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This dissertation advances a call for improving measurement in the

social science studies of political phenomena with three article-length stud-

ies. Study 1 unearths historical, qualitative evidence of an overlooked and

under-explored social group, namely tribes in the Tunisian revolution. It

highlights the durability and socio-economic survival strategies of tribes

despite decades of eradication strategies by sitting governments, as well

as their political re-emergence and mobilization at key historical junctures.

The Tunisian revolution of 2010-2011 is one such juncture, for which I pro-

vide qualitative evidence of the effects of tribal mobilization on the start

of the revolution. Study 2 builds upon this evidence of tribal survival and

mobilization by testing, in a quantitative model of protest and violence, a

measure for the Hamama tribe against baseline explanations including Is-
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lamists, Unions, Youth and other Economic, Demographic, and Social Me-

dia factors. It also considers evidence for the role of momentum, parsing

out the ways that protest and violent government repression can interact to

fuel or suppress each other. Findings support both the early role of tribal

mobilization as well as the cyclical dynamic of the dissent-repression nexus.

The key to this chapter is the utilization of new measures of tribes, protest,

and violence. Finally, Study 3 applies these measurement principles to an

existing and widely-used measure of country memberships in International

Non-Governmental Organizations (INGOs). In cross-national, quantitative

perspective, this chapter diagnoses and corrects the problem of erroneously

low or zero membership counts for new countries. These errors are most

problematic in the context of Eastern Europe and have a strong likelihood

of affecting statistical findings in many cross-national studies. Two com-

mon threads are woven throughout all three studies. The first is the asser-

tion that careful attention to measurement has the potential to substantially

revise existing social science theories and findings. The second is that poor

measurement of social science concepts in developing countries may hin-

der understanding of a variety of phenomena in other parts of the world.

Accordingly, each chapter addresses a particular omission or error in the ex-

isting literature, suggesting a regionally nuanced approach including new

data, new methods, or new measures.
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Introduction

This dissertation advances a call for improving measurement in so-

cial science studies of political phenomena with three different article-length

studies. In each of these studies, I present unique data, methods, or types of

measurement in order to reveal a previously overlooked phenomenon or to

correct an error that may affect findings in an entire social science sub-field.

First, in Study 1 (Chapter 2), I undertake the difficult task of un-

earthing historical, qualitative measures and indicators of Tunisian tribes.

I do so in order to explain some of their social and economic survival strate-

gies during periods of repression as well as their political re-emergence and

role in launching the Tunisian revolution of 2010-2011. The key to this sur-

vival is tribes’ maintenance of “kin-based solidarities,” a concept first de-

veloped by Mounira Maya Charrad (2001, 2011).

Next, in Study 2 (Chapter 3), I build upon this analysis to test the cor-

relates of tribes, specifically the Hamama tribe, in the Tunisian revolution.

Here I build a unique sub-national dataset on protest and violence in the

Tunisian revolution in order to test a variety of new and existing theories

about this revolution. Although the methods are different, and the outcome

is revolutionary events (protest and violence) rather than women’s rights,
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here I also owe a debt of gratitude to Charrad’s historical work on tribe-state

relations in North Africa, which showed how they can be determinant of

political outcomes (2001). I conclude that there is quantitative evidence that

tribes played an initial role in incubating the revolution, and that dissent-

repression dynamics of regime violence and mass protest fueled each other

in escalating a local, tribal revolt into a national revolution.

Finally, in Study 3 (Chapter 4), I change focus from sub-national to

cross-national political phenomena, and apply some lessons learned from

these first two studies to a measurement problem in the case of country

memberships in INGOs (International Non-Governmental Organizations).

Using outlier diagnostic techniques, I reveal a problem of missing data for

new countries in the world system, demonstrate how it has impacted find-

ings in prior research, and offer a set of corrective prescriptions. Studies

1 and 2 are closely intertwined with their thematic focus on the Tunisian

revolution. But each study is different in its theoretical and methodological

focus. Two common threads unite all three studies. The first is the assertion

that careful attention to measurement has the potential to change theoretical

assumptions and findings in social science research. And the second is that

contemporary social science has significant short-comings when it comes to

extending existing measurement models to the developing world.

In Study 1, the task at hand is demonstrating the plausibility of the

role of tribes in the Tunisian revolution, which runs counter to decades of

2



denial of the existence of tribes by the Tunisian government as well as over-

sight by scholars and practitioners. Many had assumed that Tunisia could

undergo “modernization without modernity, and growth without develop-

ment” (Boutaleb 2012).1 These assumptions derive from an excessive focus

on Western political developments in previous generations of scholarship.

In contrast, I argue that tribes continued to survive despite fierce regime at-

tempts to eradicate them. They did so through a combination of social and

economic self-help, and “local patrimonialism” (Charrad 2011). I also offer

evidence that politically submerged tribes re-emerged at critical historical

moments. Most importantly they re-emerged to help launch the initial, sus-

tained revolts that led to the Tunisian revolution of 2010-2011.

While measurement is not often considered as closely in qualitative

studies as in quantitative research, it is the crux of the matter in Study 1

because of the scant literature in the social sciences focusing on Tunisian

tribes, as well as because of tribes’ strategic use of dissimulation to inter-

mittently downplay their kin-based solidarities. Thus, I lean on sightings of

tribes and kinship structures in a variety of disciplines including anthropol-

ogy, economics, local development, medical research, and others in order to

1 Of course, scholars have studied the role of tribes in political mobilization in Tunisian
history (Charrad 2001), or in more contemporary politics in other countries (Boltanski 2011;
Dukhan 2014). One brief article that addresses the question of “tribes and tribalism in the
Arab Spring” omits mention of Tunisia entirely (Fattah 2011). But no studies in recent
decades have focused on tribal politics in contemporary Tunisia after the time of inde-
pendence and state-building. In addition, such prior studies have tended to focus on the
state-side of state-tribe relations.
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understand the survival and political re-emergence strategies of tribes. For

example, it is a significant indicator of tribal activity when land manage-

ment researchers in 2014 found that the tribal geographic boundaries and

kinship structures of 25 tribes in Southern Tunisia remain intact and largely

unchanged since 1913 (Nefzaoui, Elmourid, and Louhaichi 2014). And the

local importance of tribalism is apparent when a local Shaykh was needed

to negotiate local water rights peacefully (Hopkins 1990). Both of these ex-

amples offer insight into the continued local political role of tribes. The

measurement issue is how to observe and assess tribes when they are no

longer as autonomous and powerful as they once were and cannot call all

of the political shots in their own local territories. Moreover, tribe strength

and kin-based solidarities may be as uneven across the Tunisian landscape

as economic development, something that is likely not a coincidence.

Taken as a whole, the qualitative evidence in this study presents a

compelling image of tribal survival strategies under an authoritarian regime

and points to ways to assess this survival. Although the application of these

measures to tribes in contemporary Tunisian politics is new, the indicators

themselves borrow from experts who have studied tribes and kin-based sol-

idarities extensively (Charrad 2001). This study also demonstrates plausible

mechanisms for tribal mobilization at critical historical junctures such as the

outset of the 2010-2011 Tunisian revolution. And it issues a call for more fo-

cus on direct political studies of tribes in Tunisia and elsewhere.
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Study 2 is closely linked with Study 1, and not only because of their

common focus on Tunisia and its revolution of 2010-2011. The two stud-

ies go hand-in-hand as they both present evidence necessary to overcome a

double skepticism about (1) the continued political existence and viability

of Tunisian tribes, and (2) the specific role played by tribes in the earliest

phase of the Tunisian revolution. With evidence of continued tribal activity

firmly established in Study 1, Study 2 goes on to test the hypothesis of tribal

mobilization at the outset of the revolution in sub-national statistical mod-

els while controlling for a variety of well-known theories. Demographic

and economic factors such as unemployment and a youth bulge are con-

sidered, as well as proxies for social media such as household rates of cell

phone and computer access. In addition, social group measures capture lo-

cal support for Islamists with post-revolution election results or local pres-

ence of Tunisia’s main workers’ union with geo-coded yellow pages data

on local HQs. And outcome variables related to local protest, violence, or

casualties on each of the first 75 days of the revolution are measured with a

combination of human-coded and machine-coded political events data, as

well as geo-coded casualties data from a truth and reconciliation commis-

sion report in Arabic. These baseline models include measures of common

theories related to the underlying causes of the Tunisian revolution.

The omission of tribes in nearly all literature on the Tunisian revolu-

tion of 2010-2011 is a legacy of the same type of social science measurement

5



issue in developing countries mentioned above with reference to Study 1.

Thus, in my full models, I include a measure for a particular tribe that

stands out in qualitative evidence about the start of the revolution. The

Hamama tribe is measured using map-matching of administrative districts

and ethnographic tribal maps. These models are augmented with tempo-

ral and spatial lag variables considering the effects of local or neighboring

protest and violence in previous days on the probability of protest, violence,

or casualties in a given district on a given day. On the whole, these inno-

vative sub-national measures offer a way of testing both new and existing

theories in the context of a revolution growing in both intensity and geo-

graphic spread over the course of time. The main findings indicate that,

as hypothesized, the Tunisian revolution did grow from a local, tribal re-

volt by the Hamama tribe, into a national revolution. They also indicate

that much of the growth in intensity across space and over time was fueled

by a peculiar interaction of the dissent-repression nexus, with protest and

government violence fueling each other.

Studies 1 and 2 both share a sub-national focus, and are particularly

concerned with the measurement of concepts for which no measures are

readily available. They entail digging in the historical record of various dis-

ciplines or creating innovative measures from diverse online or government

sources. In Study 3, I zoom out to a cross-national focus and apply these

same careful measurement considerations to the study of an existing and

6



commonly used measure: country membership in INGOs. This study also

deals with a problem of poor measurement in developing countries. Sim-

ply put, INGO datasets, which are commonly used in many cross-national

studies of world polity or world society, contain an evident lag in data col-

lection that particularly affects new countries entering the world system, re-

sulting in erroneously low or zero membership counts for these new coun-

tries. Low or zero counts impact cross-national statistical findings, deflating

statistical significance of this key measure of world society embeddedness.

After diagnosing and explaining this problem, I propose a solution using

multi-level, time-series imputation of these low and zero counts, replacing

them with more realistic predicted counts. I then demonstrate the signifi-

cance of this correction with replication tests of a previous study in the field

of world polity/world society.

A major tenet of world polity/world society theory is that countries

with more centrality and more ties to the world civil society network of IN-

GOs should exhibit greater conformity with world norms (mainly Western

norms) on issues regarding human rights, women’s rights, and the environ-

ment, among other issues (Boli 1987; Boli and Thomas 1999; Cole 2005). But,

lack of attention to proper measurement of these ties for new, developing

countries, which often entered the world system much later, is particularly

evident in the entry of a large number of Eastern European countries into

the world system all within a few years in the early 1990s. Upon indepen-

7



dence, all come into the data (into the world system) with few or zero ties,

which is not remotely reasonable considering only a cursory understanding

of the history of the region. Findings bear this out, with evidence of prior

pre-sovereignty ties and early post-sovereignty ties for these new Eastern

European countries, as well as significant differences in overall effects of

this measure in models using my proposed correction. Thus, identification

and correction of this error are important due to its potential impact on large

numbers of cross-national social science studies that use this measure.

Altogether, these three studies help us to understand how poor mea-

surement in developing countries may lead researchers to inappropriately

measure or overlook phenomena that would enhance our understanding of

a range of political outcomes including social movements, revolutions, and

policies closely related to the balance between world society embeddedness

and national sovereignty. Study 1 offers ways to consider historical and

qualitative measures of social groups such as tribes, even when their very

existence is threatened by the state, they are nearly universally overlooked

in the social science literature on politics, and they may even dissimulate

their own existence. Study 2 demonstrates techniques for building new

datasets on sub-national social movements and revolutions, leaning on a

wide variety of sources for direct and proxy measures for social groups and

factors, as well as the importance of derived measures such as temporal and

spatial lag variables for modeling complex interactional theories. Finally,

8



Study 3 draws attention to the need to consider potential measurement er-

rors and corrections for these errors, even in data that is already widely

used in academic research. Despite the variety of topics and methods, all

three studies demonstrate that careful attention to measurement can yield

findings that contrast existing assumptions and prior findings.
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Study 1:

The Strength of Strong Ties: Tribes, Kin-Based

Solidarities, and the Tunisian Revolution

Abstract

A sudden and sustained uprising led to the Tunisian revolution of 2010-2011 and
launched a series of revolts known as the Arab Spring. This initial uprising, which
caught most scholars by surprise, was mobilized in part by one social group nearly
universally neglected in the literature on contemporary Tunisian politics and the
Tunisian revolution: tribes. From whence did such kin-based solidarities, thought
extinct by many, re-emerge to kindle a revolution? In this paper, I present qualita-
tive and descriptive quantitative evidence of the role of the Hamama tribal confed-
eration in the early protests and riots that grew into the Tunisian revolution. I then
consider historical evidence of the continuous activity of tribes in Tunisia’s central
provinces, and critique state-centric approaches that led to this oversight. Leaning
on the theoretical and historical work of Mounira Maya Charrad on tribes and “kin-
based solidarities” (2001, 2011), I argue that Tunisian tribes survived, and in some
cases thrived through a combination of social network maintenance, economic self-
help, and political engagement through “local patrimonialism” (Charrad 2011). In
these ways, they cultivated social capital in the form of kin-based solidarities that
could be converted into political mobilization in moments of crisis.
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Introduction

In the past few years, a growing academic literature on the Arab

Spring uprisings of 2010 and 2011 has enriched our collective understand-

ing of revolutions in a new regional, cultural, and political context. In

the case of the Tunisian revolution, scholars have offered several explana-

tions for the initial uprising and eventually successful revolution, including

macro-level demographic (youth) and economic (unemployment) factors,

structural factors about regime stability and the role of institutions like the

army, and the role played by social groups organized along horizontal ties

such as Unions and Islamists. The social movement framing that emerged

from intense protests focused on freedom and dignity, with an emphasis on

economic opportunity and an end to corruption. These themes reverberated

in protests throughout the region. All of these are undoubtedly important

aspects in explaining the Tunisian revolution that launched the Arab Spring.

But recent social science literature on this revolution joins a long tradition

of social movements and revolutions studies in overlooking one key actor:

tribes. This study aims to highlight the role of tribes in launching the sus-

tained uprising that led to a revolution and offer a plausible theory of how

they survived as submerged kinship networks to re-emerge at this critical

historical moment.

One scholar of Arab tribes describes the problem in this way:
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Arab political thought and practice are not yet sufficiently aware of
the historic role of the tribe, which has had an influence over a long
social and economic history, and affected the shaping and behavior of
political elites, especially during the phase of the building of the nation-
state, which lasted more than two-thirds of a century. With some ex-
ceptions2, there are insufficient numbers of serious studies of this ques-
tion, whether among political actors or intellectual and scholarly elites:
most of these have endorsed the notion that we are witnessing modern-
ization without modernity, and growth without development, believ-
ing that this modernization has succeeded in uprooting or neutralizing
traditional structures during the wave of liberation from colonialism
and the construction of nation-states. Even many of those who have
discussed the influences of the tribal question have not liberated them-
selves from either academic formulas’ constraints or their fear of risking
the difficulties of the field. (Boutaleb 2012)

This is an accurate and concise summary of the state of the literature on

the Tunisian revolution and contemporary Tunisian politics. There are no

recent social science studies which make Tunisian tribes their main focus.

Indeed, only a very small handful of scholars have briefly mentioned in

passing that tribes, families, and kin-groupings may have played a role in

this revolution (Mabrouk 2011; Saidani 2012; Alexander 2016).

In Study 2 of this dissertation, I present quantitative evidence about

the early mobilization role played by Tunisian tribes in launching a sus-

tained uprising that led to this revolution. Here, I compliment that quan-

titative evidence by presenting plausible qualitative indicators of a tribal

role in mobilizing early protests. But my main focus in this study is on the

2 See (Boutaleb 2012) for a brief caveat.
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historic mechanisms of survival of Tunisian tribes as submerged kin groups,

and their political re-emergence at critical historical moments such as in this

revolution. In this study, I make three main claims, described below.

First, I argue that specific tribes, particularly the Hamama, actively

mobilized the early protests of the Tunisian revolution, engaged in tribal

violence in competitions over resources, and later negotiated with political

parties in the first post-revolutionary elections. In order to substantiate this

claim in the face of a not inconsiderable amount of skepticism on the part

of scholars, I present both quantitative and qualitative evidence of the role

of tribes in this revolution. I begin with a review of the literature on the

Tunisian revolution in order to relate the canonical narrative of the Tunisian

revolution, in both the media and academic work. Tribes are conspicuously

absent in this literature. I also present a counter-narrative, which considers

the crucial “slap,” missing in other accounts, which was interpreted as a

personal and tribal dishonor by members of Mohammed Bouazizi’s family

and tribe. Supporting this narrative, I offer a summary of quantitative and

qualitative evidence that the Hamama tribe may have played a role in the

initial protests that started a revolution.

Before continuing with more historical analysis on state-tribe and

tribe-state relations, I take a brief detour with a deeper look at contemporary

conceptualizations of tribes and kin-based solidarities. This, I hope, will as-

sist the reader with understanding tribes as both an “ancient adaptive re-
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sponse” and contemporary “identity networks” held together by both real

and fictive kin ties. Cohesive kin-based solidarities are the glue that holds

these networks together and can be used for political mobilization under

the right conditions.

Second, I demonstrate that detribalization was an explicit but failed

policy under both the Bourguiba and Ben Ali regimes, Tunisia’s only two

Presidents from independence in 1956 until its revolution of 2010-2011. It is

common knowledge that Bourguiba aimed to eradicate Tunisian tribes. But

few scholars have either evaluated Bourguiba’s claims to have succeeded,

or analyzed continued attempts to detribalize Tunisian politics and society

even during the Ben Ali years, or even after the Tunisian revolution. In this

second section, I delve deeper into the historical record of Bourguiba and

Ben Ali’s state strategies to initially eradicate tribes, followed by their later

attempts at co-opting tribal and religious leaders and incorporating them

into the state through “retraditionalization.” I also comment briefly on the

tribal or clan-like nature of both of these regimes themselves, which exhibit

some aspects of tribalism, all while denying its existence.

Third, in the last section, I offer evidence that tribes survived outside

of the state sphere and under the political radar despite extreme pressure

from the Bourguiba and Ben Ali regimes, and denial of their existence by

both regimes and scholars of Tunisian politics. In contrast to the predom-

inant state-centric focus in much of the literature on state-tribe relations, I
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consider the other side of the coin, namely the survival strategies and main-

tenance mechanisms of Tunisian tribes. Tribes have employed a variety

of strategies in order to survive and remain intact, including an emphasis

on traditional social and marriage practices, and frequent communication

and visitation among female members of the tribe or kinship group. They

have also engaged in economic self-help, and cooptation of state resources

through local patrimonialism. The submergence of tribal networks under

the political radar is an aspect of all of these strategies in the face of an op-

pressive regime, as tribes wait for a more critical or opportune political mo-

ment. This can include downplaying or denying the very existence of tribes

and tribalism, even while tribal networks permeate other social groups and

structures.

Finally, in the discussions and conclusions, I summarize and recapit-

ulate these findings, and reconnect them to the broader literature on social

movements, social networks, and revolutions. Plausible evidence that tribes

may have helped launch the Tunisian revolution has a number of important

implications for political studies not only of Tunisia but also for broader so-

cial movements and revolutions literature where kin-based solidarities may

force scholars to rethink their assumptions about social networks and social

ties, much of which are based on Western experiences. It also has important

potential to influence the trajectory of social science research on political

questions around the Arab region.
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The Slap Unheard Round the World

The American Revolution was famously inaugurated with a “shot

heard round the world,” immortalized in a poem by Ralph Waldo Emer-

son (Emerson 1837). In contrast, the Tunisian revolution, that launched the

region-wide uprisings known as the Arab Spring, was ushered in with a

slap, of which few outside the town of Sidi Bouzid took notice. The canon-

ical narrative of the Tunisian revolution typically begins when vegetable

vendor Mohammed Bouazizi lit himself on fire in protest at the corruption

and economic injustice of having his vegetable cart confiscated by police

when he couldn’t afford a bribe (Alexander 2011). This reading, common in

both media and academic accounts, captures a set of meanings later derived

by many participants in the Tunisian revolution and other Arab Spring up-

risings. Yet, it neglects important elements essential to understanding the

“spark that started the prairie fire” of the Tunisian Revolution (Kuran 1989).

This standard media and academic narratives omit the initial slap

that set in motion a chain of events culminating in the Tunisian revolution.

As a result, it also overlooks the cultural and tribal dimensions of the re-

sponse to Bouazizi being publicly slapped by a woman police officer who

also insulted his dead father (Sayre and Yousef 2016).3 This event was seen

3 There is some dispute as to whether the slapping incident actually happened. The
woman police officer, Faida Hamdi, maintains that she did not slap Mohamed Bouazizi,
and the case against her was ultimately dropped by the mother of Bouazizi in April 2011
in the interests of post-revolutionary reconciliation. Its existence or lack thereof does not
change the fact that the slap narrative was believed and perceived as a dishonor by his kin.
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by some as dishonoring Bouazizi’s Hamama tribe, which rose up to protest

this injustice (Abouzeid 2011). Of course, I do not argue that one slap lit-

erally caused a revolution. Few outside of Sidi Bouzid were aware of this

version of the incident. Rather, this gesture was symbolic of state-society,

which is to say state-tribe, relations in this neglected hinterland province

of Tunisia. It also offers a window into the perspective of kin-based so-

cial groups (tribal confederations, tribes, clans, families) that mobilized and

sustained the initial revolt that made possible the Tunisian revolution. This

event was clearly the straw that broke the camel’s back for Bouazizi and

appears to have been the same for his kin.

Events after this slap accelerated very quickly. Bouazizi was hospi-

talized the same day, the 17th of December 2010 from burns sustained dur-

ing his self-immolation protest in front of the town hall of his hometown of

Sidi Bouzid. “The same day, members of Bouazizi’s family, accompanied

by trade unionists, marched to police headquarters to express their anger”

(Sayre and Yousef 2016, 122). Bouazizi died 18 days later on the 4th of Jan-

uary 2011. Belying the tribal perspective, his uncle vented, “To be slapped

by a woman, in the middle of the street, it can burn you up inside. With us,

the Hamama [tribe], that is intolerable” (Ayad 2011). Videos of Bouazizi’s

protest were quickly posted on social media by his cousin (Mackey 2011; El-

His mother insisted his self-immolation protest was a response to his humiliation at the
hands of police, and not a statement about their family’s poverty (Wikipedia Contributors
2016b).

17



Khawas 2012). As protests grew along with violent government repression,

this rebellion initially remained local, and I argue, a tribal affair.

All evidence confirms that initial spread of protests and government

crackdown outside of Hamama areas was minimal for at least the first 10

days of the revolution. In reality, it was not until the 4th of January 2011,

the day of Bouazizi’s death, that Tunisia’s largest labor union, the UGTT

(Union Générale des Travailleurs Tunisiens) finally declared its public sup-

port for regime change and that this local revolt became a national revolu-

tion (Toensing 2015). Even then, the massive nationwide wave of protests

and government (mainly police) violence that led to the ouster of a dicta-

tor had to await the green light of the 10th of January 2011, when the head

of Tunisia’s Army, General Rachid Ammar, made a radio address declar-

ing the army’s neutrality and giving soldiers orders not to fire on civilians

(Tunisie Numérique 2014). This was a full twenty-four days after the rev-

olution began, and two weeks after it began to spread outside of Hamama

areas.

Academic Accounts of Tunisia’s Revolution

Just as in the media, academic explanations of the Tunisian revolu-

tion have overlooked the early role played by kin-based, tribal groups in

launching and sustaining the initial revolt that led to this revolution. Recent

work has considered the question of tribes and tribalism in Arab Spring up-
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risings and conflicts in Syria, Libya, and Yemen (Dukhan 2014; Baxley 2011;

Fattah 2011). In contrast, scholarship on Tunisia, the birthplace of the Arab

Spring, has barely made mention of the phenomenon. Out of more than

two dozen scholarly articles, over half a dozen academic books, and count-

less media pieces written about the Tunisian revolution of 2010-2011, only

a small handful referred to tribes in the context of the revolution. One very

recent book quoted a local scholar from Sidi Bouzid who spoke of the histor-

ical underdevelopment of the region, saying that “As people lost confidence

in national institutions like the state and party, they relied more heavily on

identities grounded in region, family, and tribe” (Alexander 2016). Another

article makes only a passing reference to “mobilization of whole families

and tribal communities” while speaking of early protests in Sidi Bouzid

and Kasserine, before returning to a discussion of socio-economic issues

(Saidani 2012, 46).

One other regional studies article gives a bit more attention to an

early mobilization by “families, kin-groups, and tribes... as spontaneous

gatherings sharing emotion and passion of mutual deprivation and anger

at the former regime.” The author then laments that less than a year later,

“the collective social and political awareness engendered by the protests has

disappeared, to be replaced by regionalism and tribalism” (Mabrouk 2011,

631-633). According to Mabrouk, there seems to have been a critical period

in January and February 2011 in which most otherwise competing socio-
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political groups were in solidarity and agreement on the ouster of Ben Ali

and the rest of his old regime. This brief flowering of collective awareness

was quickly replaced by old loyalties, including kin-based solidarities. But

in each of the few cases where tribes were mentioned in scholarly works

on the Tunisian revolution, it was merely a passing reference, before return-

ing to other perspectives more apt to be taken seriously in the literature on

revolutions (Sayre and Yousef 2016; Khosrokhavar 2016).4

Instead of considering tribes and tribalism, the growing literature on

the Tunisian revolution has tended to focus on the activities of other so-

cial actors. These include the Tunisian army (Aleya-Sghaier 2012; Saidani

2012), labor unions such as the UGTT (Union Générale des Travailleurs

Tunisiens) (Aleya-Sghaier 2012; Zemni 2013), and Islamist groups such as

Ennahdha (Allani 2009; El Amrani and Lindsey 2011; Feuer 2012; Cavatorta

and Haugbølle 2012; Stepan and Linz 2013; Tanriverdi 2011; Usher 2011).

Most scholars have argued that socioeconomic (Gana 2012; Honwana 2011;

Kaboub 2014; Khalil 2014), demographic (Al-Momani 2011), and social me-

dia factors (Halverson, Ruston, and Trethewey 2013; Wulf, Misaki, Atam,

Randall, and Rohde 2013; Marzouki, Skandrani-Marzouki, Béjaoui, Ham-

moudi, and Bellaj 2012; Breuer, Landman, and Farquhar 2014) set the stage

4 It is important to note here, that there is one recent work on Tunisian politics, which
took the tribal phenomenon seriously, although it focused more broadly on “retraditional-
ization” including government engagement with religious and tribal leaders. This is Liber-
alization Against Democracy: The Local Politics of Economic Reform in Tunisia by Stephen Juan
King (2003), to which I will refer later in this study.
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for this revolution, which was fueled by protests by youth and labor unions,

and captured by Islamist parties during subsequent elections. In this view,

a perfect storm of conditions including a large, unemployed youth pop-

ulation, socio-economic inequality exemplified by the in-between stage of

“waithood,” between childhood and adulthood (Singerman 2007; Salehi-

Isfahani and Dhillon 2008; Honwana 2011), and access to social media such

as Twitter and Facebook (Howard, Busch, and Cohen 2010; Howard and

Hussain 2011; Khondker 2011; Stepanova 2011; Wagner 2011; Wagner 2012),

all converged to make this revolution possible. This literature speaks of the

Tunisian revolution as a revolution in two stages. The first stage was led

by unemployed youth protesters, facilitated by social media, and organized

with the help of labor unions. This uprising ultimately toppled a dictator

and consolidated revolutionary gains by removing his old regime, thereby

ensuring a democratic succession. The second, longer stage culminated in

the capture of this revolution by Islamists, particularly the well-prepared

Ennahdha party, in the first democratic Tunisian elections for the Constitu-

tional Assembly held in October 2011.

Despite the lack of recent social science and politics literature on

Tunisia’s tribes, they have been well documented in other fields, even in

recent years as we shall see. This neglect of the tribal element in Tunisian so-

ciety derives from scholars’ acceptance at face value of Bourguiba’s claims

to have eradicated Tunisian tribes. And this easy acceptance is due to at
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least two erroneous assumptions about Tunisian, one concrete and the other

theoretical. Concretely, Tunisia was perceived to be the most modernized,

economically advanced, and Westernized of Arab countries. These concrete

assumptions about Tunisia’s modern economic development went hand in

hand with a legacy of theories that suggested modernization and develop-

ment would erode traditional ties in favor of more horizontal and associa-

tional ones.

Tunisia’s Uneven Economic Development

Tunisia was the poster child for economic “liberalization” without

political liberalization, a Chinese model of development that many an Arab

dictator dearly wished to emulate. The following quote from the African

Development Bank captures well the prevailing views of both scholars and

international development practitioners:

For decades, Tunisia has been considered one of the success stories on
the African continent. Sound macroeconomic alongside impressive so-
cial management accomplishments set Tunisia apart as one of the most
robust performers in Africa. This perception was cemented by the coun-
try’s progress in recent years, including its brisk recovery from the
2009 economic crisis characterized by a GDP growth of 3.7% in 2010
and impressive progress towards achieving the Millennium Develop-
ment Goals (MDGs). This led many to believe Tunisia was, by-and-
large, a sustainable good practice development model. (AfDB 2011)

The problem with this view of Tunisia, which largely explains ex-

perts’ and scholars’ failure to predict the Arab Spring or its origins in Tunisia,
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is that Tunisian economic and political development was very lopsided. The

capital city of Tunis and the Northern and Eastern coastal cities had a rather

robust middle class and low levels of unemployment, as did certain touris-

tic locales such as the island of Djerba. Access to modern amenities was

impressive. For example, the Tunisian census of 2004 noted that more than

60% of households in the capital of Tunis had at least one cell phone and

14% had a computer, compared to 36.7% of households with a cell phone

and just 1.3% with a computer in the province of Sidi Bouzid (INS 2004).

Study 2 provides shaded choropleth maps in Figure 3.3, which show that

there were vast disparities among regions of the country in other indica-

tors of development as well, including rates of unemployment, business

growth, and university education. The remote areas of Sidi Bouzid and

other “governorates of the interior, popularly labeled ‘areas of darkness,’

had been systematically neglected by the regime and were characterized

by profound social and political isolation, rampant economic deprivation,

and a youth unemployment rate nine times that of the capital” (Sayre and

Yousef 2016).

Many international development practitioners were well aware of

the situation but were hampered in their efforts to shed light on regional

disparities by the centralized authoritarianism of the Ben Ali regime. For

example, the French translation of the English word “decentralization” is

“décentralisation.” But when international development experts attempted
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to bring decentralization best practices to their work in Tunisia, they were

required instead to do “régionalisation,” working only through centrally

appointed regional governors. The regime would offer no power or bud-

get decisions to local authorities. Another telling example occurred in 2009

when an international development organization had completed a final draft

of an important national development report, which highlighted regional

development disparities in Tunisia. But they were prevented from publish-

ing the report and kept it under wraps when the regime did not like its

factual conclusions.5 We must be careful, however, about assuming that

these economic disparities were actually the main catalysts of revolution.

Theories of deprivation or relative deprivation are directly contradicted by

theories of resource mobilization, and the town of Sidi Bouzid itself is not

the poorest of districts in Tunisia. Furthermore, statistical findings in Study

2 find strong associations between revolutionary outcomes and tribal areas

than with economic and demographic indicators.

Horizontal vs. Vertical Ties

These concrete assumptions overlooking Tunisia’s uneven develop-

ment are bolstered by a long theoretical tradition of focusing on horizontal

5 Both of these examples of the Ben Ali regime co-opting the agendas of international
organizations are attested by the author’s personal experiences working in international
development either in, or focused on, the Arab region, or the experiences of colleagues as
they related them.
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and associational ties in revolutions. Classical 19th and 20th-century litera-

ture on revolutions often assumed that major political upheavals were more

likely after a period of “disorientation suffered by those who cut traditional

social ties” (Tilly 1973, 9). This process of detachment from traditional (ver-

tical) ties, and growing attachment to associational and horizontal ties was

considered part of a classical model of political conflict and revolution de-

picted in Charles Tilly’s vintage (and self-designated “crude”) sketch in Fig-

ure 1.1. In essence, “the larger the discrepancy between institutionalization

and modernization, the greater the disorder. At the extreme lies revolution”

(Tilly 1978, 1.13).

Much of Tilly’s work centered on European history, where these pat-

terns were observed. Yet, he was prescient enough to acknowledge the limi-

tations of these assumptions long before modernization theory was dead. In

a 1973 working paper, he noted that theories of revolution at that time were

too dependent on Western experiences, and an assumption that other parts

of the world were also moving “willy-nilly toward a condition of strong

states and weak corporate solidarities” (1973, 114), which might prove to be

inaccurate. Elsewhere, he pointed to exceptions, noting that “many African-

ists... have noticed the strengthening of the ostensibly traditional groups

which outsiders call ”tribes” with the growth of new states” (Tilly 1978,

3.38). More recent scholarship on kin structures in developing societies has

called into question the relationship between kinship and modernization,
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finding that modernization may have only marginal effects on the economic

roles of traditional kinship groups (i.e. tribes), while it can leave their polit-

ical and social roles intact (Al-Haj 1995).

Despite a growing focus on revolutions in the periphery in third and

fourth generation revolutions scholarship, many of these assumptions of

classical or modernization theory continue to permeate the work of schol-

ars of revolution. Even in the very recent literature on revolutions, there is

a common assumption that “‘horizontal’ ties with other segments of society

are in most cases a likely antecedent to mass mobilization” (Thurber 2013,

11). These assumptions are particularly evident in work on the Tunisian rev-

olution, which has overlooked local, communal, vertical, and tribal ties in

favor of a nearly exclusive focus on horizontal, associational ties to groups

such as unions and Islamists, or more vacuous “ties” through social me-

dia. These theories are generally insightful, but they fail to account for both

qualitative and quantitative evidence which confirms that initial uprisings

were isolated to districts that are home to one particular tribe, the Hamama

tribal confederation, and other indications that tribes may have been im-

portant mobilizers of initial protests. Tilly cited one of his contemporaries

to explain the mechanism through which such mobilization might proceed:

“the more segmented a collectivity is from the rest of the society, and the

more viable and extensive the communal ties within it, the more rapid and

easier it is to mobilize members of the collectivity into an opposition move-
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ment” (Oberschall 1973, 129) as cited in (Tilly 1978, 48). In Study 2, I argue

and provide evidence for a neglected initial phase of this revolution, con-

sisting of tribal revolt in the central Tunisian provinces. Along with the two

other phases of mass mobilization and Islamist takeover described by other

scholars, this hypothesis would make the Tunisian revolution a three act

play. Here in this paper, my focus is on understanding the durability of

tribal ties and networks that made these initial revolts possible. But I will

first discuss some of the evidence for this initial tribal mobilization phase.

Tribal Mobilization During the Revolution

The above discussion of the neglect of tribes in recent studies of

Tunisian politics and this revolution stands in stark contrast to well-known

comparative-historical works that have attributed an important political

role to tribes in Tunisia in pre-colonial and French mandate times, as well

as an important albeit attenuated role in state-formation at the moment of

independence (Charrad 2001). The main purpose of this study is not to sug-

gest that the role of tribes was more central in the Tunisian revolution than

other groups such as unions or Islamists. Such analysis is a task much bet-

ter suited the spatial and temporal, quantitative analyses in Study 2. Rather,

this paper aims to provide sufficient evidence that tribes did indeed play a

role in initial mobilizations, and to offer a plausible theory for the surpris-

ing durability of these tribal social groups in a hostile political environment
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and their ability to re-emerge and mobilize in the current era. Combined

with Study 2, this paper does offer compelling evidence that the Tunisian

revolution began as a local, tribal revolt, primarily by the Hamama tribal

confederation, before spreading and growing into a national revolution gal-

vanized by other groups.

A quick glance at the maps in Figure 1.2 shows clear geospatial cor-

relation during the first two weeks of the revolution, between measures of

this growing revolution and the districts (d’el’egations) known to be home

to Bouazizi’s Hamama tribe. Most of the districts that experienced protest,

government violence, and casualties, or first onset (of any of the above) dur-

ing December 2010, coincide with the ancestral homeland of this Hamama

tribe (tribal confederation).6 In fact, as is clear in the bar graphs in Figure

1.3, in the first 10 days of the Tunisian revolution, more than 80% of dis-

tricts experiencing protest, more than 70% of those experiencing violence,

and 85% of those reporting casualties were districts home to the Hamama

tribe. The bar graphs in Figure 1.4 show raw counts of active districts per

day. Here we can see that, even if non-Hamama districts eventually grew

to eclipse Hamama districts in the revolution, it was not until mid-January

6 Hamama tribal areas were coded from a 1981 ethnographic map of Tunisia (Herzog
1981), overlaid with a recent district map of Tunisia (University of California, Berkeley
2015). As shown in the rest of the paper, there is abundant evidence of the continued
existence of tribes, and little reason to suspect any major changes to the territory of the
Hamama tribe since 1981. In particular, economic stagnation in the region would make it
an unattractive destination for labor immigration. Out-migration from Hamama districts
to the capital of Tunis or foreign destinations was a more common occurrence.
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2011, on the eve of the January 14th ouster of the autocratic ruler Zine El

Abidine Ben Ali that these other districts joined the revolution en masse.7

Such evidence of tribal mobilization does not preclude the role of other so-

cial groups and networks, such as Unions and Islamists. But it is important

to point out that these other non-kin groups themselves can often be per-

meated with kin-based ties and affiliations, as it is common for tribes and

clans to join or capture other organizations (or even states) to further their

group aims (Hudson, Bowen, and Nielsen 2015, 538).

The Figures at the end of this study offer only descriptive analyses

with spatial (Hamama vs. non-Hamama districts) and a temporal (day/date)

dimensions. But the anecdotal qualitative evidence mentioned in the nar-

rative above clearly points to a mechanism for tribal mobilization. And

the more advanced quantitative analyses of Study 2, demonstrate that the

correlation between Hamama districts and a number of revolutionary out-

comes (protest, violence, casualties, or first onset) during the early part of

the revolution is robust even when controlling for a host of control variables,

including temporal and spatial lag variables for recent local or nearby activ-

ity. To state it more simply, Hamama districts remain a strong predictor of

7 Data in Figures 3.2, 3.3, and 3.4 are from Study 2 in this dissertation. CASUALTIES
data comes from a Tunisian government truth and reconciliation report produced by the
new post-revolutionary government. PROTEST data is extracted from two political event
databases: (1) the machine-coded GDELT (Global Database of Events, Language, and Tone)
and (2) the hand-coded ACLED (Armed Conflict Location & Event Data Project). VIO-
LENCE data is derived from a combination of all three of the above sources (government
report, GDELT, and ACLED). And FIRST ONSET data catalogs the first occurrence of any
of the above three variables (CASUALTIES, PROTEST, or VIOLENCE).
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revolutionary activity during the first part of the Tunisian revolution, even

when controlling for a host of other explanatory factors such as Unions and

Islamists, economic deprivation, youth demographics, and internet access

via the proxies of cell phones and computers. Due to this lack of political

focus on tribes in Tunisia. The remainder of this paper leans heavily on in-

terdisciplinary secondary sources in English, Arabic, or French including

an assortment of ethnographic, anthropological, economic, demographic

and medical studies have shown overwhelming evidence of the continued

durability of tribes. Probably the main reason why the idea of tribes launch-

ing the Tunisian revolution in 2010 comes as such a surprise to scholars of

Tunisian politics, is because the Tunisian regime had credibly claimed to

have eradicated them. The regime did not, in fact, succeed in eradicating

tribes, as we shall see.

Tribes and Kin-Based Solidarities

The narrative above, along with quantitative and qualitative evidence

and tribal sightings in media and non-political academic accounts should

provide sufficient evidence to convince skeptics that tribes at least still ex-

isted as social groups at the time of Tunisia’s revolution and that they were

capable of mobilizing protests among their kin. In the remainder of paper,

I will demonstrate that tribes survived post-independence using a range of

socio-economic strategies that allowed them to resurge and mobilize polit-
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ically at critical historical moments such as the revolution. However, it is

important to first clarify the concept of “tribe” in the context of contempo-

rary Tunisian society and politics for those who are unfamiliar.

Anthropologist Clifford Geertz once wrote of “primordial attachments,”

which derive from the “assumed givens” of social life, such as region, lan-

guage or religion, or last, but not least, “immediate contiguity and kin con-

nection” (as cited in: Charrad, States and Women’s Rights, 2001, 18). In more

recent parlance, such ties might be called “kinship networks” (Curran and

Saguy 2013), ‘kinship ties,” or “kin-based solidarities” (Charrad 2001; Char-

rad 2011), to name a few contemporary terms. Such terms aid the general-

izability of theories across national and social contexts, where different ter-

minology may be used, or where kin-based solidarities may exist in other

forms that are not formally recognized as a social unit. However, in par-

ticular, cultural contexts, there are often specific terms and roles for these

kin-based groups. For example, in Tunisia and much of North Africa, a

specific hierarchy of kin-based groups includes family, lineage, clan, segment,

sub-fraction, fraction, and tribe, in order of increasing size and importance

(Boutaleb 2002, 54). (See Figure 1.5).

The Hamama tribe, which is the main tribe known to be involved in

early protests during the Tunisian revolution, is a tribal confederation, com-

prising several tribes at the higher end of this hierarchy.8 The Hamama were

8 The name of the Hamama tribe is the Arabic word for dove or pigeon.
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one of the most powerful tribes in central Tunisia during the 19th century,

reportedly so autonomous in their territory that they barely acknowledged

the Bey’s authority in Tunis and were involved in frequent clashes with

neighboring tribes, as well as important revolts such as the largest in 1864

(Huard 1884; Wikipedia Contributors 2017).9 As with most Tunisian tribes,

the Hamama’s political power was weakened during the French mandate

and subsequent post-independence struggles. As we shall discuss, this is in

part because they found themselves on the wrong side of history in back-

ing Salah Ben Youssef, the losing rival to Tunisia’s first President, Habib

Bourguiba.

Tribes are both an ancient and a contemporary phenomenon. From

one perspective, they can be seen as an “ancient adaptive response,” and

their importance for survival helps explain their longevity. As one scholar

explains:

membership in kin-based groups is the individual’s chief guarantee of
security and access to resources, hence the necessity for strong group
maintenance mechanisms. Arab ‘familism’ (or ‘tribalism’) must be
viewed, not as a cultural trait, but as a very ancient adaptive response
to insecurity; group cohesion is as important for survival under state
oppression as it is for survival in the absence of the State.
(Sayigh 1981)

9 Bey is an Ottoman term for the governor of a district or province, in this case, a large
swath of what is today Tunisia and Algeria.
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Despite these ancient roots, tribes are adaptable social structures, able to

survive under a variety of political conditions, including in situations where

they find themselves in command of the levers of the state (Hudson, Bowen,

and Nielsen 2015) and in situations where they are oppressed and excluded

from state power.

Along with scholars such as Valerie Hudson, et al (2015), I borrow

from the work of Kathleen Collins (2007), for a contemporary conceptu-

alization of tribes (or clans, in Collins’ Central Asian work). According

to Collins, “Clans are not pre-modern phenomena, but socially embedded

identity networks that exist in many societies and states, even in the twen-

tieth and twenty-first centuries” (Collins 2007, 331). Tribes exist in both ur-

ban and rural settings, and can be defined using the same definition Collins

gives for clans, as:

an informal organization comprising a network of individuals linked
by kin-based bonds. Affective ties of kinship are its essence, constitut-
ing the identity and bonds of its organization. These bonds are both
vertical and horizontal, linking elites and non-elites, and they reflect
both actual blood ties and fictive kinship. (Collins 2004, 231)

Aside from being larger and higher on the hierarchy of North African trib-

alism, tribes may also differ from clans in that their ancestry may be more

remote and thus perhaps more susceptible than clans to “fictive” kin ties. In

any case, kin is kin, whether fictive or genetic, when it comes to the loyalty
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of familial ties that may take precedence in a crisis over other more situa-

tionally defined ties.

Collins’ definition of “clans,” which I employ without modification

to describe “tribes,” refers to “kin-based bonds” and “affective ties of kin-

ship,” which relate closely to “kin-based solidarities” given by Mounira M.

Charrad, who considered such solidarities the organizing principle of kin-

based groups such as tribes.

The concept of kin-based solidarities relates to how people develop a
sense of identity and a sense of trust. It is what Ibn Khaldun called
‘asabiyya, often translated by esprit de clan or group solidarity. Dif-
ferent terms have been used to refer to the relationships that form the
basis of kin-based solidarities such as extended family, lineage, clan,
and sometimes tribe. People who share kin-based solidarities sometimes
believe in common ancestry or some kind of common origin and they
take it as a good reason to act together and protect one another be-
cause they have expectations of long-term, life-long reciprocal obliga-
tions from one another. Sometimes the common ancestry is only fictive
and imagined. Like a nation, a kin-based community is an imagined
community. These solidarities operate at the political level and shape
lines of coalition and division, which often are incomprehensible unless
we bring in the concept of lineage affiliations. (Charrad 2007)

To summarize and highlight the link between the three perspectives

above, tribes are social groups that function as both “ancient adaptive re-

sponses” (Sayigh 1981) and contemporary “identity networks,” and which

are held together by both horizontal and vertical ties consisting of real or fic-

tive kin-based bonds (Collins 2004). These bonds are cemented by a type of

“group cohesion” (Sayigh 1981) we might call “kin-based solidarities,” and
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which has historically been known as “asabiyya” or “esprit de clan” (Char-

rad 2001). If we approach the concept of tribes from a more instrumental-

ized viewpoint, we can see that tribes are “flexible frameworks that can be

adapted to the needs of the individual and the changing circumstances of

the community at large” (Al-Haj 1995). And these ties can form the basis

of political mobilization and alliances. The concept of tribes and tribalism

may seem embarrassing or anathema to many modern, secular, urban elite

and upper middle-class Tunisians. Nonetheless, we must acknowledge that

tribalism in Tunisia is a fact with which the government is still trying to con-

tend decades after claiming they disappeared; a fact which has the potential

to influence political outcomes in revolutions and elections.

There is one last, extremely important element to consider in order

to define and understand tribes in Tunisia. This is the patriarchal and pa-

trilineal gender dimension of how tribes reproduce and maintain their kin-

based networks. In Valerie Hudson, et al’s recent paper on “clan gover-

nance” they argue that “clan exclusivity can only be reproduced by restrict-

ing the agency of clan women in marriage” (Hudson, Bowen, and Nielsen

2015, 540). And because “the role of gender in tribes and tribalism is foun-

dational,” (Jacobson 2012, 115-116), they make the status of women the

primary focus of their “clan governance index,” which seeks to identify

tribalism in governmental structures from autocracies to democracies. The

criteria for Hudson, et al’s clan governance index includes measures of in-
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equality in family law, patrilocality10, the legal age of marriage, polygyny,

cousin marriage, level of violence against women, and honor-based vio-

lence (Hudson, Bowen, and Nielsen 2015). In Charrad’s recent article on

central and local patrimonialism (Charrad 2011), she explains how the cen-

tral state can use central patrimonialism to attempt to co-opt tribes for their

own purposes. But she also indicates that kinship groupings such as tribes

can also take advantage of local patrimonialism to retain some local polit-

ical relevance, in combination with marriage alliances and other strategies

to augment and maintain the cohesion or power of the tribe.

In the following section, I will consider the history of the efforts by

Tunisia’s first President, Habib Bourguiba, to eradicate the specter of tribal-

ism from Tunisian politics, which focused heavily on promoting women’s

rights in the form of personal status laws, many of which directly chal-

lenged the exact issues identified by Hudson, et al as crucial to clan-based

governance. Despite, decades of such efforts by the Bourguiba, and Ben Ali

regimes, this clan governance index still ranked Tunisian in the middle of

the pack, as being “in active transition from clan-based to non-clan based

society” (ChartsBin 2016).

10 Patrilocality is when brides relocate to the household of the husband’s family.
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State Policies of Detribalization and Retraditionalization

Speaking in Geneva at the International Labour Organisation in 1973,

Tunisia’s first President, Habib Bourguiba congratulated himself for having

converted Tunisia from a backwards and tribal land into a modern nation:

From a powder of individuals, and magma of tribes and sub-tribes, all
hunched over under the yolk of resignation and fatalism, I made a peo-
ple of citizens. But I am afraid of what I once called “the Demon of
Numides,“ this demon which encourages disunity and internal strug-
gles...11 Tunisian President Habib Bourguiba, 1973 speech at the
ILO in Geneva (International Labour Organization 2014).

Many scholars of contemporary Tunisian politics accepted this claim, sug-

gesting that the “twin policies of confronting tribal solidarities and greatly

expanding the means of administration led to what Lisa Anderson (1986,

231) referred to as the “final extinction of tribal politics” in Tunisia” (Char-

rad 2011, 52). Yet, despite this claim, a few short years later, in 1981, German

ethnographers were able to map Tunisia’s tribes and tribal confederations

(Herzog 1981), and as mentioned earlier, old tribal boundaries and tribal

structures were still found intact in Southern Tunisia in 2014 (Nefzaoui, El-

mourid, and Louhaichi 2014). As recently as 2015, scholars of clan-based

11 The references in this quote require some explanation. The ‘Demon of Numidia’ and
the ‘revolt of Jugurtha’ refer to ancient Tunisian tribal revolts by the Numidians at Jugurtha.
Numidia was an ancient kingdom that resisted Roman rule, and which was located in what
is today Eastern Algeria and Western Tunisia. In essence then, Bourguiba is claiming that
Tunisian history was meaningless from the time when their ancestors revolted against ‘civ-
ilizing’ Roman rule until the 1950s when Bourguiba finally ‘civilized’ them, transforming
the organizing principle of Tunisian society from one of group (tribal) solidarities to one
based in individual citizenship and national identity.
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governance rated Tunisia as a country “in active transition from clan-based

to non-clan based society” (ChartsBin 2016; Hudson, Bowen, and Nielsen

2015). We know that the detribalization policies of Bourguiba and Ben Ali

were at most partial successes. But, before looking more closely at tribal sur-

vival strategies, let us first consider the specific detribalization initiatives of

these regimes.

In Mounira M. Charrad’s work on state-building in North Africa,

she contrasts the early post-independence tribe-state relations in Tunisia

with those of Algeria and Morocco. Of the three, only Tunisia emerged

with a full set of women’s rights, embodied in the Personal Status Codes of

1956, which contradicted traditional Islamic and tribal family law practices

(Charrad 2001). But the emergence of a more modern and Western women’s

rights regime in Tunisia is not only attributable to the weakness of Tunisia’s

tribes vis-à-vis the state, but also to the focused efforts of Bourguiba’s regime

to eradicate tribes from Tunisian politics and society (Charrad 2001). Bour-

guiba’s obsession with disempowering Tunisia’s tribes seems to have come

from realpolitik as much as from ideology. In his struggle to secure per-

sonal rule over Tunisia, the most powerful traditional tribal and religious

leaders in Tunisia’s central and southern provinces had backed Bourguiba’s

main rival, Saleh Ben Youssef, during the struggle for independence and

the emergence of the new Tunisian state (Waltz 1995, 67-69).
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But these tribal leaders did not all go quietly. Soon after indepen-

dence, Bourguiba’s new regime faced its most serious threat in the form of

a Tunisian opposition movement led by Saleh Ben Youssef, a former Neo-

Destour party member originally from the Southern island of Djerba. Ben

Youssef rallied behind him traditional tribal and religious leaders (some

others could be mentioned here as well. See Walts in Evidence excel sheet.),

particularly from the Central and Southern provinces who were dissatisfied

with many of Bourguiba’s centralizing tendencies and his bureaucratic at-

tempts to undermine their local power (Waltz 1995; Charrad 2001, 67-69).

This political conflict turned into an armed struggle in 1956 until the Bour-

guiba faction won definitively in 1957 and drove Youssef into exile where he

was eventually assassinated in Germany in 1961 (Penner Angrist 2006, 109).

The salient point for the purposes of our analysis is this: Bourguiba’s strate-

gies to undermine tribal power bases and eradicate tribal and extended kin-

ship solidarities were not simply guided by his ideological drive to mod-

ernize Tunisia. They were also explicit revenge against his defeated rivals,

particularly in the Central-Western and Southern provinces. As Charrad

points out, Bourguiba’s victory over Ben Youssef left him unchallenged in

power for several years, but it also meant that:

the remaining tribes in Tunisia and the religious establishment no longer
had a voice in politics after independence. This was the price they paid
for having backed Ben Youssef and having played the losing card in the
nationalist conflict. Furthermore, the crisis showed the danger of reli-
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gious and pan-Arab ideologies for the stability of the Tunisian regime
that came to power after independence. (Charrad 2001, 209-210)

Legal Disempowerment of Tribes

In his zeal to eradicate tribes, one of Bourguiba’s first strategies was

to disempower tribes legally in order to diminish their ability to reproduce

socially, economically, and politically. Accordingly, he enacted a series of

policies aimed at disempowering them in all three spheres. The most well-

known of these was the 1956 Personal Status Codes, which gave equal rights

to women and upended their subjugated status under traditional tribal cus-

toms and Islamic laws. As Charrad pointed out, women’s rights was not the

only key objective of the law, which sought to gradually erode the power of

patrilineal kinship networks by ensuring a legal focus on the individual and

the household rather than larger social units (Charrad 2001). Other legisla-

tion aimed at effecting this “modernizing” transition included a 1956 law

abolishing the traditional ahbas (plural of habous (collective property), an

important institution in rural Tunisia, which was now incorporated into the

property of the state. This collective property had symbolic as well as eco-

nomic value to the tribes (Bonte, Conte, and Dresch 2001). This was soon

followed by laws abolishing private ahbas of local notables, as well as Is-

lamic Sharia courts, requiring that all cases pass before civil courts. Further

legislation in 1958 abolished the traditional Zaytounia educational associa-

tion. And the 1959 Law of Associations, changed the names of Tunisian as-
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sociations by decree, limiting their functions and subjecting them to surveil-

lance. In 1964, all civic charity associations were integrated into the state

under the auspices of the “National Committee for Social Solidarity.”

As highlighted by Hudson et al (2015), the status of women is one of

the primary indicators of the tribalism of a society, since it is only through

controlling women and their resources that patrilineal tribal networks can

continue to survive and thrive. Empowering women was one important

part of a strategy of legal disempowerment of tribes. Thus, a number of

the above legal reforms were aimed at freeing women from traditional legal

constraints that were to the advantage of the tribes. But beyond women’s

status, many of these other laws aimed to removed property and local asso-

ciations from the control of tribes and fold them into the state.

Bourguiba to the Shaykhs: ”You’re fired!”

Another approach Bourguiba took early on was to remove local tribal

leaders from positions of authority. These local shaykhs had traditionally

governed at the local level with a degree of autonomy. Recall that in an

early paragraph about the history of the Hamama tribe, I had highlighted

that they had once ruled their domain so autonomously in the 19th century,

that they hardly paid attention to the Bey in Tunis. When Bourguiba as-

cended to the Presidency, he replaced great numbers of Shaykhs over the

course of several years with party loyalists at all levels of the state appa-
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ratus. (See Figure 1.6 at the end of this study.) Thus, on June 23rd, 1956,

approximately three months after independence, the government of Habib

Bourguiba issued a decree abolishing the former regional organization of

the country into areas governed by the following traditional officials: 28

“caïds,” 54 “kahias,” and 95 “khalifas” (Wikipedia Contributors 2014). Both

within this pre-independence state structure, and outside of it, a large num-

ber of local tribal Shaykhs played an official role as mediators between the

state and their local populations. But the Bourguiba regime relieved most

of these tribal leaders of their official duties in the years following indepen-

dence, culminating in its official replacement of the position of Shaykh with

that of the ‘Umda (Mayor) in 1979 (Boutaleb 2002, 145).

Of this national redistricting and replacement of former local officials

with supporters of his Neo-Destour (Neo-Constitutional) party, Bourguiba

said:

“We considered it necessary to purge these administrators to ensure
cooperation based on mutual respect between the state, personified by
its representatives, and the people who must comply with them, not
the agents of colonization, but the servants of the public interest. For
the vast majority of administrators affected by this treatment, it was a
difficult thing. Some suffered terribly. But we view it as an unavoidable
necessity” (Wikipedia Contributors 2014)

But Bourguiba played favorites with borders as well as political positions.
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Redrawing the Political Map

Alongside policies to replace Shaykhs with party loyalists, and laws

hampering the social and economic reproduction of tribes, Bourguiba also

took a pen to the map of Tunisia and redrew its administrative districts on

numerous occasions, a policy which was continued by his successor Ben Ali.

The new system drawn by Bourguiba created 14 gouvernerats (regions) and

over 200 délégations (districts) within these regions. Further redistricting

was performed throughout the decades since, reaching the current number

of 24 gouvernerats, 264 délégations, and 2,073 secteurs by 2006 (Wikipedia

Contributors 2014). If the political intent of this redrawn political map are

not clear enough from the Bourguiba’s own pronouncements, the recent

Tunisian Minister of Local Development who took office after the 2011 rev-

olution put these redistricting maneuvers into starker perspective:

Administrative districting (or regional mapping) of the country reeks
of a security agenda and does not respond in any way to sustainable
development needs. The country is broken up, artificially, into 24 re-
gions (‘gouvernorats’), which is too many. What’s worse, the regional
administration was not credibly decentralized or devolved from central
authority. Like a caricature [sic], there was only a regional governor
who alone decided everything. Even the regional development coun-
cil followed his orders (the members of the council being chosen by his
people). (Sarra 2011)

This process of redrawing the map did more than just create new

boundaries to divide troublesome tribal areas. In some cases, it went hand

in hand with a strategy of rewarding loyalists, while punishing dissenters.

43



In some areas population statistics were falsified in order to promote a small

loyal village to regional capital status, while major opposition towns were

relegated to the status of administrative backwaters. For example, Hamam-

Sousse, one particular district on the Eastern coast faired very well because

much of Bourguiba’s regime and Neo-Destour party were from there, as

was his successor Ben Ali and many of his regime as well (Huxley and

Salem-Murdock 1990). In a contrary example, the major town of Makhtar

was relegated to political obscurity in order to punish the Ouled Ayar tribe

for their support of Ben Yousef, while the minor, but loyal, neighboring

town of Siliana became the capital of a new governorate named Siliana,

which ruled over Makhtar (Ouazani 2012).

The map in Figure 1.7 gives a clear visual indication of the way that

Bourguiba’s and Ben Ali’s redistricting efforts were directed toward break-

ing the solidarity of defeated tribes which had opposed him. In this map

drawn by German ethnographers and cartographers in 1981, we see the ma-

jor tribal areas in the central-western and southern Tunisian provinces. The

overlaid modern administrative map of Tunisia shows how the Tunisian

regime drew new regional (gouvernorat) borders, in some cases keeping cer-

tain traditional tribal areas administratively intact, while breaking others up

into several newly created regions. It is no coincidence that the tribal areas

around Sidi Bouzid were the location of the first protests of Tunisia’s rev-

olution in 2010-2011. This tribal region had been a stick in the craw of the
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Bey in the 19th century, and had supported Bourguiba’s rival Ben Youssef

in the 1950s after independence. They had been the primary recipients of

Bourguiba’s legal, political, and social revenge, as well as economic neglect.

The locations of major tribes in Figure 1.7 are nearly identical to those in a

historical 19th century map in Figure 1.8.

Retraditionalization and Local Patrimonialism

By the early 1980s, the Bourguiba regime, and then the Ben Ali regime

beginning in 1987, were forced again to deal with the reality of tribes. The

late 1970s and early 1980s were a difficult time as Tunisia began to imple-

ment neoliberal economic policies of structural adjustment under pressure

from the International Monetary Fund and other international neo-liberal

actors. The consequences of cuts in subsidies and other government assis-

tance were made explicit in a series of strikes and demonstrations by work-

ers and students. The country’s first general strike, was led by the national

labor union, (Union Généale Tunisienne de Travail, UGTT) in 1978 (King

2003, 4). Another series of bread riots in 1983-1984 led Bourguiba to rein-

state state subsidies and scapegoat his Prime Minister (Wikipedia Contrib-

utors 2016d). His next move was to re-engage with traditional local leaders,

including tribal Shaykhs and Muslim religious leaders (Imams) by tapping

them to play a role in brokering relations between the state and communi-

ties at the local village level, particularly in rural areas.
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It turns out that for all its talk of eradicating tribes and modernizing

Tunisia, the Bourguiba regime had actually been somewhat engaged with

tribes in various capacities all along. During the 1960s and 1970s, when

the regime was experimenting with socialistic agrarian cooperatives, they

went through tribal Shaykhs to find cooperative workers and other partici-

pants and “many of the new houses houses built on cooperatives were dis-

tributed according to ethnic grouping [kinship grouping] (King 2003, 72).

Additionally, despite some punitive re-districting and redrawing of the po-

litical map, many local districts did correspond to tribal borders in less re-

bellious areas. And throughout the 1980s, 1990s, and until the revolution

of 2010-2011, state run enterprises in many of these tribal regions contin-

ued to pay deference to the reality of tribalism, by allotting jobs based on

tribal quotas.12 The 2008 Gafsa Mining Basin Riots were in part due to dis-

putes over job distribution, with protesters accusing the regional head of

the UGTT of favoring “the recruitment of friends and direct relatives, on

the basis of tribal and political affinities” (Gobe 2011). During the interim

period after Ben Ali’s flight on January 14th 2011 and the post-revolutionary

elections of October of that same year, other tribal clashes broke out in the

town of Metlaoui over this same issue (Boltanski 2011). Even if Bourguiba

and Ben Ali kept tribes and their leaders on the margins of politics and often

12 The state likely allotted jobs in the same way prior to the 1980s, but not much work
has been done on patronage politics in that specific period.
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successfully pitted them against each other, it is clear that they were forced

to deal with the realities of tribalism in Central and Southern Tunisia.

Central Patrimonialism and Kinship Politics

There is one other important reason that the Bourguiba and Ben Ali

regimes were unable to completely defeat tribalism in Tunisia. This is the

fact that both regimes were known to be highly corrupt and nepotistic. For

all their talk of bureaucratic modernization, both regimes continued to play

central and local patrimonial politics, especially favoring extended relatives

of President Ben Ali and his wife in many political and business decisions.

The primary focus of Valerie Hudson, et al’s 2015 article on clan governance

is to measure proxies for tribe or clan capture of the levers of state power

(Hudson, Bowen, and Nielsen 2015). As previously mentioned, according

to their Clan Governance Index, Tunisia is considered to be “in active tran-

sition from clan-based to non-clan based society” (ChartsBin 2016). In other

words, Tunisia ranks as having a medium level of tribalism (clan gover-

nance) in its state apparatus. From the very first days of the Bourguiba

regime, and right on through Ben Ali’s tenure, there was a marked prefer-

ence for ministerial and ambassadorial appointees from their home town

of Hamam-Sousse (Huxley and Salem-Murdock 1990). It is more difficult,

of course, to speak of tribes in the context of the coastal town of Hamam-

Sousse where the diversity of tribal affiliations, likely due to centuries of
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mixing and migration, is such that there is no one dominant, majority tribe.

(See Figure 1.7 at the end of this study, in which white shading indicates

that tribes are unknown or too numerous to count.)

One might consider this “clientelism” instead of tribalism, as if it

were just a more modern form of corruption. As one author noted, from the

earliest days after independence, the Bourguiba regime employed a “na-

tionwide network of clientelist structures” (Tjomsland 1992). At the up-

per echelons of power, this was readily apparent too. But a closer look

at the facts, leaves the distinction unclear. For example, Bourguiba’s son

Bibi served as an Ambassador to Washington, Rome, and Paris, Minister

of Foreign Affairs, President and Founder of the first Development Bank

in Tunisia, and Special Adviser to his father. And others from his district

were also appointed to high office (Barrouhi 2010). Such was Bourguiba’s

preference for Hamam-Soussians that it was thought to have nearly driven

Tunisia to the brink of civil war, and ultimately contributed to his ouster by

the supposedly more democratic Ben Ali (Tjomsland 1992). Ben Ali did little

to change this state of affairs, immediately appointing two other Hamam-

Soussians as Prime Minister and Minister of Tourism (Huxley and Salem-

Murdock 1990, 149-150). By 2006, the US Ambassador to Tunisia estimated

that half of the commercial elite in Tunis were either from the clan of Pres-

ident Ben Ali, or from his wife’s Trabelsi clan (Anderson 2011). And more

revelations of the extent of this elite corruption continue to be revealed since
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the 2011 revolution (Dahmani 2011; Agence France Presse 2011). Nor has

this been unique to dictators, as Tunisia’s first democratically elected Prime

Minister after the 2011 election, Ennahdha party leader Rached Ghannouchi

appointed his son-in-law Rafik Bouchleka as Minister of Foreign Affairs (Al-

Bawaba 2011). In short, kinship politics has always been alive and well in

the upper echelons of Tunisia’s government, no matter the rhetoric around

the backwardness of tribes.

Revenge of the Tribes: Submerged Kinship Networks

As described in the previous sections, the Bourguiba and Ben Ali

regime’s policies of dispossessing and eradicating tribes were only partially

successful. Both regimes were forced to politically engage tribes in more

or less explicit ways in order to rule at the local level. But, to leave off the

analysis here would be to perpetuate a state-centric focus. Ever since Evans,

et al (1985) argued for “bringing the state back in” with respect to political

analyses, a good deal of literature on political processes, including social

movements and revolutions, has placed the state in a central perspective.

Instead, in this section, I will consider evidence of tribal agency in the ways

that they were able to maintain their social structures and kin-based soli-

darities. As one author put it,

The patrilinear kinship-group may in a traditional North-African con-
text be characterized as the most significant social unit in the sense that
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individual members of a group will tend to perceive themselves, and at
the same time be perceived by others, as parts of a kinship-unit, rather
than as individual actors with kinship-relations (Tjomsland 1992, 20)

Of course, tribes have been political losers to the regimes of Bour-

guiba and Ben Ali, and survived in a social context of modernization in

which tribalism was seen as a backwards vestige of pre-history. Thus, it

is not surprising that tribes have often purposely remained off the politi-

cal radar, and that individuals may conceal their tribal identities when it is

advantageous to do so (Hudson, Bowen, and Nielsen 2015, 539). As one

author notes, “the most important inherent quality of clan [or tribal] divi-

sions [is] their concealability [though] we should not conflate the lack of a

public presence with the lack of importance” (Schatz 2004, xxii, 48). This

makes studying their perspectives and strategies markedly more difficult

than considering state strategies vis-à-vis tribes, more akin to historical stud-

ies of “subalterns.”

In his study of civil society and social capital in Mexico, Jonathan Fox

describes how civil society “thickens” with respect to development of social

capital under an authoritarian state. He concludes that there are three po-

litical pathways to civil society mobilization under authoritarian regimes:

“coproduction between state and societal actors, coproduction between ex-

ternal and local societal actors, and independent mobilization from below”

(Fox 1996, 1089). He also notes that “repression cuts both ways, simultane-

ously facilitating collective action by sharpening the “us” vs. “them” dis-
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tinction, while increasing the price to be paid for it” (Fox 1996, 1091). But

the “thickness” of civil society is uneven, especially under authoritarian rule

where there is fear and no freedom of association.

I argue that tribes in Tunisia’s hinterland were able to survive Bour-

guiba’s explicit attempts to disempower them through a combination of

at least two of these techniques to build and maintain social capital that

could easily be converted into economic or political capital at the appropri-

ate moment. With little help available from the state, their primary strategy

was what Fox refers to as “mobilization from below” through strong social

bonds with fellow tribal members and alliances with other tribes. Tribes

also worked to extract concessions from the state, or permeate the state and

other organizations such as labor unions, in order to ensure goods and ser-

vices for their own. This corresponds to Fox’s “coproduction between state

and societal actors,” although this designation makes it seem more amica-

ble than it often was. More and more, as the Bourguiba and Ben Ali regimes

faced crises of governance in the 1980s and 1990s, tribes were able to take

advantage of the opportunity of “retraditionalization” policies to gain more

bargaining power. Finally, although we known nothing about tribal part-

nerships with international organizations or states outside of Tunisia, tribal

networks clearly permeate other trans-national networks, including migra-

tion streams, and Islamists organizations that partner across national bor-
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ders, in addition to traditional tribal networks that may also cross national

borders.

Following Fox’s schema described in the preceding paragraph, I will

focus on three submerged survival strategies of Tunisia’s tribes: (1) social

network reproduction and maintenance, (2) economic self-help, and (3) lo-

cal patrimonialism as a strategy of extraction of goods and services from the

state. These comprise both Fox’s bottom-up (#1 and #2), and state/social

group co-production (#3) approaches to building social capital, but neglect

his social group/external actor paradigm by design, because there is insuf-

ficient evidence to warrant a fuller discussion.

Women’s Work: Social Maintenance of Kin-Based Solidarities

With regards to strategies of social reproduction of tribal groups and

their kin-based solidarities, in many parts of Tunisia, this remains “women’s

work” as we shall see. Accordingly, it is bound up in social practices related

to family law and women’s rights. Bourguiba’s Personal Status Codes of

1956 accord equal rights to women in theory. But in practice, the law has

never been evenly applied throughout Tunisia. Several authors have noted

the inconsistent ebb and flow in the courts’ application of certain parts of the

statute, with judges waffling between principles based on Islamic law and

those based on civil law (Charrad 2001; Jomier 2011). In cases of divorce,

women have been allowed to initiate a divorce, an advance over Islamic
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law, where only men can do so through repudiation. In practice, however,

women find the process of obtaining a divorce slower and more difficult

than it is for men. Furthermore, even though child custody and child sup-

port issues follow civil law practices, a separate status of “guardianship”

is given to fathers, which supersedes the “custody” of the mother, and al-

imony is rarely enforced (Charrad 1994). Due in part to the unevenness of

the courts’ interpretation of women’s rights, many traditional tribal social

practices remain in effect.

In much of Tunisia, endogamous marriage, typically cousin mar-

riage, remains prevalent, as does patrilocality, the practice of brides relo-

cating to live with or near the husband’s family. One recent study found

that consanguineous unions are so common that they still represent about

one third of marriages in Tunisia (Ben Halim et al. 2013). Both Benhalim

et al’s and other studies have found consanguinity to be so prevalent that

Tunisians are susceptible to genetic disorders that are common only with

offspring of closely related individuals, such as rare forms of deafness

(Ben Arab et al. 2004). Recall for a moment that tribes are based both on

kinship and fictive-kinship ties. Another study estimated the share of mar-

riage to a relative as 52% of marriages in Tunisia, but noted that there is

such a cultural preference for the traditional first-cousin marriage that even

if only 10-12% of marriages are actually between cousins, marriage to other

relatives is common, and wives often refer to their husbands affectionately
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as “my cousin” in reference to the importance of this tradition (Obermeyer

1993). Thus, even if the law forbids it, traditional marriage practices con-

tinue and help maintain the social structure of tribes.

Another aspect of tribal social practices is patrilocality and the main-

tenance of tribal social networks through regular visitation and communi-

cation. According to one author,

the women are... the representatives of the kinship-group for the kinship-
group. Through their daily interaction with the other women of their
household, as well as with the women of the other households of the
kinship-group, they serve as intermediaries between the different sub-
units, and as strategists in the planning and execution of “family-
business”... The main function of the women is as reproducers of the
kinship-group; physically, through childbearing, morally, through the
upbringing and socialization of the children according to the principles
for proper group-members, and practically, as the [person] responsible
for the food-preparation. A woman’s significant functions and roles are
thus all inseparably related to her membership in a household and a
kinship-group (Tjomsland 1992, 22-23)

In one village not far from Sidi Bouzid, an anthropologist in the early 1980s

found that on average 82% of visits among women from a group of ran-

domly selected households were to others with close kinship ties, while 71%

of male work groups were kin-based. The author also found that the three

biggest predictors of kin vs. non-kin visiting were “[1] close, bilateral kin-

ship , [2] geographic proximity, and [3] patrilocal residence” (Larson 1983).

Larson also found that kinship groups (tribes) only gathered in large groups

on special occasions, but otherwise relied on the women to maintain social
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ties. Another study in 1997 found similar results in women’s social net-

works in the capital city of Tunis, where it was estimated that 76% of visits

and communications from women in the study were with near or extended

kin both local and abroad. Thus, “women in Tunis appear to be creating

imaginative solutions to the problems of urban space and long distance ties

with kin, without sacrificing the ever important Arab Muslim ideals of kin-

ship solidarity, cooperation and endogamy” (Holmes-Eber 1997). Through

their work as internal ambassadors of the kinship network, they also help

build and maintain social capital convertible into other types of capital.

Tribes and Economic Self-Help

Although it may seem overly simplistic or stereotypical, men and

women do play different roles in the maintenance of kinship ties and the

survival of kinship networks and tribes. If women are the internal represen-

tatives for tribes, men typically represent their tribe to the outside world,

including to government and to other tribes. For example, in the village

studied by Larson, mentioned above, kin networks were the primary inter-

mediary between individuals or households and government institutions

either at the village level or above, which is also consistent with the find-

ings of Stephen Juan King (2003). This is obviously an important role for

the maintenance of economic capital.
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Other studies have delved more deeply into the economic role of kin-

ship networks in Tunisia, showcasing the diversity of economic self-help

strategies among kinship groups. One author describes the economic func-

tion of the kinship group this way: “When regarded as a network, the kin-

ship would not be interpreted as a static organization that governs individ-

uals’ behaviors, but as a flexible network established by individuals who

pursue profit while lowering the cost of transacting the capital, labor, and

factors of production” (Iwasaki 2006). Some of these strategies of profit

maximization and risk mitigation include:

· Migration of young men for work among patrilineal kin;

· Partnership among several households from the same kinship group;

· Elaborate kinship management systems with joint partners, associa-
tions, and partner rotations of several months;

· Risk management strategies with access to capital through kin net-
works;

· Kinship assistance in job searching, with a preference for diversifica-
tion through sons pursuing a different career than fathers;

· A strong preference for labor migration of brothers to the same loca-
tion;

· Forgoing kinship network assistance in job searching if better prospects
are found among more educated young men.

As noted in the last bullet point, individuals and tribes retain and use

a variety of options to diversify strategies, maximize profits and minimize
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risks. Similar diversification has been found in other, older studies on rural

economic practices in Tunisia (Cuisenier 1975). In some cases, these strate-

gies may lead the individual not to rely on the tribe, or to conceal tribal

affiliation. Nonetheless, he or she still maintains close kinship ties and is

ready to give and receive assistance when the time comes.

Local Patrimonialism: A Foot in the Door

Throughout many of the preceding sections, there have been glimpses

of the ways in which tribes have related to the state over the past decades.

After losing their post-independence struggle to Bourguiba, the tribes and

shaykhs of Central Tunisia were never again strong enough to dictate terms

to the central government as they had in the 19th century (Anderson 1986).

Yet, they were still organized enough to extract concessions and force cen-

tral and local (centrally appointed) authorities to work with the reality of

tribalism. From the 1950s through the early 1980s, most Shaykhs and tradi-

tional local leaders had been kicked out of government positions and had

tribal and personal lands seized by the regime. Nonetheless, outsiders still

found the necessity of consulting them about important matters of resource

allocation, especially in order to keep the peace among various tribes or

between tribes and the state. For example, in the 1980s and 1990s, USAID

workers doing water access and maintenance work in Central Tunisia found

they needed the services of the Shaykh to broker agreements with locals
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that would appease various factions (Hopkins 1990). And since the 1980s

saw Bourguiba and Ben Ali’s policies of “retraditionalization,” the role of

Shaykhs and tribes in local politics has grown more explicit (King 2003).

Another way to summarize the state’s strategy toward tribes is to

borrow from the work of Mounira M. Charrad on local patrimonialism.

Charrad considers that Weber undertheorized patrimonialism at the local

level, and goes beyond his theory “by exploring how patrimonialism oper-

ates in kin-based social contexts” (Charrad 2011, 50). She argues that central

patrimonialism is about “the strategies that central authority used to estab-

lish control over local communities,” which generally falls into patterns of

marginalization, integration, or some alternation or combination of the two.

(Charrad 2011, 50). From this perspective, local patrimonialism, in contrast,

can be seen as the way that tribes and their leaders organize at the local

level. Under this system, the regime dangled carrots with jobs and other re-

sources, wielded the stick of state repression, and played tribes off against

each other with job quotas. But tribes and their leaders also proved that they

were able to play the game of local patrimonialism, and mobilize for collec-

tive action when they felt they weren’t getting their due. We saw this at

the time of the 2008 Gafsa Mining Basin Riots which was directed at unfair

hiring practices of Tunisia’s main labor union, the UGTT (Union Générale

des Travailleurs Tunisiens) (Gobe 2011), and again later when tribes clashed

amongst themselves during the transition after the revolutionary ouster of
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Ben Ali (Boltanski 2011). Thus, local patrimonialism can also be a survival

strategy for tribes, which fits with Fox’s theory of state-society coproduction

of social capital.

This section has underlined the ways that tribes contributed to the

“thickening” of civil society, as least from the perspective of the reproduc-

tion and maintenance of their own social network. Through gendered so-

cial practices such as endogamous marriage, patrilocality, and kinship vis-

its, tribes were able to reproduce and maintain their networks intact. And

through economic self-help practices, they were able to diversify to mini-

mize risks and maximize profits, even while formal economic development

spearheaded by the state was minimal in their areas. Both of these strate-

gies correspond to Fox’s “mobilization from below.” Beyond this, while

staying politically submerged and rarely claiming their tribal identities in

public, they played the game of local patrimonialism in order to engage in

co-production of social and economic capital with the state. All of this main-

tained tribal social networks and kin-based solidarities intact and ready for

political mobilization in a moment of crisis such as their tribal revolt at the

beginning of Tunisia’s 2010-2011 revolution. Despite the uneven “thick-

ness” across civil society in Tunisia, tribes remain relevant political actors.

In some cases, decades of alternating state strategies of repression and co-

operation only served to strengthen these solidarities.
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Conclusions and Discussion

In the preceding sections, I systematically presented the case that (1)

tribes play the role of a catalyst in the early days of the Tunisian revolu-

tion, (2) the Bourguiba and Ben Ali regimes failed to eradicate tribes legally,

socially, economically, or politically, and (3) that the durability of tribes de-

rives from a set of practices aimed at cultivating social, economic and politi-

cal capital for the tribe. This represents the first attempt to consider the con-

temporary political role and historic durability of tribes in Tunisia in recent

decades. As such, much of the evidence and findings remain preliminary.

There are certainly clear limitations inherent in such a study of secondary

sources from a distance, without recourse to direct conversations with tribes

and those who interact with them. It is quite complicated to measure social

groups who don’t advertise their affiliations, and who operate in a social

and political sphere in which they are no longer supposed to exist. Nonethe-

less, I hope the reader will appreciate several aspects of this study. First, for

all that Tunisian tribes have been mentioned anecdotally in numerous other

scientific and social scientific fields over the past decades, it should appear

surprising that more emphasis has not been placed upon them in studies

of Tunisian politics and this recent revolution. Second, given the explicit

regime strategy of undermining and eradicating tribes, it is impressive that

they were able to continue to cohere and cultivate social, economic and po-

litical capital and mobilize to launch an uprising.
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The Tunisian government is still contending with the phenomenon

of tribes and tribalism to this day. In one recent study, scientists studying

“local development and management of communal rangeland resources”

were able to identify and map 25 tribes in the Southern Tunisian province

of Tataouine in the year 2014, with the assistance of old French maps from

1913, tribal elders, and GPS devices. Oddly, due to government restric-

tions banning tribal manifestations since independence in 1956, and in or-

der conform to expectations of a “modern” Tunisia, these researchers were

ultimately forced to refer to tribes as “socio-territorial units (STUs),” and to

reenvision their traditional advisory council, the “myaad,” as a democrati-

cally elected “groupement de developpement agricole/ agricultural devel-

opment association (GDA).” This is a curious formality since the geogra-

phy of STUs corresponded exactly to traditional tribe boundaries, which

were amazingly identical to French colonial maps from a century prior. In

addition, elected members of the GDAs would certainly be local tribe mem-

bers, and most likely respected elders (Nefzaoui, Elmourid, and Louhaichi

2014; Nefzaoui, Ketata, and El Mourid 2012). Nonetheless, it is telling that

the central government of Tunisia was still struggling with co-opting tribes

into ostensibly “modern” governance structures in 2014, four years after the

Tunisian revolution, and nearly six decades after independence. It is also

noteworthy that concealment or submersion still remains a tribal coping

mechanism under certain conditions, even when the Tunisian government

persists in avoiding the use of the term “tribe.”
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One further example from the Tunisian elections of 2011 will help

elucidate the local political power of tribes. As discussed in the narra-

tive section early in this study, the family of Mohamed Bouazizi and his

extended kinship in the Hamama tribe were known to be early agitators

during the first two weeks of the tribal revolt that eventually became a rev-

olution. And as also discussed previously, political parties, including En-

nahdha first and foremost, came to the region and met with various tribes to

calm tensions after violent clashes that involved other non-Hamama tribes.

Recall also that Sidi Bouzid, both the town and the broader province, were

the seat of not only this 2010-2011 revolution but also the center of tribal

rebellions throughout history, including in 1864 and in 1955-1956.

What is most curious then, is that a party stuffed with former regime

officials received the lion’s share of the votes in the town of Sidi Bouzid

and its broader governorate. The Ennadha party, which took the tribal

phenomenon seriously, met with one of their poorest performances in the

country. Contradicting national trends showing 37% of the overall vote for

Ennahdha, they gained between 9.5% and 21% of the vote in the various

districts of Sidi Bouzid governorate, with an overall take of less than 16%.

In the two districts that make up the town of Sidi Bouzid, the birthplace

of the revolution, Ennadha only got 12% and 21% of the vote. In contrast,

the Pétition populaire (pour la liberté, la justice et le développement) re-

ceived an average of 38% of the vote governorate-wide, ranging between
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22% and 56% of the vote. In the Eastern and Western districts of the town of

Sidi Bouzid, it received 51% and 33% of the vote respectively. This is most

striking because the Pétition populaire had some of its wins in other dis-

tricts overturned for fielding candidates closely associated with the former

regime.

It should be astounding to any observer that the birthplace of a rev-

olution that ousted a dictator would proceed to vote heavily in favor of

a party filled with politicians closely associated with the old regime and

its defunct party, the RCD (Rassemblement Constitutionnel Démocratique).

The only logical explanation is one that fits perfectly with the over-arching

thread of this study: tribalism. It turns out that the national leader of the

Pétition Populaire was Mohamed Hechmi Hamdi, a native son of the town

of Sidi Bouzid. Even though he was closely tied to the old regime, as the

leader of the party, he was the most likely to obtain a place in the new consti-

tutional assembly, and thus confer some of the national spoils on his home-

town. Although there is no concrete evidence of tribal voting in Sidi Bouzid,

some monitoring reports on the election described groups of families, es-

pecially women voting together and suggested that tribal voting or men

telling women how to vote was probable (Draoui, Chékir, and de Meyer

2011).

There might be a temptation to label this phenomenon “regionalism”

instead of tribalism if it were not for all of the evidence and arguments pre-
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sented in this study. Echoing the language of Bourguiba and Ben Ali, there

is a vocal contingent in Tunisian society, which wishes to deny that tribes

exist, or to combat and silence tribalism when it rears its head. Tribalism

is seen as too great a risk to national unity and peace. These skeptics and

critics may have well-founded fears. As a scholar and a foreigner, I cannot

speak to the normativity of tribes and their role in Tunisian politics and soci-

ety. However, I do contend that tribalism is still a reality in Tunisian society

in 2016, however uneven its “thickness.” Tribes still wield local political

influence and maintain social and economic networks, as well as the abil-

ity to mobilize protests and sway votes. This has implications well beyond

Tunisia and scholars would do well to deepen their understanding of this

tribal phenomenon and incorporate it into their overall social movement

and revolution paradigms. In the next study, I will present further quanti-

tative evidence of this early mobilization role played by the Hamama tribe

in the Tunisian revolution.
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Study 1 Figures

Charles Tilly’s Crude Model of Social-Psychological Treatment of
Political Conflict and Revolution

Figure 1.1: From Tilly’s 1973 Working Paper: Revolutions and Collective Violence
(Tilly 1973, 11).
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Time Series Proportion Bar Graphs of Tunisian Revolution

Figure 1.2: Bar graphs above show the temporal distribution of first ONSET of either
protest or violence, CASUALTIES, PROTEST, and VIOLENCE as a proportion
of districts on each day that are Hamama or non-Hamama areas.
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Choropleth Maps of the Hamama Tribe and the Onset of the Tunisian
Revolution (17-31 December 2010)

Location of Hamama Tribe, First Onset, and Casualties)

Location of Protest and Violence

Figure 1.3: Maps above show the spatial distribution of the Hamama Tribe, and indicators of
district-level onset of revolution during the first period of the Tunisian Revolution
from December 17th through December 31st, 2010. These include first ONSET of
either protest or violence, CASUALTIES, PROTEST, and VIOLENCE, each of which
measures whether or not these phenomenon occurred in each district during this pe-
riod.
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Time Series Count Bar Graphs of Tunisian Revolution

Figure 1.4: Bar graphs above show the temporal distribution for Hamama and non-
Hamama areas by count of districts experiencing first ONSET of either protest
or violence, PROTEST, and VIOLENCE, as well as a total count of killed and
wounded as CASUALTIES.
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Hierarchy of Kin-Based Groups in Tunisia and North Africa

Figure 1.5: Kin-based groups in Tunisia and North Africa (Boutaleb 2002)
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Government Dismissal of Shaykhs Post-Independence

Figure 1.6: The number of Shaykhs dismissed per year under Bourguiba (Boutaleb 2002).
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Ethnographic/Tribal Map of Tunisia (1981)

Figure 1.7: Zoom of Afrika - Kartenwerk N. 10, a 1981 ethnographic map of Tunisia (Her-
zog 1981) with overlaid regional (gouvernorats) borders (University of Cali-
fornia, Berkeley 2015).
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Study 2:

The Local Process of Revolution: Tribes, Dissent

and Repression in Tunisia’s Arab Spring

Abstract

The recent Tunisian revolution that launched the uprisings of the Arab Spring of-
fers an opportunity to test social science theories in the local process of revolution.
This study conducts unprecedented quantitative, sub-national, temporal analyses
of the correlates of the onset, likelihood, and intensity of revolutionary dissent and
repression (protests, riots, and violence) in 258 local Tunisian districts over 74
days during the Tunisian revolution. These subnational findings challenge pre-
vailing explanations of the Tunisian revolution, such as the role of youth, Unions,
Islamists, or social media, as well as accepted demographic and socio-economic theo-
ries of revolution. Findings support the view that this revolution grew from a local,
tribal revolt into a nation-wide revolution through a dynamic cycle of protest and
state violence known as the Dissent-Repression Nexus. Differential spatial effects
of repression on dissent also suggest a new dimension to the Dictator’s Dilemma.
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Introduction

The Tunisian revolution that began in December 2010 and sparked a

regional wave of uprisings offers an opportunity for scholars to refine our

understanding of the local, temporal and spatial process of revolution. This

revolution, as with most, caught scholars by surprise. Political science liter-

ature on the region had focused for decades on the strength of the Arab

State and the “robustness of authoritarianism” in an attempt to explain

Arab exceptionalism in the dearth of democracy (Ayubi 1999; Bellin 2004;

Gause III 2011; Bellin 2012). Indeed, many scholars considered Tunisia to be

among the strongest authoritarian states and suggested that its sustained

macroeconomic growth had made it nearly immune to such large-scale un-

rest (Alexander 1997; Entelis 2005; Hibou 2006; Durac and Cavatorta 2009;

El-Khawas 2012). And yet, in the span of less than a month, one of the

strongest strongmen in the region had fled into exile and the remainder of

his “old regime” crumbled less than two months later, with other Arab dic-

tators soon to follow.

According to one scholar of revolution,

recent revolutions have highlighted difficulties with the theories of protest,
revolution, and political violence. Almost all of the underlying theoriz-
ing and empirical tests are cross-national and consequently cannot ac-
count for the interaction nature of coercion and protest... (Francisco
1995)
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Despite diversification of methods, theories, and geographical focus of stud-

ies of revolution, this assertion still remains largely true today, two decades

later. Studies of protest or political violence have utilized sub-national, tem-

poral, quantitative approaches (Andrews and Biggs 2006; Urdal 2008). But

no prior studies have used such methods to analyze these political events

within the specific context of a revolution, or within the Middle East region

more broadly. Neither have studies of revolution considered both tempo-

ral and spatial dimensions of these events. Consequently, there is a major

gap in our collective understanding of the “local process of revolution” and

how prevailing theories of revolution apply in sub-national context.

In this study, I present statistical evidence that the Tunisian revolu-

tion began as a local, tribal revolt, which grew into a nation-wide revolu-

tion on the strength of momentum from a cycle of protest and state vio-

lence known as the Dissent-Repression Nexus. Both temporal and spatial

dimensions were important to this local process of revolution, particularly

in the differential effects of repression on dissent across Tunisian geography.

These findings fail to find support for a number of general socio-economic,

demographic, and social-media theories of revolution. They also provide no

evidence of the oft-claimed role of either the main Tunisian Workers’ Union,

the UGTT (Union Générale des Travailleurs Tunisiens), or Islamist groups

such as the Ennahdha party in the Tunisia Revolution. These findings chal-

lenge prevailing theories in the growing literature on the Tunisian revolu-
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tion and also call into question the applicability of commonly accepted the-

ories of revolution at the sub-national level.

This study analyzes a unique, sub-national, event-based dataset on

the Tunisian revolution. This fine-grained, daily, district-level of analysis,

combined with temporal methods and temporal and spatial modeling is un-

precedented in the social science literature on revolutions. Contrary to most

previous studies, here it is not a question of which factors predict “revolu-

tion,” but rather, when and where such factors correlate with “revolutionary

events.” Thus, in contrast to prior national-level or cross-national research,

I analyze the “local process of revolution” as a chain of events that led from

a local, tribal revolt in the Tunisian hinterlands to a full-scale, national rev-

olution that toppled a dictator. Using temporal and spatial Event History,

Logit, and Negative Binomial models of 74 daily observations in 258 local

Tunisian districts, this study tests both prior and novel theories about the

correlates of revolutionary events during each of these time periods.

My main argument in this study is twofold. First, I hypothesize, and

my findings corroborate, that the Tunisian revolution began primarily as a

local, tribal revolt, which morphed into a nationwide revolution only after

two weeks of sustained local dissent and government repression, mainly in

districts of the Tunisian hinterlands dominated by the Hamama Tribe. Thus,

as in the case of many revolutions (Kashefi 2008), the factors and actors
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that launched this revolution are different from those that concluded, or

“captured” it.

Second, I argue that once it was underway, the main factor that fu-

eled the Tunisian revolution was temporal and spatial momentum, in the

form of a Dissent-Repression Nexus, whereby more dissent led to more

anti-revolutionary government repression, which led to more dissent and

so on. Prior dissent may also foment more dissent, as repression may lead

to more repression. This argument is not new, and studies of the relation-

ship between protest and violence have abounded in the past few decades

(Tilly 1978; Lichbach 1987; Francisco 1995; Pierskalla 2010). However, the

inclusion of tests of this theory is important, because results here indicate

that prior local and nearby dissent and repression are some of the strongest

factors in predicting additional dissent or repression. Their effects eclipse

many existing socio-economic, demographic, and social-media theories of

revolution. A corollary argument is that it is important to consider dimen-

sions of time and space in our models of revolution, in order to both mea-

sure these Dissent-Repression effects, and also to account for obvious tem-

poral and spatial autocorrelation. No prior studies of revolution have in-

cluded temporally and spatially lagged measures of this Dissent-Repression

Nexus.

Both arguments stand in contrast to the vast majority of recent lit-

erature on the Tunisian revolution, which suggests that the Tunisian revo-
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lution consisted of two revolutions: (i) spontaneous youth uprisings over

economic grievances and regime corruption mainly led by unions, and (ii)

capture of the revolution by Islamists in the second period (Aleya-Sghaier

2012; El-Khawas 2012; Usher 2011). Instead, I analyze the factors associated

with (a) the risk of onset/outbreak of revolutionary events (protest and ri-

ots, or state violence), (b) the daily likelihood of dissent and repression, and

(c) the intensity of state repression (casualties) in local areas during three

critical periods of the Tunisian revolution. These periods are (1) local, tribal

revolt in December 2010; (2) nationwide uprising in the first half of January

2011; and (3) revolutionary consolidation in the latter half of January and

the month of February 2011.

Literature Review and Hypotheses

The study of revolution has evolved over the past few decades in

at least three important directions. First, it has developed from a debate

among theorists of the “‘great revolutions” of England (1640), France (1789),

Russia (1917), and China (1949)’ (Moore 1967; Skocpol 1979) to a more dif-

fuse study of a plethora of political, economic, and social events and pro-

cesses that overlap with other types of contentious politics and social move-

ments (Goodwin and Skocpol 1989; Goldstone 2001; Smith 2008; Dhanagare

2012). Second, since the 1990s studies of revolution have shed the class-

based analytical lens that gave Theda Skocpol’s standard definition of social
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revolutions (Skocpol 1979, 4) as “rapid, basic transformations of a society’s

state and class structures... accompanied and in part carried through by

class-based revolts from below.” Instead, many recent studies of revolution

have focused on other social cleavages and political processes and incor-

porated new insights on cultural, gender, ideological, religious, and ethnic

social movements (McAdam and Snow 1997; Goldstone, Giugni, McAdam,

and Tilly 1998; Hanagan, Moch, and Te Brake 1998; Hatem 2011; Barbato

2012; Ismail 2013). And third, qualitative and comparative case study meth-

ods (Moore 1967; Skocpol 1979; Goodwin and Skocpol 1989) have been sup-

plemented by a more diverse array of methods such as cross-national, quan-

titative analyses (Wickham-Crowley 1992; Foran 2003; Olzak 1992; Urdal

2006; Colgan 2012; Hart 2013), and micro-level analyses, including social

psychology, rational choice, network ties and collective action problems

(Klandermans and Tarrow 1988; Kuran 1989; Opp and Gern 1993; Gold-

stone, Giugni, McAdam, and Tilly 1998; Lichbach 1998).

Thus, scholars have begun to differentiate the causes, processes, and

outcomes of revolutions, and have suggested that “social movements, rev-

olutions, strike waves, nationalism, democratization, and more - result from

similar mechanisms and processes” (Aminzade, Goldstone, McAdam, Perry,

Sewell, Tarrow, and Tilly 2001, 4). Though there is no simple consensus

around a new definition of revolution, Jack Goldstone (Goldstone 2001, 142)

builds on the work of fellow contentious politics scholars to suggest a new
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definition of revolution as: “an effort to transform the political institutions

and the justifications for political authority in a society, accompanied by

formal or informal mass mobilization and non-institutionalized actions that

undermine existing authorities.” The key takeaway from this study is that

we may gain deeper insight into “revolution” by focusing on elements of

revolution such as revolutionary events.

This study places itself within this most recent fourth wave of stud-

ies of revolution (Goldstone 2001), offering an approach that is innovative in

terms of both data and analysis. The more expansive definition and scope

described above encompasses the measures used in this study, in which

“revolution” is conceived of as a set of quantifiable and measurable polit-

ical events, including protests, riots, and violence (almost exclusively state

violence). This sub-national focus on measurable revolutionary events al-

lows us to identify when each district had its first onset of either dissent

or repression, and quantify the days on which districts did or did not have

dissent or repression, and the intensity of repression (in terms of casual-

ties). In the remainder of this section, we shall discuss the theory behind

the explanatory model used to predict the aforementioned “revolutionary

events“.
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Unanticipated Revolution

For decades, Tunisia has been considered one of the success stories on
the African continent. Sound macroeconomic alongside impressive so-
cial management accomplishments set Tunisia apart as one of the most
robust performers in Africa. This perception was cemented by the coun-
try’s progress in recent years, including its brisk recovery from the
2009 economic crisis characterized by a GDP growth of 3.7% in 2010
and impressive progress towards achieving the Millennium Develop-
ment Goals (MDGs). This led many to believe Tunisia was, by-and-
large, a sustainable good practice development model. (AfDB 2011)

As with most revolutions, the Tunisian revolution surprised both

the regime and scholars. At least one observer confidently predicted that

regime change in Tunisia was unlikely within the next decade (Penner An-

grist, Maddy-Weitzman, and Zisenwine 2007). There was a widespread

view of Tunisia as a secular, Westernized, economic success story with un-

fortunate authoritarian political overtones. Both this economic success and

the “robustness” of its authoritarianism were considered likely hedges against

political upheaval (Bellin 2004). And its perceived secularism seemed to

make it less susceptible than other Arab regimes to Political Islam. The

Chinese model of selective economic liberalization without political liber-

alization was considered an aspirational model by most Arab regimes, and

more than a few development practitioners and scholars thought it a viable

one, spawning a vast literature on the durability of authoritarianism in the

Arab States (Salame 1994; Ayubi 1999; Durac and Cavatorta 2009). In the

particular case of Tunisia,
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research and analytical agendas were consumed by the robustness of
Ben Ali’s authoritarian state, [and] little attention was paid to the de-
velopment of informal and extra-institutional political activities that
existed even under deepening political repression... (Chomiak 2011,
68)

But this macroeconomic growth masked local economic disparities

and rampant government corruption. A completed 2009 development re-

port by a well-known international organization went unpublished, pre-

cisely because its conclusions about regional disparities in Tunisia displeased

and embarrassed the Ben Ali regime.13 Just prior to the revolution, the U.

S. Ambassador to Tunisia estimated that as much as 50% of the business

in the capital city of Tunis was run by former President Ben Ali’s relatives

and those of his wife’s Trabalsi Clan (Agence France Presse 2011; Dahmani

2011). One recent post-revolution study went so far as to call these pre-

revolutionary views a threefold set of myths of “economic miracle, demo-

cratic gradualism and secularism” (Cavatorta and Haugbølle 2012).

Prevailing Explanations

Extant, primarily qualitative, literature overlooks the two main argu-

ments of this study, that (1) the Tunisian revolution began as a local, tribal

revolt, and (2) that it grew into a national revolution through the dynamic

13 The international organization remains unnamed to protect the anonymity of the au-
thor’s sources.
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local process of the dissent-repression nexus. Instead, these studies sug-

gest a mix of underlying factors related to the initial Tunisian uprising and

its transition from a local revolt into a full-blown national revolution. In

the past four years, more than two dozen scholarly articles, more than half

a dozen books, and countless media pieces have been written about the

Tunisian revolution, without counting scores more about the Arab Spring

that included the Tunisian case. Many of these prior studies have captured

the narrative flow of events, but have relied perhaps too much on the in-

terpretations of local actors who have their own interests in promoting a

particular view of the Tunisian revolution and their role in it.

Recent research has put forth four main sets of sub-national theories

for explaining the conversion of this local revolt into a national revolution.

National level factors such as the stance of foreign powers (Skocpol 1979;

Schraeder 2012), the position of domestic organizations such as the Tunisian

Army or UGTT Worker’s Union (El-Khawas 2012), and regime characteris-

tics (Costello, Jenkins, and Aly 2015) were certainly important for setting the

stage, but can do little to account for the local flow of events. The main pre-

vailing, testable, sub-national theories of the Tunisian revolution include:

(1) the role of specific groups of social actors such as Unions and Islamists,

(2) socio-economic and contextual factors such as economic inequality, (3)

demographic factors such as the importance of youth, and (4) the role of

social media such as Facebook and Twitter. In the analyses in this study, I
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include measures to test a number of these existing theories of revolution,

which may have certain, expected effects. However, no formal hypotheses

are formulated for these control variables, because they have yet to be tested

in a sub-national study of this kind, and I expect them to be less important

predictors than the two main arguments of this study.

Unions and Islamists

Both scholars and journalists have made much of the role of Unions

in the Tunisian revolution (Alexander 2011; Arieff 2011; Ayeb 2011; El-

Khawas 2012; Ottaway and Hamzawy 2011; Paciello 2011; Toensing 2015),

and the Islamists’ “capturing” of the revolution through subsequent elec-

tions (Allani 2009; El Amrani and Lindsey 2011; Feuer 2012; Cavatorta and

Merone 2013; Kaboub 2014; Stepan and Linz 2013). A number of stud-

ies have emphasized the organizational role played by Tunisian Unions

and in particular the largest Union, the Tunisian Workers’ Union, or UGTT

(Mabrouk 2011; Aleya-Sghaier 2012; Zemni 2013). From this perspective,

even though the national leaders of the UGTT did not officially endorse

the revolution until January 4th, 2011, a full 19 days into the revolution

and only 10 days before Ben Ali fled the country, “union activists on the

ground were not awaiting orders from above” and the leadership were in

solidarity with the protesters (Toensing 2015). Anecdotal evidence from in-

terviews does suggest some involvement of various union members partic-
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ipating in protests, particularly at the level of local chapters. It is important

to point out, however, that individuals may have multiple affiliations, of

which “union member” is only one.

Second, many scholars viewed the hand of Islamists in the orches-

tration of the Tunisian revolution, particularly in what some have dubbed

the “second revolution” that began with the return of the Islamist party,

Ennahdha’s long-exiled leader, Rachid Ghannouchi from London on Jan-

uary 30th, 2011 (Tanriverdi 2011; Usher 2011). While the first revolution

was viewed as a specific struggle to oust Ben Ali, the second was seen as an

attempt to ensure that the remnants of the old regime also left power, and

that dictatorship would not return. Rachid Ghannouchi himself acknowl-

edged that “the revolution had been made by the educated unemployed,

the unions and the lawyers” (Usher 2011). But the role of Ennahdha and

other Islamists in this second revolution seemed apparent based on both

their prior history of political organization and their later electoral suc-

cess in the first constituent assembly elections in October 2011 (Allani 2009;

Feuer 2012; Allani 2013; Zemni 2015).

According to the above discussion, we would expect proximity to lo-

cal UGTT Union Headquarters to be positively correlated with revolution-

ary events in the first and second periods of the revolution, prior to January

14th, 2011. We would also expect the percentage of votes cast for Islamists in
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Tunisia’s first elections to be positively correlated with revolutionary events

in the third period thereafter.

Socio-Economic Theories

Scholars of the Tunisian revolution have placed themselves within a

long-standing Neo-Marxian tradition of viewing this revolution as a strug-

gle that pitted the long-time have-nots with their economic grievances against

the corrupt, elite haves (Moore 1967; Marx and Engels 1978; Skocpol 1979;

Besançon 2005). Such theories of disparities focus on unemployment and

underemployment (Aleya-Sghaier 2012; Ayeb 2011; El-Khawas 2012), food

security (Gana 2012), and distribution of wealth (Honwana 2011; Mabrouk

2011). Some proponents of this socio-economic grievances hypothesis trace

the historical roots of these disparities to the beginning of structural adjust-

ment in the 1980s, and its undermining of the social contract of the middle

class with the regime in the 1990s (Kaboub 2014). However, there continues

to be debate about whether or not socio-economic deprivation is a suffi-

cient or necessary condition for revolution (Apolte 2012). This emphasis

of prior qualitative studies on lower and middle-class deprivation suggests

that education and unemployment would be positively correlated with rev-

olutionary events, and business growth, indicative of a positive economic

climate, would be negatively correlated.
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Demographic Theories

Demographic theories, and cross-national quantitative studies of rev-

olutions, lead us to expect a “youth bulge” effect (Tilly 1978; Goldstone

2002; Brunborg and Urdal 2005; Goldstone, Kauffman, and Toft 2011). Youth

bulge theorists argue that demographic age structures with large youth

cohorts are generally less stable and more prone to unrest. For example,

youth bulges have been found to be positively correlated with political vi-

olence, democratization, and other outcomes (Cincotta 2003; Urdal 2006;

Urdal 2008). Youth bulges were also considered a major factor in the Arab

Spring uprisings (Al-Momani 2011). The closely related theory of “wait-

hood“, or “stalled youth transitions“, ties together both demographic and

socio-economic hypotheses, suggesting that not only youth but particularly

disaffected youth are more prone to unrest (Singerman 2007; Salehi-Isfahani

and Dhillon 2008; Dhillon 2008; Dhillon and Yousef 2009; Honwana 2011).

Qualitative accounts of the Tunisian revolution have focused on this

nexus of youth demographics and socio-economic disparities, suggesting

that the revolution was launched and sustained by over-educated, under-

employed or unemployed youth, including both young women and men

(Honwana 2011; Saidani 2012; Khalil 2014). If true, we would expect youth

bulge proportion, and “waithood“, measured as the percentage of single,

never-married men to all be positively correlated with revolutionary events.
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We would also expect population size, and percentage of urbanized house-

holds to be positively correlated with these events.

Social Media Theories

Another set of theories nearly universally applied in studies of the

Tunisian revolution is the social media hypothesis, which is rooted primar-

ily in the work of Ithiel de Sola Pool in the 1980s (Pool 1983). Since journal-

ists first dubbed the Tunisian revolution a “Facebook” or “Twitter Revolu-

tion“, a vast number of studies have attempted to make the case that social

media, satellite media, or a combination of the two, were one of the ma-

jor catalysts of the Tunisian revolution (Howard, Busch, and Cohen 2010;

Howard and Hussain 2011; Khondker 2011; Stepanova 2011). The consen-

sus seems to be that such media facilitate revolutions, but do not create

them (Harb 2011). Yet there is some debate about whether social media may

have helped or hindered the activities of revolutionaries, given the Ben Ali

regime’s tight control of all internet activity (Wagner 2011; Wagner 2012).

Since these theories in their most recent social media incarnation

are so recent, most studies that apply them are focus on Tunisia or other

Arab Spring uprisings. Authors have suggested a number of mechanisms

by which social media may facilitate revolution including: “aggregating

grievance, building networks and communicating strategies for opposition

to the regime” (Breuer 2012; Breuer, Landman, and Farquhar 2014); as a
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multilingual space to frame the revolution (Benford and Snow 2000; Poell

and Darmoni 2012); as a space for “virtual reliquaries” of martyrs that mo-

tivate political activity (Halverson, Ruston, and Trethewey 2013); as a vi-

ral form of “epidemiography” that facilitated the rapid diffusion of dissent

(Postill 2011); or even for explicitly organizing resistance (Manenti 2011;

Huang 2011; Al-Momani 2011; Wulf, Misaki, Atam, Randall, and Rohde

2013). However, evidence of occurrence is not an argument for their instru-

mentality. We may question how widespread social media access is (Her-

mida, Lewis, and Zamith 2014), given the issue of digital divide (Norris

2001). At least one young protester from Sidi Bouzid said that he shared

protest information found online with friends who had no internet access

via traditional phone calls (Wulf, Misaki, Atam, Randall, and Rohde 2013).

These are reasons to be somewhat circumspect about social media effects.

Nonetheless, the sheer volume of prior research championing this hypoth-

esis would suggest a positive correlation between access to mobile phones

and revolutionary events.

Theoretical and Methodological Gaps

According to one scholar, “it is impossible to explain changes in hu-

man affairs, revolutions included, without looking at three dimensions of

these changes: the chronological, the spatial, and the social” (Burke 2010,

352). Prevailing explanations from the existing literature on the Tunisian
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revolution are insufficient to the task of explaining the local process of the

Tunisian revolution for at least three reasons. First, they tend to apply ex-

isting theories of revolution to the Tunisian case without consideration of

how theories derived from qualitative or cross-national studies may differ

in sub-national context. Second, they overlook the two main arguments

in this study: (1) the early role played by tribes, and (2) the importance

of dissent-repression dynamics in fueling the growth of local revolt into a

national revolution. Third, they contain three main methodological limita-

tions (Lotan, Graeff, Ananny, Gaffney, Pearce, and Boyd 2011; Breuer 2012;

Marzouki, Skandrani-Marzouki, Béjaoui, Hammoudi, and Bellaj 2012; Ray

2011). (i) The majority of these studies rely solely on qualitative and anec-

dotal evidence, often citing slogans seen or heard at protests without any

empirical tests. (ii) Both qualitative and quantitative studies tend to rely

on “convenience samples“, for example of young internet users or union

leaders, who are likely to share a view of the importance of social media or

their group in the process of revolution. (iii) They do not cover a known,

representative portion of sub-national geography, and consequently, suffer

from a limited or unknown scope of applicability even within the Tunisian

sub-national context.
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The Spark That Started a Prairie Fire

Borrowing from an old Chinese proverb, Timur Kuran developed a

theory of “unanticipated political revolution” that begins as a spark and

spreads as quickly as a prairie fire through a process of “bandwagoning”

(Kuran 1989). All observers agree that the spark that started the Tunisian

revolution, and perhaps the entire Arab Spring, was the December 17th,

2010 self-immolation of vegetable vendor Mohamed Bouazizi. Bouazizi lit

himself on fire out of protest at having his vegetable cart, and sole means

supporting his family, confiscated by corrupt police. In the days following

Bouazizi’s suicidal act of defiance, protests broke out in his hometown of

Sidi Bouzid and spread initially to neighboring districts, eliciting violent

government crackdowns on protesters. Both protest and coercive state vio-

lence remained initially in Central Tunisia. Unrest reached the capital city of

Tunis, and most of the rest of the country, becoming a truly nation-wide rev-

olution, only after about two weeks. From this initial act of personal protest,

it took less than one month to chase the former strongman, President Ben

Ali from power. The rest of his old regime crumbled six weeks later with the

resignation of former Prime Minister Mohammed Ghannouchi on February

27th, 2011. Corruption trials against Ben Ali and his extended clan soon fol-

lowed. The precise factors and local process that fanned the flames of this

initial spark through into the prairie fire of revolution are at the heart of this

study. I argue that a local tribal revolt initially kept this spark alive, and
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eventually lit the torch of national revolution through the dynamic process

of dissent and repression.

Tunisian Tribes: Bourguiba’s “Demon of Numides“

From a powder of individuals, and magma of tribes, and sub-tribes,
all hunched over under the yolk of resignation and fatalism, I made a
people of citizens. But I’m afraid of what I once called “the Demon of
Numides“, this demon which encourages disunity and internal strug-
gles... Tunisian President Habib Bourguiba, 1973 speech at the
ILO in Geneva (International Labour Organization 2014).

The first argument of this study is that the Tunisian revolution began

as a local tribal revolt. The particular tribe in question is the Hamama tribe,

a large confederation of smaller tribes located in the central Tunisian hinter-

lands and centered around the town of Sidi Bouzid, where the Tunisian rev-

olution began. These same tribes played an important role in state-building

at the moment of Tunisian independence (Charrad 2001; Charrad 2011).

Yet, they chose the wrong side of history, backing the rival of Tunisia’s first

post-independence President, Habib Bourguiba. Bourguiba sought to erad-

icate and marginalize Tunisia’s tribes as relevant political actors. He set

about redistricting to diminish the importance of troublesome tribal dis-

tricts and firing hundreds of local “shaykhs” in the 1950s and 1960s, re-

placing them with centrally appointed “mayors” (Boutaleb 2002, 144-146).

Many Tunisians and scholars of the country considered that the regime had

succeeded and that tribes were disempowered, at least in political terms.
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However, there is a great deal of evidence that tribes continued to play

an important role in Tunisian society, the economy, and in informal poli-

tics, with a resurgent formal role since the 1980s (Boutaleb 2002; King 2003).

Some scholars have highlighted the importance of tribal loyalties in other

Arab Spring revolutions in Libya and Yemen, or the importance of regime

patrimonialism in the cases of Egypt and Tunisia (Goldstone et al. 2011).

Nonetheless, only a small handful of authors have mentioned tribes in the

context of the Tunisian revolutionary mobilization, all without further elab-

oration (Mabrouk 2011; Saidani 2012; Boutaleb 2012).

The durability of Tunisian tribes under the political radar and their

re-emergence at key historical moments lead me to consider them “sub-

merged trust networks“, to combine two concepts from Alberto Melucci

and Charles Tilly (Melucci, Keane, and Mier 1989; Tilly 2005). The possibil-

ity of such “independent production of social capital from below” is high-

lighted in the literature on social movements and civil society (Fox 1996). In

this case, we are talking about a kin-based group, which has been described

as follows:

Membership in kin-based groups is the individual’s chief guarantee of
security and access to resources – hence the necessity for strong group
maintenance mechanisms. Arab ‘familism’ (or ‘tribalism’) must be
viewed, not as a cultural trait, but as a very ancient adaptive response
to insecurity; group cohesion is as important for survival under state
oppression as it is for survival in the absence of the State. (Sayigh
1981)
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This independent production or maintenance of social capital contrasts with

alternative forms of social capital production such as the UGTT Union’s

“state-society convergence“, or “local-external collaboration” which may be

part of the pathway for Islamist groups such as the Ennahdha party (Fox

1996).

In the standard narrative of the revolution, the self-immolation of

Mohamed Bouazizi is viewed as a protest against government corruption

and economic despair. However, a crucial element is often left out of this

story. While his cart was confiscated, Bouazizi was publicly slapped across

the face by a woman police officer who also insulted his deceased father

(Abouzeid 2011). As one of his family members explained, “To be slapped

by a woman, in the middle of the street, it can burn you up inside. With us,

the Hamama [tribe], that is intolerable” (Ayad 2011). Elsewhere we learn

that the first Facebook videos of Bouazizi’s protest and early protests there-

after were posted by his cousin (Mackey 2011; El-Khawas 2012). And a

quick look at the geographic distribution of early dissent and repression

(See Figure 2.3 at the end of this study.) shows that major unrest remained

almost exclusively in Sidi Bouzid and surrounding areas for the first 10-

15 days of the revolution. This area is dominated heavily by Bouazizi’s

Hamama tribe, with a long history of regime opposition and economic dis-

advantage dating from independence in the 1950s. It would seem then that

the spark that ignited the prairie fire may have been, at least in part, a
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spark of tribal indignation, and that the revolution began as a tribal revolt,

whether or not these actors had revolutionary intentions.

Hypothesis 1: Presence of the Hamama tribe will be positively, and
significantly correlated with the likelihood of onset, the likelihood of
dissent or repression, and the intensity of repression, particularly in
the first period of the Tunisian revolution.

The Dissent-Repression Nexus

The second main argument of this study is that a dynamic cycle of

protest and violent state repression was a key driver of the local process

of revolution in Tunisia. Social scientists have long been interested in ex-

plaining the causes of political dissent and state repression, as well as their

interrelation, known as the Dissent-Repression Nexus. But the relationship

between coercion and protest, or repression and dissent, which may be at

the core of theories of rebellion and revolution, remains unresolved today

as it did two decades ago (Francisco 1995). Theories related to the dissent-

repression nexus are generally concerned with one of two main theoretical

puzzles, namely the “free rider” problem and the “dictator’s dilemma“.

The “free rider” problem is a puzzle related to individual motiva-

tions for protest and the inability of rational choice theory to fully explain

an individual’s participation in political dissent. Simply put, it does not

seem very rational to participate in protest, particularly since those who

don’t participate may receive the same benefits of a successful revolution,
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but face less risk of state repression. Scholars have proposed a number of

modifications to rational choice game theory models of dissent, including

“private benefits” obtained through participation in revolutionary activity

(Grossman 1991), psychological costs of holding different public and pri-

vate political views with thresholds for “bandwagoning” behavior (Kuran

1989), and perspectives that take into account both individual and “herd

mechanics” (Lohmann 2000). From the vast literature on the effects of dis-

sent on repressive state responses, there has been consensus on only two

points: (1) states respond to dissent with repression so consistently that it

is considered “the law of coercive responsiveness” (Davenport 2007a), and

(2) democratic states are likely to respond with lower levels of state repres-

sion, which is known at the “domestic democratic peace” finding (Regan

and Henderson 2002; Carey 2006; Davenport 2007b). These may be part of

any rational or irrational choice calculation for protesters.

Turning this nexus in the other direction, the inconsistent findings

for the effects of repression on dissent constitutes the second puzzle in this

literature, known as the “Dictator’s Dilemma.” Even after several decades

of research, it remains unclear when repression deters and when it escalates

dissent (Lichbach 1987; Carey 2006). The most concise summation of this lit-

erature is that “it depends.” Some studies have suggested that swift, harsh

and violent repression may lead to less dissent in the short run while mak-

ing dictators more vulnerable to potential civil war or guerrilla warfare in
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the long run (Davenport, Johnston, and Mueller 2005). Proposed theoreti-

cal solutions to this puzzle have included bandwagoning, critical threshold

and critical mass models, in which a small initial protest triggers broader

participation (Kuran 1989). Others have proposed a “backlash threshold“,

whereby protesters will begin to escalate dissent beyond a certain level of

repression (Davenport et al. 2005). Theory and empirics have suggested

that the relationship between repression and dissent may be linear and pos-

itive (escalation), linear and negative (deterrence), u-shaped or inverse u-

shaped (Rasler 1996). Nonlinear theories of this relationship indicate that

repression may deter dissent under most conditions, but will escalate it un-

der the “ascendant phase of the protest cycle” (Brockett 1993) or in the as-

cendant phase of repression (Francisco 1995).

From the literature on the dissent-repression nexus, we can be sure

that the relationship between the two is a dynamic process, with each affect-

ing the other in particular ways under diverse conditions (Olsson-Yaouzis

2010). However, there are at least three gaps in our understanding of this

process. First, few studies of revolution have included measures of the ef-

fects of dissent and repression and their joint effects on revolutionary out-

comes. Without the inclusion of such measures, our estimates of the ef-

fects of other common theories of revolution are less robust. Second, there

has been “little systematic study of conflict dynamics in the [Middle East]

region” (Meyer and Jenkins 2007). Third, few sub-national studies of the
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dynamic process of dissent and repression have considered both temporal

and spatial effects. We have a pretty clear idea that dissent may be con-

tagious, and that nearby dissent or conflict, even in other countries, may

cause states to escalate repression (Danneman and Ritter 2014). But it is less

clear whether the deterrence or escalation effects of repression work simi-

larly across geographic space as well as locally.

Some scholars have described the ebbs and flows of the Tunisian rev-

olution as a “process of making, unmaking, and remaking that... [was]...

driven by an intense ongoing struggle between emergent social forces and

established political formations...” (Saidani 2012, 43), or as a “sequence”

that

involved powerful waves of protest dissipating themselves against the
social bedrock, with succeeding waves picking up the socio-political
sediments that their predecessors had left behind, thus cumulatively
augmenting the overall effect. (Mabrouk 2011, 631).

At least one scholar has used the concept of the Dissent-Repression Nexus

to describe the momentum of events in the Arab Spring as a whole (Dav-

enport and Moore 2012). But no quantitative studies of the Arab Spring

revolutions have attempted to test these theories at the sub-national level

where we would expect them to play out. Neither have they suggested

that this dynamic and momentum may have been a more important driving

force than some of the socioeconomic, demographic, social network or so-

cial media theories often applied to these revolutions. This study attempts
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to address some of these gaps with a sub-national look at the temporal and

spatial dimensions of the dissent-repression nexus, and the overall effects

of this dynamic on the local process of the Tunisian revolution.

HYPOTHESIS 2: Dissent, Repression, and Intensity of Repression
will be positive and significant predictors of later Onset, Dissent, Re-
pression, and Intensity of Repression.

Data and Methods

This study makes use of a unique, dataset in order to undertake a

quantitative, sub-national analysis of political events of dissent (protest and

riots) and repression (state violence) in the specific context of the Tunisian

revolution. It analyzes temporal and spatial data in district-day units to

predict likelihood of the first ONSET of revolutionary events, daily likeli-

hood of DISSENT or REPRESSION, and INTENSITY of repression during the

Tunisian revolution. The spatial dimension includes 258 of the 268 local dis-

tricts (délégations) in Tunisia.14 The temporal dimension includes 74 days

of data from December 17th, 2010 until February 28th, 2011, selected be-

cause these cover the major revolutionary events of initial revolt, nation-

wide revolution, downfall of President Ben Ali, and revolutionary consoli-

14 Ten geographic units were removed through list-wise deletion of missing or unmatch-
able data. Of these, six units were actually bodies of water, two were unknown units, and
two were known districts that were only created after collection of the 2006 completion of
the 2004 census, and thus had no available demographic data.
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dation culminating in fall of the remaining old regime and the beginnings

of a transitional government.

Dependent Variables: Onset, Dissent, Repression, and Intensity

I analyze four different measures of revolutionary events and inten-

sity, defined as ONSET (first occurrence of protest or violence), DISSENT

(protest or riots - 0/1), REPRESSION (state violence - 0/1), and INTENSITY

(casualty count).15 These variables were created with data gathered from

three sources: (1) The GDELT Project - The Global Database of Events, Lan-

guage, and Tone, which is a real-time, computer-generated database of po-

litical events parsed by computer algorithms from available online news

sources in more than 100 languages (Leetaru and Schrodt 2013); (2) the

ACLED Project - Armed Conflict Location and Event Data Project, which

is a hand-coded database of political events gathered from online news

sources, primarily in English and French (Raleigh, Linke, Hegre, and Karlsen

2010); and (3) an April 2012 Tunisian Government Report on the violent

“excesses of the revolution“, which listed details, including date, victim

name, and location for all 338 people killed and 2,147 wounded during the

Tunisian Revolution (National Commission 2012).

15 With the recent advent of computer-generated “big data,” there is a debate about
whether machine-coded or hand-coded data better captures political events (Schrodt 2012;
Hammond and Weidmann 2014). In this study, I combine and use both types of data.
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The first dependent variable, ONSET is a 0/1 event history measure

that indicates the first occurrence per district of either protest or violence,

which combines data from the next two variables. The second dependent

variable, DISSENT is measured as a dummy variable for the 0/1 occurrence

of protest or riots recorded by the GDELT or ACLED Projects, or mentioned

in the circumstances of casualties in the Government report as occurring at

a “sit-in” or a “demonstration.” The third dependent variable, REPRESSION

is also measured as a dummy variable for the 0/1 occurrence of any inci-

dent of violence recorded by any of the same three sources. Dummy coding

permits analysis of the probability of incidents, rather than the count of in-

cidents.16 The fourth dependent variable, INTENSITY offers a measure of

the intensity of state repression, considered as a simple count of the num-

ber of killed or wounded, taken from the Government Report.17 Data on

violence from all three sources (GDELT, ACLED, and the Government Re-

port) are considered to be repression, or state violence. Available summary

statistics indicate that 92% of the 2,485 casualties mentioned in the Govern-

16 Furthermore, though both computer and hand-coded event data, from GDELT and
ACLED respectively, seem to offer a thorough accounting of the dates and locations of
events, their reliability is less clear in accounting for the number of events per district, per
day, which may be confounded with numbers of articles or sources. GDELT casts a wide
net, including foreign actors and other event types that are not relevant to this study. Thus,
GDELT data were further reduced to only political protest or violence events where both
actors were Tunisian and the event was geo-located within Tunisia.

17 There are strong reasons to trust the reliability of data from this report, which was
conducted by an independent committee and provided the basis for government compen-
sation to victims and their families, because checks were included in the form of family
and medical certification of incidents.
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ment Report from December 17th, 2010 through October 2011 were civilians

and that 66% were killed by gunshots, likely by snipers. In the half of cases

where the perpetrator was known, 88% were killed by the Tunisian Police,

and 6% by the Tunisian Army. Approximately 90% of victims were male,

and 70% were between the ages of 18-39. All four measures have the same

district-day unit of analysis.

Control Variables: Assessing Prevailing Theories

In the following analyses, I test a number of measures of prevail-

ing theories of the Tunisian revolution. UNION measures the local presence

of the UGTT (Union Générale des Travailleurs Tunisiens), Tunisia’s main

workers’ union, created by the addition of a 0/1 dummy variable for the

presence of a local UGTT headquarters in each district with a sum of ad-

jacent, neighboring Union HQs. Neighboring HQs are weighted by 0.5 to

give them half the value of a local HQs location. UGTT local headquar-

ters’ locations were gathered from two online, North African, Yellow Pages

sources, and geo-coded with Google Earth and Google Maps, prior to calcu-

lation of this variable (Google 2014; Google 2014; Pages Jaunes 2014; Pages

Maghreb 2014). ISLAMISTS is measured as the percentage of total votes cast

for Islamist parties, including the main Islamist party Ennahdha, during the

October 2011 Tunisian Constituent Assembly elections, which occurred im-
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mediately after the revolution. Vote count data for calculating this variable

were gathered from a Tunisian Government website (Tunisie: ISIE 2012).

Additional explanatory variables include Demographic, Socio-Economic,

and Social Media variables. BUSINESS GROWTH was calculated from data

provided by the Tunisian National Institute of Statistics by averaging the

annual percentage change in private businesses per district from 1996 until

2010 (Tunisie: ISIE 2014). The 2004 Tunisian Census provided demographic

variables such as POPULATION (a count variable coded in thousands); UR-

BANIZATION (the percentage of the population located in urban areas); and

YOUTH BULGE (calculated as the ratio of the youth population aged 15-29 to

the remainder of the working-age population aged 30-59). This census was

also the source for a number of socio-economic variables such as WAIT-

HOOD (the percentage of men who are single and have never been mar-

ried); UNIVERSITY EDUCATION (the percentage of the population that has

a university degree); and UNEMPLOYMENT (the percentage of unemployed

in the working age population). A proxy measure for social media access,

MOBILE PHONES (the percentage of households with at least one mobile

phone) is also drawn from the 2004 census (INS 2004). Figure 2.4 shows

graphical representations of the spatial distribution of the aforementioned

explanatory variables.
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Measuring Tribes and Process

Since the first main argument of this study is that the Hamama Tribe

played an important role during the early part of the Tunisian revolution, a

variable, TRIBE, is included, which measures whether none, some, or all of

a district (0, .5, 1) is part of the territory of the Hamama tribal confederation,

as designated on an ethnographic map of Tunisia (Herzog 1981).

Prevailing and competing theories have overlooked the role of tribes,

but have suggested differing roles for UNIONS or ISLAMISTS during the be-

ginning or end of the revolutionary period under study. For this reason,

each of these variables for social movements or groups are included only as

interaction variables by period.18 Dummy variables for Periods 1 and 2 ef-

fects are also included, with Period 3 omitted as the reference category. The

74 days of the Tunisian revolution in this study are divided up into three

specific periods:

· Period 1 (from December 17th through December 31st, 2010),

· Period 2 (from January 1st through January 14th, 2011), and

· Period 3 (from January 15th through February 28th, 2011).

These periods were chosen based on a close chronological reading

of the events of the revolution. The first period begins on day one of the

18 Since interactions for all three periods are included, the original variables: TRIBE,
UNION, and ISLAMISTS are omitted due to collinearity.
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Tunisian revolution, the day of Mohamed Bouazizi’s self-immolation and

the initial revolutionary protests and state violence in December 2010. Pe-

riod two begins with the expansion of revolutionary events around the

country in early January 2011, followed soon after by the formal endorse-

ment of the UGTT’s national headquarters. Period 2 ends with the first

success of the revolution, the flight of President Zine El Abidine Ben Ali

and his entourage on January 14th, 2011. Finally, the third period begins

the day after the former President’s ouster and concludes the day after the

collapse of his old regime, when Prime Minister Mohammed Ghannouchi

stepped down and was replaced by Beji Caid Sebfsi on February 27th, 2011.

No analysis was conducted outside of these dates because there were no

revolutionary events prior to Period 1 and events following Period 3 were

too sparse to draw reliable conclusions.

Measuring the Dissent-Repression Nexus

The other central argument of this study is the importance of the

Dissent-Repression Nexus in fueling ongoing unrest during each period of

the Tunisian revolution. Therefore, I include a set of temporal and spatial

lag variables to measure the effects of occurrences of dissent or repression,

or the intensity of repression on events in the following days. For each of

the dependent variables described above, DISSENT, REPRESSION and IN-

TENSITY, a temporal lag variable is included that measures the number of
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days of protest or violence, or the total number of casualties in the preced-

ing three days in a given district. A set of spatial lag variables is also created

by calculating an inverse-distance weighted score for each district that takes

into account all events in all districts in the preceding three days, weighting

the events of closer neighboring districts more heavily than those further

away. Temporal lag variables take an -L3 suffix, while temporal-spatial lag

variables (inverse-distance weighted) take a -wi3 suffix. Together, these six

variables test the theory that there is a local and spatial effect of prior dis-

sent and repression in escalating further dissent and repression during the

Tunisian Revolution.

Statistical Methods

This study uses three principal methods to investigate the factors as-

sociated the onset, likelihood, and intensity of dissent and repression dur-

ing the Tunisian Revolution. First, event history analysis is conducted in

order to estimate a district’s likelihood of the first ONSET of revolutionary

events, marked by the first occurrence of either violence or protest. This

analysis estimates effects of explanatory variables on the instantaneous rate

at which units (districts) experience a first revolutionary event over time

(days). (Allison 1984), given that district has not yet experienced either type

of event. This type of model accounts for daily change in the hazard rate,

obviating the need for temporal lag variables since there is only one “fail-
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ure” or first occurrence per district. Spatial lag variables are included to

account for the neighborhood effects of prior dissent and repression on the

failure rate.

Second, logistic regression predicts the daily 0/1 occurrence of DIS-

SENT or REPRESSION. These analyses fit a generalized linear mixed model

(random effects logistic regression) (Jaeger 2008). Finally, the third method,

random-intercept, negative binomial regression, predicts the daily intensity

of violence measured as a count of INTENSITY (killed or wounded), which

is an appropriate model for over-dispersed count data such as the casualty

count in this model (Hilbe 2011, 180). With the exception of temporally and

spatially lagged versions of dependent variables, all of the remaining ex-

planatory variables are time-invariant snapshots that vary only by District.

This was one key consideration in choosing random-intercept, rather than

fixed-effects time-series models for logistic and negative binomial regres-

sion models.

The district-day unit of analysis and consequent temporal and spa-

tial dimensions of the given dataset require consideration of issues of auto-

correlation. Temporal autocorrelation is visible in time-series Lowess plots

in Figure 2.1 and corroborated by pre-estimation serial autocorrelation tests

that show significant serial auto-correlation beyond the 0.01 α level for DIS-

SENT and REPRESSION and beyond the 0.05 α level for INTENSITY. You can

also see temporal trends in the Cumulative Sum Graph for ONSET of either
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dissent or repression in Figure 2.2. Spatial autocorrelation of dependent

variables is evident from choropleth maps of these for variables by period

in Figure 2.3 and is further demonstrated with significant Moran’s I and

Geary’s C tests of spatial autocorrelation conducted on outcome variables

for each day of data (See Tables 2.4 and 2.5 at the end of this study). Be-

cause of this temporal and spatial autocorrelation, both logit and negative

binomial analyses use time-series, random-intercept models to account for

a general form of temporal auto-correlation. They also include both tem-

porally and spatially lagged dependent variables in the explanatory model,

in order to test the effects of prior dissent or repression in each district and

among neighboring districts.

I conduct two similar, comparative analyses of these four models. In

the first set of baseline models, I test prevailing theories about the Tunisian

revolution including the role of UNIONS and ISLAMISTS in each period, and

the overall effects of demographic, socio-economic variables, and social me-

dia measures. In the second set of models, I include period interaction mea-

sures of the Hamama TRIBE, as well as temporal and spatial lag variables to

measure the effects of the Dissent-Repression Nexus. This two-step analysis

permits an examination of the overall effects of my two main arguments, as

well as their impact on the significance of prevailing theories.19

19 All analyses were conducted using Stata 13.
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Results

Baseline Models

Table 2.1 at the end of this study demonstrates results of the first four

baseline models, testing the impact of prevailing theories of the Tunisian

revolution on the ONSET of revolutionary events, the daily likelihood of

DISSENT and REPRESSION, and the INTENSITY of Repression. For ease of in-

terpretation, all results are presented as ratios (exponentiated coefficients),

with relative risk ratios for event history Model 1, odds ratios for logistic re-

gression Models 2 and 3, and incidence rate ratios for the negative binomial

regression Model 4. All interpretations assume the ceteris paribus interpre-

tation, where all other variables are held constant.

Unions, Islamists, and Period Effects

These baseline models indicate some support for the role of Unions,

although the timing for this Union effect does not precisely match with the

two-period approach suggested by most scholars. In these results, there is

no statistically significant effect for the UGTT Union in Period 1. In Period

2, proximity to one local UGTT Headquarters, or two neighboring head-

quarters is associated with 18% greater likelihood of having the first onset

of revolutionary events. And in Period 3, for each unit change, there are

66% greater odds of a district experiencing dissent, 42% greater odds of re-
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pression, and a 65% greater incidence rate for intensity (casualties).20 This

suggests later UGTT involvement than has been suggested in the literature

on the Tunisian revolution.

Findings contradict the theorized role of Islamists in the early, pre-

electoral stages of the Tunisian revolution. We fail to reject the null hy-

pothesis for an Islamist effect in Periods 2 and 3. And, in Period 1, there

is a strongly significant, negative correlation between Islamist voting and

all four outcome variables. A 1% increase in Islamist voting leads to an ex-

pected 7% lower likelihood of first onset, 10% lower odds of dissent, 12%

lower odds of repression, and a 17% lower incidence rate for intensity of

repression (average daily casualties).

As suggested by both qualitative evidence, and time-series lowess

plots in Figure 2.1, baseline findings indicate strong, significant period ef-

fects. Districts in Period 1 have more than 10 times greater odds of dissent,

nearly 15 times greater odds of repression, and more than 35 times greater

incidence rate (casualties per day) compared to Period 3. Period 2 also ex-

perienced significantly more dissent and repression than Period 3, but of

a lesser magnitude, on the order of 3 to 4 times greater odds or incidence

rate. Neither Period 1 nor Period 2 showed significantly greater likelihood

20 In a set of auxiliary baseline models, I tested the two-period hypothesis with Period 1
defined from December 17th, 2010 through January 29th, 2011, and Period 2 from January
30th, 2011, when Ennahdha leader Rachid Ghannouchi returned to Tunisia until February
28th, 2011. Results were similar overall, with less significance overall for the UGTT UNION
variable.

109



of the first onset of revolutionary events than Period 3, indicating that new

districts were joining the revolution throughout all three periods.

Demographic Variables

There is statistically significant, yet mildly substantive, support for

demographic theories of revolution in these baseline models. For example,

each additional 1,000 individuals in a district’s population are associated

with only between 1 and 3% greater likelihood or odds of each outcome

variable. One additional percentage point of urbanization is linked only to

a 1% greater incidence rate of intensity (casualties). A one standard devi-

ation increase in the youth bulge proportion is associated with a strongly

negative and significant 15% lower odds of dissent, repression, or in the in-

cidence rate for intensity repression. And youth bulge has a strongly nega-

tive association with the first onset of revolutionary events with a one stan-

dard deviation increase linked to a 14% lower likelihood of a first event.

This negative youth bulge effect is particularly surprising, given the vast

literature supporting it in the case of Tunisia and other Arab Spring upris-

ings.

Socio-Economic and Social Media Variables

Baseline models provide statistically significant, and comparatively

stronger support for socio-economic theories. A 10% increase in the average
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annual business growth rate is associated with 30% greater odds of dissent,

20% greater odds of repression, and a 30% greater incidence rate of intensity.

And a 10% increase in the percentage of men who are single and never mar-

ried (waithood) predicts 80% more likelihood of first onset, 340% greater

odds of dissent, 260% greater odds of repression, and a 240% greater inci-

dence rate of intensity. Tests of significance fail to reject the null hypothesis,

offering no support for theories related to the university education rate, un-

employment, or social media theories of mobilization that imply access to

mobile phones.

Main Models

Main models presented in Table 2.2 at the end of this study demon-

strate strong support for each of the two main arguments in this study,

namely the important early role of the Hamama Tribe, and the hypothesis

that momentum in the form of the Dissent-Repression Nexus drove the pro-

cess of revolutionary events toward their dénouement. In addition, these

effects displace and diminish the significant effects of prevailing theories

such as the role of the UGTT Union, Period Effects, Urbanization, Youth

Bulge, and Waithood. As with the prior section, all results are presented as

ratios (exponentiated coefficients), and all interpretations assume the ceteris

paribus interpretation, except in the case of predicted probabilities (margins)

where all other variables are held at their mean values.
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The Hamama Tribe and Period Effects

One of the strongest and most consistent findings in all four models

is the significance of the presence of the Hamama tribe. With all else held

constant, Hamama tribal districts have 7.6 times greater relative risk of the

first onset of revolutionary events in Period 1, and more than 2 times greater

risk in Period 2, compared to non-Hamama districts. They have more than

7 times greater odds of repression in Period 1, and nearly 3 times greater

odds of either dissent or repression in Periods 2 and 3. Lastly, they have

much higher incidence rates (average daily casualty counts), with nearly 12

times greater incidence rate for intensity in Period 2, and more than 2 times

greater intensity in Periods 2 and 3.

These effects are substantive, as well as statistically, significant. For

example, during period 1, Hamama districts have a 3% chance of experienc-

ing repression on any given day and have an average of 3 more casualties

each 4 days, with all other variables held at their mean values. All of this

supports the hypothesis that the Tunisian revolution began as a local, tribal

revolt, before growing into a nation-wide revolution, a finding that is visu-

ally consistent with the choropleth maps of dependent variables in Figure

2.3. The one caveat to these otherwise strong effects is that there was no sig-

nificant Hamama effect on dissent in Period 1. This may indicate that they

were more likely to be targets of state repression than to foment dissent in
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the earliest days of the revolution. In any case, they seem to have made up

for this in Periods 2 and 3.

The Dissent-Repression Nexus

There is also strong, statistically significant and substantive support

for the second main argument of this study, that the local process of revolu-

tion that drove events toward a nation-wide revolution was largely one of

momentum in the form of the Dissent-Repression Nexus. These hypothe-

ses are investigated with a set of three-day temporally and spatially lagged

variables for DISSENT, REPRESSION, and INTENSITY.21 These findings are

best demonstrated in logit Models 6 and 7, which specifically analyze the

likelihood of DISSENT or REPRESSION on any given day in any given dis-

trict, and consider reciprocal effects.

Here there is thorough support for “the law of coercive responsive-

ness,” which is consistent with prior literature outside of Tunisia (Daven-

port 2007b). Dissent is significantly predictive of repression, both locally

within districts, and across geographic space among neighboring districts.

For example, 1 additional prior local day of dissent in the preceding 3 days

corresponds to 72% greater odds of repression in the same district, and

21 I conducted a series of auxiliary analyses in which I varied the length of the temporal
lag of both temporal and spatial lag variables, including one-day, three-day, and five-day
lagged Dependent Variables. Three days seemed an appropriate amount of lag, and there
was little difference in overall findings.
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one additional inverse-weighted day of dissent among neighboring districts

leads to 60% greater odds of repression. One finding that offers a slight

amendment to the law of coercive responsiveness is that local dissent is not

significantly correlated with the intensity of repression, but it does seem to

escalate intensity of repression across space where one additional day of

prior dissent in neighboring districts leads to an expected 68% increase in

the incidence rate (casualties). In other words, the state responded to protest

with an escalation of repression across space.

In the reverse, there is also strong support for the hypothesis that

repression escalates dissent, although only at the local level. This suggests

a spatial dimension to the “Dictator’s Dilemma.” In Model 6, one addi-

tional prior local day of repression leads to an expected 71% greater odds

of dissent, but there is no significant effect of prior repression in neighbor-

ing districts on dissent. One unexpected and interesting corollary finding is

that intensity of repression has differing local and spatial effects, escalating

dissent locally and deterring it across space. For example, a one standard

deviation increase in intensity (about 3 casualties) in the prior 3 days leads

to 6% greater odds of dissent within the same district. In contrast, the same

increase in intensity among neighboring districts predict 15% lower odds of

dissent. One final nuance is the differing effects of repression on onset of

revolutionary events. Repression does not seem to significantly affect the

odds of dissent across space. However, in Model 5, repression does cor-
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relate with 31% greater risk of the first onset of revolutionary events for

each prior day of repression among neighboring districts. Some of this may

be the effect of repression on further repression since this variable contains

both protest and violence events. It is important nonetheless for explaining

the spatial effects of repression in spreading revolution.

In addition to reciprocal effects of dissent and repression, each of

these has temporally and spatially lagged effects on itself, suggesting a cer-

tain momentum to waves of dissent or repression that is independent of

the Dissent-Repression Nexus. For example, in Model 6, one additional

prior day of dissent predicts 78% greater odds of dissent, and one additional

inverse-weighted prior day of dissent among neighboring districts leads to

an expected 41% greater odds of dissent. Similarly, in Model 7, prior repres-

sion is also significant and predictive of further repression, although this

is restricted to a local effect. One additional prior local day of repression

predicts 69% greater odds of repression. The intensity of repression is also

locally predictive of future repression, as one additional casualty (intensity)

in the prior 3 days corresponds to 6% greater odds of repression. And one

additional prior day of local repression predicts a 32% greater incidence rate

of intensity (casualties). The intensity of repression does not seem to beget

additional intensity, a logical finding since on average repression cannot es-

calate indefinitely.
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While the effect sizes for these variables may seem smaller than those

of the Hamama tribe, they are incremental and cumulative and therefore

potentially much greater. Table 2.3 at the end of this study demonstrates

that temporal lag variables DISSENT L3 and REPRESSION L3 range from

0 to 3 days of prior events, while INTENSITY L3 ranges from 0 to a maxi-

mum of 155 casualties in the prior 3 days. And the range is even greater for

spatially lagged variables with suffix -wi3, which have much larger max-

imums for DISSENT WI3 and REPRESSION WI3 and much larger standard

deviations for all three -wi3 variables. In sum, these findings support the

argument that the Dissent-Repression Nexus was a major factor in fueling

the continuation, spread, and escalation of events during the Tunisian revo-

lution. They also offer some additional nuances regarding the relationship

between Dissent and Repression, and the temporally and spatially lagged

relationship of each with itself.

Evidence for Prevailing Theories

When measures for the Hamama TRIBE and the Dissent-Repression

Nexus are included in the main models in Table 2.2, measures for prevail-

ing explanations of the Tunisian revolution demonstrate diminished signif-

icance or null findings. Proximity to local UGTT Union headquarters is

no longer significant except in predicting intensity in Period 3 where one

additional local HQs or two neighboring HQs leads to a 65% greater in-
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cidence rate of casualties. This is a drastic change from baseline models

where Unions were significant in predicting both dissent and repression in

Period 3, and onset in Period 2.22 Islamist voting demonstrates comparable

effect sizes, with only slightly diminished significance. The percentage of

votes cast for Islamists has no significant relationship with any outcomes in

Periods 2 and 3, and a significant, mild negative correlation with all four

outcomes in Period 1. Each 1% increase in Islamist voting is correlated with

between 4% and 9% lower relative risk, odds ratio, or incidence rate.

Even general period effects for Periods 1 and 2 lost significance in

these main models, a large portion of which seems to be accounted for by

the interaction of the Hamama Tribe with each period. Period 1 goes from

strong significance in predicting dissent, repression, and intensity to only

weak significance at the 0.1 α level in predicting dissent. And Period 2

loses about one-third of its effect size in the main models and is no longer

significantly correlated with dissent.

Demographic factors also demonstrate weakened significance and

effect sizes. Population size effects are nearly identical in both size and

significance. But Urbanization is no longer significantly correlated with in-

tensity. And youth bulge continues to have a strongly substantive, negative

effect on dissent and repression, but its statistical significance is weakened,

22 Auxiliary tests modeled the UGTT variable in a variety of different ways, including
as a dummy variable, or as an inverse-distance, spatially weighted variable, and none of
these met conventional levels of significance consistently.
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and it no longer significantly affects onset or intensity. One standard devia-

tion increase in the youth bulge proportion (about 0.15) predicts about 14%

lower odds of dissent and about 12% lower odds of repression.

Socio-economic and social media variables demonstrate little change

in effect sizes and significance. The one exception is WAITHOOD, the per-

centage of single men who have never been married. Waithood is no longer

significant in predicting onset or intensity, and its effects size was reduced

by half in predicting dissent and by two-thirds in predicting repression. The

business growth rate demonstrates similar coefficients in terms of both size

and significance, and the remaining three variables (University Education,

Unemployment, and Mobile Phones) fail to reject the null hypothesis in all

four models, just as in the previous baseline models.

Model Parameters and Goodness of Fit

Overall model parameters and tests indicate that both baseline and

main models are well-fitting, but main models offer a superior fit. Signif-

icant χ2 tests indicate joint significance for all eight models, but larger χ2

estimates show stronger joint significance in the main models. Likelihood

ratio tests of the −2logL values of the nested baseline models and uncon-

strained main models confirm this, indicating a much better fit of the main

models to the data with χ2 values significant beyond the 0.00001 α level for

tests of all four models. Much smaller aic and bic scores in the main mod-
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els also indicate better overall goodness of fit, with the exception of a slight

increase in the bic value in Model 5 for ONSET.

Model parameters support the choice of model for each outcome

variable. The logged predicted alpha statistic, α̂, for the model of INTEN-

SITY remains significantly larger than zero, suggesting over-dispersed ca-

sualty data and a better fit for a negative binomial model than a Poisson

model in both sets of models. Three pieces of evidence support the choice

of random-effects, time-series models for logit models of DISSENT and RE-

PRESSION and the negative binomial model of INTENSITY. First, as previ-

ously mentioned, each of the outcome variables had significant and positive

serial autocorrelation, whether using baseline or main explanatory models.

Second, both sets of models demonstrate significant standard deviations in

outcome variables at the district level (σ̂2
u). And third, logit models also

demonstrate strong intraclass correlations indicating between 18% to 37%

of variation within districts.

Spatial fit is one final, important aspect of model fit. Both qualitative

evidence and choropleth maps of dependent and independent variables in

Figures 2.3 and 2.4 give cause to suspect spatial autocorrelation. The chosen

models are not spatial regressions in the sense that they contain general-

ized spatial error terms. However, the main models do attempt to account

for spatial variation in the dependent variables with the inclusion of spa-

tially lagged measures of the Dissent-Repression Nexus. Table 2.4 displays
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the results of a series of one-tailed pre and post-estimation t-tests of aver-

age changes in daily spatial clustering measures (Moran’s I and Geary’s C).

These compare spatial clustering of the original dependent variables with

remaining spatial clustering in the daily residuals. Here we can see that

there were significant reductions in both Moran’s I and Geary’s C scores

after calculating the main models and that these reductions were more con-

sistently significant than in the baseline models. This is further illustrated

in Table 2.5 on the same page, where we see smaller average Moran’s I and

Geary’s C values, and larger average p-values, indicating less significance,

and hence less clustering in the residuals of the main models as compared

to both baseline model residuals, and the original variables.

Discussion and Conclusions

The findings of this study are largely at odds with recent scholar-

ship on the Tunisian revolution and lead to a fundamental reassessment of

the relative importance of existing explanations, as well as the application

of general theories of revolution at the sub-national level. The first unex-

pected and important takeaway from these findings is that the inclusion

of measures for my two arguments washes out substantive and statistical

significance of a number of prevailing theories of the Tunisian revolution.

After including Tribes and the Dissent-Repression Nexus, few recent, pop-

ular, socio-economic, demographic, or social-media theories of revolution
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meet with statistical evidence at the sub-national, daily level. If anything,

the significance of the business growth rate offers evidence for resource mo-

bilization theories, rather than more widespread theories of deprivation.

Tests of prevailing theories yielded surprising findings. Contrary to

expectations, the youth bulge actually had a mild deterrent effect on both

dissent and repression, suggesting both occurred more frequently in areas

with less youth. And there is no statistical evidence for the role of social

media as measured by access to mobile phones. This is surprising given

the vast amount of literature devoted to the role of youth and social media

in the Tunisian revolution, and in the Arab Spring, or more broadly. One

of the most astounding null findings is the lack of statistical evidence for

the role of either the Tunisian Workers’ Union (UGTT) or Islamists such

as Ennahdha, once the role of the Hamama Tribe and Dissent-Repression

dynamics are included. The UGTT and Ennahdha were the two groups of

actors considered to be the primary organizers in the growing literature on

this revolution. In contrast, tribes and dissent-repression dynamics have

received hardly a mention.

These null findings do not necessarily negate all of these prevailing

theories of the Tunisian revolution. But they do suggest a re-evaluation of

their relative importance or the mechanisms by which they affected revo-

lutionary events. It is likely that Islamist groups, such as Ennahdha, had

their eyes on the prize of winning future elections, and thus were less in-
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volved in organizing in the initial stages of the revolution. Better data on

other smaller unions might have yielded different results regarding the role

of unions. However, it is also possible that protest organization and partic-

ipation was so decentralized among union members that the main national

function of the UGTT was to alter the general perception of regime strength

with their defection, allowing for a domino effect that led to further high-

profile defections and neutrality of the Army.

Similarly, it is clear that youth were major participants in protests.

Young men also represented the majority of victims of regime violence. Yet,

the “youth bulge” hypothesis, which seems significant in cross-national per-

spective, does not bear out in a mechanistic way at the sub-national level

and thus is not useful for explaining the local process of revolution. Fi-

nally, lack of significance for the mobile phones variable does not mean that

Twitter and Facebook played no role in facilitating the revolution. But it

does indicate that they were unlikely to have played a direct mobilization

role in early protests, especially given lack of access and heavy government

surveillance and censorship. Instead, social media likely aided in dissemi-

nating information about regime repression and framing the revolution for

both Tunisians and outsiders.

The strongest and most consistent findings in this study support two

main arguments: (1) that the Tunisian Revolution grew from a local, tribal

revolt into a nation-wide revolution, and (2) that the local process of revo-
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lution was fueled in large part by a continuing cycle of protest and violence

known as the Dissent-Repression Nexus. In conjunction with other qualita-

tive evidence presented in the literature review, these findings suggest that

the Hamama tribe was instrumental in launching and sustaining the initial

events of the revolution. While not necessarily an organized political move-

ment, the Hamama Tribal Confederation represented a type of kin-based

solidarity derived from “familism” or “tribalism” (Sayigh 1981). This sol-

idarity likely provided the group cohesion necessary to withstand regime

repression long enough for other actors and parts of the country to turn

their local revolt into a national revolution. This fits with the general pic-

ture of the central Tunisian tribes as “submerged trust networks” that may

re-emerge and cohere at key moments to demand political concessions, to

clash with each other and the government over jobs, or to throw their demo-

graphic and political weight around in elections (Chouikha and Gobe 2009;

Ayadi 2011; Gouvernement Tunisien 2011; Garboussi 2011). Structural fea-

tures such as socio-economic and demographic factors are not sufficient or

even necessary condition for revolution. Instead, the answer to the collec-

tive action problem of revolutionary mobilization may lie in “commitment“,

and in particular, “sophisticated mechanisms for committing all the differ-

ent participating persons and groups” (Apolte 2012). The Hamama Tribe

seems to provide just such a mechanism.
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The inclusion of temporal and spatial dimensions in these models of-

fers evidence to support the second argument that the Dissent-Repression

Nexus was an important factor in the local process of escalating a tribal

revolt into a nationwide revolution. In this case, both locally and across

space, dissent was demonstrated to beget more dissent, just as repression

was shown to beget further repression. And the relationship between these

two types of events also yields nuanced insights into the workings of the

local, spatial process of revolution. In line with previous literature, findings

provide strong and consistent support for the law of coercive responsive-

ness. Local dissent leads to more repression, and across space, neighboring

dissent also increases both repression and intensity of repression.

In contrast, the effects of repression in deterring or escalating dissent

differ spatially. During this revolution, both local repression and increased

local intensity of revolution escalated dissent. But the mere existence of re-

pression in neighboring districts had no significant effect on dissent across

space. If however, repression in neighboring districts was more intense (led

to more casualties), it had a spatial deterrent effect on dissent. Thus it seems,

intense repression is likely to escalate dissent locally, but serves to deter its

spatial spread to neighboring districts. These results help refine our un-

derstanding of the relationship between dissent and repression within the

local process of a revolution and suggest that both time and space may be

important aspects of the Dictator’s Dilemma.

124



This sub-national study of revolution does contain some inherent

limitations, which suggest avenues for further research. To begin with, it

is difficult to assess the strength of tribes and their political leverage, even if

we do find strong correlations between the presence of one particular tribe

and revolutionary events. In terms of methods, the debate continues about

the advantages and pitfalls of both hand-coded and machine-coded data.

Political events big data of both types will continue to be available in larger

quantities. This study addresses this issue by combining these measures to

avoid missing important events while reducing raw counts to daily occur-

rence (0/1) to avoid potentially inflated event counts. One exception is the

measure of intensity (casualties), which was coded as a count variable since

individual-level government report data did not run as much risk of inflat-

ing event counts. It would also be desirable to have more recent explanatory

measures and more of them. Although Hamama tribe data is derived from

an ethnographic map from the late 1970s (Herzog 1981), this is mitigated

by strong historical and qualitative evidence of the continued existence of

this and other major tribes of central Tunisia, not least of which was a post-

revolutionary electoral law acknowledging the tribal phenomenon with a

“prohibition during the election campaign of any propaganda inciting hate,

intolerance or discrimination on religious, regional or tribal grounds” (Gou-

vernement Tunisien 2011). Despite any limitations, this study raises ques-

tions that call for further quantitative, sub-national studies in order to gen-

erate broadly applicable theories about the local process of revolution.
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In conclusion, this study contributes two findings to the corpus of

scholarship on the Tunisian revolution, and on revolutions more broadly.

First, tribal or ethnic groups can play a role in withstanding repression to

jumpstart a revolution. And second, the cycle of dissent and repression is

an important factor in fueling the momentum of revolutionary events. A

corollary to this second finding suggests a new spatial lens through which

to view the relationship between dissent and repression, and particularly

the Dictator’s Dilemma. Specifically, repression may serve to escalate dis-

sent locally, but deter it across space, particularly if repression is intense.

This study paves the way for further analysis of this type, suggesting that

sub-national, temporal and spatial perspectives can both enhance theoreti-

cal and methodological robustness and aid in understanding the local pro-

cess of revolution. It also poses a challenge for scholars of revolution to

differentiate local and national processes, and to test prevailing theories of

revolution derived from qualitative case-study and cross-national quantita-

tive approaches at the sub-national level.
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Study 2 Tables

Table 2.1: Baseline Models: Event History, Logistic, and Negative Binomial

Relative Odds Odds Incidence
Risk Ratio Ratio Ratio Rate Ratio

(1) (2) (3) (4)
VARIABLES Onset Dissent Repression Intensity

Union Period 1 0.62 1.30 1.01 0.71
(0.26) (0.47) (0.31) (0.35)

Union Period 2 1.18* 1.13 1.09 1.25
(0.11) (0.23) (0.17) (0.26)

Union Period 3 0.95 1.66** 1.42** 1.65***
(0.32) (0.33) (0.21) (0.31)

Islamists Period 1 0.93** 0.90*** 0.88*** 0.83***
(0.03) (0.02) (0.02) (0.03)

Islamists Period 2 1.01 1.01 0.99 1.00
(0.01) (0.02) (0.01) (0.01)

Islamists Period 3 0.99 1.00 0.99 0.98
(0.02) (0.02) (0.01) (0.01)

Period 1 4.48 10.30*** 14.63*** 35.25***
(5.00) (7.63) (7.85) (28.06)

Period 2 0.96 3.11** 3.73*** 3.47***
(0.63) (1.39) (1.21) (1.52)

Population 1.01*** 1.02*** 1.02*** 1.03***
(0.00) (0.01) (0.00) (0.01)

Urbanization 1.01 1.01 1.01 1.01**
(0.00) (0.01) (0.00) (0.01)

Youth Bulge 0.10*** 0.01*** 0.01*** 0.01***
(0.09) (0.01) (0.01) (0.01)

Business Growth 1.00 1.03* 1.02** 1.03**
(0.02) (0.01) (0.01) (0.01)

Waithood 1.08*** 1.34*** 1.26*** 1.24***
(0.03) (0.07) (0.05) (0.06)

University Education 1.00 0.99 1.01 1.00
(0.02) (0.05) (0.03) (0.04)

Continued on next page...
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Table 2.1 – continued from previous page

(1) (2) (3) (4)
VARIABLES Onset Dissent Repression Intensity

Unemployment 1.00 0.98 1.00 0.98
(0.02) (0.03) (0.02) (0.02)

Mobile Phones 1.01 1.00 1.00 1.00
(0.01) (0.02) (0.02) (0.02)

Constant 0.00*** 0.00*** 0.00*** 0.00***
(0.00) (0.00) (0.00) (0.00)

α̂ . . . 2.61
. . . (0.07)

σ̂2
u . 1.92 1.13 2.00

. (0.39) (0.20) (0.35)
icc . 0.37 0.25 .

. (0.05) (0.03) .
N 12194 19092 19092 19092
N groups 258 258 258 258
N failures 147 . . .
χ2 264.34 263.45 330.93 331.57
p-value 0.00 0.00 0.00 0.00
df 16 16 16 16
−2logL -236.31 -1276.86 -2156.77 -2971.73
aic 506.63 2589.73 4349.55 5981.45
bic 632.58 2731.15 4490.98 6130.74
Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1
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Table 2.2: Main Models: Event History, Logistic, and Negative Binomial

Relative Odds Odds Incidence
Risk Ratio Ratio Ratio Rate Ratio

(5) (6) (7) (8)
VARIABLES Onset Dissent Repression Intensity

Tribe Period 1 7.59*** 1.09 7.13*** 11.73***
(4.54) (0.99) (4.10) (8.76)

Tribe Period 2 2.06* 2.60** 2.77*** 2.53**
(0.82) (1.24) (1.03) (1.18)

Tribe Period 3 0.18 2.81** 2.53*** 2.15*
(0.23) (1.37) (0.91) (0.98)

Dissent L3 1.78*** 1.72*** 1.18
(0.22) (0.19) (0.19)

Repression L3 1.71*** 1.69*** 2.32***
(0.20) (0.18) (0.30)

Intensity L3 1.02* 1.06*** 1.01
(0.01) (0.02) (0.01)

Dissent Wi3 1.00 1.41*** 1.60*** 1.68***
(0.08) (0.15) (0.15) (0.21)

Repression Wi3 1.31*** 1.09 0.95 1.06
(0.09) (0.10) (0.07) (0.12)

Intensity Wi3 0.98 0.95*** 1.00 0.99
(0.01) (0.02) (0.02) (0.02)

Union Period 1 0.52 1.31 0.89 0.79
(0.26) (0.47) (0.30) (0.37)

Union Period 2 1.18 1.20 1.17 1.24
(0.12) (0.21) (0.17) (0.22)

Union Period 3 0.81 1.30 1.17 1.39**
(0.30) (0.23) (0.16) (0.23)

Islamists Period 1 0.96** 0.92** 0.94*** 0.91***
(0.02) (0.03) (0.02) (0.03)

Islamists Period 2 1.01 1.02 1.00 1.00
(0.01) (0.01) (0.01) (0.01)

Continued on next page
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Table 2.2 – continued from previous page

(5) (6) (7) (8)
VARIABLES Onset Dissent Repression Intensity

Islamists Period 3 0.98 1.00 0.99 0.98
(0.02) (0.02) (0.01) (0.01)

Period 1 1.31 9.98* 2.14 2.68
(1.27) (12.24) (1.68) (2.73)

Period 2 0.77 2.21 2.42** 2.38**
(0.52) (1.24) (0.96) (1.03)

Population 1.01*** 1.02*** 1.02*** 1.02***
(0.00) (0.01) (0.00) (0.01)

Urbanization 1.00 1.00 1.00 1.01
(0.00) (0.01) (0.00) (0.01)

Youth Bulge 0.32 0.06** 0.18* 0.24
(0.28) (0.07) (0.16) (0.26)

Business Growth 1.00 1.02** 1.02** 1.02**
(0.02) (0.01) (0.01) (0.01)

Waithood 1.01 1.17*** 1.09** 1.07
(0.04) (0.05) (0.04) (0.05)

University Education 0.97 0.98 0.99 0.96
(0.02) (0.04) (0.03) (0.03)

Unemployment 1.01 0.98 1.00 0.98
(0.02) (0.02) (0.02) (0.02)

Mobile Phones 1.02 1.01 1.01 1.01
(0.01) (0.02) (0.02) (0.02)

Constant 0.01*** 0.00*** 0.00*** 0.00***
(0.01) (0.00) (0.00) (0.00)

α̂ . . . 2.00
. . . (0.08)

σ̂2
u . 1.06 0.73 1.34

. (0.29) (0.18) (0.27)
icc . 0.24 0.18 .

. (0.05) (0.04) .

Continued on next page
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Table 2.2 – continued from previous page

(5) (6) (7) (8)
VARIABLES Onset Dissent Repression Intensity

N 12194 19092 19092 19092
N groups 258 258 258 258
N failures 147 . . .
χ2 306.45 536.54 827.81 680.31
p-value 0.00 0.00 0.00 0.00
df 16 16 16 16
−2logL -209.59 -1128.58 -1824.76 -2737.88
aic 465.18 2311.17 3703.52 5531.76
bic 635.58 2523.31 3915.66 5751.76
Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1
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Table 2.3: Descriptive Statistics for Dependent and Independent Variables

Variables Measurement Mean SD Min Max

Onset (0/1) 0.01 0.09 0.00 1.00

Dissent (0/1) 0.02 0.14 0.00 1.00

Repression (0/1) 0.03 0.18 0.00 1.00

Intensity (Count) 0.10 1.32 0.00 77.00

Tribe (0, .5, 1) 0.09 0.27 0.00 1.00

Dissent L3 (Prior 3 days local) 0.06 0.32 0.00 3.00

Repression L3 (Prior 3 days local) 0.10 0.40 0.00 3.00

Intensity L3 (Prior 3 days local) 0.29 3.13 0.00 155.00

Dissent wi3 (Prior 3 days neighbors) 0.34 0.95 0.00 19.60

Repression wi3 (Prior 3 days neighbors) 0.49 1.42 0.00 26.85

Intensity wi3 (Prior 3 days neighbors) 1.30 5.02 0.00 116.02

Union (Local Union HQs + 0.49 0.65 0.00 3.50

.5*Neighboring HQs)

Islamists (Vote %) 36.00 10.75 9.44 68.09

Period 1 (0/1) 0.20 0.40 0.00 1.00

Period 2 (0/1) 0.19 0.39 0.00 1.00

Period 3 (0/1) 0.61 0.49 0.00 1.00

Population (thousands) 37.75 21.72 3.97 105.96

Urbanization (% of households urban) 57.47 35.47 0.00 100.00

Youth Bulge (Proportion 15-29 / 30-59) 0.89 0.15 0.59 1.31

Business Growth Rate (Avg. Annual %) 5.06 7.84 -4.10 91.66

Waithood (% Men Single) 46.63 3.17 38.80 57.70

University Education (% w/University degree) 6.46 5.47 1.40 45.00

Unemployment (% of all working age) 15.38 6.36 4.50 39.00

Mobile Phones (% of households w/at least 1) 42.22 13.91 15.20 87.20
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Table 2.4: Pre and Post-Estimation Moran’s I and Geary’s C: T-Tests of Average Daily
Change in Spatial Autocorrelation

T -Test of Pre/Post Moran’s I T -Test of Pre/Post Geary’s C

Dissent Repression Intensity Dissent Repression Intensity

Baseline Models
t 2.93 1.27 -0.9 4.30 4.22 4.04
se 0.013 0.01 0.01 0.06 0.05 0.07
df 63 69 66 63 69 66
p 0.00 0.11 0.81 0.00 0.00 0.00

Main Models
t 4.93 4.69 1.3 4.98 3.87 3.71
se 0.01 0.01 0.00 0.06 0.05 0.07
df 63 69 66 63 69 66
p 0.00 0.00 0.10 0.00 0.00 0.00
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Table 2.5: Pre and Post-Estimation Moran’s I and Geary’s C: Average Daily Values

Average Moran’s I Average Geary’s C

Dissent Repression Intensity Dissent Repression Intensity

Pre-Estimation
i/c 0.05 0.03 0.02 1.60 1.34 1.31
p 0.10 0.13 0.18 0.09 0.11 0.17

Baseline Models
i/c 0.03 0.03 0.04 1.37 1.16 1.02
p 0.13 0.09 0.09 0.19 0.22 0.22

Main Models
i/c 0.02 0.01 0.02 1.36 1.16 1.04
p 0.14 0.17 0.14 0.19 0.21 0.23
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Study 2 Figures

Time Series GAM Graphs of Dependent Variables

Figure 2.1: These graphs depict the mean values of dependent variables: ONSET (0/1),
DISSENT (0/1), REPRESSION (0/1), and INTENSITY of Repression (Average
Count), per District, per Day during the Tunisian Revolution. A generalized
additive model (GAM) is used to estimate smoothness, as this calculation per-
forms better than more common Lowess Smoothing on sample sizes larger than
1,000 (R Documentation 2015).
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Cumulative Sum Graph of First Onset (0/1)

Figure 2.2: The graph above gives a visual depiction of the first onset of violence or protest
(i.e. failures) that compliments the event history (survival) analysis conducted
in this chapter. It demonstrates that there were only a few new districts en-
tering the revolution during the first 20 days, but a larger number of new
districts that joined the revolution through protest or violent repression begin-
ning in the few days before the dictator Ben Ali fled the country on January
14th (Day 28).
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Choropleth Maps of Dependent Variables in Three Periods

ONSET (First Occurrence of Dissent or Repression)

DISSENT (Protest & Riot Events)

Figure 2.3: Maps above represent the spatial distribution of ONSET and DISSENT per
period, shown only as dummy variables (0/1) in order to more clearly depict
the spatial spread of events. Continued on next page...
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Choropleth Maps of Dependent Variables in Three Periods (cont.)

REPRESSION (State Violence Events)

INTENSITY of Repression (Casualty Counts)

Figure 2.3 (cont.): Maps above represent the spatial distribution of REPRESSION and
INTENSITY per period, shown only as dummy variables (0/1) in order to more clearly
depict the spatial spread of events.

138



Choropleth Maps of Explanatory Variables

Figure 2.4: Spatial, choropleth maps of explanatory variables measured at the district level.
Continuous variables are plotted with 6-point natural Jenks natural breaks
optimization to highlight variation (Jenks 1967). Continued on next page...
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Choropleth Maps of Explanatory Variables (cont.)

Figure 2.4 (cont.): Spatial, choropleth maps of explanatory variables measured at the dis-
trict level. Continuous variables are plotted with 6-point natural Jenks natural breaks
optimization to highlight variation (Jenks 1967).
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Study 3:

Entering World Society: A Research Note on

Measurement and Statistical Modeling

Abstract

International organizations are thought to serve as conduits for the diffusion of
world-cultural standards and norms and are the favored way of operationalizing
linkages to world society. Despite extensive use of these measures in cross-national,
time-series models, few studies have elaborated on how measurement of new coun-
try entries into the world system impacts statistical research findings. Newly in-
dependent nations are not previously undiscovered islands, but rather enter world
society as inheritors of prior ties and knowledge. This paper highlights how mea-
surement choices about country entry can influence conclusions with specific at-
tention to country International Non-Governmental Organization (INGO) and
Inter-Governmental Organization (IGO) membership counts. I argue that miss-
ing membership data for new countries entering the world system, particularly
Eastern European countries in the early 1990s, bias cross-national analyses relying
on such membership data. I demonstrate the extent of this problem, and its effects
on findings, with a replication of Wade M. Cole’s 2005 analysis of country ratifi-
cations of international human rights covenants (Cole 2005). In response, I call
for researchers to acknowledge this dilemma, and suggest a corrective treatment ap-
proach, which entails multilevel negative binomial imputation of membership data
for new countries in their first years of sovereignty.
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Introduction

Country memberships in various types of international organiza-

tions (INGOs, IGOs, WINGOs, RINGOs, etc.) are a commonly used mea-

sure of country embeddedness in world society (Boli 1987; Cole 2005; Schofer

and Hironaka 2005; Hughes, Peterson, Harrison, and Paxton 2009; Wotipka

and Ramirez 2008). Yet there has been little detailed discussion of data

sources, and data and coding problems, and the impact they might have

on research findings. This paper identifies a problem in cross-national,

longitudinal studies using such INGO and IGO membership data. The

raw membership counts indicate that new countries enter the world system

with fewer memberships than is suggested by qualitative and quantitative

sources. This is a measurement problem with the potential for widespread

effects since many quantitative studies are dependent on a dataset that con-

tains these measurement errors for new countries entering world society,

particularly Eastern European countries in the early 1990s. In the remain-

der of this study, I demonstrate the nature and consequences of this problem

in a replication analysis and offer suggested corrective solutions.

Figure 3.1 (New vs. Existing Countries: Inequality in Memberships

Over Time), at the end of this study, nicely illustrates this data problem.

New countries show far fewer ties than existing countries, especially in the

case of new Eastern European countries, which are all close to zero when

they enter the world system en masse in the early 1990s. Lower than average
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ties for new countries are to be expected. However, counts of zero or nearly

zero ties for Eastern European countries are unusual given what we know

from qualitative historical accounts and quantitative evidence of ties. Just

to give one example, in the standard INGO membership dataset, Ukraine

is listed as having only 8 ties in 1991, the year of its independence and 14

ties in 1992. But then its count leaps to 148 ties in 1993 and 290 ties in 1994,

continuing to grow thereafter.23 Similar data collected elsewhere, indicates

that Ukraine had dozens of ties prior to sovereignty (See Figure 3.3).24 In

sum, the problem I have identified is that of erroneously low INGO and

IGO membership counts for new countries entering world society. We will

come back to this problem in more detail after some further background.

The Importance of International Organization Measures

Counts of INGO memberships have become a nearly ubiquitous mea-

sure of country embeddedness in world society, just as counts of IGO mem-

berships have become for world polity. Within the field of global and transna-

tional sociology, perhaps no other variables have become more closely asso-

ciated with a theoretical approach than the number of country-level mem-

berships in international organizations have with the world society and

world polity perspectives. Virtually every quantitative analysis using these

23 Replication data for these descriptive statistics taken from (Cole 2005).
24 Data for pre-sovereignty ties comes from (Paxton, Hughes, and Reith 2015).
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theories in the past two decades has included a measure of INGO or IGO

linkages as a core independent variable (Lipschutz 1992; Boli and Thomas

1997; Loya and Boli 1999; Cole 2005; Risse 2002; Schofer et al. 2012). Wade

M. Cole has helped make a clear distinction between world polity, which

applies to the international community of states, and world society, which

refers more to an international civil society(Cole 2016). World society ap-

plies more to INGOs and world polity to IGOs. In this study, I use both

terms, but most often “world society” as a catch-all for both, for several rea-

sons. Both belong to the same sub-field of political social sciences. Both ex-

hibit the same measurement problem of missing membership data for new

countries. And the corrections and replications conducted in this study in-

clude counts of both INGOs and IGOs. INGOs/IGOs are culture-bearing

entities that embody, enact, and instantiate core world-cultural principles

(Boli and Thomas 1997). They also represent one of the most important

structural conduits for the transmission of global norms and values to nation-

states around the world. In short, INGOs and IGOs are both purveyors and

conveyors of world culture.

Many studies have suggested or demonstrated that countries with

greater linkages to INGOs/IGOs are more likely to adopt world models and

standards. Among other things, international organization memberships

are associated with higher rates of treaty ratification for human rights (Cole

2005) and the environment (Frank and McEneaney 1999), improved human
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rights practices (Boyle and Kim 2009), increased state funding for educa-

tion (Kim and Boyle 2012), and a host of other policy outcomes including

social security and welfare spending (Strang and Mei Yin Chang 1993). This

embeddedness in world society through such memberships is also thought

to influence environmental and economic development as well as foreign

aid flows (Swiss and Longhofer 2016; Longhofer and Jorgenson 2017). But

the results of many quantitative studies are dependent on a data set that

demonstrates stark inequality in the distribution of such INGO/IGO ties,

and nowhere more so than in the case of newly sovereign countries, partic-

ularly those of Eastern Europe. I argue and then demonstrate with replica-

tion tests, that failure to account for lags in data collection for new countries

can result in significantly and substantially biased estimates.

Why the Raw Data Are Wrong

In their seminal article, “World Society and the Nation-State,” Meyer,

et al (1997, 145) describe a hypothetical “unknown society... ‘discovered’ on

a previously unknown island...” and suggest that in short order, this new

society would form similar governmental and social institutions to those

of other countries through the cultural network diffusion of world society.

This occurs through the mechanism of membership in various types of in-

ternational organizations, and in some cases through visits from advisers of

these organizations. As seen in Figure 3.1, and described above, the com-
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monly used INGO and IGO raw count data approximates this structural

pattern, i.e. a previously unknown island. Average ties for all new coun-

tries are lower than expected due to counts at or close to zero. For Eastern

Europe, the early 1990s show near zero membership ties for countries in

their first few years of membership, until their count suddenly increases by

several dozens or hundreds.

Yet, we know that newly independent nations are not previously

undiscovered islands. On the contrary, they come into the world system

as inheritors of prior ties and knowledge. To put it bluntly, I submit that

both the raw data and existing assumptions about new countries entering

the world system are wrong for a number of theoretical and empirical rea-

sons, including:

1. Theoretical reasons for believing new countries inherit ties

2. Qualitative evidence of non-sovereign or new country ties

3. Quantitative evidence of pre-independence membership ties for new
countries

4. Known data collection lags in UIA (Union of International Associa-
tions) Yearbook data

First, from a theoretical perspective, the hypothetical example of a

“previously unknown island” does not accord with the known narrative of

new country entry into the world system, at least for the past century or

more. Several hundred years ago, as European countries were exploring
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and colonizing the rest of the planet, some countries may have been new

to Europeans, even though they were known to their neighbors and had

important existing political or trade ties. In more recent times, countries

that gained their own independence have done so through decolonization,

country splits, or other formal status transformations that do not, in fact,

correspond to discovery of a previously “unknown society.” Take for exam-

ple East and West Germany after World War II, or Ukraine after the fall of

the Soviet Union. In such cases, one would expect new countries to inherit

some or all of the ties of their prior mother country. New country entry into

the world system is rarely explicitly theorized in cross-national models, ei-

ther as a “previously unknown island” or otherwise. But theorization by

omission accords with the “unknown island” account since low member-

ship counts for new countries reflect this assumption.

Secondly, existing qualitative evidence suggests that many interna-

tional organizations allow membership of non-sovereign countries, or move

quickly to include newly independent countries in their membership. Con-

sider the example of a non-sovereign country that has not been recognized

officially by the United Nations: the Sahrawi Arab Democratic Republic,

also known as the Western Sahara, which has been recognized officially by

80 countries, and is a full member of at least 8 INGOs or IGOs, a partic-

ipant or observer in another 9 international organizations, and signatory

to a dozen international treaties and conventions (Wikipedia Contributors
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2016a; Wikipedia Contributors 2016c). This seems to be fairly typical of non-

sovereign countries, which tend to seek out recognition, support, and mem-

bership wherever possible. Many international organizations also make it

their business to work closely with such countries, even if they are not rec-

ognized by the entire international community and all of its institutions.

Both IGOs and INGOs may have political or mandate-based reasons

for working in non-sovereign countries, or for beginning to work quickly

in newly independent ones. Some IGOs, such as the European Union, have

strict conditions for accession of new members (Linden 2002), even if they

may start working with new countries very early on to ready them for mem-

bership. But many IGOs and INGOs do not have such strict conditions for

membership.

In the early 1990s, organizations such as the Council of Europe (CE)
and the Organization for Security and Cooperation in Europe (OSCE)
moved quickly to expand, offering membership to numerous transition
states in Eastern Europe and the former Soviet Union. More recently,
the North Atlantic Treaty Organization (NATO) has done likewise,
albeit on a more limited scale. (Checkel 2005, 802)

In sum, prior qualitative research corroborates the active role of INGOs in

building local civil society in the early years of newly independent states,

such as those of Eastern Europe (Petrova 2007). These early or pre-sovereignty

ties form a pattern that repeats in most newly sovereign states in recent

decades.
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A third compelling reason that I argue that low membership counts

for new countries are an erroneous artifact of missing data is that the raw

data contains numerous ties for new countries prior to their independence.

Most researchers remove these ties altogether during the “data cleaning”

stage since the majority of cross-national research focuses only on sovereign

nation-states. Nonetheless, as can be seen in Figure 3.3, many new Eastern

European countries from the former Yugoslavia and the Soviet Union had

recorded INGO ties in the UIA Yearbooks prior to their independence in

the early 1990s. Given that this is only a small sample of 8 years of data,

and that the UIA does not explicitly aim to collect systematic data on non-

sovereign countries, one would expect these countries to have additional

pre-sovereignty ties. One would also expect that they would officially enter

the world system with at least a few ties at the moment of sovereignty.

A fourth and final reason for arguing that these low (or zero) counts

for new countries are wrong is also a useful explanation of how this mem-

bership data came to be missing for new countries in the first place. Boli and

Thomas have previously identified a lag of between 5 and 15 years in the

UIA Yearbook’s capturing of INGO data on memberships (Boli and Thomas

1997, 175).

Every Yearbook is incomplete for the years immediately preceding its
publication. We evaluated the length of the data-gathering pipeline
by comparing the number of foundings identified in one edition of the
Yearbook with those published in previous editions. My analysis sug-
gests that about 60 percent of all INGOs enter the Yearbook within five
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years of founding, while 80 percent to 90 percent enter within ten years
and the remainder are identified within another five years. Proceeding
conservatively, we have settled on 1973 as the last year for which the
1988 Yearbook provides complete data. None of these analyses looks
any different if the end date is extended to 1980 or 1985, except that
the founding rate drops because many newer INGOs are omitted. (Boli
and Thomas 1997, 175)

Since the UIA collects its membership information directly from INGOs and

IGOs, it stands to reason that some of this lag may also affect the appear-

ance of new country memberships in the dataset. And we may assume

IGOs have the same lag as INGOs because both are collected by the same

organization. A simple lag in recording new organizations could depress

overall numbers, but one might also expect many organizations themselves

to be lax in keeping their membership roles up to date, especially for new

countries. Boli and Thomas did not find that this INGO lag affected their

own analyses except for calculations of founding date. But, they were only

looking at the INGO side of the network. As we shall see, a lag in capturing

new country memberships has a profound effect on cross-national analy-

ses that use countries as the unit of analysis, especially when those models

cover the entry of Eastern European countries in the early 1990s.

Data: INGO and IGO Membership Counts

The data used in the above discussion, as well as in the replication

tests in this study, come from a standard cross-national, longitudinal set of
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measures of country memberships in International non-governmental (IN-

GOs) and governmental (IGOs) organizations, collected by the Union of In-

ternational Organizations. The precise data I use are taken from replication

data generously provided by Wade M. Cole (Cole 2005). Below, I borrow Ja-

son Beckfield’s detailed and succinct description of the UIA and its annual

yearbook data:

The UIA, founded in 1910 and headquartered in Brussels, is the stan-
dard source for world-polity [and world-society] data (Boli and Thomas
1999). It obtains information on the membership, founding dates,
aims, structures, finances, activities, publications, and other charac-
teristics of international organizations from the organizations them-
selves as well as from other sources, including other international or-
ganizations, periodicals, and official documents (UIA 2000:ix). The
UIA aims to provide comprehensive coverage of “conventional” inter-
national organizations that meet the following criteria for inclusion:
(1) international aims, (2) members from at least three countries, (3) a
formal democratic constitutional structure, (4) officers from more than
one country, (5) “substantial” membership contributions from at least
three countries, (6) independence from affiliated organizations, and (7)
evidence of activity within the last four years (UIA 2000: 1463-64).
Among the types of organizations excluded by these criteria are foun-
dations and funds, internationally oriented national organizations, re-
ligious orders, and multilateral treaties...

The UIA provides data on the two types of organizations that bind
the world polity [and world society]: intergovernmental organiza-
tions (IGOs) and international non-governmental organizations (IN-
GOs). Examples of IGOs are the International Labor Organization,
International Organization for Migration, Organization of the Islamic
Conference, and the United Nations. Examples of INGOs include the
International Chamber of Commerce, International Islamic Charita-
ble Organization, and the International Red Cross (UIA 2000). IGO
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members are states or pseudo-states. INGO members are civil society
organizations and individual citizens, and the UIA registers a country
as a “member” of an INGO if at least one organization or resident of
that country belongs to the INGO. Only one membership per country
is counted toward the total. Previous work shows IGO and INGO ties
to be valid and reliable measures of involvement in the world polity
(Boli and Thomas 1997, 1999). (Beckfield 2003, 405)25

This data is, of course, not without its limitations. In addition to

the data lag problem identified for INGOs (Boli and Thomas 1997), which

I also diagnose for new countries in this study, the UIA data has been cri-

tiqued for its fuzzy definition of “countries”; a problem with an easy solu-

tion. Since data is so spotty for members that are regions, territories, and

governments-in-exile, in addition to concern for comparing only similar

units, most researchers restrict the UIA data in their quantitative studies

only to sovereign and officially recognized nation-states. I do the same in

this study, in keeping with Cole’s use of the data (2005), but I do point to

this other non-sovereignty (or pre-sovereignty) data in the sections above in

order to illustrate the expectation that new countries should enter the world

society with some ties.

Another limitation of the UIA data is that a membership is consid-

ered an equivalent tie regardless of the influence and reach of the organiza-

tion. For example, a tie to a powerful IGO like the OECD (Organisation for

Economic Co-operation and Development) would be considered the same

25 Instead of Beckfield’s UIA citation from 2000, I cite more recent versions of the same...
((UIA), Union of International Associations 2015)
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as a tie to less powerful organizations like the International Organization

for Migration, or MERCOSUR (Mercádo Común del Sur). A possible so-

lution to this problem would be to weight each tie by the importance and

reach of the organization. But this is a task for another study because it

would require using the original network data instead of the final country

membership counts. See Paxton, Hughes and Reith (2015). It is also inap-

propriate in replication tests where I am attempting to make only one small

change in order to demonstrate the new countries data lag problem.

And finally, the selection of organizations from which the UIA data

is collected has a likely bias toward Western organizations with more visi-

bility in languages like English and French. The UIA collects much less data

on INGOs and IGOs that operate entirely in other parts of the world in lan-

guages other than those in use in Brussels. This is a separate, but correlated

problem, as a Western bias is likely responsible for the lack of data for new

countries, the vast majority of which are non-Western. In any case, most of

the above limitations are accounted for already in the coding decisions of

scholars who use these INGO and IGO measures. The exception is the new

country measurement problem diagnosed and corrected in this paper.

Proposed Treatment Method: Imputation via Extrapolation

In the sections above, I outlined the importance of country-level INGO

and IGO membership count measures in the world polity and world soci-
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ety literature. I also identified a problem of low membership counts for

new countries entering the world system and provided several convincing

reasons why scholars should consider these zero and low counts for new

countries to be a missing data artifact, rather than a real lack of member-

ships.

In this section, I propose a corrective measure that treats membership

counts for new countries as missing in the countries’ first years of indepen-

dence and imputes these count values via extrapolation from the later years

of data with a multi-level negative binomial model. I demonstrate the sub-

stantive and statistically significant effects of this corrective toward the end

of the paper. However, this imputation treatment approach occasions a se-

ries of decisions that each researcher must make based on some theoretical

and methodological considerations.

It is common to use imputation as a treatment for missing data. How-

ever, in such cases, researchers are often concerned with the type of miss-

ing in terms of MAR (missing at random), MCAR (missing completely at

random), and MNAR (missing not at random) (Donders, van der Heijden,

Stijnen, and Moons 2006). In most cases, statisticians prefer to impute data

that is at least partially missing at random, in hopes that they are not un-

wittingly biasing their imputed data. In the case presented in this study,

we know that these low and zero membership counts represent very non-

random missing data, and argue that imputation is a strategy to attempt
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to compensate for gaps in data collection for new countries. In addition,

aside from the common fact of these being new countries, they represent a

diverse enough subset of countries that we do not have reason to believe

their missing ties are driven by any other factor.

Since this is the first paper alerting social scientists to this particular

data problem, this is also the first paper to use imputation as a treatment

for missing early INGO or IGO ties for new countries. If scholars decide to

follow my recommendations in treating this new country data problem, the

first decision is whether to impute early data for all new countries, or just

for Eastern Europe. As discussed in the introduction, and seen in Figure 3.1,

the problem of missing early data for new countries is particularly acute for

new countries from Eastern Europe, because so many of them enter within

a short span of a few years and all came from established countries with

which the West wanted ties. Eastern Europe is certainly the biggest culprit

driving biased coefficients, as I shall demonstrate. Nonetheless, I recom-

mend applying this imputation treatment to all new countries, as closer

inspection of new countries from other regions reveals strikingly similar,

problematic data patterns.

The next task for the researcher is to decide how many initial years

to impute for new countries. In Boli and Thomas’ article cited earlier (1997,

175), their analyses suggest that there is a long lag in capturing new INGOs

in the UIA Yearbooks, whereby 60 percent of new INGOs enter within 5
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years, 80 to 90 percent enter within 10 years, and the remainder are cap-

tured by the 15 year mark. The fact that this lag applies to all countries, is

another good reason to impute early data for all new countries. While this

timeline for new INGOs entering the data in question is not a one-to-one

parallel with the entry of new countries, it does suggest that imputing more

years would be more likely to capture any missing ties. On the other hand,

researchers may also want to choose a more cautious and moderate num-

ber such as 5 years to impute, which would likely impute the majority of

missing new country ties, and not risk unduly affecting overall trends once

these countries are established.

In my treatment, I chose to impute the first 4 years for all new coun-

tries for several practical reasons. First, visual inspection of data trends indi-

cated that the first four years had strikingly low or zero membership counts

for new countries, particularly Eastern Europe in the early 1990s. But their

membership counts had recovered to approximately their later levels by the

fifth year. Secondly, if we follow Boli and Thomas’ timeline, and new coun-

tries have a lag trend similar new INGOs, by the fourth year, the raw data

would have accounted for at least 50% of new country ties. Lastly, since

the replication data from Cole’s article (2005) ended with 1999, I wanted to

be especially cautious to leave enough years of data at the end of the time

series to establish accurate predictions for the early years of new countries

that entered the world system in the 1990s. Although it would be possible
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to use data beyond 1999, I did not do so for two reasons: (1) in replication

tests, I sought to keep every aspect of the data identical to Cole’s original

study except the treatment of new country data, and (2) the vast majority

of new countries became sovereign during this period from 1966 to 1999.

With a dataset containing more recent data (thus, sufficient membership

data for Eastern Europe), I might suggest a round 5 years. Ultimately, each

researcher will need to strike a balance that properly treats the missing data

problem for new countries, within the limitations of their dataset.

The third decision is whether or not to also impute other missing

data with the same method. Because the multilevel negative binomial model

I suggest is generally well-fitting for most ranges of this type of count data,

I also recommend using it to impute any missing observations outside of

early years for new countries. In this treatment, I perform imputation both

with and without imputing for other missing data. I am most interested

in demonstrating this new country data problem, and its solution, in my

replication models. Thus, in these models, I aim to show that the minor

change of imputing new country data will substantially and significantly

change regression results. It is important to test these replications models

both ways to ensure new country imputation alone has sufficient effects

on results without the interference of other missing or differently imputed

data.
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Finally, the last decision in the treatment process is to choose the type

of model used for predicting imputed membership counts. Linear regres-

sion models (OLS) are commonly used for imputation of missing data, as

was the case with Cole’s original analyses (2005). For this reason, I included

linear imputation models for a baseline comparison. However, there are

certainly better fitting regression models for count data such as INGO/IGO

membership data. A quick look at the first row of Figure 3.2 offers a re-

minder that the distribution of this count data over time is non-linear. After

some consideration, I chose a multi-level (mixed effects) negative binomial

model for several reasons.

A simple (single-level) count fit diagnostics using the user-written

Countfit package for Stata (Long and Freeze 2005) indicate that a zero-

inflated negative binomial model would be the best fitting among four count

models (Poisson, zero-inflated Poisson, negative binomial, and zero-inflated

negative binomial). However, closer inspection reveals that there are very

few cases of zero memberships in either the INGO or IGO data, with only

about 3% of observations being zero in each. This obviated the need for a

zero-inflated model, whose primary purpose is better accounting for exces-

sive zeros in the data. Additionally, only a few countries had counts of zero

memberships in any of their years of data, which causes convergence fail-

ures in multi-level, zero-inflated models. A negative binomial model still

improves fit considerably over a linear or Poisson model, since it includes
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an extra parameter to account for overdispersion(Hilbe 2011). In side-by-

side comparisons, negative binomial models had AIC/BIC scores larger by

several hundred units, confirming their better fit compared to Poisson mod-

els. This AIC/BIC improvement also held true in multilevel negative bino-

mial models as compared to multi-level Poisson models. Finally, I chose a

multi-level (mixed effects) model in order to best account overall member-

ship inflation over time in the data. In the world society and world polity

networks as a whole, there has been an exponential increase in the number

of INGOs and IGOs and a corresponding increase therefore in the number

of country ties on average in any given year. Thus, imputation predictions

are more accurate if they reflect both the later membership trends of new

countries and the overall organizational and membership trends in the net-

work in that timer period.

To recapitulate the steps in my method briefly, I recommend imput-

ing other missing observations in the data simultaneously with the first few

years of under-counted new country data using the same method. Addi-

tionally, although this zero or low membership problem is most apparent

for Eastern Europe, evidence suggests it is a common problem for all new

countries and thus I recommend imputing the first few years of data for all

new countries. Other researchers may choose other lengths of time to apply

this correction, but I chose to impute the first 4 years after sovereignty for

new countries, including the first year of sovereignty in this count for the
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practical and theoretical reasons explained previously. Finally, when choos-

ing model type, this will depend on both the researcher’s preference and

certain model fit diagnostics unique to the particular dataset. Fit diagnostics

with the UIA Yearbook data for INGOs and IGOs suggest that a multilevel

negative binomial is an appropriate model for count data of this type that

seems to best predict undercounted membership data for new countries by

relying on both their later memberships and the overall inflation in mem-

berships for all countries over time. A multi-level Poisson model seems to

be a second best count prediction model overall.

The basic equation for a mixed model with random-intercept for

individual j in cluster i is yij = vije
x′
ijβ+ui , (or in Stata code: menbreg

ngo year || country:), where we assume that yij|vij ∼ Poisson(vij),

vij|ui ∼ Gamma(1, α), ui ∼ N(0,Σ), and ui ∼ N(0, σu). The post-estimation

prediction, (predict mu, mu in Stata code), is unconditional on the ran-

dom effects, or a marginal prediction, so it is simply E(yij) = ex
′
ijβ̂. Thus,

this mixed-effects model includes information for both the individual coun-

try trend, as well as overall trends in the entire network in predicting miss-

ing values for the first four years for new countries.

Results: Effects of Corrective Treatment

The corrective treatment described above had a significant and visi-

ble impact on the original variables. Figure 3.2 demonstrates a comparison
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of the effects of each of these imputation methods on the Lowess trend lines

for existing countries, new countries from Eastern Europe, and new coun-

tries from other regions.26 Comparisons in each column are for INGO, IGO,

and standardized ioZ measures respectively, from left-to-right.27 Moving

down the rows, I compare the original raw data in the first row to other

variations. The second row, which is nearly identical to the original data,

represents Cole’s adjusted data, on which he only performed linear impu-

tation for missing observations, but did not correct the new country prob-

lem. The last three rows show the effects of this corrective treatment for

new country data using three models: single-level OLS, single-level neg-

ative binomial, and multi-level (mixed-effects random-intercept) Negative

Binomial models. Linear, OLS treatment only raises the minimum for new

Eastern European countries slightly above zero. A better fitting negative bi-

nomial count model, however, raises the floor for Eastern Europe more dra-

matically in the early 1990s. Finally, a multi-level negative binomial model

yields the most visible changes, bringing Eastern Europe’s trend into near

26 In these lowess plots in Figure 3.2, I use the maximalist variables with both extrapo-
lation of early years for new countries, and interpolation of all originally missing data, in
order to show the different effects of this approach on all parts of the average membership
growth trend. In my statistical analyses that follow however, I only impute the first years
for new countries in my main analyses, leaving Cole’s linear imputation of other missing,
in order to make a direct comparison to Cole’s results, with only one simple change to the
data. The visual difference between the graphs is indistinguishable whether or not other
missing were also imputed.

27 In the case of the ioZ (standardized INGOs + IGOs) variable, I recreate this variable
from my imputed versions of INGOs and IGOs by standardizing each, then adding them
together, using precisely the same technique as Cole (2005).
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synchronicity with the trend for all new countries. In other words, after

correcting this problem of early missing ties, Eastern European countries

behave a lot more like other new countries.

Three salient conclusions emerge from this visual inspection of the

effects of these treatments. First, changes to the original data are similar

for INGOs and IGOs, and for the standardized ioZ measure (derived from

the two former), lending credence to the suggestion that this is a general

lag problem for new countries. This is not a data problem specific to only

one type of organization. Second, we see the most dramatic changes when

considering multi-level models that also consider the overall average num-

bers of ties over time. This is a less conservative approach, but one that I

think holds merit in accounting for the large, overall rise in memberships

over time. Third, changes in all models are mainly visible only for Eastern

European countries in the early 1990s, which accords with my diagnosis of

the main problem in this data, namely that a general data lag for new coun-

tries coincides with the entry of a large number of new Eastern European

countries in the early 1990s.

Going beyond visual comparisons of the effects of these corrective

treatments, two-tailed t-tests comparing the mean statistical differences be-

tween my adjusted membership counts and Cole’s originals are significant

beyond the 0.01 alpha-level for all of my models (Linear, Poisson, ME Pois-

son, and ME NBREG). Even more striking, these adjusted variables demon-
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strate strongly significant differences from the originals, even when only

correcting for new Eastern European countries, and when using more con-

servative simple Linear or Poisson models. This further strengthens my

argument that missing memberships for the mass of new Eastern European

countries entering together in the early 1990s are a problem affecting these

untreated measures.

Finally, it is also worth taking a closer look at some country-level ex-

amples, to see how these treatments affect the membership trends of specific

new countries in the data. Figure 3.4 shows scatterplots for nine new coun-

tries, three for each of my variables (INGOs, IGOs, and ioZ). Here we find

a good deal of similarity to the general visual impression given by Figure

3.2. More ties are imputed when using a multilevel negative binomial or, to

a lesser extent, a single-level negative binomial model. We also notice that,

in all of these selected cases, imputed values are expected to be greater than

zero even in the first year of independence. The examples in the third col-

umn are included to demonstrate how in many countries, primarily those

outside of Eastern Europe, low or zero counts may extend beyond the first

four years. In some of these cases, such as that of Bangladesh, this lag is

partially corrected. In other countries, such as Kazakhstan and Mauritania,

if the lag extends too long, predicted values are also zero or close to it. It

might be worth considering a treatment method that would account for the

length of lag for each individual country. This could be achieved through
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a comparison of lagged, missing membership data for each country with a

qualitative survey of evidence of early membership. This approach, how-

ever, is beyond the scope of this paper, which seeks a general correction

for all new countries. Without additional information on each country, we

must assume that lags beyond 4 initial years might represent actual low

membership counts.

Table 3.5 at the end of this study presents the corrections for the

above-described treatment with multilevel negative binomial imputation of

missing values and the first four years of new country data for both INGO

and IGO memberships counts. New country imputed values are denoted

with bold font. The original raw INGO and IGO data, as well as corrected

measures with multilevel negative binomial imputation, are available from

the author upon request in Excel .xlsx or Stata .dta formats.

Findings: Replication Tests

Thus far, I have identified the issue of low or zero counts in INGO

and IGO membership count data for new countries entering the world sys-

tem, and have offered compelling reasons to believe that this is an artifact

of lagged or missing data collection. I have also suggested a method of

treating this problem and demonstrated the visual and statistical effects of

this treatment over time in univariate or bivariate comparisons. In this last

section, I present a series of replication tests of Cole’s (2005) cross-national
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study of human rights treaty ratifications. In this way, I propose to demon-

strate the bias in statistical findings due to this untreated data problem, as

well as the differences in coefficients for INGO and IGO memberships when

using these adjusted measures.

In Wade M. Cole’s cross-national study of human rights treaty rati-

fications (2005), he theorizes these INGO and IGO membership count mea-

sures as “national embeddedness in the world polity/society” and hypoth-

esizes that “the stronger a state’s linkage to the world polity, the greater

is its likelihood of ratifying the human rights covenants” (Cole 2005, 478).

This is consistent with prior research in the field of world society (Boli and

Thomas 1999) and world polity (Beckfield 2003).28 Cole includes these mea-

sures in explanatory models predicting human rights treaty ratifications of

three types (Economic, Political, and Optional Protocol Rights) from 1966

through 1999 by countries in the world society/polity. He tests these INGO

and IGO membership measures alongside other explanatory variables in

three broad groups: First, political measures under the heading of Ratio-

nalism include autocracy/democracy scores, human rights practices, and

GDP along with controls for communist countries or the Cold War time pe-

riod. Second, INGO/IGO memberships (ioZ) scores are included under the

heading of World Polity Institutionalism along with attendance at the 1992-

1994 World Human Rights Conference and cumulative prior ratifications,

28 A more detailed description of the UIA and this INGO and IGO membership data
has already been included above on page 141.
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as well as a squared version of cumulative prior ratifications to capture

possible curvilinear effects. And a third and final category of explanatory

variables is Clash of Civilizations with dummy variables for each broadly de-

fined civilizational legacy. Here, I will not delve into further details about

the independent and dependent variables used in Cole’s models (and my

replication models), as this information is available in his original article

(Cole 2005, 478-481) and my treatment makes changes only to INGO and

IGO memberships counts for new countries.

In his main analyses, Cole combines the INGO and IGO count mea-

sures by first standardizing them as z-scores, and adding the z-scores to-

gether. He creates this standardized, combined measure, called ioZ (inter-

national organizations z-score), because INGO and IGO membership counts

are both important, but are so highly correlated that they cannot both be

entered into a model simultaneously. In auxiliary analyses, however, he

includes the raw counts of INGOs and IGOs one at a time and finds very

similar results. As with all such previous studies, he leaves these variables

untreated, except for linear OLS imputation of a handful of missing obser-

vations. Cole’s dependent variables are different types of treaty ratifications

(political, economic, optional), each both with and without reservations).

He codes these as 1 in the year in which a country ratified a treaty of that

type and 0 in other years. In his explanatory model, he includes a host

of variables grouped into broad theoretical categories, such as Rationalism,
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World Polity Institutionalism, and Clash of Civilizations. He then performs ex-

ponential event history analyses with robust standard errors for ratification

of these economic, political and optional human rights covenants. Cole’s

original models are presented in Table 3.1.29

Contrary to expectations, Cole’s analyses do not find a significant ef-

fect of INGO and IGO memberships in predicting Economic and Political

Rights treaty ratifications either with or without reservations. And he finds

strong and statistically significant negative effects on ratification of Optional

Protocols at the 0.001 alpha-level (both with and without reservations) such

that “countries with fewer memberships in international organizations are

at greater risk of ratifying the protocol throughout the observation period”

(Cole 2005, 485). Similar patterns are visible in Cole’s auxiliary, unpub-

lished models using the raw IGO or INGO scores separately. In sum, IGO

and NGO memberships seem to be negatively associated with country rati-

fication of the Optional Protocols, while they are not significantly associated

with ratification of Economic and Political rights treaties. These models fail

to confirm the hypothesis that World Polity Institutionalism as measured

by INGO and IGO memberships is predictive of conformity to world polity

standards of human rights treaty ratification.

29 Cole’s paper (2005) included six additional models with only one difference: they in-
clude a dummy variable for the West with all other civilizations omitted as the reference
category. I only present half of his models here, because the civilizations argument is extra-
neous to the purposes of this paper, and those models have nearly identical results, with
no significant coefficients for Western civilization.
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Unexpected results often yield the most interesting findings in social

science research. Yet, in this case, we have reason for skepticism, due to

the previously described problem of lag in collection of new country mem-

bership data, particularly in Eastern Europe in the 1990s. Figure 3.5, re-

produced from (Cole 2005), visually highlights the problem as it relates to

human rights treaty ratifications. For all three human rights treaty types

(Economic, Political, and Optional), there was a steep acceleration in cumu-

lative ratifications (without reservations) in the early and mid-1990s. Many

of these new ratifications are from new Eastern European countries at pre-

cisely the same time that I have identified erroneously low (or zero) mem-

bership counts for these same countries. Given this data problem, insignif-

icant findings are not surprising, even though they contradict theoretical

assumptions in the fields of world polity and world society research.

In a series of replication analyses, I rerun Cole’s original models

(both with and without reservations), making only one simple change: I

replace his standardized INGOs/IGOs (ioZ) score with a version that in-

cludes imputed data for the first four years of new countries. In order to

demonstrate the effects of the entry of new countries in Eastern Europe en

masse in the 1990s, I also test models where I only impute the first four years

for new countries in Eastern Europe. I present the results of these replica-

tion tests, after applying the imputation treatment described above with

multilevel negative binomial prediction. Table 3.2 demonstrates final repli-
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cation models using mixed effects, negative binomial imputation of the first

four years for all new countries. Overall, these models show results nearly

identical to Cole’s original models in Table 3.1, except for increased signifi-

cance of the International Organization Memberships (ioZ) variable in some

models. This standardized membership variable is now significant in pre-

dicting ratification of Political rights covenants with reservations at the 0.05

alpha-level and is also marginally significant at the 0.1 level in predicting

Economic rights covenants with reservations. Both coefficients demonstrate

substantial, positive effects of nearly one standard deviation increase in the

dependent variable (Economic or Political rights treaty ratification) for each

additional one unit (or one-half standard deviation) change in standardized

memberships. It is important to note that, in this full replication table (Ta-

ble 3.2), few other coefficients were significantly affected, indicating that

International Organization Membership’s significance did not come at the

expense of other variables. Instead, it was largely the product of my correc-

tive measures.

It is also instructive to consider variations on this set of replication

models, which not only demonstrate consistency in findings but also fur-

ther strengthen my diagnosis of the underlying data problem. In Table 3.3, I

compare the coefficients for the ioZ variable (Standardized INGO and IGO

score) in each of these models with Cole’s original models. The first set

of replication results below Cole’s original findings, imputing observations
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for the first four years of new countries, shows a strong degree of consis-

tency regardless of the type of imputation used. Here, Linear OLS impu-

tation of the first four years for all new countries (n = 278) shows only a

slight shift in positive, statistical significance for Political Rights with reser-

vations. However, all three other models demonstrate positive effects and

consistent statistical significance for Political Rights with reservations at the

0.05 level as well as for Economic Rights with reservations at the 0.1 level.

And all models demonstrate a positive increase in negative coefficients for

predicting Economic and Political Rights without reservations, rendering

them less negative and also less significant. There is little change to the

significant negative effects of the ioZ variables on ratification of Optional

Protocols.

Furthermore, as I had predicted, the changes in coefficients in my

replication models are driven by the data problem I described, particularly

for Eastern Europe. Consider the second set of replication results in the

bottom part of Table 3.3, which only impute memberships in the first four

years for new Eastern European countries (n = 223). Here, we see nearly

identical results, confirming my earlier argument that the biggest impact of

missing memberships for new countries is in Eastern European countries,

which enter world society en masse within a short span of a few years in the

1990s. Due to space constraints, I only show ioZ coefficients here, but the

full models show very similar findings to those in Tables 3.2 and 3.3, with
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little change from Cole’s originals, except as hypothesized in these mea-

sures of world polity/world society embeddedness. I also tested a variety

of auxiliary replication models in order to be sure that the multilevel neg-

ative binomial model was the best fitting, and also confirm that findings

were not simply due to model selection. The variations I tested in auxiliary

models included: (a) varying the regression model to include linear OLS,

Poisson, negative binomial, and multi-level Poisson imputation, (b) includ-

ing imputation of other missing observations as well as early observations

for new countries, and (c) replications of Cole’s other models including us-

ing only the imputed INGO or IGO membership counts instead of the stan-

dardized, combined measure. These other models presented very similar

results, patterns, and changes in INGO/IGO/ioZ coefficients and results

tables are available from the author upon request. The upshot of these aux-

iliary analyses is that linear imputation is not sufficient to correct this new

country data lag problem.

Finally, to better understand the magnitude of these changes in coef-

ficients for the ioZ variable (standardized, combined INGO and IGO counts),

Table 3.4 presents a similar overview to Table 3.3, with z-scores and stan-

dard errors for the change in coefficient size in terms of standard deviations

of the coefficient itself. Though these changes are not significant in T-Tests,

but many represent a shift of more than half a standard deviation. More

importantly, they are clearly impactful since they increase the significance
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of many coefficients in the replication models presented in Tables 3.2 and

3.3. To wrap up, the replication tests described above confirm Cole’s orig-

inal hypothesis, consistent with theory in world polity and world society

research, that more embeddedness (more INGO and IGO memberships) is

significantly associated with ratification of Economic and Political human

rights covenants, but only after correction of the new country data prob-

lem with my proposed treatment. This serves as further confirmation of the

diagnosis and the treatment.

Discussion and Conclusions

Existing cross-national, quantitative research in the cross-disciplinary

fields of world polity and world society research has relied heavily on mem-

bership count data from the Union of International Associations (UIA) as a

measure of country connectedness or embeddedness in world polity/society.

Theory leads us to believe that countries that are more connected in this sys-

tem would be more likely to conform to the norms of world society/polity.

In this paper, I have identified an important measurement problem of miss-

ing data for new countries entering world society, which impacts statistical

findings in studies that use these measures. In essence, for both theoretical

and empirical reasons, there is a strong case for believing that new coun-

tries enter world society and the world polity with at least some prior or

inherited ties; ties that are not recorded in existing datasets. After diagnos-
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ing and demonstrating the nature and magnitude of this problem, I offer a

suggested set of corrective measures for imputing this missing new country

membership data using a well-fitting multilevel negative binomial model.

I then test these corrected variables in a replication of Wade M. Cole’s 2005

study of the correlates of human rights treaty ratifications, providing fur-

ther evidence that problems in data collection for new Eastern European

countries that enter en masse in the 1990s are explicitly responsible for caus-

ing diminished effect size and significance for these measures in prediction

of economic and political rights covenants.

But this measurement problem and suggested corrections have broader

implications beyond the narrow subfields of world polity and world soci-

ety research. Missing data patterns are a measurement problem that may

take many forms, including erroneously low or zero values in cases where

data is only partially missing. I argue that this dilemma and the correc-

tive measures I suggest here should serve as a call for careful consideration

by researchers of this specific data problem, as well as the general impact

of data cleaning and coding decisions on research findings. Careful diag-

nostics and exploration of commonly used measures have the potential to

significantly change statistical findings. This problem also illustrates one

effect of the dominance of Western countries as both subjects and objects of

social science research. Since the UIA has a tendency to collect better data

from English and French-speaking organizations founded in the West, we
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must be especially attentive to how we apply this data in our analyses of

other parts of the world. It is my hope that this diagnostic and corrective

study performs one small part of the much larger work of improving social

science measurement in international research.
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Study 3 Tables

Table 3.1: Two-Tailed T-Test P-Values Comparing Means of Cole’s International Organi-
zations Variables to Imputed Versions

Mean/SE Mean/SE T-Test
(Cole) (Imputed) p-value/SD

IGOs

Linear 39.32 40.00 0.00***
(0.27) (0.26) (2.53)

Poisson 39.32 39.73 0.00***
(0.27) (0.26) (2.53)

ME Poisson 39.32 40.02 0.00***
(0.27) (0.26) (3.69)

ME NBREG 39.32 40.00 0.00***
(0.27) (0.26) (3.62)

NGOs

Linear 468.80 469.55 0.00***
(7.64) (7.63) (12.95)

Poisson 468.80 471.46 0.00***
(7.64) (7.62) (25.10)

ME Poisson 468.80 473.44 0.00***
(7.64) (7.61) (37.19)

ME NEBREG 468.80 472.94 0.00***
(7.64) (7.61) (35.19)

175



Table 3.2: Cole’s Original Models: Predicting Ratification of the International Human
Rights Covenants (With and Without Reservations), 1966 to 1999 (Cole 2005)

Economic Rights Political Rights Optional Protocol
(1) (7) (3) (9) (5) (11)

With or w/o Reservations with w/o with w/o with w/o

Rationalism
Autocracy/Democracy 0.04* 0.06** 0.03t 0.01 0.04 0.03

(0.02) (0.02) (0.02) (0.02) (0.03) (0.03)
Autocracy/Democracy 0.07* 0.06* 0.07t 0.10t 0.04 0.05

change (t-1) (0.03) (0.03) (0.04) (0.05) (0.03) (0.04)
Human rights 0.15 0.07 0.21t 0.08 0.51** 0.47*

practices (0.13) (0.13) (0.13) (0.12) (0.19) (0.19)
Communist -0.16 -1.30 -0.19 -1.67 -1.50 -1.42

(0.91) (1.16) (0.93) (1.28) (0.92) (1.19)
Cold War (1966-1989) -0.73* -0.65t -0.81** -0.87* -0.77t -0.63

(0.32) (0.36) (0.30) (0.40) (0.46) (0.52)
GDP per capita -0.17 -0.12 -0.15 -0.19 -0.03 -0.06

(logged) (0.11) (0.12) (0.11) (0.12) (0.18) (0.20)

World Polity Institutionalism
International organization 0.10 -0.09 0.11 -0.18t -0.29*** -0.44***

memberships (ioZ) (0.08) (0.09) (0.07) (0.10) (0.08) (0.09)
World Human Rights 0.68* 0.82** 0.64* 0.61* 0.08 0.21

Conference (1992-1994) (0.30) (0.32) (0.28) (0.30) (0.31) (0.33)
Cumulative 0.04*** 0.04*** 0.03*** 0.01 -0.04t -0.03

ratifications (t-1) (0.01) (0.01) (0.01) (0.01) (0.02) (0.02)
Cumulative 0.00*** 0.00*** 0.00** 0.00 0.00 0.00

ratifications2 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)

Clash of Civilizations
African -0.51 -0.24 -0.59 0.45 -0.22 0.26

(0.54) (0.56) (0.49) (0.57) (0.62) (0.68)
Buddhist -0.63 0.12 -0.65 0.56 -0.67 -0.18

(0.57) (0.52) (0.57) (0.60) (0.67) (0.84)
Hindu -0.39 0.18 -0.41 -1.23 -0.80 -0.25

(0.67) (0.70) (0.67) (1.07) (0.70) (0.75)
Islamic -0.43 0.12 -0.59 0.12 -0.96 -0.39

(0.52) (0.54) (0.48) (0.57) (0.61) (0.67)
Japanese 0.33 -13.38*** 0.33t -12.66*** -13.07*** -12.95***

(0.23) (1.04) (0.20) (1.07) (1.04) (1.06)
Latin American 0.35 1.06* 0.32 1.33* 0.28 0.87

(0.48) (0.52) (0.44 (0.56) (0.42) (0.53)
Sinic (Chinese) -1.43 -0.45 -1.55 -12.80*** 0.52 0.96

(1.12) (0.99) (1.14) (0.75) (1.54) (1.99)
Slavic-Orthodox 0.42 0.27 -0.08 0.69 -0.50 0.09

(0.47) (0.51) (0.51) (0.53) (0.54) (0.55)
Western — — — — —
Intercept -2.49* -3.42** -2.62** -2.79* -2.08 -2.62

Wald χ2 110.54*** 307.93*** 110.56*** 888.62*** 308.11*** 339.79***
df 18 18 18 18 18 18
BIC 28.16 -166.23 28.40 -744.84 -186.22 -194.49
Ratifications (n) 110 94 112 80 82 70
Countries (n) 137 140 137 142 122 122
Spells (n) 2221 2624 2253 2944 873 1063

Robust standard errors in parentheses. *** p<0.001, ** p<0.01, * p<0.05, t p<0.1
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Table 3.3: Replication Models: First Four Years MENBREG Imputed for New Countries

Economic Rights Political Rights Optional Protocol
(1) (7) (3) (9) (5) (11)

With or w/o Reservations with w/o with w/o with w/o

Rationalism
Autocracy/Democracy 0.04t 0.06* 0.03 0.01 0.03 0.02

(0.02) (0.02) (0.02) (0.02) (0.03) (0.03)
Autocracy/Democracy 0.07* 0.06* 0.07t 0.10* 0.05 0.06t

change (t-1) (0.03) (0.03) (0.04) (0.05) (0.03) (0.04)
Human rights 0.17 0.09 0.23* 0.10 0.53** 0.49*

practices (0.13) (0.13) (0.12) (0.13) (0.19) (0.20)
Communist -0.13 -1.35 -0.17 -1.71 -1.65t -1.61

(0.92) (1.16) (0.94) (1.27) (0.90) (1.17)
Cold War (1966-1989) -0.71* -0.69t -0.79** -0.92* -0.95* -0.87t

(0.32) (0.35) (0.30) (0.40) (0.43) (0.49)
GDP per capita -0.20t -0.17 -0.19t -0.22t -0.04 -0.10

(logged) (0.11) (0.12) (0.11) (0.12) (0.18) (0.20)

World Polity Institutionalism
International organization 0.15t -0.03 0.17* -0.14 -0.32** -0.46***

memberships (ioZ) (0.08) (0.09) (0.08) (0.10) (0.10) (0.12)
World Human Rights 0.68* 0.83** 0.64* 0.63* 0.06 0.16

Conference (1992-1994) (0.30) (0.32) (0.28) (0.29) (0.31) (0.34)
Cumulative 0.03*** 0.04*** 0.03*** 0.01 -0.03t -0.03

ratifications (t-1) (0.01) (0.01) (0.01) (0.01) (0.02) (0.02)
Cumulative -0.00*** -0.00*** -0.00** -0.00 0.00 0.00

ratifications2 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)

Clash of Civilizations
African -0.49 -0.26 -0.57 0.41 -0.51 -0.17

(0.54) (0.57) (0.48) (0.59) (0.60) (0.70)
Buddhist -0.58 0.12 -0.60 0.55 -0.91 -0.54

(0.57) (0.53) (0.57) (0.61) (0.69) (0.89)
Hindu -0.35 0.17 -0.36 -1.26 -1.07 -0.65

(0.65) (0.70) (0.65) (1.07) (0.68) (0.76)
Islamic -0.41 0.12 -0.57 0.11 -1.22* -0.76

(0.52) (0.56) (0.48) (0.58) (0.60) (0.70)
Japanese 0.36 -12.64*** 0.36t -13.68*** -13.87*** -13.00***

(0.23) (1.04) (0.20) (1.07) (1.04) (1.06)
Latin American 0.38 1.05* 0.35 1.30* 0.09 0.58

(0.47) (0.52) (0.43) (0.57) (0.42) (0.55)
Sinic (Chinese) -1.38 -0.38 -1.50 -13.78*** 0.29 0.63

(1.15) (0.98) (1.17) (0.76) (1.53) (1.99)
Slavic-Orthodox 0.42 0.36 -0.10 0.81 -0.64 -0.05

(0.45) (0.51) (0.50) (0.53) (0.56) (0.61)
Western — — — — —
Intercept -2.32* -3.08** -2.41* -2.57* -1.71 -1.90

Wald χ2 — 282.59 — 1001.59 312.88 297.02
df 17 18 17 18 18 18
BIC -735.92 -548.31 -756.10 -411.11 -648.07 -490.83
Ratifications(n) 110 94 112 80 82 70
Countries (n) 137 140 137 142 122 122
Spells (n) 2221 2624 2253 2944 873 1063

Robust standard errors in parentheses. *** p<0.001, ** p<0.01, * p<0.05, t p<0.1
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Table 3.4: Comparing ioZ Coefficients in Various Imputation/Extrapolation Models

Economic Rights Political Rights Optional Protocol

(1) (7) (3) (9) (5) (11)

With or w/o Reservations with w/o with w/o with w/o

Baseline: (Cole 2005) 0.10 -0.09 0.11 -0.18t -0.29*** -0.44***

(0.08) (0.09) (0.07) (0.10) (0.08) (0.09)

Replacing First Four Years for All New Countries

(n = 278 imputed)

Linear 0.12 -0.08 0.13t -0.18t -0.30*** -0.44***

(0.08) (0.09) (0.07) (0.10) (0.09) (0.10)

Poisson 0.14t -0.06 0.15* -0.16 -0.31** -0.45***

(0.08) (0.09) (0.07) (0.10) (0.10) (0.11)

MEPoisson 0.16t -0.03 0.18* -0.14 -0.32** -0.46***

(0.08) (0.09) (0.08) (0.10) (0.10) (0.12)

MENBREG 0.15t -0.03 0.17* -0.14 -0.32** -0.46***

(0.08) (0.09) (0.08) (0.10) (0.10) (0.12)

Replacing First Four Years - Only New Eastern European Countries

(n = 223 imputed)

Linear 0.12 -0.08 0.13t -0.18t -0.30 -0.44***

(0.08) (0.09) (0.07) (0.10) (0.09) (0.10)

Poisson 0.14t -0.06 0.15* -0.16 -0.31** -0.46***

(0.08) (0.09) (0.07) (0.10) (0.10) (0.11)

MEPoisson 0.16t -0.03 0.18* -0.13 -0.32** -0.46

(0.08) (0.09) (0.08) (0.10) (0.11) (0.12)

MENBREG 0.16t -0.03 0.18* -0.13 -0.32** -0.46***

(0.08) (0.09) (0.08) (0.10) (0.10) (0.12)

Standard errors in parentheses. *** p<0.001, ** p<0.01, * p<0.05, t p<0.1
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Table 3.5: Comparing Treated Models to Cole’s Originals:
Magnitude of Standardized Z-Score Change in Coefficients

Economic Rights Political Rights Optional Protocol

(1) (7) (3) (9) (5) (11)

With or w/o Reservations with w/o with w/o with w/o

Replacing First Four Years for All New Countries (n = 278 imputed)

Linear 0.18 0.08 0.19 0.00 -0.08 0.00

(0.11) (0.12) (0.11) (0.13) (0.12) (0.13)

Poisson 0.35 0.25 0.38 0.16 -0.16 -0.15

(0.11) (0.12) (0.11) (0.13) (0.13) (0.14)

ME Poisson 0.53 0.50 0.62 0.39 -0.22 -0.14

(0.11) (0.12) (0.11) (0.13) (0.14) (0.14)

ME NBREG 0.53 0.50 0.62 0.39 -0.23 -0.14

(0.11) (0.12) (0.11) (0.13) (0.13) (0.14)

Replacing First Four Years - Only New Eastern European Countries (n = 223 imputed)

Linear 0.18 0.08 0.19 0.00 -0.08 0.00

(0.11) (0.12) (0.11) (0.13) (0.12) (0.13)

Poisson 0.35 0.25 0.38 0.16 -0.16 -0.07

(0.11) (0.12) (0.11) (0.13) (0.13) (0.14)

ME Poisson 0.53 0.50 0.62 0.31 -0.23 -0.14

(0.11) (0.12) (0.11) (0.13) (0.13) (0.14)

ME NBREG 0.44 0.50 0.53 0.31 -0.23 -0.14

(0.11) (0.12) (0.11) (0.13) (0.13) (0.14)

This table calculates standardized z-score changes in our various models, as
compared to Cole’s models (with all ratifications), using the equation Z =

(β1−β2)√
SEβ2

1+SEβ
2
2

, which was first suggested in Sociology by (Clogg et al. 1995) and

has been commonly used elsewhere (Paternoster et al. 1998)
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Table 3.6: INGO and IGO Data Corrections for Missing Data and New Countries:
Mixed-Effects Negative Binomial Imputation (New Country Data in Bold)

Country unid Year INGOs INGOs IGOs IGOs
Imputed Imputed

AND 20 1975 . 33 . 3
AND 20 1976 . 35 . 3
AND 20 1977 . 37 . 3
AND 20 1978 . 39 . 3
AND 20 1979 . 41 . 3
AND 20 1980 . 44 . 3
AND 20 1981 . 46 . 3
AND 20 1982 . 49 . 3
AND 20 1983 . 52 . 3
AND 20 1985 . 58 . 4
ANG 24 1975 39 62 3 24
ANG 24 1976 39 66 3 25
ANG 24 1977 45 69 23 25
ANG 24 1978 45 74 23 25
ANT 28 1981 39 75 5 21
ANT 28 1982 80 80 16 21
ANT 28 1983 84 85 17 22
ANT 28 1984 103 90 22 22
ARM 51 1991 0 142 0 21
ARM 51 1992 5 150 3 22
ARM 51 1993 50 159 12 22
ARM 51 1994 94 168 19 22
AZE 31 1991 0 104 0 24
AZE 31 1992 1 110 4 25
AZE 31 1993 29 117 13 25
AZE 31 1994 64 124 19 25
BAH 44 1973 37 81 0 21
BAH 44 1974 37 86 0 21
BAH 44 1975 37 91 0 21
BAH 44 1976 37 96 0 22

Continued on next page
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
BAN 50 1971 0 116 0 26
BAN 50 1972 0 123 0 26
BAN 50 1973 0 130 0 26
BAN 50 1974 0 138 0 27
BAR 52 1966 32 57 0 22
BAR 52 1967 32 60 0 22
BAR 52 1968 32 64 0 22
BAR 52 1969 32 68 0 23
BAR 52 1974 . 91 . 24
BAR 52 1975 . 96 . 25
BIH 70 1991 0 0 0 0
BIH 70 1992 0 129 0 19
BIH 70 1993 49 137 4 20
BIH 70 1994 96 145 17 20
BIZ 84 1981 48 85 4 23
BIZ 84 1982 86 91 16 23
BIZ 84 1983 89 96 22 23
BIZ 84 1984 101 102 23 24
BLR 112 1991 0 236 0 24
BLR 112 1992 8 250 14 24
BLR 112 1993 93 265 16 24
BLR 112 1994 164 281 19 25
BOT 72 1966 7 39 3 17
BOT 72 1967 7 41 3 18
BOT 72 1968 7 44 3 18
BOT 72 1969 7 46 3 18
BRN 48 1971 6 50 0 24
BRN 48 1972 6 53 0 24
BRN 48 1973 6 56 0 25
BRN 48 1974 6 60 0 25
BRU 96 1984 77 83 11 18
BRU 96 1985 77 87 11 19

Continued on next page
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
BRU 96 1986 83 93 15 19
BRU 96 1987 96 98 16 19
BUL 100 1971 . 264 . 40
BUL 100 1972 . 279 . 40
BUL 100 1973 . 296 . 41
BUL 100 1974 . 314 . 41
BUL 100 1975 . 333 . 42
CHI 152 1973 . 387 . 42
CHI 152 1974 . 410 . 42
CHI 152 1975 . 435 . 43
COL 170 1970 . 288 . 42
COL 170 1971 . 305 . 42
COL 170 1972 . 323 . 43
COL 170 1973 . 342 . 44
COL 170 1974 . 363 . 44
COL 170 1975 . 385 . 45
COM 174 1975 0 21 0 17
COM 174 1976 0 22 0 17
COM 174 1977 0 24 0 18
COM 174 1978 0 25 0 18
CPV 132 1975 0 22 0 14
CPV 132 1976 0 24 0 14
CPV 132 1977 0 25 0 14
CPV 132 1978 0 27 0 15
CRC 188 1969 . 164 . 36
CRC 188 1970 . 174 . 37
CRC 188 1971 . 185 . 37
CRC 188 1972 . 196 . 38
CRC 188 1973 . 207 . 38
CRC 188 1974 . 220 . 39
CRC 188 1975 . 233 . 40
CRO 191 1991 0 635 0 29
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
CRO 191 1992 14 673 1 30
CRO 191 1993 282 713 14 30
CRO 191 1994 496 756 25 31
CSK 200 1966 . 272 . 39
CSK 200 1967 . 288 . 39
CSK 200 1968 . 306 . 40
CSK 200 1969 . 324 . 40
CSK 200 1970 . 343 . 41
CSK 200 1971 . 364 . 42
CSK 200 1972 . 386 . 42
CSK 200 1973 . 409 . 43
CSK 200 1974 . 433 . 43
CSK 200 1975 . 459 . 44
CSK 200 1976 . 486 . 45
CSK 200 1977 . 516 . 45
CSK 200 1978 . 546 . 46
CSK 200 1979 . 579 . 47
CSK 200 1980 . 614 . 47
CSK 200 1981 . 651 . 48
CSK 200 1982 . 689 . 49
CSK 200 1983 . 731 . 49
CSK 200 1985 . 821 . 51
CYP 196 1970 . 135 . 32
CYP 196 1971 . 143 . 32
CYP 196 1972 . 152 . 33
CYP 196 1973 . 161 . 33
CYP 196 1974 . 171 . 34
CYP 196 1975 . 181 . 34
DEN 208 1973 . 864 . 70
DEN 208 1974 . 915 . 71
DEN 208 1975 . 970 . 72
DJI 262 1977 0 38 0 23

Continued on next page
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
DJI 262 1978 0 40 0 23
DJI 262 1979 0 42 0 24
DJI 262 1980 0 45 0 24
DMA 212 1978 28 58 5 22
DMA 212 1979 28 61 5 22
DMA 212 1980 28 65 5 22
DMA 212 1981 28 69 5 22
ECU 218 1970 . 185 . 42
ECU 218 1971 . 196 . 43
ECU 218 1972 . 208 . 43
ECU 218 1973 . 221 . 44
ECU 218 1974 . 234 . 44
ECU 218 1975 . 248 . 45
ERI 232 1993 4 47 0 18
ERI 232 1994 14 50 11 19
ERI 232 1995 24 53 13 19
ERI 232 1996 35 56 18 19
EST 233 1991 0 489 0 27
EST 233 1992 83 518 6 28
EST 233 1993 264 549 16 28
EST 233 1994 394 582 21 28
FIJ 242 1970 36 70 0 18
FIJ 242 1971 36 74 0 18
FIJ 242 1972 36 79 0 18
FIJ 242 1973 36 83 0 19
FSM 583 1986 9 21 1 8
FSM 583 1987 13 22 2 8
FSM 583 1988 12 24 2 8
FSM 583 1989 10 25 3 8
GAM 270 1966 20 36 10 23
GAM 270 1967 20 38 10 23
GAM 270 1968 20 40 10 24

Continued on next page
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
GBS 624 1974 0 22 0 19
GBS 624 1975 0 23 0 19
GBS 624 1976 0 25 0 20
GBS 624 1977 0 26 0 20
GDR 278 1966 . 222 . 36
GDR 278 1967 . 235 . 36
GDR 278 1968 . 249 . 37
GDR 278 1969 . 264 . 37
GDR 278 1970 . 280 . 38
GDR 278 1971 . 296 . 38
GDR 278 1972 . 314 . 39
GDR 278 1973 . 333 . 40
GDR 278 1974 . 353 . 40
GDR 278 1975 . 374 . 41
GDR 278 1976 . 396 . 41
GDR 278 1977 . 420 . 42
GDR 278 1978 . 445 . 43
GDR 278 1979 . 472 . 43
GDR 278 1980 . 500 . 44
GDR 278 1981 . 530 . 45
GDR 278 1982 . 562 . 45
GDR 278 1983 . 595 . 46
GDR 278 1985 . 669 . 47
GEO 268 1991 0 189 0 25
GEO 268 1992 9 201 0 26
GEO 268 1993 83 213 6 26
GEO 268 1994 155 225 16 26
GEQ 226 1968 0 10 0 13
GEQ 226 1969 0 10 0 14
GEQ 226 1970 0 11 0 14
GEQ 226 1971 0 12 0 14
GFR 280 1966 . 648 . 59

Continued on next page

185



Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
GFR 280 1967 . 687 . 60
GFR 280 1968 . 728 . 61
GFR 280 1969 . 771 . 62
GFR 280 1970 . 818 . 63
GFR 280 1971 . 867 . 64
GFR 280 1972 . 918 . 65
GFR 280 1973 . 973 . 66
GFR 280 1974 . 1032 . 67
GFR 280 1975 . 1093 . 68
GFR 280 1976 . 1159 . 69
GFR 280 1977 . 1228 . 70
GFR 280 1978 . 1302 . 71
GFR 280 1979 . 1380 . 72
GFR 280 1980 . 1462 . 73
GFR 280 1981 . 1550 . 74
GFR 280 1982 . 1642 . 75
GFR 280 1983 . 1741 . 76
GFR 280 1985 . 1955 . 78
GRN 308 1974 11 42 0 22
GRN 308 1975 11 45 0 22
GRN 308 1976 11 48 0 22
GRN 308 1977 32 50 19 23
GUY 328 1966 72 57 6 21
GUY 328 1967 72 61 6 21
GUY 328 1968 72 64 6 22
GUY 328 1969 72 68 6 22
HUN 348 1975 . 510 . 41
IRQ 368 1972 . 125 . 40
IRQ 368 1973 . 132 . 41
IRQ 368 1974 . 140 . 41
IRQ 368 1975 . 148 . 42
KAZ 398 1991 0 143 0 28
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
KAZ 398 1992 1 151 2 28
KAZ 398 1993 38 160 8 29
KAZ 398 1994 91 170 18 29
KEN 404 1966 151 146 34 35
KEN 404 1973 . 219 . 39
KEN 404 1974 . 232 . 40
KEN 404 1975 . 246 . 40
KGZ 417 1991 0 67 0 23
KGZ 417 1992 2 72 3 23
KGZ 417 1993 20 76 7 23
KGZ 417 1994 41 80 15 24
KIR 296 1979 0 29 0 7
KIR 296 1980 0 30 0 7
KIR 296 1981 0 32 0 8
KIR 296 1982 26 34 4 8
LAT 428 1991 0 398 0 30
LAT 428 1992 62 421 7 30
LAT 428 1993 188 447 16 30
LAT 428 1994 288 473 20 31
LBA 434 1971 . 79 . 40
LBA 434 1972 . 84 . 41
LBA 434 1973 . 89 . 41
LBA 434 1974 . 94 . 42
LBA 434 1975 . 100 . 42
LCA 662 1979 36 71 4 24
LCA 662 1980 36 75 4 25
LCA 662 1981 36 80 4 25
LCA 662 1982 70 85 23 25
LES 426 1966 20 37 3 18
LES 426 1967 20 39 3 18
LES 426 1968 20 41 3 18
LES 426 1969 20 44 3 18
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
LIB 422 1973 . 225 . 37
LIB 422 1974 . 238 . 37
LIB 422 1975 . 253 . 38
LTU 440 1991 0 458 0 29
LTU 440 1992 65 486 11 30
LTU 440 1993 224 515 19 30
LTU 440 1994 356 546 20 31
MAD 450 1972 . 125 . 31
MAD 450 1973 . 132 . 31
MAD 450 1974 . 140 . 32
MAD 450 1975 . 149 . 32
MAW 454 1966 57 53 28 27
MAW 454 1967 57 57 28 28
MDA 498 1991 0 140 0 25
MDA 498 1992 2 148 3 26
MDA 498 1993 40 157 10 26
MDA 498 1994 92 166 18 26
MDV 462 1966 0 6 0 9
MDV 462 1967 0 7 0 9
MDV 462 1968 0 7 0 9
MGL 496 1975 . 45 . 15
MHL 584 1986 5 22 1 7
MHL 584 1987 8 24 1 7
MHL 584 1988 11 25 1 7
MHL 584 1989 14 27 2 7
MKD 807 1991 0 181 0 22
MKD 807 1992 0 192 1 22
MKD 807 1993 9 203 2 23
MKD 807 1994 77 216 14 23
MLI 466 1975 . 76 . 36
MLT 470 1966 106 92 16 20
MLT 470 1967 106 98 16 20
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
MOZ 508 1975 33 72 4 20
MOZ 508 1976 33 76 4 20
MOZ 508 1977 59 81 11 20
MOZ 508 1978 59 86 11 21
MRI 480 1968 61 83 5 26
MRI 480 1969 61 88 5 26
MRI 480 1970 61 94 5 27
MRI 480 1971 61 99 5 27
MRI 480 1974 . 118 . 28
MRI 480 1975 . 125 . 29
NAM 516 1990 84 208 11 24
NAM 516 1991 123 220 14 24
NAM 516 1992 165 233 20 24
NAM 516 1993 204 247 20 25
NOR 578 1973 . 773 . 67
NOR 578 1974 . 819 . 68
NOR 578 1975 . 868 . 69
NRU 520 1968 . 9 . 6
NRU 520 1969 . 10 . 6
NRU 520 1970 . 10 . 6
NRU 520 1971 . 11 . 6
NRU 520 1972 . 12 . 6
NRU 520 1973 . 12 . 6
NRU 520 1974 . 13 . 6
NRU 520 1975 . 14 . 6
NRU 520 1976 . 15 . 7
NRU 520 1977 . 16 . 7
NRU 520 1978 . 17 . 7
NRU 520 1979 . 18 . 7
NRU 520 1980 . 19 . 7
NRU 520 1981 . 20 . 7
NRU 520 1982 . 21 . 7
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
NRU 520 1983 . 22 . 7
NRU 520 1985 . 25 . 7
PHI 608 1975 . 357 . 36
PNG 598 1975 19 118 1 23
PNG 598 1976 19 125 1 24
PNG 598 1977 87 132 22 24
PNG 598 1978 87 140 22 24
QAT 634 1971 7 37 4 31
QAT 634 1972 7 39 4 31
QAT 634 1973 7 41 4 32
QAT 634 1974 7 44 4 32
ROU 642 1975 . 340 . 42
SEY 690 1976 6 55 0 16
SEY 690 1977 21 58 10 17
SEY 690 1978 21 62 10 17
SEY 690 1979 21 66 10 17
SIN 702 1966 85 134 16 22
SIN 702 1967 85 142 16 22
SIN 702 1968 85 150 16 23
SKN 659 1983 49 57 14 19
SKN 659 1984 65 60 15 19
SKN 659 1985 65 64 15 19
SKN 659 1986 0 68 0 20
SLO 705 1991 0 661 0 34
SLO 705 1992 19 701 1 34
SLO 705 1993 296 743 15 35
SLO 705 1994 528 787 24 35
SOL 90 1978 0 48 0 13
SOL 90 1979 0 51 0 13
STP 678 1975 0 14 0 15
STP 678 1976 0 15 0 15
STP 678 1977 0 16 0 15
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
STP 678 1978 0 17 0 15
SVK 703 1993 23 832 4 44
SVK 703 1994 462 882 32 45
SVK 703 1995 726 935 43 45
SVK 703 1996 916 990 45 46
SWE 752 1972 . 825 . 67
SWE 752 1973 . 874 . 68
SWE 752 1974 . 927 . 69
SWE 752 1975 . 982 . 70
SWZ 748 1968 11 38 1 20
SWZ 748 1969 11 40 1 21
SWZ 748 1970 11 43 1 21
SWZ 748 1971 11 45 1 21
SYR 760 1970 . 103 . 38
SYR 760 1971 . 109 . 38
SYR 760 1972 . 115 . 39
SYR 760 1973 . 122 . 39
SYR 760 1974 . 130 . 40
SYR 760 1975 . 137 . 41
TGA 776 1970 0 19 0 7
TGA 776 1971 0 20 0 7
TGA 776 1972 0 21 0 7
TGA 776 1973 0 23 0 8
TJK 762 1991 0 53 0 21
TJK 762 1992 1 57 3 21
TJK 762 1993 16 60 5 21
TJK 762 1994 30 64 13 22
TKM 795 1991 0 64 0 23
TKM 795 1992 1 68 3 23
TKM 795 1993 23 72 7 23
TKM 795 1994 50 76 16 24
TUN 788 1970 . 189 . 51
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Table 3.6 – continued from previous page
Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
TUN 788 1971 . 200 . 52
TUN 788 1972 . 212 . 53
TUN 788 1973 . 225 . 53
TUN 788 1974 . 238 . 54
TUN 788 1975 . 253 . 55
TUV 798 1978 . 18 . 4
TUV 798 1979 . 20 . 4
TUV 798 1980 . 21 . 4
TUV 798 1981 . 22 . 4
TUV 798 1982 . 23 . 4
TUV 798 1983 . 25 . 5
TUV 798 1985 . 28 . 5
UAE 784 1971 0 60 0 31
UAE 784 1972 0 64 0 32
UAE 784 1973 0 68 0 32
UAE 784 1974 0 72 0 33
UKR 804 1991 8 440 12 29
UKR 804 1992 14 466 15 30
UKR 804 1993 148 494 19 30
UKR 804 1994 290 523 22 31
URU 858 1971 . 265 . 40
URU 858 1972 . 281 . 41
URU 858 1973 . 297 . 41
URU 858 1974 . 315 . 42
URU 858 1975 . 334 . 43
UZB 860 1991 0 115 0 22
UZB 860 1992 2 122 3 23
UZB 860 1993 43 129 11 23
UZB 860 1994 84 137 16 23
VAN 548 1980 . 51 . 14
VAN 548 1981 . 54 . 14
VAN 548 1982 . 57 . 14
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Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
VAN 548 1983 . 61 . 14
VAN 548 1985 . 68 . 15
VIE 704 1976 . 91 . 23
VIE 704 1977 . 96 . 23
VIE 704 1978 . 102 . 24
VIE 704 1979 . 108 . 24
VIE 704 1980 . 115 . 24
VIE 704 1981 . 121 . 25
VIE 704 1982 . 129 . 25
VIE 704 1983 . 136 . 26
VIE 704 1985 . 153 . 26
VIN 670 1979 26 56 5 21
VIN 670 1980 26 59 5 21
VIN 670 1981 26 62 5 21
VIN 670 1982 54 66 16 22
YMD 720 1967 . 29 . 27
YMD 720 1968 . 30 . 28
YMD 720 1969 . 32 . 28
YMD 720 1970 . 34 . 28
YMD 720 1971 . 36 . 29
YMD 720 1972 . 38 . 29
YMD 720 1973 . 41 . 30
YMD 720 1974 . 43 . 30
YMD 720 1975 . 45 . 31
YMD 720 1976 . 48 . 31
YMD 720 1977 . 51 . 31
YMD 720 1978 . 54 . 32
YMD 720 1979 . 57 . 32
YMD 720 1980 . 61 . 33
YMD 720 1981 . 64 . 33
YMD 720 1982 . 68 . 34
YMD 720 1983 . 72 . 34
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Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
YMD 720 1985 . 81 . 35
YMN 886 1966 . 28 . 29
YMN 886 1967 . 30 . 30
YMN 886 1968 . 31 . 30
YMN 886 1969 . 33 . 30
YMN 886 1970 . 35 . 31
YMN 886 1971 . 37 . 31
YMN 886 1972 . 40 . 32
YMN 886 1973 . 42 . 32
YMN 886 1974 . 44 . 33
YMN 886 1975 . 47 . 33
YMN 886 1976 . 50 . 34
YMN 886 1977 . 53 . 34
YMN 886 1978 . 56 . 35
YMN 886 1979 . 59 . 35
YMN 886 1980 . 63 . 36
YMN 886 1981 . 67 . 36
YMN 886 1982 . 71 . 37
YMN 886 1983 . 75 . 37
YMN 886 1985 . 84 . 38
ZAM 894 1966 84 86 23 27
ZAM 894 1967 84 91 23 27
ZIM 716 1966 . 127 . 26
ZIM 716 1967 . 134 . 26
ZIM 716 1968 . 142 . 26
ZIM 716 1969 . 151 . 27
ZIM 716 1970 . 160 . 27
ZIM 716 1971 . 169 . 28
ZIM 716 1972 . 180 . 28
ZIM 716 1973 . 190 . 28
ZIM 716 1974 . 202 . 29
ZIM 716 1975 . 214 . 29
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Country unid Year INGOs INGOs IGOs IGOs

Imputed Imputed
ZIM 716 1976 . 227 . 30
ZIM 716 1977 . 240 . 30
ZIM 716 1978 . 255 . 31
ZIM 716 1979 . 270 . 31
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Study 3 Figures

New vs. Existing Countries: Inequality in Memberships Over Time

Mean Membership Ties (1966-1999)

Figure 3.1: LOWESS predicted plots comparing mean country INGO and IGO mem-
berships for existing countries, new Former Soviet and Yugoslav countries,
and other new countries. Replication data from Wade M. Cole’s 2005 article
(2005).

196



Comparing Imputation Methods

Mean Membership Ties (1966-1999)

Figure 3.2: LOWESS predicted plots comparing the effects of various imputation methods
on mean country INGO and IGO memberships for existing countries, new
Former Soviet and Yugoslav countries, and other new countries. Replication
data from Wade M. Cole’s 2005 article (2005).
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Pre-Sovereignty INGO Memberships:
Former Yugoslav & Soviet Republics

Eight Sample Years from (1950-1988)

Figure 3.3: Bar graph showing total and average INGO memberships for former Yugoslav
and Soviet Republics taken from 8 sample years from 1950 until 1988, prior to
their official sovereignty in 1991-1993. Data for INGOs is taken from Paxton,
Hughes, and Reith’s recent work (2015).
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New Country Scatterplots Comparing Imputation Models

Figure 3.4: Individual new country scatter scatterplots, comparing original INGO, IGO,
and ioZ standardized data to various imputation models.
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Cumulative Human Rights Covenant Ratifications
without Reservations (1966-1999)

Figure 3.5: Cumulative number of ratifications without reservations of International Hu-
man Rights Covenants, 1966-1999 (Cole 2005, 487).
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Conclusion

Over the course of the last century, a major debate has ebbed and

flowed within the social sciences between the quant-heavy focus of Pos-

itivists and the skeptical critiques of Postpositivists and Postmodernists.

“Since Sociology has for the most part measured itself against the standard

of the natural sciences, the point at the center of this initial problem becomes

the debate over the nature of science” (Alexander 2014, 1). Yet, this debate

has often presented a false dichotomy, with caricatures of positivist or post-

positivist methods and theories. As any quantitative social scientist knows,

social phenomena are indeed tricky subjects to quantify. But the alternative

of abandoning scientific rigor is also unappealing and risks trading contex-

tualization for generalization. One proposed way to overcome this thorny

debate stems from Jeffrey C. Alexander’s notion of a “scientific continuum,”

whereby subjects and objects of study fall on a continuum from an “em-

pirical environment” to a “metaphysical environment,” including (in order

from the former to the latter): observations, methodological assumptions,

correlations, complex and simple propositions, laws, classifications, def-

initions, concepts, models, and general presuppositions (Alexander 2014,

3). This continuum perspective has the potential advantage of bringing to-
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gether scholars from diverse theoretical and methodological backgrounds

for the collective task of continually improving the state of the social sci-

ences.

I have attempted to contribute to this grand project in my own small

way through more careful attention to measurement and its importance for

understanding the social scientific study of political phenomena including

tribes, revolutions, and INGOs. We must, of course, accept some degree

of imperfection and uncertainty (error or disturbance in statistical termi-

nology). Yet better measurement in the form of new measures, improving

existing measures, and diagnosis and correction of measurement error has

a vast potential to reshape many of the higher order components of Alexan-

der’s continuum, including our models, concepts, and theories (general pre-

suppositions). There are a plethora of specific methodological studies in

the social sciences, advancing or explaining particular technical methods.

But this dissertation takes a different approach, suggesting that careful at-

tention to the nuts and bolts of measurement of concepts, indicators, and

processes can transform our understanding of important subjects in the so-

cial sciences. This somewhat micro, case-study approach is one that is well

suited to this task of improving our social science understanding of politics.
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Dissertation Findings

In this dissertation, I have emphasized two overarching themes. The

first is the idea expressed here that improved measurement has the potential

to change social science presuppositions and theories. The second is the no-

tion that contemporary social science has significant shortcomings when it

comes to extending existing measurement models to the developing world.

Thus, in three specific case studies, I have attempted to call into question ex-

isting theories and suggest new ones, underpinning each study with careful

attention to measurement.

In Study 1, two main assumptions are questioned, namely the demise

of tribes in Tunisia, and their unimportance in launching the Tunisian rev-

olution. The latter stems from the former. Although this is a qualitative

study, measurement is still at the core, because the aim is to demonstrate

three main things: (1) tribes continued to exist despite harsh state repres-

sion and decades of denial of their existence, (2) tribes could and did re-

emerge politically at critical historical junctures, including the Tunisian rev-

olution, and (3) there were particular social, economic, and political strate-

gies of social capital production that enabled tribes to maintain “kin-based

solidarities” and sustain tribal networks even when politically submerged

(Fox 1996; Charrad 2001; Charrad 2011). In order to demonstrate these three

points, I dug deep in a historical, qualitative analysis leaning on works from

a variety of academic disciplines, which offer evidence of kinship and tribal

203



activity even when this was peripheral to the main object of those stud-

ies. The main takeaway from this study is that scholars of politics need to

consider tribes in Tunisia and perhaps other countries more carefully even

if they seem to have disappeared from official political roles. Submerged

tribal or kinship networks have the potential to sway political events such

as social movements, protests, and revolutions in ways scholars cannot un-

derstand if we do not measure them. A corollary is that we must be ready to

rethink our assumptions about political phenomena such as revolutions in

varying cultural and political contexts. And finally, scholars of politics can

find evidence for difficult to assess political groups and phenomena such

as tribes in the literature of other disciplines, especially when such social

groups act in ways that may not be overtly political.

In Study 2, I built upon the findings in Study 1, looking for novel

ways to measure tribes and other phenomena a sub-national, quantitative

study of protest and violence in the Tunisian revolution. Here I merged

a number of existing data sources such as economic and demographic cen-

sus data, geo-coded yellow pages data, election results, ethnographic maps,

and both hand-coded and machine-coded political events data, in order to

construct reasonable measures to test existing and new theories of the forces

driving the spread and growth of protest and violence during the Tunisian

revolution. This study calls into question many of the theories and assump-

tions in a growing body of literature on the Tunisian revolution. Much of
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this literature accepts the social movement framing of the later protesters

who claimed the revolution was about political freedom and economic dig-

nity. And scholars also posited a number of popular theories for the root

and sustaining causes of this revolution, including demographic (youth

bulge), economic (unemployment and relative deprivation), social media,

and social movement (Unions and Islamists) theories. But no prior studies

had conducted sub-national, quantitative tests of these assumptions.

Baseline models corroborated some of these existing theories. How-

ever, when including additional variables, few of these remain significant,

and my findings offer plausible evidence that (1) the Tunisian revolution

began as a local, tribal revolt among the Hamama tribe, most probably for

reasons other than those cited by later protesters, and (2) that much of the

growth in intensity and geographic spread of the revolution in terms of

protest and violence can be explained by the cyclical effects of the Dissent-

Repression Nexus, whereby protest and violence either escalate or suppress

each other. To be more specific, in this study of the first 74 days of the

Tunisian revolution, I find support for the “law of coercive repressiveness.”

Prior protest is strongly correlated with violent repression, as it is dicta-

tors’ common instinct to repress dissent. This repressive response held both

locally and across space into neighboring districts. Turning the dissent-

repression relationship on its head, it is an open question when and un-

der what conditions repression escalates or deters dissent, an uncertainty
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known as the “dictator’s dilemma.” In this study, I find that repression

tends to escalate dissent locally. But violent government repression de-

ters protest in neighboring districts if it is sufficiently costly to dissenters in

terms of casualties. Otherwise, if there is repression with few casualties, it

may increase the likelihood of new neighboring districts joining the protest.

This spatial and temporal nuance seems to draw logical distinctions that are

worth re-testing in future studies in other dissent-repression contexts.

Besides the specifics of the Hamama tribe and the dissent-repression

dynamics of the Tunisian revolution, the broader takeaways from this study

are consistent with those of Study 1 and the broader aims of this disserta-

tion. Scholars of social movements and revolutions would do well to con-

sider tribes and kin-based solidarities in addition to more visible horizontal

social ties to groups like Unions and Islamists. It is particularly important

to consider measuring momentum such as that described as the Dissent-

Repression Nexus, because of its potential to wash out other hypothesized

effects. It is worth knowing whether a particular group or indicator pre-

dicts protest or violence even after accounting for prior (and prior nearby)

events. Furthermore, the measurement approach used in this study could

be a model for future sub-national political analyses. It offers an example of

how to build such a dataset to measure a variety of theories from a number

of diverse sources.
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In Study 3, I tackle a different subject with a different, cross-national

scope, but with the same attention to questioning assumptions through

careful measurement. Here, I diagnose and correct a problem of measure-

ment error in cross-national country membership data for INGOs and IGOs.

This data problem consists of a lag in reporting that particularly affects new

countries in the world polity/society, which appear with unreasonable zero

or low membership counts. After describing and explaining the problem,

and undertaking corrections, I demonstrate the effects of this data problem

with a replication test of prior research from Wade M. Cole (2005). The

increased significance of these corrected INGO and IGO measures of coun-

try embeddedness in world society has a broad potential impact in cross-

national studies in the fields of world polity/society research since the mea-

sure represents a key tenet of theory in this area, and the measure itself is

nearly ubiquitous in this literature. Although the subject is different from

the first two studies, the takeaways have much in common. The data prob-

lem I diagnose and correct is an illustration of the issue of poor measure-

ment in developing countries. In addition, the replication portion of this

study provides a demonstration of the impact of improved measurement

on findings and assumptions.

This dissertation comes at a particular cultural and historical mo-

ment, which is related to the questions of measurement addressed in this

dissertation. On the one hand, postmodernist philosophers and concepts
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such as discourse, simulacra, deconstruction, and constructivism question

the very nature of facts or measures. On the other hand, we have already

begun to plunge headlong into a data-driven society where vast amounts of

data and complex algorithms increasingly inform government policies and

even our own personal choices.

Increasingly complex and specialized methods alone cannot save us,

for as one classical social psychologist put it:

Undoubtedly a large part of our trouble has been an over rapid develop-
ment of research techniques which can be applied to the surface aspects
of almost any social response and are reasonably sure to give a pub-
lishable numerical answer to almost any casual question... Woe to that
science whose methods are developed in advance of its problems, so that
the experimenter can see only those phases of a problem for which a
method is already at hand. (Murphy 1939)

This warning still rings true today. And this calling is larger than particular

disciplines or even the academic profession because there are dangers in-

herent in an increasing reliance on ever larger amounts of data for personal,

social, and political decision-making without proper attention to measure-

ment. In this context, it is more important than ever for social scientists to

continue a tradition of regular, healthy questioning of many of our long-

held assumptions, testing and re-testing them with transparent and con-

stantly improving measurement. And it is equally important to hold fast

to the idea that we can measure something, so we can pose the important

questions that will drive further research.

208



Bibliography

Abouzeid, Rania (2011, December). The Martyr’s Mother: An Inter-
view with Mannoubia Bouazizi. TIME. http://content.time.com/
time/specials/packages/article/0,28804,2101745_2102138_

2102239,00.html.

AfDB (2011, March). The Revolution in Tunisia: Economic Challenges
and Prospects. Economic Brief, The African Development Bank.

Agence France Presse (2011, January). Tunisie: Arrestation de 33 mem-
bres de la famille de Ben Ali. Jeune Afrique.

Al-Bawaba (2011, January). The Tunisia Controversial New Min-
ister of Foreign Affairs. Al-Bawaba (Middle East). https : / /

www.thefreelibrary.com/The+Tunisia+controversial+new+

minister+of+foreign+affairs!-a0275716907.

Al-Haj, Majid (1995, Autumn). Kinship and Modernization in Develop-
ing Societies: The Emergence of Instrumentalized Kinship. Journal of
Comparative Family Studies 26(3), 311–328.

Al-Momani, Mohammad (2011). The Arab Youth Quake: Implications on
Democratization and Stability. Middle East Law and Governance 3(1-2),
159–170.

Alexander, Christopher (1997, October-December). Back from the Demo-
cratic Brink: Authoritarianism and Civil Society in Tunisia. Middle
East Report (205), 34–38.

Alexander, Christopher (2011, January). Tunisia’s Protest Wave: Where It
Comes From and What It Means. Middle East Foreign Policy.

Alexander, Christopher (2016, May). Tunisia: From Stability to Revolution
in the Maghreb. London, UK: Routledge.

Alexander, Jeffrey C. (2014, April). Positivism, Presupposition and Current
Controversies (Theoretical Logic in Sociology). London, UK: Routledge.

Aleya-Sghaier, Amira (2012, January). The Tunisian Revolution: The Rev-
olution of Dignity. Journal of the Middle East & Africa 3(1), 18–45.

209

http://content.time.com/time/specials/packages/article/0,28804,2101745_2102138_2102239,00.html
http://content.time.com/time/specials/packages/article/0,28804,2101745_2102138_2102239,00.html
http://content.time.com/time/specials/packages/article/0,28804,2101745_2102138_2102239,00.html
https://www.thefreelibrary.com/The+Tunisia+controversial+new+minister+of+foreign+affairs!-a0275716907
https://www.thefreelibrary.com/The+Tunisia+controversial+new+minister+of+foreign+affairs!-a0275716907
https://www.thefreelibrary.com/The+Tunisia+controversial+new+minister+of+foreign+affairs!-a0275716907


Allani, Alaya (2009, June). The Islamists in Tunisia Between Confronta-
tion and Participation: 1980-2008. The Journal of North African Stud-
ies 14(2), 257–272.

Allani, Alaya (2013, January). The Post-Revolution Tunisian Constituent
Assembly: Controversy Over Powers and Prerogatives. The Journal of
North African Studies 18(1), 131–140.

Allison, Paul D. (1984). Event History Analysis: Regression for Longitudinal
Event Data. Number 46. Beverly Hills, CA: Sage.

Aminzade, Ronald R., Jack A. Goldstone, Doug McAdam, Elizabeth J.
Perry, William H. Sewell, Sidney Tarrow, and Charles Tilly (2001,
September). Silence and Voice in the Study of Contentious Politics. Cam-
bridge, UK: Cambridge University Press.

Anderson, Lisa (1986). The State and Social Transformation in Libya and
Tunisia. Princeton, NJ: Princeton University Press.

Anderson, Lisa (2011, June). Demystifying the Arab Spring. Foreign Af-
fairs.

Andrews, Kenneth T. and Michael Biggs (2006, October). The Dynam-
ics of Protest Diffusion: Movement Organizations, Social Networks,
and News Media in the 1960 Sit-Ins. American Sociological Review 71(5),
752–777.

Apolte, Thomas (2012, March). Why is There No Revolution in North
Korea? The Political Economy of Revolution Revisited. Public
Choice 150(3–4), 561–578.

Arieff, Alex (2011, April). Political Transition in Tunisia. Technical Re-
port 7-5700, Congressional Research Service. https://fas.org/
sgp/crs/row/RS21666.pdf.

Ayad, Christophe (2011, June). La révolution de la gifle. Libération. http:
//www.liberation.fr/monde/01012342664-la-revolution-de-

la-gifle.

Ayadi, Hassen (2011, July). Les partis politiques face au phénomène
tribal. La Tunisie Vote. http://www.latunisievote.org/fr/

politique/item/86-metlaoui.

210

https://fas.org/sgp/crs/row/RS21666.pdf
https://fas.org/sgp/crs/row/RS21666.pdf
http://www.liberation.fr/monde/01012342664-la-revolution-de-la-gifle
http://www.liberation.fr/monde/01012342664-la-revolution-de-la-gifle
http://www.liberation.fr/monde/01012342664-la-revolution-de-la-gifle
http://www.latunisievote.org/fr/politique/item/86-metlaoui
http://www.latunisievote.org/fr/politique/item/86-metlaoui


Ayeb, Habib (2011, August). Social and Political Geography of the
Tunisian Revolution: The Alfa Grass Revolution. Review of African Po-
litical Economy 38(129), 467–479.

Ayubi, Nazih N. (1999). Over-Stating the Arab State: Politics and Society in
the Middle East. New York: I.B. Tauris.

Barbato, Mariano (2012, December). Postsecular Revolution: Religion Af-
ter the End of History. Review of International Studies 38(5), 1079–1097.

Barrouhi, Abdelaziz (2010, April). Que reste-t-il de Bourguiba? Des de-
scendants si discrets. Jeune Afrique.

Baxley, Richard (2011, Summer). Shifting Loyalties: Libya’s Dynamic
Tribalism. Harvard International Review 33(2), 6–7.

Beckfield, Jason (2003, June). Inequality in the World Polity: The Struc-
ture of International Organization. American Sociological Review 68(3),
401–424.

Bellin, Eva (2004, January). The Robustness of Authoritarianism in the
Middle East: Exceptionalism in Comparative Perspective. Compara-
tive Politics 36(2), 139–157.

Bellin, Eva (2012, January). Reconsidering the Robustness of Authoritari-
anism in the Middle East: Lessons from the Arab Spring. Comparative
Politics 44(2), 127–149.

Ben Arab, Saida, Saber Masmoudi, Najeh Beltaief, Slah Hachicha,
and Hammadi Ayadi (2004, July). Consanguinity and Endogamy in
Northern Tunisia and its Impact on Non-Syndromic Deafness. Genetic
Epidemiology 27(1), 74–79.

Ben Halim, Nizar, Nissaf Ben Alaya Bouafif, Lilia Romdhane, Rym Kefi
Ben Atig, Ibtissem Chouchane, Yosra Bouyacoub, Imen Arfa, Wafa
Cherif, Sonia Nouira, Faten Talmoudi, Khaled Lasram, Sana Hsouna,
Welid Ghazouani, Hela Azaiez, Leila El Matri, Abdelmajid Abid, Neji
Tebib, Marie-Françoise Ben Dridi, Salem Kachboura, Ahlem Amouri,
Mourad Mokni, Saida Ben Arab, Koussay Dellagi, and Sonia Abdel-
hak (2013, April). Consanguinity, Endogamy, and Genetic Disorders
in Tunisia. Journal of Community Genetics 4(2), 273–284.

211



Benford, R. D and D. A Snow (2000, August). Framing Processes and
Social Movements: An Overview and Assessment. Annual Review of
Sociology 26(1), 611–639.

Besançon, Marie L. (2005, July). Relative Resources: Inequality in Ethnic
Wars, Revolutions, and Genocides. Journal of Peace Research 42(4), 393–
415. Special Issue on the Demography of Conflict and Violence.

Boli, John (1987). World Polity Sources of Expanding State Authority and
Organization, 1870-1970. In John Boli, John W. Meyer, Francisco O.
Ramírez, and George M. Thomas (Eds.), Institutional Structure: Con-
stituting State, Society, and the Individual, pp. 71–91. Beverly Hills, CA:
Sage.

Boli, John and George M. Thomas (1997, April). World Culture in the
World Polity: A Century of International Non-Governmental Organi-
zation. American Sociological Review 62(2), 171–190.

Boli, John and George M. Thomas (1999). Constructing World Culture: In-
ternational Nongovernmental Organizations Since 1875. Redwood City,
CA: Stanford University Press.

Boltanski, Christophe (2011, October). Lessons for Libya? Tribal
Clashes and Dashed Hopes. Le Nouvel Observateur. https://www.
worldcrunch.com/world-affairs/lessons-for-libya-tribal-

clashes-and-dashed-hopes-ahead-of-tunisia-election.

Bonte, Pierre, Edouard Conte, and Paul Dresch (Eds.) (2001). Emirs et
présidents: Figures de la parenté et du politique dans le monde arabe. Paris,
France: Centre National de la Recherche Scientifique.

Boutaleb, Mohammad Najib (2002). Sūsiyūlūjiyā al-qabı̄lah fı̄ al-Maghrib
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