collected and used in this 

study lacks the valid response of young adults aged between 20 and 30, even though age 

limitation for participating in this study was set as above 18. This constitutes a threat to 

the external validity of this research. For future studies, analysis based on sample data 
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containing more young adult respondents should be able to provide more information 

about this group of consumers. 

 

Chapter7 Conclusion 

The success of social commerce businesses such as Groupon and Livingsocial in 

recent years largely expands the group purchasing and social shopping market. More and 

more marketers and researchers are trying to understand this unique form of e-commerce, 

as well as the pros and cons for businesses to integrate this strategy into their marketing 

mix. However, one of the most critical questions is what is the core value of social 

commerce for companies? In this study, to answer this question, we first examined the 

typical elements incorporated in the social commerce business type and the 

characteristics discussed in previous studies. Then we argued that one of the prominent 

advantages of social commerce is the information dissemination process from principle 

active consumers to peripheral or new consumers, during which WOM is generated to 

boost consumer traffic. Hence, this model highlights another important research gap of 

the knowledge of consumer information contribution in social commerce. We propose 

that gatekeeping theory is useful for conceptualizing consumers who tend to disseminate 

more commercial information and WOM in social commerce, providing an important and 

valuable perspective for both researchers and practitioners. 

Based on the conceptual model derived from gatekeeping literature, the results of 

this study suggest the existence of gatekeepers in social commerce consumers. Our 
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findings suggest a sizable number of consumers were in the gatekeeper group, who tend 

to be highly active in both finding the outside source and connecting with inside social 

networks. In addition, different aspects of the potential to become gatekeepers divide the 

rest of the consumers into two groups. While the implications of this study can be helpful 

for adjusting marketing strategies, these notions could also provide a new way of thinking 

for researchers to consider online consumer behavior according to their gatekeeping 

tendency. To date, the present research is the first to explore online consumer 

segmentations using the gatekeeping perspective.   

For future studies on this topic, the consumer sample should span beyond the 

limitation of online setting and could be collected from multiple countries as well.  Since 

social commerce is moving broadly and globally, it is not only important to understand 

the difference between online and offline contexts, but also critical to know the variations 

among countries and cultures. Other research directions could be to address other social 

commerce characteristics. For example, to have a deeper understanding of online 

consumer behavior, future studies on this topic could focus on questions such as how 

does social commerce impact local economies and communities? What is the influence of 

the mechanism of daily deals on consumer behaviors? Or what other elements in social 

commerce can stimulate consumer purchase decision? 

In sum, the present study depicted a picture of a unique aspect of the social 

influence on marketing, particularly looking into information processing of social 

commerce consumers. In spite of the limitations, this exploratory research as well as the 
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attempt to generalize the cross disciplinary analyses build a connection between discrete 

discussions about social commerce and a united body for future research.   
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