
 

 

 

 

 

 

 

 

 

 

 

Copyright 

by 

Eunjin Seo 

2017 

 

 

  



 

 

The Dissertation Committee for Eunjin Seo  

Certifies that this is the approved version of the following dissertation: 

 

 

Be Careful What You Wish for: Characteristics of College Students’ 

Academic Goals, Their Daily Effort, and Emotional Well-being 

 

 

 

 

Committee: 

 

 

Diane L. Schallert, Supervisor 

 

 

Erika A. Patall, Co-Supervisor 

 

 

Germine H. Awad 

 

 

Keenan A. Pituch 

 

 

Marlone D. Henderson 

 



 

 

Be Careful What You Wish for: Characteristics of College Students’ 

Academic Goals, Their Daily Effort, and Emotional Well-being 

 

by 

Eunjin Seo, B.A.; M.A.; M.Ed. 

 

 

Dissertation 

 

Presented to the Faculty of the Graduate School  

of The University of Texas at Austin 

in Partial Fulfillment  

of the Requirements 

for the Degree of  

 

Doctor of Philosophy 

 

 

The University of Texas at Austin 

May 2017 



iv 

 

Acknowledgement 
 

I have met many people who have helped me and encouraged me during my 

doctoral study. At this point I probably should express my sincere appreciation to all of 

them, like in an Academy Award acceptance speech, but there are too many to thank, and 

the names would probably mean little to most readers. I will therefore constrain myself to 

the following. 

I am deeply thankful to my advisor, Erika Patall, for her outstanding guidance. I 

also appreciate my committee members Diane Schallert, Keenan Pituch, Gigi Awad, and 

Marlone Henderson for their support. I also received unfathomable emotional support 

from my sister-best friend, Soojin Seo, and my loving parents. Finally, I would like to 

thank my loved one, Mike Wayne, who carefully read every word in this dissertation, and 

Toyo, who decidedly encouraged me to walk outside every day with him.  



v 

 

Be Careful What You Wish for: Characteristics of College Students’ 

Academic Goals, Their Daily Effort, and Emotional Well-being 

 

by 

Eunjin Seo, Ph.D. 

The University of Texas at Austin, 2017 

 

SUPERVISOR: Diane L. Schallert 

CO-SUPERVISOR: Erika A. Patall 

 

Failing to meet personal academic goals in college, such as completing a final 

paper or finishing weekly reading materials, often results in poor performance, failing 

grades, or even class withdrawal. A great deal of research has established the benefits of 

setting goals for performance. Research has also suggested that self-concordance, utility 

value, difficulty, and specificity of goals influence the benefits of setting goals. To date, 

however, many of these goal characteristics have been independently examined outside 

of educational contexts (e.g., in work settings) and never tested simultaneously 

altogether. In addition, little work has examined how these different goal characteristics 

predict college students’ effort and well-being on a daily basis. As a result, researchers 

have overlooked the problem that students tend to overestimate their effort when it is 

measured across different days.  
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I conducted this research to remedy this gap by investigating how various goal 

characteristics, including self-concordance, utility value, difficulty, and specificity, 

predict students' time spent toward their goals and emotional well-being during goal 

pursuit on a daily basis. Using both variable- and person-oriented analyses, I found two 

key elements that positively predicted students’ daily time spent toward their goals and 

emotional well-being: self-concordance and utility value. Goal difficulty and specificity 

did not statistically significantly predict college students’ time spent and emotional well-

being.  

Furthermore, I also revealed the reciprocal relations among time spent and 

emotional experience. College students spent more time working toward their goals on 

the day they felt stronger emotions regardless of its valence. On the day students spent 

more time, they experienced heightened positive and negative emotions. The greater 

positive emotions, in turn, led students to reduce their time spent toward their goals on 

the next day. The finding emerged even after controlling for characteristics of goal 

pursuers (e.g., sex, race, prior GPA, self-control, social support, and readiness) as well as 

prior day’s effort and emotions. Through daily examinations of students' goal 

characteristics, effort, and emotions, I hope that this dissertation contributes to 

broadening the applicability of goal-relevant motivational theories to students' daily 

academic experiences and to educators' knowledge regarding effective goal practices.   
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Chapter 1: Introduction 

 Many important student outcomes, such as completing an advanced degree or 

earning a prestigious award, require students' persistent daily effort over time. Unlike 

students in K-12 education, however, college students often receive little guidance from 

their instructors on study strategies (Dembo & Seli, 2013) and are expected to invest a 

large portion of time independently studying outside of class (McCardle, Wbster, Haffey, 

& Hadwin, 2016). For example, a college student states in her written journal to a 

researcher that “I simply asked [the professor if he] could … tell us what are some of the 

important ideas [he] might cover on the exam? He [the professor] looked at me and said: 

“That is for you to determine!” (Dembo & Seli, 2013).  

Goals have been posited to play a critical role in self-regulation (e.g., Boekaerts, 

1996; Boekaerts & Cascallar, 2006; Duckworth, Peterson, Matthews, & Kelly, 2007; 

Pintrich, 2004; Zimmerman, 2002) and a great deal of research has established the 

benefits of setting goals on effort and performance (Locke & Latham, 2002, for review). 

Given that learning in college depends on students’ self-regulatory ability, it is important 

to consider how students’ different academic goals are linked to their academic success. 

Indeed, research shows that not all goals are consistently effective. Researchers have 

found goal effects depend on goal characteristics, including self-concordance (Sheldon & 

Elliot, 1999), utility value (Wigfield & Eccles, 2000), difficulty (Locke & Latham, 2002), 

and specificity (Locke, Chah, Harrison, & Lustgarten, 1989).  

The effects of these goal characteristics, however, have been examined separately 

in various literatures and never, to my knowledge, tested simultaneously within an 
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educational context. While the effects of goal difficulty and specificity have been mostly 

scrutinized with employees in work setting (e.g., Locke & Latham, 2002), the effects of 

utility value and self-concordance have been examined with student samples (e.g., 

Hulleman, Godes, Hendricks, & Harackiewicz, 2010; Sheldon & Elliot, 1999). Although 

some researchers suggest that these goal characteristics may be related to each other 

(Schunk, 1990), they have not been investigated in one study, particularly in the context 

of college students’ personal academic goal pursuit. I wrote this dissertation in order to 

inspect how various goal characteristics, including goal self-concordance, utility value, 

difficulty, and specificity, predicted college students’ goal effort and emotional well-

being.    

Furthermore, much of the literature on the aforementioned goal characteristics has 

examined the effects of goals on outcomes at one time only (e.g., Chouinard, Karsenti, & 

Roy, 2007; Lee, Keli, & Wong, 2015) or in traditional long-term interval longitudinal 

designs (e.g., Hulleman et al., 2010; Sheldon & Elliot, 1999; Sheldon & Houser-Marko, 

2001; Zimmerman, Bandura, & Martinez-Pons, 1992). One problem with measuring 

outcomes such as goal effort across days is individuals often tend to overestimate their 

effort. For instance, Vanderkam (2010) who tracked individuals’ daily schedules report 

that individuals are not good at accurately estimating their average time studied across 

different days and this bias is often toward overestimation rather than underestimation. In 

addition, many past studies focused on goal effects measured the outcomes based on 

subjective criteria (e.g., How hard did you try?” in Motivated Strategies for Learning 

Questionnaires, Pintrich, Smith, Garcia, & McKeachie, 1993), which also leads to biased 
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estimation due to the subjective criteria (e.g., O’Brien, Yeager, Galla, Duworth, & 

D’Mello, 2016; Tubbs & Dahl, 1991). Given the importance of college students’ personal 

academic goals in their self-regulated learning and classroom outcomes (Boekaerts, 1996; 

Schunk, 1990; Zimmerman, 2002), it is deemed appropriate to investigate which goal 

characteristics play particularly important roles in goal effort using concrete objective 

methods with daily intervals. In this dissertation, I measured students’ goal effort using 

an objective measure of time spent toward their goals on a daily basis using daily 

longitudinal design.  

In addition to daily goal effort, I also included another daily outcome—emotional 

well-being. Emotional well-being refers to high levels of positive emotions (i.e. feeling 

inspired, excited, and interested in their goal) and low levels of negative emotions (i.e. 

ashamed, anxious, or distressed). While it is critical for goal pursuers to put enough effort 

in order to achieve their goals, it is equally important, if not more, that they experience 

emotional well-being during their goal pursuit (Dunn, Iglewicz, & Moutier, 2008). While 

some goal characteristics such as self-concordance predict goal pursuers’ emotional well-

being (Sheldon & Elliot, 1999; Sheldon & Houser-Marko, 2001), there is no evidence of 

the connection between other goal characteristics (e.g., difficulty and specificity) and 

emotional well-being in the extant literature. This pattern of earlier research could be a 

reflection of lack of research on the topic, or an indication that different goal 

characteristics may be related to different outcomes. For instance, self-concordance of 

goals may be linked to stronger emotional well-being during goal pursuit, while other 

goal characteristics, such as goal difficulty, are closely related to effort. No research yet 
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has examined the unique relations between each goal characteristic and these two 

outcomes. Therefore, I examined how diverse goal characteristics predicted distinct 

outcomes (i.e., time spent vs. emotional well-being) in this dissertation.  

Lastly, using daily longitudinal data, I investigated the relationship between effort 

and emotion at a daily level. In the extant literature, there is evidence for reciprocal 

relations between emotion and effort. On the one hand, some diary studies have shown 

how working toward goals (i.e., effort) is related to positive emotion (e.g., Harris, 

Daniels, & Briner, 2003; Holman, Totterdell, & Rogelberg, 2005; Hoppmann & Klumb, 

2006). On the other hand, correlational and experimental studies suggest that positive 

emotion may also function as a psychological resource for effort toward accomplishing 

goals (e.g., Fredrickson & Cohn, 2010; Linnenbrink, 2007; Pekrun, Goetz, Titz, & Perry, 

2002a). Pekrun and his colleagues (2002b) indeed suggest the reciprocal causation 

between emotion and effort. Based on these previous studies, I explored this reciprocal 

relation hypothesis using a diary design. 

In summation, I conducted this dissertation to respond to the gap in the extant 

literature that no research yet has simultaneously scrutinized contributions of goal 

characteristics that were proposed in different fields (e.g., organizational psychology, 

educational psychology). I examined how varied characteristics of college students’ 

academic goals (i.e., self-concordance, utility value, difficulty, and specificity) were 

linked to their daily goal effort and daily emotional well-being. In addition, I explored the 

reciprocal relationship between daily goal effort and daily positive and negative 

emotions. I hope that the findings of this dissertation will contribute to both students’ 
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knowledge on how to set effective goals, as well as educators' practices to promote 

students’ successful goal striving.  
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Chapter 2:  Review of Literature 

2.1. WHY SHOULD WE CARE ABOUT STUDENTS’ PERSONAL ACADEMIC GOALS? 

Students often set their own personal goals in school. If you search "students’ 

personal goals" on the Internet, you will find hundreds of websites and blogs talking 

about this topic. On these sites, for instance, one student wrote his goal of “being more 

efficient on the time I spend studying for each class,” and another student wrote a goal of 

“bringing my GPA up and actually having a good experience by learning new materials, 

instead of just wanting a class to be over.”  

Given how prevalent goal setting and pursuit are among students, many theories 

in education and psychology focus on effectiveness of goals in an educational context 

(e.g., Schunk, 2003; Pintrich, 2000; Zimmerman et al., 1992). Research has shown the 

importance of students’ goal setting on performance, adult social status, earnings in later 

life, and career success (Ashby & Schoon, 2010; Cochran, Wang, Stevenson, Johnson, & 

Crews, 2011; Locke & Latham, 1990; 2002; Schoon & Polek, 2011). Prior studies also 

report that goal setting and aspiration levels predict academic motivation, emotions, 

effort, and well-being later in life (Hill et al., 2011; Latham, Locke, & Fassina, 2002; 

Locke & Latham, 1990). The effect of pursuing challenging long-term goals is even 

reported to be better than IQ tests at predicting how well adolescents will perform in an 

academic setting (Duckworth et al., 2007). 

The definition of goals in extant literature is not so different from lay people's 

usage of goals. According to goal setting theory (Locke & Latham, 1990), goal is defined 

as "something people consciously want to attain yet something located outside them" (p. 
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7, e.g., to increase my math score by 10%). In other words, a goal defines a desirable 

future outcome, whether the outcome is specific (e.g., I want to get an A) or vague (e.g., I 

want to increase my GPA), difficult (e.g., I want to get an A) or easy (I want to get a C), 

self-concordant (e.g., I truly want to increase my GPA) or not (e.g., I want to increase my 

GPA because my parents want me to). 

In this dissertation, goals particularly refer to college students’ personal academic 

goals (e.g., getting A in a statistic course). Among various goal-relevant constructs, 

students’ personal goal striving has been given relatively little attention in educational 

research as compared to other constructs such as achievement goal orientation. 

Achievement goal orientation refers to why individuals engage in an achievement-

oriented activity (Ames, 1992; Dweck, 1986; Dweck & Leggett, 1988). Achievement 

goal orientation (Elliot & McGregor, 2001; Grant & Dweck, 2003; Midgley et al., 2000) 

is probably the most frequently examined goal-relevant construct in educational 

psychology. Hulleman and his colleagues stated (2010), “achievement goal theory has 

inspired over 1,000 published papers and dissertations in the past 25 years” (Hulleman et 

al., 2010, p. 422). Although the theory explains students’ academic outcomes to a great 

extent (Hulleman et al., 2010, for review), the theory overly simplifies diverse aspects of 

students’ goals into three or four categories depending on achievement goal frameworks 

(Elliot & McGregor, 2001, Grant & Dweck, 2003; Midgley et al., 2000) which are, 

mastery-approach, mastery-avoidance, performance-approach, and performance-

avoidance goals (Mansfield, 2012).  
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In fact, there are many other aspects of goals that may be important to 

understanding students’ efforts toward their goals. If you look at students’ goals written 

in their own words, for instance, it is clear that many aspects of goals that are not 

explained by achievement goal theory. Researchers have examined students’ academic 

goals through open-ended answers and found that no achievement goal framework 

accounted for more than half of students’ total responses regarding reasons for studying 

(Lee & Bong 2016; Mansfield, 2012). Given the lack of attention to other aspects of 

students’ personal academic goals, I focused on characteristics of students’ personal goals 

that are not addressed by achievement goal orientation. In order to distinguish the focus 

of the present research from that of achievement goal theory, I referred to “personal 

goals” or “personal strivings” (Emmons, 1986). 

Goal researchers have noted that not all personal goals are effective in motivating 

goal pursuers. Individuals who set goals with poor characteristics often display 

procrastination (e.g., Andreou & White, 201), self-handicapping (e.g., Tice, 1991), and 

failure in resisting temptations (e.g., Baumeister, 2002). For instance, research shows that 

only 2 to 5% of dieters achieve their diet goals (Coulston, 1998; Field, Austin, & Taylor, 

2003; Goodrick & Foreyt, 1991) and goal intentions fail to predict their exercise 

behaviors after six months (Ziegelmann, Luszczynska, Lippke, & Schwarzer, 2007). 

What, then, do motivational theories say about particular goal characteristics that 

encourage individuals to pursue their goals over the long-term?  

 The early research on students’ personal goal strivings (Emmons, 1986) explored 

divergent goal characteristics, such as goal importance, value, difficulty, social 
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desirability, instrumentality, causal attribution, in predicting college students’ effort and 

well-being over three weeks. Some of these goal characteristics overlap with each other 

(e.g., value and importance) while some of them do not properly reflect goal 

characteristics (e.g. confidence refers to “how confident do you feel about the probability 

estimation of your probability of success?"). Since 1986, however, several conceptual 

frameworks for personal goals have emerged (e.g., Eccles & Wigfield, 1995; Locke & 

Latham, 2002; Sheldon & Elliot, 1999; Schunk, 1989) and we now have theoretical 

predictions regarding the effects of goal characteristics on students’ effort as well as 

emotional well-being toward their goals. These theories, which include self-concordance 

theory (Sheldon & Elliot, 1999), expectancy-value theory (Eccles & Wigfileds, 1995), 

goal setting theory (Locke & Latham, 2002), and social cognitive theory (Schunk, 1989), 

make predictions regarding the effects of the following goal characteristics—self-

concordance, utility value, difficulty, specificity, and proximity. In the following section, 

these goal characteristics and their relations with goal pursuers’ effort and well-being are 

reviewed (Chapter 2.2). 

2.2. GOAL CHARACTERISTICS MATTER. 

Major characteristics of personal goals that have been examined in the extant 

literature can be summarized as self-concordance (Sheldon & Elliot, 1999), utility value 

(Eccles & Wigfield, 1995), difficulty, specificity (Locke & Latham, 2002) and proximity 

(Schunk 1989). Among the five characteristics, I focused on the first four in the current 

dissertation given that proximity is closely related to many other aspects of goals 

including self-concordance, utility value, difficulty, and specificity (e.g., McIntosh, 
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1996). For example, long-term goals, such as career goals, tend to have high levels of 

self-concordance, utility value, difficulty, and low levels of specificity. In contrast, short-

term goals, such as weekly academic goals, tend to have low levels of self-concordance, 

difficulty, and high levels of specificity. Due to this interrelation with other goal 

characteristics, rather than measuring variability in proximity, I constrained the proximity 

of students’ goals in this dissertation by requesting goals that require more than two 

weeks of effort and need to be achieved by the end of the semester. Details are discussed 

in Section 2.2.5 and Section 3.2. 

The Table 1 below summarizes goal characteristics and relevant theories that 

were reviewed in this section. Daily effects of self-concordance, utility value, difficulty, 

and specificity have been examined infrequently in previous studies (see section 2 .4 for a 

review of this research). Therefore, I reviewed major goal characteristics that have been 

examined in the traditional longitudinal or experimental design in this section.  

2.2.1. Self-concordance. Self-concordance theory (Sheldon & Elliot, 1999) 

argues that what is important for goals is that they reflect individuals’ personal values and 

interests. These researchers argue that self-concordant goals motivate individuals to 

spend more effort toward achieving their goals and thus are more likely be achieved due 

to the increased effort (e.g., Sheldon & Elliot, 1999; Koestner et al., 2006; Koestner, Otis, 

Powers, Pelletier, & Gagnon, 2008). In addition, they suggest that individuals also feel 

greater emotional well-being from attaining self-concordant goals than non-concordant 

goals.  
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Table 1. Summary of goal characteristics and relevant theories 

Domain Characteristic Definition Relevant 

theory 

Value Self-

concordance 

 

Intrinsic and identified value; 

Consistent with the goal pursuers’ 

developing interests and core values 

(Sheldon & Elliot, 1999) 

Self-

concordance; 

Expectancy-

value theory 

Utility value Useful for other tasks or aspects of an 

individuals’ life (Hulleman et al., 

2010) 

Expectancy-

value theory 

Standard Difficulty A level of task proficiency (Locke & 

Latham, 1990) 

Goal-setting 

theory 

Specificity A level measured against a concrete 

standard 

Temporal 

distance 

Proximity Proximal goal refers to a goal that can 

be achieved at a time temporally close 

to the present while distal goal refers 

to a goal that can be achieved at a time 

temporally far away from the present.  

Social 

cognitive 

theory 

 

 

In line with these theoretical tenets, Sheldon and Elliot (1999) found in a series of 

studies that self-concordant goals were substantially related to semester-long effort, 

which, in turn, led to greater goal progress and goal attainment. In addition, students felt 

greater well-being when they achieved self-concordant goals as compared to non-

concordant goals. In contrast, if a goal fails to reflect one’s core values and interests, 

intentions to try hard for the goal tends to fade in two to four weeks (Conti, 2000; 

Koestner et al., 2008; Sheldon & Elliot, 1999). Interestingly, a recent study showed that 

individuals often underestimate the importance of self-concordance (or intrinsic value) of 

their goals even though its impact on goal pursuit is greater than utility value (e.g., 

monetary rewards, Woolley & Fishbach, 2015). 
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In a small meta-analysis with eleven studies, Koestner and his colleagues (2008) 

found that self-concordant goals (or autonomous goals) are linked to goal progress on 

average d = .41 while non-concordant goals (or extrinsic goals) do not contribute to goal 

progress (d = -0.02). Koestner and his colleagues (2002; 2006; 2008) further suggest that 

specific action plans for achieving goals (i.e., implementation intentions) enhance 

students’ goal progress only when they are pursuing self-concordant goals (interaction 

effects: β = .30). Based on the extant research, I hypothesize that the self-concordance of 

goals, that is, whether the goal reflects the goal pursuer's core values and interests, is one 

of the most critical predictors of students' daily goal effort and emotional well-being.   

 2.2.2. Utility value. Expectancy-value theory (Eccles & Wigfiled, 1995; Wigfield 

& Eccles, 2000) suggests that individuals’ motivation for a task is determined by a 

combination of expectancy for success and value (i.e., importance) of the task. That is, 

students are motivated if they see values of achieving their goals and expect that they can 

achieve them. Wigfield and Eccles (2000) further suggest that task value consists of four 

subcomponents: 1) attainment value, 2) intrinsic value, 3) utility value, and 4) cost. The 

first and second value components (i.e., attainment and intrinsic value) are similar to self-

concordance, which was defined as reflecting core values and interests (Sheldon & Elliot, 

1999). Expectancy-value theory suggests that not only these intrinsic and attainment 

values but also utility value (e.g., maintaining high GPA will be beneficial to get a job in 

the future) should enhance motivation and performance. Based on these theoretical 

predictions, recent intervention research has focused on enhancing students’ utility value 

of academic tasks in order to promote students’ motivation and performance for 
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schoolwork particularly on science (e.g., Harackiewicz, Rozek, Hulleman, & Hyde, 2012; 

Hulleman & Harackiewicz, 2009; Hulleman, et al., 2010).  

 This notion that utility value increases students’ motivation and performance is 

captivating because it may be viewed as contrasting to self-concordance theory, which 

emphasizes intrinsic value of goals rather than extrinsic ones. Although research based on 

self-concordance theory has not found significant negative relationships between non-

concordant goals and goal progress, it has found effects near zero (e.g., Koestener et al., 

2008). In other words, utility value may not lead to increased motivation and effort 

according to findings from self-concordance theory.  

A better way to evaluate this issue may be acknowledging that some students 

have both high intrinsic and utility values toward their goals while other students realize 

one or neither of them. High utility value does not necessarily mean low intrinsic value; 

correlations between intrinsic and utility value have been reported to be positive rather 

than negative in the extant literature (e.g., .68 for Mathematics and .59 for English, 

Trautwein et al., 2012). Prior studies examined the relations between utility value and 

task interest (Hulleman et al., 2010) also support this perspective by showing that utility 

value is positively related to intrinsic value (i.e., interest) of the task.  

Moreover, it seems likely that while utility value may be more closely related to 

daily effort, intrinsic value may be more closely related to daily emotional well-being in 

goal pursuit (i.e., specialized effect). Although self-concordance theory focuses on not 

only emotional well-being but also behavioral outcomes (e.g., effort, progress), research 

derived from this theory tends to emphasize well-being more than other goal-relevant 
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theories do (Sheldon, 2014; Sheldon & Krieger, 2014; Sheldon, Ryan, Deci, & Kasser, 

2004). This theoretical emphasis makes sense given that individuals would experience 

greater happiness when they purse a goal that they deeply care about (i.e., self-

concordant).  

Conversely, research derived from expectancy-value theory tends to focus on 

behavioral outcomes such as effort, engagement, and grades (Chouinard et al., 2007), in 

line with the emphasis on persistence, choice, and performance in early descriptions of 

the theory (Eccles et al., 1983). Considering the comprehensiveness of the expectancy-

value model which includes diverse types of values and other motivational constructs to 

predict students’ behavioral outcomes, one could assume that individuals may need more 

than intrinsic value to act toward their goals. For instance, one of interviewees of research 

on high achievers (Duckworth, 2016) stated that, “I loved listening to the radio and pop 

music and rock music when I was a kid. When [my mother] saw this interest, she got a 

guitar from a neighbor and set it on the bunk bed above my bed. I had the opportunity, if 

I wanted it, to pick up the guitar and start playing… After nine months, when I had never 

touched the guitar, she took it back.” The interviewee said that he liked music but had no 

intention to play his guitar. A recent experimental study also shows that individuals tend 

to value utilitarian incentives much more than intrinsic value before initiating their goal-

directed behaviors (Woolley & Fishbach, 2015). That is, to promote behavioral effort, 

goal pursuers may need additional incentive to intrinsic value and one of those incentives 

may be utility value.  
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This different focus between the two theories suggests that intrinsic value (i.e., 

self-concordance) may have stronger relations with emotional well-being while utility 

value may have closer relations with effort. Prior goal studies, however, often did not 

separate these two values and considered them as one construct, namely goal importance 

(e.g., Cantor et al., 1991; Claessens, van Eerde, Rutte, & Roe, 2009; Fleeson & Cantor, 

1995). Thus, in this dissertation, I measured both self-concordance and utility value of 

goals in order to examine their relative importance in students’ emotional well-being and 

effort toward their goals.  

 2.2.3. Difficulty. Goal-setting theory (Locke & Latham, 2002) suggests that 

difficulty and specificity are the most predictive goal characteristics. According to the 

theory, difficult goals compel people to invest greater effort into a task (Earley, 

Wojnaroski, & Prest, 1987) and to continue that effort for a longer time (LaPorte & Nath, 

1976). The effect of difficulty and specificity has been investigated with respect to goals 

for cognitive tasks (e.g., anagrams) to goals for daily life tasks (e.g., weight loss, physical 

exercise, employee performance; Locke & Latham, 1990; 2002; Latham et al., 2002). 

Four meta-analyses have shown moderate to strong effects of goal difficulty (ds ranged 

from .52 to .82; Chidester & Grigsby, 1984; Mento, Steel, & Karren, 1987; Tubbs, 1986; 

Wood, Mento, & Locke, 1987). In addition, a recent meta-analysis (Sitzmann & Ely, 

2011) found a robust positive relation between goal difficulty and motivation (r = .32), 

effort (r = .43), persistence (r = .51), and learning (r = .44) in academic contexts. Based 

on these findings, some proponents of goal-setting theory go so far as to argue that it is 

beneficial to set goals that are “very hard, even outrageous” (Locke, 2001, p. 50).  
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Other researchers, however, suggest that difficult goals may not enhance 

motivation and may actually discourage people. Researchers have found that the positive 

relationship between goal difficulty and performance found in laboratory studies failed to 

replicate in several field studies (e.g., Mawritz, Folger, & Latham, 2014; Yearta, Maitlis, 

& Briner, 1995). Even though researchers found some positive effects, the size of these 

effects were often smaller than those found in an experimental setting (d decreased from 

.65 in experimental findings to .49 in field research findings in a meta-analysis, Mento et 

al., 1987) or sometimes even negative (rs ranged from -.44 to -.02 depending on 

difficulty evaluator, Yearta et al., 1995). In addition, “exceedingly difficult goals” also 

lead to heightened stress, anger, and anxiety (Mawritz et al., 2014), which may lower 

goal pursuers’ motivation and effort over the long-term (Bandura, 1986; Shell, Murphy, 

& Bruning, 1989; Schunk, 1991). Regarding these conflicting findings, expectancy-value 

theorists (Wigfield & Eccles, 2000) would explain that too difficult goals might lower 

goal pursuers’ expectancy for achieving the goals, which would impede students’ 

motivation, persistence and performance and increase stress and anxiety. Finally, 

researchers showed that of college students who had more difficult goals for a course 

grade had higher performance only when they also had high self-concept, locus of 

control, and positive emotional experience (Bipp, Kleingeld, Van den Tooren, & 

Schinkel, 2015). That is, the effects of goal difficulty on performance seem to rely on 

many other factors.  

Due to these mixed predictions about goal difficulty, I hypothesized that 

perceived goal difficulty would positively predict daily effort only to a limited extent. No 
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research has yet examined how perceived goal difficulty is related to college students’ 

daily goal effort in a field setting. Thus, the findings of this dissertation will contribute to 

the better understanding of the effects of goal difficulty on college students’ daily goal 

effort after controlling for other factors such as goal pursuers’ prior performance and self-

control ability.  

 2.2.4. Specificity. Specificity is another critical goal characteristic that goal 

setting theory (Locke & Latham, 2002) has examined. Researchers have found that 

specific goals, such as “getting an A in a statistics course,” increase motivation and 

performance more than vague ambiguous goals such as “doing my best in the statistics 

course” (d = .42, Mento et al., 1987, for meta-analytic review; Wright & Kacmar, 1994). 

Many of these studies, however, tested the effects of specificity in conjunction with goal 

difficulty by comparing effects of specific and difficult goals (e.g., “solving 10 anagram 

questions”) versus vague goals (e.g., “do your best goal,” Mento et al., 1987; Tubbs, 

1986; Wood et al., 1987, for review). Noticing these patterns, Locke and his colleagues 

(1989) noted that goal setting theory had not provided direct evidence for the effects of 

goal specificity on performance.  

Based on the previous research, it remains unclear whether goal specificity would 

be significantly related to levels of students’ effort when they are pursuing their own 

personal goals. The major aim of my dissertation is, therefore, to examine the relation 

between goal specificity and students’ effort in the context of college students’ personal 

academic goal striving. Given that previous studies showed no significant relation 

between goal specificity and self-set goal performance (Locke et al., 1989; Wright & 
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Kacmar, 1994), I expected that goal specificity would not have significant relations with 

levels of students’ daily effort and emotional well-being toward their personal academic 

goals. 

2.2.5. Controlled variable and covariates. In this dissertation, I constrained 

proximity of goals and included six characteristics of goal pursuers that have been linked 

to students’ effort and well-being.  

First, I controlled proximity of goals using study design in this dissertation. 

Proximity denotes the time span in which the goal is framed (i.e., whether the goal is a 

short-term or a long-term goal). Social cognitive theory (Schunk, 1989) proposes that 

proximal goals (i.e., short-term goals) lead to higher self-efficacy, which in turn higher 

performance, as compared to distal goals (i.e., long-term goals). Proximal goals increase 

performance because they provide immediate feedback and rewards on individuals’ 

progress that sustain pursuit whereas distal goals are too far away in time to induce effort 

or persistence (Bandura & Schunk, 1981). In several empirical studies, researchers have 

found that proximal goals increase students’ self-efficacy, persistence, and performance 

on a task more so than distal goals (Bandura & Schunk, 1981; Bandura & Simon, 1977; 

Latham & Seijts, 1999). These studies suggest that students need proximal goals that are 

readily achievable to boost their confidence and performance. 

 Proximity of goals in reality often confounds other goal characteristics. Long 

terms goals that students often set are not just temporally distant in nature; they are often 

career and family goals, which often require their long-term effort to be achieved. These 

goals sometimes guide their many short-term goals (McIntosh, 1996). For this reason, 
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several researchers emphasize the importance of long-term high level goals as compared 

to short-term instrumental goals (Robertson-Kraft & Duckworth, 2014; Von Culin, 

Tsukayama, & Duckworth, 2014). In other words, participants may benefit by having 

both distal and proximal goals. In this dissertation, assuming many students have both 

long-term and short-term goals that are interconnected in a goal hierarchy, I choose to 

control proximity of goals in order to focus on examining other goal characteristics. 

Specifically, I limit the time span of students’ goals to be those that required their effort 

for more than two weeks but should be achieved by the end of the semester.  

Second, I statistically controlled six variables in this dissertation. These variables 

include 1) self-control, 2) goal readiness, 3) social support, 4) previous GPA, 5) sex, and 

6) race. Many studies on self-control (or conscientiousness and grit) have shown how this 

individual characteristic positively predicts effort, persistence, and performance (e.g., 

Duckworth, Tsukayama, & May, 2010; Duckworth, White, Matteucci, Shearer, & Gross, 

2016; Fischbach & Hofmann, 2015). These studies include both interventions research 

(Duckworth et al., 2016; Fishbach & Hofmann, 2015) as well as longitudinal 

investigations (Duckworth et al., 2010). These researchers found that teaching students a 

self-control strategy, namely implementing a situation modification strategy, enhanced 

their goal achievement (Duckworth et al., 2016) and students’ self-control ability 

predicted subsequent school GPA over four years after controlling previous year’s self-

control levels (Duckworth et al., 2010). Similarly, readiness—how much individuals are 

ready with specific plans to achieve the goals—also positively predict students’ goal 

effort and achievement, which were examined both traditional longitudinal research (e.g., 
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Koestner et al., 2006; 2008; Ziegelmann et al., 2007) as well as daily longitudinal study 

(e.g., Claessens et al., 2009; Fishbach & Hofmann, 2015). For example, Claessens, and 

her colleagues (2009) showed that both conscientiousness (similar trait to self-control) 

and time management planning (i.e., readiness) significantly predicted daily work goal 

completion. Fishbach and Hofmann (2015) also found that participants who imagined 

possible obstacles and how to deal with these obstacles (i.e., readiness) reported 

increased happiness and effort particularly when their goals were hard enough to require 

self-control ability. In other words, the more diligent and readier you are, the more effort 

you invest. 

Perceived social support from family, friends, and significant others is a key 

social predictor for students’ goal setting and pursuit. A great deal of research has shown 

that parental support (e.g., parents’ high expectation placed on their children) encourages 

children to set challenging goals and invest effort to achieve their goals (e.g., Ashby & 

Schoon, 2010; Jodl, Michael, Malanchunk, Eccles, & Sameroff, 2001; Sawitri & Creed, 

2015; Sawitri, Creed & Zimmer-Gembeck, 2014). Peer support has been also strongly 

linked to college students’ academic success, motivation, and psychological well-being 

(Armsden & Greenberg, 1987; Dennis, Phinney, & Chuateco, 2005; Wentzel, 1998). In 

short, social support is one of the factors that promote students’ successful goal pursuit.  

Lastly, students’ demographic characteristics, including sex and ethnicity, as well 

as their current school GPA may be related to goal effort. Discrimination or stereotyping 

may in some circumstances predict the effort that minority (e.g., ethnic minority such as 

Black and Hispanic) and female students put into academic tasks (e.g., Johnson, Crosnoe, 
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& Elder Jr, 2001; Chavous, Rivas-Drak, Smalls, Griffin, & Cogburn, 2008), as well as 

their psychological well-being (Branscombe, Schmitt, & Harvey, 1999). School GPA is 

also an adequate control variable considering that past achievement strongly predicts 

motivation and effort (e.g., Hemmings & Kay, 2010). Including these variables as 

covariates will contribute to clear understanding about the unique contributions of diverse 

goal characteristics in college students’ goal-related effort and emotional well-being. 

2.3. WHY DIARY RESEARCH? 

Many important student outcomes, such as maintaining a high GPA, earning a 

prestigious award, or completing an advanced degree, require students' persistent effort 

over time. In interview research on exceptionally high achievers, for example, John 

Irving, American writer with dyslexia, was included as one of the interviewees 

(Duckworth, 2016). The researcher concluded after interviews with him that, “with daily 

effort, Irving became one of the most masterful and prolific writers in history.” Ericsson 

and his colleagues (1993; 2016), who studied hundreds of exceptional achievers in their 

own fields, also concluded that what contributed to these high achievers’ success is not 

their innate gift rather their persistent and purposeful daily practice. In other words, 

persistent daily effort is critical in successful achievement.  

Most previous studies on goal characteristics have measured outcome variables, 

such as effort or goal progress, using one-shot correlational or traditional longitudinal 

methods rather than daily longitudinal design (e.g., Lee et al., 2015; Righetti, Kumashiro, 

& Campbell, 2014). Unfortunately, studies using these one-time data collection methods 

tend to less accurately capture students’ goal effort over time than intensive longitudinal 
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approach such as daily longitudinal design (Iida, Shrout, Laurenceau, & Bolger, 2012). 

Briefly speaking, individuals tend to overestimate their effort when they are measured 

across different days (Vanderkam, 2010). In this dissertation, therefore, I measured the 

following two goal-relevant outcomes on a daily basis: 1) daily time spent and 2) 

emotional well-being toward their goals. In the following section, I provided detailed 

rationale for choosing daily longitudinal design to measure these two outcome variables.  

2.3.1. Daily Time spent. Effort has been measured in different ways in the extant 

literature, but the most common way to assess students’ effort is using self-reported effort 

scales such as a subscale of the Motivated Strategies for Learning Questionnaires 

(MSLQ; Pintrich et al., 1991, e.g., “How hard do you try in school?”) or the Intrinsic 

Motivation Inventory (IMI; Ryan, Mims, & Koestner, 1983, e.g., “I put a lot of effort into 

this.”). These effort measures have been tested for their validity and reliability (e.g., 

McAuley, Duncan, & Tammen, 1987; Pintrich et al., 1993), and have been used in many 

previous studies (e.g., 2846 citations for MSLQ manual and 1395 citations for IMI 

validation research at the time of March, 11 in 2017).  

There are, however, evidence suggesting that this effort scales may not be an 

adequate indicator of students’ effort, especially if it was measured at one-time point. For 

instance, in one study, students’ mental effort was correlated to a science test score only 

to a very small extent (r = 0.02~0.20), resulting in failing to statistically significantly 

predict students’ performance (Brookhart, Walsh, & Zientarski, 2006; Wolters, 1999). In 

Wolters (1999)’s study, correlation between effort and teacher-reported GPA was only r 

= 0.20, which was not significant, while use of particular learning strategies (e.g., 
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rehearsal) statistically significantly predicted teacher-reported student grades. More 

disturbing evidence comes from Johnson and her colleagues (1995)’s finding that while 

perceived task difficulty statistically significantly predicted college students’ task 

performance, effort (e.g., “How hard did you try?”) failed to predict most outcomes, and 

even had a negative correlation with several outcomes. Similarly, Hemmings and Kay 

(2010) found that effort (e.g., “I try hard to make sure that I am good at my schoolwork”) 

had only small correlations with math and English achievement among 10th grade 

students (rs = 0.03~0.16), while students’ math attitude (e.g., “I like math.”) significantly 

predicted not only math achievement, but English achievement as well (rs = 0.25~0.44).  

One problem with the existing scales used to measure effort are that the answers 

to these questions, such as “how hard did you try?”, are based on subjective criteria. For 

example, studying one hour per week may be an indicator for large effort for a student 

with procrastination tendency while that would be an indicator for small effort for a 

student who persistently studies for two hours every day. Similarly, when procrastinators 

pull an all-nighter to meet a deadline, they may overestimate their effort working toward 

the goal. Vanderkam (2010) who tracked individuals’ daily schedules report that 

individuals are not good at accurately estimating their average time studied across 

different days and this bias is often toward overestimation rather than underestimation. In 

other words, responses based on subjective criteria tend to be biased. In fact, studies have 

repeatedly shown reference bias in students’ report of their noncognitive skills (O’Brien 

et al., 2016; Rosen & Poplawski, 1987).  
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Measuring students’ effort using an objective criterion (i.e., daily time spent 

toward their goals) on a daily basis circumvents most of these problems by asking 

participants specific times and minutes they spent working toward their goals on a daily 

basis rather than on average across weeks or years. Researchers report that, among 

various methods to measure effort (e.g., time spent, mental workload, off-task attention), 

time spent on the task was the strongest predictor for performance outcome (Fisher & 

Ford, 1998). Therefore, in this dissertation research, I assessed students’ effort using a 

daily question based on an objective criterion by asking when and how many minutes 

they worked to achieve their goals.  

2.3.2. Emotional well-being. I included students’ emotional well-being 

particularly in relation to the process of their goal pursuit as another daily outcome 

variable. I measured not only daily effort but also emotional well-being for the following 

two reasons. First, the goal characteristic(s) that may enhance students’ effort toward goal 

completion may not be the same ones that promotes positive emotional experiences (e.g., 

excited) during goal striving. Self-concordance theory (Sheldon & Elliot, 1999) strongly 

proposes that self-concordance goals enhance not only goal effort but also psychological 

well-being from achieving the goal. Based on their theoretical argument, a couple of 

empirical studies have produced evidence showing that self-concordance of goals is 

directly linked to goal pursuers’ psychological well-being (Sheldon & Elliot, 1999; 

Sheldon et al., 2004).  

In regard to other goal characteristics, however, their relations to goal pursuers’ 

well-being have been considered only in indirect ways. For instance, studies on utility 
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value show that high utility value predicts higher performance through interest, which 

may be viewed as a close, but not identical, construct to psychological well-being 

(Harackiewiz et al., 2012; Hulleman et al., 2010). Similarly, difficulty and specificity of 

goals are also reported to be linked to enhanced satisfaction via high performance (i.e., 

high performance cycle; Latham et al., 2002; Locke & Latham, 2002). Such indirect 

evidence suggests that utility value, difficulty, and specificity may positively predict 

college students’ emotional well-being but to a smaller extent than self-concordance of 

goals. Testing this hypothesis is one purpose of why I included students’ emotional well-

being as a daily outcome in this dissertation.   

The second reason to measure emotional well-being in this dissertation is to 

examine reciprocal relations between daily emotion and goal effort. Researchers have 

found strong evidence that the experience of positive emotions lead individuals to spend 

more effort on a task, although this relation has not been investigated using a diary design 

(Pekrun et al., 2002a, for review). For example, Baker and his colleagues (2010) found 

that boredom was associated with poor learning. Bohn-Gettler and Rapp (2011) also 

showed that participants in the happy-induced experimental condition showed higher 

engagement (particularly text-bested inference) than those in the sad-induced condition. 

These studies, however, did not measure individuals’ emotional well-being on a daily 

basis, failing to capture the temporal nature of emotions. Therefore, I examined in this 

dissertation whether daily fluctuating emotional well-being was linked to students’ daily 

time spent toward their goals. 
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By the same token, researchers also have found that goal effort positively predicts 

emotional well-being using a daily longitudinal design. Emotion has been studied 

frequently in a daily longitudinal research (Goetz, Sticca, Pekrun, Murayama, & Elliot, 

2015; Harris et al, 2003; Holman et al., 2005) because the construct is considered to be 

temporal and ephemeral on a daily basis. Bolger and Laurenceau (2013) suggest that 

hypothesis about within subject processes, are all too often tested using between-subject 

data. They argue that a study on the relation between stressors and emotions measured at 

one-time point would find a very different results from research measuring the same 

variables on several consecutive and frequent occasions (e.g., everyday). For this reason, 

many prior studies using this daily longitudinal design (or diary methodology) on 

personal goal striving are concerned with emotional outcomes such as emotional well-

being (see the chapter 2.4.1 for review of these studies in detail). For example, 

Hoppmann and Klumb (2006) examined the relations between daily goal participation 

(i.e., working toward their important goals) and daily emotional well-being using the 

diary methodology. They found that participants experience more positive emotions 

when they work toward goals that are important to them. Based on these studies, I 

examined if daily goal effort (i.e., time spent) positively predicted daily emotional well-

being in the context of college students’ academic goal striving. 

2.4. PREVIOUS DIARY RESEARCH ON PERSONAL GOAL STRIVING 

 2.4.1. Goal progress and emotional well-being. Although most of previous 

studies on personal goal striving tend to use one-shot correlational methodology or the 

traditional longitudinal design, there are a few studies that used the diary methodology 
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(e.g., Harris et al., 2003; Holman et al., 2005; Hoppmann & Klumb, 2006). Most of these 

studies were conducted in a work setting with employee participants. In addition, these 

studies focused on how daily goal progress or attainment is related to daily positive 

emotional experience.  

Specifically, Holman and his colleagues (2005) examined fifteen mental health 

workers’ daily goal progress over four weeks and their relations to daily goal effort and 

emotions. The researchers found that the workers felt calm and enthusiasm when they 

made more progress toward their goals than they expected. Conversely, workers reported 

anxiety and depression when they made less progress toward their goals than they 

expected. Similar findings also emerged from Harris and her colleagues (2003)’s 

research. These researchers found that attainment of daily personal work goals were 

associated with twenty-two workers’ enhanced emotional well-being over two weeks. In 

addition, they found that this relation between goal attainment and emotional well-being 

was stronger as the goals became more important. Finally, Hoppmann and Klumb (2006) 

found this relation between goal progress and positive emotions at a biological level. 

These researchers found in their three-hour interval six day daily longitudinal study that 

employed parents, with at least one preschool child, experienced higher positive emotions 

and released lower stress hormones (i.e., cortisol) when they participated in activities that 

were relevant to their personal goals. To summarize, these series of diary studies show 

that making daily progress toward personal goals positively predicts individuals’ daily 

experience of positive emotions. 
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2.4.2. Goal importance and goal completion. A couple of daily longitudinal 

investigations examined the relations between goal importance (also called goal 

relevance) and goal pursuers’ daily emotional well-being (e.g. Cantor et al., 1991; 

Claessens et al., 2009; Emmons, 1991; Fleeson & Cantor, 1995). These studies, however, 

did not differentiate utility value from intrinsic value (or self-concordance).  

Using the experience sampling method, for instance, Cantor and her colleagues 

(1991) found that female college students reported positive emotions as they were 

pursuing more important personal goals. Fleeson and Cantor (1995) further corroborated 

this finding by showing that the relation between goal importance and positive emotional 

experience held constant regardless of different life domains (e.g., studying, exercising, 

socializing, working at a job, relaxing). Interestingly, Claessens and her colleagues 

(2009) found a contradicting result with a sample of twenty-nine engineers in a work 

setting. They found that goal importance, which was measured with an item asking how 

important the work goal was, negatively predicted the goal completion on a daily basis.  

The discrepancy between Claessens and her colleagues (2009)’s findings and other 

researchers with college student samples (e.g., Cantor et al., 1991; Fleeson & Cantor, 

1995) suggest that well-established critical goal characteristics in work setting (i.e., goal 

difficulty and specificity) many need to be scrutinized with student samples. In addition, 

these unclear findings on goal importance further suggest that researchers may need to 

differentiate different types of goal importance (i.e., intrinsic value vs. utility value) and 

goal outcomes (i.e., effort vs. well-being). 
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2.4.3. Diary research on other goal characteristics.  There are a few other diary 

studies that examined the relations between diverse goal characteristics and goal 

outcomes. These characteristics include goal difficulty (Bipp et al., 2015), goal 

adaptation (König & van Eerde, 2010), and goal facilitation (Presseau, Tait, Johnston, 

Francis, & Sniehotta, 2013). Bipp and her colleagues (2015) conducted two-week diary 

research on college students’ course grade goal difficulty and their performance. During 

two weeks of college exam preparation period (e.g., midterm), researchers asked fifty-

five college students what their target grade for each exam was as well as their actual 

grades for each exam. The researchers found that students’ goal difficulty, measured as a 

target course grade, predicted performance only when students also had high self-

evaluations, which is a composite construct of self-efficacy (“When I try, I generally 

succeed.”), locus of control (“I determine what will happen in my life.”), and positive 

emotions (“Sometimes I feel depressed,” reverse coded). These researchers, however, did 

not consider other goal characteristics as well as important control variables (e.g., self-

control). 

Other diary research examined uncommonly studied, but interesting, goal 

characteristics. König and his colleagues (2010) investigated what predicts workers’ goal 

adaptation—changing goal difficulty during the course of goal pursuit—and how daily 

goal adaptation is related to workers’ daily well-being and productivity. Researchers 

found that the amount of unplanned tasks and the extent to which the time needed for 

completing tasks was underestimated predicted workers daily goal adaptation, which in 

turn lowered the workers’ well-being and productivity. The finding emphasizes the 
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importance of sticking to the original goal through a predictable work environment. In 

addition, Presseau and his colleagues (2013) tested whether college students’ perceptions 

of how their personal goals are facilitating or conflicting with their regular physical 

activity (i.e., goal facilitation) is related to their actual time spent in physical activity. The 

researchers reported that daily pursuit of facilitating goals predicted daily time spent for 

physical activity above and beyond participants’ exercise intention. 

Finally, Fishbach and Hofmann (2015) conducted an intervention asking 

participants to anticipate obstacles to their goal pursuit and to think about concrete means 

to achieve their goals. Through experience sampling methodology, researchers then 

collected data on participants’ daily goals and daily progress made toward the goals. 

Results suggest that participants in the intervention condition made more progress toward 

their goals than the control condition only when their goals required self-control (i.e., 

high-challenging goals). In addition, the researchers also found that participants in the 

intervention condition reported greater happiness than those in control condition.  

 In summation, previous dairy research on personal goal pursuit examined goal 

importance, difficulty, adaptation, and facilitation as goal characteristics in predicting 

goal pursuers’ well-being and goal progress. The studies on goal importance, however, 

did not differentiate intrinsic value from utility value. Furthermore, majority of earlier 

studies measured goal effort using subjective criteria (e.g., how hard did you try?) rather 

than objective criteria (e.g., time spent toward their goals). Finally, while many diary 

studies on emotional well-being focused on how goal progress predicted emotional well-
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being, no diary research yet examined the reciprocal relationships: how experience of 

positive emotions in goal pursuit predicts daily goal effort?  

2.5. THE PRESENT RESEARCH  

Given the importance of personal academic goals in college students’ self-

regulated learning (McCarale et al., 2016), I examined how different characteristics of 

students’ personal academic goals predicted their effort and emotional well-being 

measured on a daily basis. Students’ persistent effort toward their goals and emotional 

well-being are important in predicting goal completion and psychological well-being 

(e.g., Fisher & Ford, 1998; Holman et al., 2005). These constructs, however, tend to 

fluctuate on a daily basis (Goetz et al., 2015). Thus, when measured at one-time point as 

an average across different days, they could often be overestimated or underrepresented 

(Vanderkam, 2010). In addition, research has yet to examine diverse goal characteristics 

together to predict college students’ daily effort and emotional well-being. Finally, the 

reciprocal relations between daily effort and emotional well-being also need to be 

examined. 

To respond to these gaps in the extant literature, I investigated the following 

seven research questions in regard to college students’ personal goal characteristics, goal 

effort, and emotional well-being using daily longitudinal data of college students, which 

was collected at the University of Texas at Austin in spring, 2016. The first two questions 

(Research Question 1-1, 1-2) investigate how diverse goal characteristics, including self-

concordance, utility value, difficulty and specificity, predict two daily outcome variables, 

namely goal effort and emotional well-being in their goal pursuit. The next three 
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questions (Research Question 2-1 through 2-3) use person-oriented approach to 

investigate interactions among varied goal characteristics within individuals by 

examining college students’ goal characteristic profiles and how these profiles predict 

students’ goal effort and emotional well-being. Finally, the final two questions (Research 

Question 3-1, 3-2) are about the reciprocal relations between two daily-measured 

variables, namely daily goal effort and emotional well-being. Specific research questions 

and hypothesis are as follows. 

 Research Question 1-1. To what extent do goal characteristics, including self-

concordance, utility value, difficulty, and specificity, predict college students’ daily mean 

time spent toward their personal academic goals? 

I hypothesized that, among diverse goal characteristics, self-concordance and utility value 

positively predicted daily mean time spent. Conversely, I expected that goal difficulty 

and goal specificity failed to do so. As reviewed earlier, previous studies have shown 

positive effects of self-concordance and utility value on students’ effort, motivation, and 

performance (Hulleman et al., 2010; Sheldon & Elliot, 1999). In addition, research also 

suggests that goal difficulty may have negative or no relation with individuals’ effort and 

performance in a field setting (Mawritz et al., 2014; Yearta et al., 1995). Finally, goal 

specificity has been reported to have no relation with levels of goal effort when it was 

tested independently from goal difficulty effects (Locke et al., 1989; Wright & Kacmar, 

1994). Based on these previous findings, I expect to find significant positive coefficients 

only for self-concordance and utility value, but not for goal difficulty and goal 

specificity. 
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Research Question 1-2. To what extent do goal characteristics predict college 

students’ daily emotional well-being in their goal pursuit? 

My hypothesis was that self-concordance strongly predicts emotional well-being. As 

reviewed previously, studies based on self-concordance theory have consistently showed 

that pursuing goals reflecting individuals’ core values and interest lead to happiness (e.g., 

Sheldon & Elliot, 1999). Conversely, only few, if any, research evidence exists on the 

direct link between other goal characteristics (i.e., utility value, difficulty, specificity) and 

well-being. Due to the lack of direct evidence, I expect to find weak effects for these 

three goal characteristics.  

Research Question 2-1. What are the naturally-occurring profiles of college 

students’ personal academic goal characteristics? 

This research question is about interaction among various goal characteristics within 

individuals using a person-oriented approach. Specifically, I focused on statistically 

significant goal characteristics from RQ1 and RQ2 to generate goal characteristics 

profiles of college students.  

In the extant literature, there are three studies that used a person-oriented 

approach to examine intrinsic and extrinsic motivation, which may be relevant to self-

concordance and utility value (Hayenga & Corpus, 2010; Wormington, Corpus, & 

Andersons, 2012; Vansteenkiste, Sierens, Soenens, Luyckx, & Lens, 2009). These three 

studies resulted in four profiles with combinations of varying levels of intrinsic and 

extrinsic motivation for learning in school among middle (Hayenga & Corpus, 2010) and 

high school students (Wormington et al., 2012). Based on their investigations, I expect to 
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find four profiles of varying combinations of utility and intrinsic value if both self-

concordance and utility values are included as input variables for profile generation: 1) 

high in both utility and intrinsic value, 2) high utility and low intrinsic value, 3) low 

utility and high intrinsic value, and 4) low in both utility and intrinsic value. With respect 

to other goal characteristics (i.e., goal difficulty and specificity), this dissertation was an 

exploratory investigation rather than a confirmatory approach due to the lack of prior 

person-oriented research. 

Research Question 2-2. Do students with different goal characteristic profiles 

differ in daily time spent toward their personal academic goals? 

Research Question 2-3. Do students with different goal characteristic profiles 

differ in daily emotional well-being in their goal pursuit? 

After generating goal characteristics profiles of college students (RQ 2-1), I examined 

how each profile predicts college students’ goal effort (RQ 2-2) and emotional well-being 

(RQ 2-3). To my knowledge, researchers have not scrutinized the interactive effects of 

varied goal characteristics on students’ daily goal effort and well-being. Thus, it was 

unclear whether these diverse goal characteristics profiles would show simple additive 

positive effects on students’ goal effort and well-being or interactive, or specialized 

effects. For example, it is possible that profiles high in self-concordance may display 

greater well-being, while profiles high in other goal characteristics (e.g., utility value, 

difficulty, specificity) may show greater effort (i.e., specialized effect). Alternatively, it is 

also plausible that profiles high in only one goal characteristic (e.g., high in only utility 

value) may not display any benefits while profiles with high in more than one goal 
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characteristics (e.g. high in both utility value and self-concordance) may report a great 

deal of daily goal effort as well as emotional well-being (i.e., interactive effect). Finally, 

it is also reasonable that each goal characteristic simply adds positive effects to 

contributions of other goal characteristics on students’ goal effort and well-being (i.e., 

additive effect).  

Research Question 3-1. To what extent do daily positive and negative emotions 

predict daily time spent toward personal academic goals on the same day and the next 

day? 

For Research Question 3, I separated emotional well-being into positive and negative 

emotions in order to scrutinize predictability of each emotional valence. I hypothesized 

that daily positive emotions positively predicted daily time spent on the same day and the 

next day. Many emotion researchers suggest reciprocal causation between emotion and 

effort (Pekrun et al., 2002a). Although there has been no relevant daily longitudinal 

research on this topic, at least written in English1, many traditionally designed studies 

show that positive emotional experience lead to heightened motivation, engagement, and 

achievement (Pekrun et al., 2002a, for review).  

Prior evidence for negative emotions is not consistent. On one hand, researchers 

suggest that negative emotions such as anxiety and boredom are negatively linked to 

                                                 
1 1 There is one diary research (n = 72) published in German (Pekrun, R., & Hofmann, H. (1999). Lern- und 

Leistungsemotionen: Erste Befunde eines Forschungsprogramms [Emotions in learning and achievement: 

First results of a program of research]. In R. Pekrun & M. Jerusalem (Eds.), Emotion, Motivation und 

Leistung (pp. 247–267). Göttingen, Germany: Hogrefe.). The brief summary of this research can be found 

in Pekrun, R., Goetz, T., Titz, W., & Perry, R. P. (2002). Academic emotions in students' self-regulated 

learning and achievement: A program of qualitative and quantitative research. Educational psychologist, 

37, 91-105. 
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adaptive learning outcomes (e.g., Baker et al., 2010). On the other hand, other researchers 

argue that negative emotions may lead goal pursuers to spend more effort in order to 

modify the situation (e.g. Carver & Scheier, 2008; Gross & Tompson, 2007). Based on 

these contradicting predictions, I did not make a solid hypothesis about the relationship 

between negative emotions and time spent. 

Research Question 3-2. To what extent does daily time spent predict daily 

positive emotions on the same day and the next day?  

Research Question 3-3. To what extent does daily time spent predict daily 

negative emotions on the same day and the next day?  

I hypothesized that daily time spent positively predicted positive emotions on the same 

day and the next day whereas it negatively, or nonsignificantly, predicted negative 

emotions. A great deal of daily longitudinal studies have shown that making progress 

toward goal completion positively relates to individuals’ well-being (Harris et al., 2003; 

Holman et al., 2005; Hoppmann & Klumb, 2006). Thus, to the extent that working 

toward goals leads to making progress on goals, daily time spent toward goals would lead 

to increased positive emotions and decreased negative emotions. 
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Chapter 3:  Methods 

 In this chapter, I discussed methodological procedures including sample 

characteristics, data collection procedures, measures utilized, and analytic methodology 

for each research question.  

3.1. PARTICIPANTS 

Two-hundred participants were recruited from the Subject Pool of Department of 

Educational Psychology at the University of Texas in Austin during the Spring semester 

of 2016. Among the total participants, three participants did not provide valid information 

on the important daily outcome variable (i.e., times spent toward goals). These three 

participants (1.5%) were excluded from the final analysis.  

Twenty-two participants were first-year students (11.2%), 23 were sophomores 

(11.7%), 39 were juniors (19.8%), 109 were seniors (55.3%), 3 participants labeled 

themselves others (1.5%), and 1 participant did not answer the question. The three 

participants who did not label themselves others were eliminated in the final analysis as 

their goals indicated that they might be graduate students (e.g., “Successfully gain 2,000 

more dollars in funding.”). Finally, the one participant who did not answer this 

demographic question was left in the sample for the final analysis as the participant’s 

goal response indicated that the participant was an undergraduate student (“I have a paper 

due after spring break… This is a major business paper required for my major and is a 

huge part of my grade… I want to continue to improve, especially in a class related to my 

major and what I’ll be doing post-graduation.”) 
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Among 194 participants, 133 were female (68.6%) and 61 were male (31.4%). 

The average age was 21.08 (SD = 1.72). A majority of participants were Caucasian (n = 

82, 42.3%), followed by Asian (n = 57, 29.4%), Hispanic (n = 45, 23.2%), African-

American (n = 5, 2.6%), and Native American (n = 1, 0.5%). Three participants (1.5%) 

marked to prefer not to disclose and one participants did not report their ethnicity (0.5%).   

Missing values were relatively small. Across fourteen days of daily data 

collection, only two participants (1.03%) missed more than five days. Specifically, one 

participant missed twelve days and the other participant missed ten days. In addition, two 

participants (1.03%) missed five daily surveys and three participants (1.55%) missed four 

days. All other remaining participants missed three or fewer daily surveys. Excluding the 

two participants with more than five missed days did not change major statistical 

conclusions for all analyses.  

3.2. PROCEDURE 

On the first day of participation, participants were invited to a computer lab. They 

were told that the main purpose of the research was to understand college students’ daily 

life patterns. The students were then given instructions to fill out a brief survey every day 

for the following two weeks after the initial session. In the initial session, participants 

were asked to describe one of their academic goals for the semester (e.g., getting an A 

grade in a course) with as much detail as possible and to answer online questionnaires 

asking about the characteristics of their goals. The initial survey took approximately 20-

30 minutes.  
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For the following two weeks starting from Monday, participants received a daily 

survey asking about their daily time spent and emotions toward their goals. Each daily 

survey was emailed to participants at 8 pm. A reminder of daily survey completion was 

sent to participants at 8 am the next day. Each daily survey was closed at 11:50 am on the 

following day.  

All participants received one to three extra credits for their participation based on 

the percentage of daily survey completion. Participants who completed daily surveys 

without missing a single day also received $10 at the end of the semester. 

3.3. MEASURES 

The measures include initial questionnaires, which were measured at the 

beginning of the participation, and daily questionnaires, which were measured fourteen 

times over two weeks. Initial questionnaires, which participants completed only on the 

first day of their participation, included surveys asking about participants’ personal 

academic goal, self-concordance, utility value, goal difficulty, and goal specificity. Initial 

questionnaires also included control variables such as students’ demographic 

characteristics (i.e., sex, race), previous GPA, self-control, readiness, perceived social 

support from family, friends, and significant others.  

Daily questionnaires, which participants were asked to complete on a daily basis, 

included the time spent towards their goal on that day as well as positive and negative 

emotions they felt toward their goals. 

3.3.1. Personal academic goal. At the initial participation session, participants 

were asked to describe one of the goals they had for the semester with as much detail as 
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possible. Participants were also told that the goal should 1) be related to academic 

pursuit, 2) require their effort for more than two weeks, and 3) need to be accomplished 

by the end of the semester or earlier. After describing their goals, participants were asked 

why they pursued the goal they described. This question was designed to gather rich 

qualitative information about participants’ goals that self-report measures cannot capture. 

3.3.2. Self-concordance. Participants’ goal self-concordance was measured with 

eight items developed by Sheldon and Kasser (1998). The scale has two items per each 

reason for setting and pursuing a personal goal. First, external reason was measured with 

1) “I set this goal because somebody else wants me to,” and 2) “I set this goal because I 

get something from somebody if I do.” Second, introjected reason was measured with 1) 

“I set this goal because I would feel ashamed, guilty, or anxious if I didn’t,” and 2) I set 

this goal because I feel I ought to strive for this. Third, identified reason was measured 

with 1) “I set this goal because I really believe that it is an important goal to pursue,” and 

2) I set this goal because I value it wholeheartedly. Finally, intrinsic reason was 

measured with 1) “I set this goal because of the fun and enjoyment which the goal will 

provide me,” and 2) “The primary reason to have this goal is simply my interest in the 

experience itself.” For each item, participants rated on a 7-point Likert scale from 1 (not 

at all true) to 7 (very true). As in previous research, I calculated a self-concordance index 

for each goal by subtracting the sum of the extrinsic and introjected ratings from the sum 

of intrinsic and identified ratings (Grolnick & Ryan, 1989; Koestner et al., 2002; Sheldon 

& Kasser, 1995, 1998).  
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3.3.3. Utility value. Traditionally utility value was measured with the following 

two items from Eccles and Wigfield (1995): 1) “How useful is [learning advanced high 

school math] for what you want to do after you graduate and go to work?” 2) “How 

useful is [what you learn in advanced high school math] for your daily life outside 

school?” These items are related to both utility value as well as identified attainment 

value because the word “useful” may be interpreted in both ways (e.g., useful for 

financial benefits vs. personal achievement). The theorists (Eccles & Wigfield, 2002) 

indeed stated that utility value is very similar to extrinsic reasons for engaging in a task 

but also related to internalized goals (p. 120).  

Since one of the main purposes of this dissertation is comparing predictability of 

intrinsic/identified value against utility value (see chapter 2.2.2 for its rationale), I 

adopted three items from Kasser and Ryan (1996)’s research on students’ goals instead of 

using the two items from Eccles and Wigfield (1995). These researchers modeled three 

utility values of personal goals that do not overlap with intrinsic or identified value, 

namely money, fame (or popularity), and attractiveness: 1) “I think this goal is important 

to achieve because it can bring me financial benefits, acknowledgement from others, or 

an appealing appearance.” 2) “I think achieving this goal could help me to make more 

money, gain social recognition, or look good in the future,” 3) “I think I can get financial 

benefits, social fame, or attractive appearance by achieving this goal.” For each item, 

participants rated on a 7-point Likert scale from 1 (not at all true) to 7 (very true). 

Confirmatory factor analysis also showed that the data fits the one-factor model: χ2 = 
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338.23, p < .001, RMSEA = 0.00, CFI = 1.00, TLI = 1.00, SRMR = 0.00. The reliability 

of the scale was Cronbach α = .88 in the current study. 

3.3.4. Goal difficulty. Participants’ perception of goal difficulty was measured 

with three items developed by Yearta et al. (1995): 1) “This goal is easy to achieve,” 2) 

“This goal is very challenging,” and 3) “Attaining this goal demands a great deal of 

effort.” The first item was reverse coded in the analysis. For each item, participants rated 

on a 7-point Likert scale from 1 (not at all true) to 7 (very true). The reliability of the 

scale was Cronbach α = .81 in the current study.  

3.3.5. Goal specificity. Although goal specificity has been regarded as an 

important goal characteristic in past industrial-organizational psychology research, it has 

often been manipulated in experimental settings rather than self-reported (e.g., Locke et 

al., 1989; Wright & Kacmar, 1994). Thus, to my knowledge, there is no valid scale that 

was developed to assess college students’ goal specificity in the extant literature. Thus, I 

developed a simple scale consisting of four items to measure goal specificity. The four 

items include 1) “This goal is very clear,” 2) “This goal is very concrete,” 3) “This goal is 

very specific,” and 4) “This goal is vague.” The last item was reverse coded in the 

analysis. For each item, participants rated on a 7-point Likert scale from 1 (not at all true) 

to 7 (very true). The reliability of the scale was Cronbach α = .77 in the current study. 

Confirmatory factor analysis showed that the one factor model fits the data, χ2 = 4.83, p = 

.089, RMSEA = .08, CFI = .99, TLI = .96, SRMR = .02.  

3.3.6. Goal readiness. I used four items of goal readiness scale (Koestner et al., 

2006) in order measure specificity of means to achieve goals. The four items are 1) “I 
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know exactly what to do and where to do it to maximize my chances of attaining this 

goal,” 2) “I have a clear portrait of what I need to do attain this goal,” 3) I have a specific 

plan how to attain this goal,” 4) “I know where and how to put my effort to pursue this 

goal.” Participants rated on a 7-point Likert scale from 1 (not at all true) to 7 (very true). 

The reliability of the scale was Cronbach α = .82 in the current study.  

3.3.7. Self-control. Self-control was measured with the brief version of Self-

control Scale (n = 13, Tangney, Baumeister, & Boone, 2004, e.g., “I am able to work 

effectively toward long-term goals.”). For each item, participants rated on a 7-point 

Likert scale from 1 (not at all true) to 7 (very true). The reliability of the scale was 

Cronbach α = .83 in the current study. 

3.3.8. Perceived social support. The second control variable, participants’ 

perceptions of support from others, was measured with twelve items adapted from the 

Multidimensional Scale of Perceived Social Support (Zimet, Dahlem, Zimet, & Farley, 

1988). The scale consists of three dimensions: 1) significant other (e.g., “There is a 

special person with whom I can share my joys and sorrows”), 2) family (e.g., “My family 

really tries to help me.”), and 3) friend (e.g., “I can count on my friends when things go 

wrong.”. Each dimension has four items (Appendix A). Participants rated on a 7-point 

Likert scale from 1 (not at all true) to 7 (very true). The reliability of the twelve items 

was Cronbach α = .90 in the current study. 

3.3.9. Previous GPA. Previous GPA was measured based on the following 5-

point scale: Less than 2.0 (1), 2.0 - 2.5 (2), 2.6 - 2.9 (3), 3.0 - 3.5 (4), 3.6 - 4.0 (5). 
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3.3.10. Daily time spent. The first daily outcome measure, time spent toward a 

goal, were measured by asking participants to specify when they worked toward their 

goal on the particular day (“Please specify when you worked toward the goal today.”). 

Based on the response, participants were asked to calculate how much time in total they 

spent working toward the goal that day. The units were minutes. Participants who did not 

spend any time toward their goals were instructed to enter zero. This measure was 

administered on a daily basis over two weeks. 

3.3.11. Daily emotions. Participants reported their daily positive and negative 

emotions they felt toward their goals. The items were adopted from Watson, Clark, and 

Tellegen (1988)’s Positive and Negative Affect Schedule (PANAS). The original scale 

has ten emotions per each valence with twenty emotions in total. Due to the intense 

nature of daily data collection, I reduced the total number of items to be half of the 

original scale by choosing ten emotions with the highest factor loadings in the original 

development report (Table 2, Watson et al., 1988). The selected affects include 1) 

interested, 2) inspired, 3) excited, 4) enthusiastic, and 5) determined for positive emotions 

and 1) afraid, 2) distressed, 3) jittery, 4) scared, and 5) upset for negative emotions. 

Participants reported the level of experiencing each affect based on 7-point Likert scale 

from 1 (very slightly) to 7 (extremely). The overall emotional well-being score was 

calculated by subtracting daily negative emotion from the positive emotion. Daily 

Cronbach’s alphas ranged between .92 and .97 for positive emotions (mean α = .95) and 

.88 and .94 for negative emotions (mean α = .91). 



45 

 

Table 2. Factor loadings of the Positive and Negative Affect Schedule from Watson et al. 

(1988, p. 1067) 

Descriptor Positive Affect Negative Affect 

Enthusiastic 0.75 -0.12 

Interested 0.73 -0.07 

Determined 0.70 -0.01 

Excited 0.68 0.00 

Inspired 0.67 -0.02 

Alert 0.63 -0.10 

Active 0.61 -0.07 

Strong 0.60 -0.15 

Proud 0.57 -0.10 

Attentive 0.52 -0.05 

Scared 0.01 0.74 

Afraid 0.01 0.70 

Upset -0.12 0.67 

Distressed -0.16 0.67 

Jittery 0.00 0.60 

Nervous -0.04 0.60 

Ashamed -0.12 0.59 

Guilty -0.06 0.55 

Irritable -0.14 0.55 

Hostile -0.07 0.52 
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3.4. DATA ANALYSIS  

First, I checked basic statistical assumptions including outliers, linear regression, 

normality, and multicollinearity. Next, I conducted descriptive statistics and correlational 

analysis with all predictors and outcome variables. Next, I used both variable- and 

person-oriented approach to answer my research questions. Specific analytical strategies 

for each research question were stated below. 

Research Question 1-1. To what extent do goal characteristics, including self-

concordance, utility value, difficulty, and specificity, predict college students’ daily time 

spent toward their personal academic goals? 

First, hierarchical multiple regression analysis was conducted to examine important 

predictors of daily time spent toward personal academic goals. In the first step, control 

variables (i.e., sex, race, previous GPA, self-control, readiness, social support) were 

entered as predictors. Previous GPA, self-control, readiness, and social support were 

mean-centered. In the second step, different goal characteristics (i.e., self-concordance, 

utility value, goal difficulty, goal specificity) were entered. The outcome variable was 

mean time spent toward their personal academic goals over the two weeks. 

Second, although the predictors of the interest (i.e., goal characteristics) were all 

student-level variables, I conducted a multilevel modeling in order to simultaneously 

answer RQ 3-1. See the specific model descried under RQ 3-1. 

Research Question 1-2. How each goal characteristic predicts college students’ 

daily emotional well-being in their goal pursuit? 
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I first conducted a hierarchical multiple regression analysis with the same predictors in 

the previous model for the RQ 1 in order to predict mean daily emotional well-being. 

Next, I conducted a multilevel modeling in order to answer RQ 1-2 and RQ 3-2 

simultaneously. See the specific model described under RQ 3-2. 

Research Question 2-1. What are the naturally-occurring profiles of college 

students’ personal academic goal characteristics? 

Since this was the first attempt to examine profiles of students’ goal characteristics, 

predictions are speculative rather than confirmatory. Thus, I took a bottom-up 

exploratory approach (i.e., hierarchical followed by k-means cluster analyses) as 

compared to a top-down confirmatory approach (i.e., latent profile analysis). I performed 

hierarchical cluster analysis followed by k-means cluster analysis (Aldenderfer & 

Blashfield, 1984; Hair, Anderson, Tatham, & Black, 1998) to examine profiles of college 

students’ goal characteristics. Statistically significant goal characteristics from RQ1 and 

RQ2 were used as input variables. Since cluster analysis is sensitive to presence of 

outliers, outliers were treated using winsorizing transformation. After treating outliers, I 

performed a hierarchical cluster analysis using Ward’s linkage and squared Euclidian 

distance. Based on dendnogram and agglomeration schedule coefficients, the numbers of 

profiles were decided for k-mean cluster analysis.  

To determine final number of profiles, I used the following three criteria based on 

the previous person-oriented studies (Hayenga & Corpus, 2010; Vlachopoulos, 

Karageorghis, & Terry, 2000; Wormington et al., 2012): 1) the proportion of explained 

variance in input variables, 2) the number of students in each profile, and 3) concerns of 
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parsimony. First, to examine the proportion of explained variance, I conducted a 

multivariate analysis of variance using profile membership as a predictor and cluster 

inputs (i.e., goal characteristics) as outcome variables to examine if the profile solution 

explained enough variance in input variables. At least fifty percent of overall variance 

explained in input variables was used as one criterion. Second, with respect to the number 

of participants in each profile, I used a threshold of at least twenty students, which was 

10% of the overall sample size. Finally, in terms of concerns of parsimony, I chose the 

smallest number of profiles that met the above criteria.  

Research Question 2-2. Do students with different goal characteristic profiles 

differ in daily time spent toward their personal academic goals? 

After determining the final profile membership, I examined how much time students of 

each profile type spent toward their personal academic goals using an analysis of 

variance. Profile membership was used as a predictor and mean time spent toward their 

goals was used as an outcome variable. Tukey’s HSD tests were used as a post-hoc test 

with alpha level = 0.05. 

Research Question 2-3. Do students with different goal characteristic profiles 

differ in daily emotional well-being in their goal pursuit? 

The similar analysis of variance was employed to answer this research question using 

profile membership as an independent variable and mean daily emotional well-being as 

an outcome variable. Tukey’s HSD tests were used as a post-hoc test with alpha level = 

0.05. 



49 

 

Research Question 3-1. To what extent do daily positive and negative emotions 

predict daily time spent toward personal academic goals on the same day and the next 

day? 

Since daily assessments of time spent, positive emotions, and negative emotions 

were nested within each individual, two-level multilevel modeling, where intercepts were 

allowed to randomly vary, was used to answer this research question. As an estimation 

method, I used maximum likelihood estimation with robust estimates of standard errors 

(REML) using the mixed procedure in IBM SPSS 23. I used COVTYPE(AR1) in order to 

account correlated residual errors in this type of repeated measures data. Standardized 

estimates were computed using the formula provided by Hox, Moerbeek, and van de 

Schoot (2010): β = (b*sdx)/sdy. 

Daily positive and negative emotions on the same day and the previous day were 

used as day-level predictors (level 1 predictors). In order to separate within-person effects 

from between-person effects, daily positive and negative emotions were person-mean 

centered. A day-level covariate was time spent toward their goals one day before the 

outcome was measured (level 1 covariate). This variable was grand-mean centered since 

it was a control variable. In addition, I included person-level positive and negative 

emotions, goal characteristics, demographic background (i.e., sex, race), previous GPA, 

self-control, and social support as student-level covariates (level 2 predictor). Among 

these covariates, continuous variables, including person-level positive and negative 

emotions, GPA, self-control, and social support, were grand-mean centered. Sex and race 

were dummy coded.  
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Research Question 3-2. To what extent does daily time spent predict daily 

positive emotions on the same day and the next day? 

The similar two-level multilevel modeling with random intercepts were used to answer 

this research question. I included positive emotions as a day-level outcome variable. 

Daily time spent toward goals on the same day and the previous day were used as day-

level predictors with person-mean centering. A day-level covariate were positive 

emotions one day before the predictor was measured. Finally, I included the same 

student-level covariates: sex, race, previous GPA, self-control, social support, and 

person-level daily time spent. 

 Research Question 3-3. To what extent does daily time spent predict daily 

negative emotions on the same day and the next day? 

In the similar two sets of two-level multilevel modeling, I included negative emotions as 

a day-level outcome variable. Person-mean centered daily time spent measured on the 

same day and the previous day were used as day-level predictors for each model 

respectively. A day-level covariate were negative emotions one day before the predictor 

was measured. Finally, I included the same student-level covariates. 
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Chapter 4:  Results 

 In this chapter, I summarized the results of descriptive, multiple regression (RQ 

1), cluster (RQ 2), and multilevel regression analyses (RQ 3).  

4.1. DESCRIPTIVE ANALYSES 

 Descriptive statistics for each variable were presented in Table 3 and correlations 

among the variables were shown in Table 4. All outliers (beyond ±3 standard deviations 

from the mean) were treated by Winsorizing to values at 3 standard deviations of the 

mean. Only a few cases were identified as outliers: self-concordance (n = 1), time spent 

toward goals (n = 1), and emotional well-being (n = 2). No other variables had an outlier.  

 Time spent displayed moderate positive skewness, which violated the test of 

normality, Kolmogorov-Smirnov (194) = 0.14, p < .001. Thus, I conducted square-root 

transformation of the variable based on the guidelines from Howell (2007) and 

Tabachinick and Fidell (2007). The transformed variable met the assumption for 

normality, Kolmogorov-Smirnov (194) = 0.06, p = .20. 
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Table 3. Means, standard deviations, minimums, and maximums of continuous variables  

Variable  Mean SD Min. Max. 

Goal characteristics      

Self-concordance  1.03 1.65 -4.50 5.00 

Utility value  3.95 1.91 1.00 7.00 

Difficulty  5.58 1.13 1.00 7.00 

Specificity  6.21 0.82 3.25 7.00 

Dependent variables      

Time spent toward goals (minutes)  92.81 79.56 0.00 393.57 

Positive emotion  3.06 1.25 1.00 7.00 

Negative emotion  2.39 1.17 1.00 6.34 

Emotional well-being  

    (positive – negative emotions) 

 0.67 1.26 -3.12 5.77 

Covariates      

Readiness  5.70 0.87 2.50 7.00 

Self-control  4.31 0.92 1.54 6.54 

Overall social support  5.97 0.97 1.58 7.00 
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Table 4. Correlations among variables 

 Variable 1 2 3 4 5 6 7 8 9 10 11 12 13 

Goal characteristics             

1. Self-concordance 1             

2. Utility value .06 1            

3. Difficulty .14* .28*** 1           

4. Specificity .06 .04 .06 1          

Dependent variables             

5. Time spent .25*** .29*** .17* -.05 1         

6. Positive emotion .30*** .37*** .17* .00 .34*** 1        

7. Negative emotion -.03 .25*** .17* -.11 .18* .46*** 1       

8. Emotional well-being .32*** .14 .00 .10 .17* .55*** -.48*** 1      

Covariates              

9. Readiness .23** .07 -.21** .37*** .04 .13 -.13 .24*** 1     

10. Self-control .20** -.07 -.06 .09 .17* .19** -.14 .32*** .22** 1    

11. Social support .13 .01 -.03 .07 .14* .19** -.04 .21** .14 .26*** 1   

12. GPA .07 -.08 -.00 .08 .06 -.12 -.14 .05 -.10 .11 .10 1  

13. Male -.06 .02 .04 -.01 -.01 .07 .05 .03 .04 -.22** -.23** .05 1 

14. Asian .08 .10 .11 -.14 .00 .06 .14 -.06 -.17* -.13 -.21** -.04 .07 

15. White -.15* -.02 -.16* .15* .07 -.05 -.01 -.03 .02 .01 .26** .17* -.16* 

Note. * p < .05, ** p < .01, *** p < .001  
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4.2. WHICH GOAL CHARACTERISTICS PREDICT TIME SPENT AND EMOTIONAL WELL-

BEING? 

To answer the first two research questions, I conducted two sets of multiple 

regression analyses. For research question 1-1 (to what extent do goal characteristics 

predict college students’ daily time spent toward their personal academic goals?), I 

included the four goal characteristics (i.e., self-concordance, utility value, difficulty, and 

specificity) as independent variables, readiness, self-control, social support, GPA, sex, 

and race as covariates, and time spent toward goals as a dependent variable. For research 

question 1-2 (to what extent do goal characteristic predict college students’ daily 

emotional well-being in their goal pursuit?), I included emotional well-being as a 

dependent variable with the same independent variables and covariates. 

4.2.1. Goal characteristics predict time spent toward goals. The results of 

multiple regression analysis with time spent as a dependent variable are presented in 

Table 5. Adding the four goal characteristics as predictors statistically significantly 

increased the predictability of the regression model, ΔR = 0.16, ΔF (4, 181) = 9.09, p < 

.001. The final regression model explained 21.1% of the variance in time spent, R = 0.46, 

R2 = 0.21, F (11, 181) = 4.41, p < .001. 

Among goal characteristics, only self-concordance and utility value were 

statistically significant predictors for time spent. Both positively predicted time spent, 

indicating that the greater intrinsic and utility value that students perceive, the more time 

they spend working toward achieving their goals. Goal difficulty and specificity failed to 

statistically significantly predict students’ time spent toward personal academic goals. 
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Among covariates, self-control was the only statistically significant predictor. 

Self-control positively predicted college students’ time spent. This result makes sense 

given prior findings noting the positive associations between self-control and academic 

achievement (e.g., Duckworth et al., 2016; Muenks, Wigfield, Yang, & O’Neal, 2017). 

Other control variables including GPA, readiness, social support, sex, and race, were not 

statistically significant. 

Table 5. Results of multiple regression analysis predicting time spent (n = 193)  

Variable b SE β t p VIF 

Covariates       

   Readiness -0.01 0.37 0.00 -0.03 .975 1.51 

   Self-control 0.72 0.32 0.17 2.26 .025 1.22 

   Social support 0.29 0.30 0.07 0.97 .331 1.22 

   GPA -0.06 0.29 -0.01 -0.19 .846 1.11 

   Male 0.31 0.60 0.04 0.51 .608 1.14 

   White 1.17 0.69 0.15 1.69 .092 1.71 

   Asian 0.34 0.72 0.04 0.48 .634 1.57 

Goal characteristics       

   Self-concordance 0.56 0.17 0.23 3.21 .002 1.19 

   Utility value 0.50 0.15 0.24 3.41 .001 1.14 

   Difficulty 0.48 0.26 0.14 1.82 .070 1.26 

   Specificity -0.53 0.36 -0.11 -1.47 .143 1.25 

 

 In order to examine the possibility that goal difficulty and specificity may interact 

with self-concordance and utility value, I conducted additional multiple regression 

analysis involving interaction terms between self-concordance and difficulty, self-

concordance and specificity, utility value and difficulty, and utility value and specificity. 
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The interaction variables were created based on mean-centered variables in order to 

reduce the multicollinearity problem.  

The results of the multiple regression model with these interaction terms are 

presented in Table 6, R = 0.50, R2 = 0.25, F (15, 177) = 3.89, p < .001. Among the four 

interaction variables, the interaction between utility value and goal difficulty was 

statistically significant.  

Table 6. Results of multiple regression analysis with interaction variables predicting time 

spent (n = 193) 

Variable b SE β t p VIF 

Covariates       

   Readiness 0.01 0.37 0.00 0.04 .970 1.54 

   Self-control 0.69 0.32 0.16 2.17 .031 1.24 

   Social support 0.29 0.30 0.07 0.98 .327 1.24 

   GPA 0.00 0.28 0.00 0.02 .986 1.13 

   Male 0.19 0.61 0.02 0.30 .762 1.20 

   White 1.19 0.69 0.15 1.73 .085 1.71 

   Asian 0.32 0.72 0.04 0.44 .658 1.59 

Goal characteristics       

   Self-concordance 0.62 0.18 0.26 3.55 .000 1.24 

   Utility value 0.58 0.15 0.28 3.86 .000 1.23 

   Difficulty 0.30 0.27 0.08 1.10 .275 1.39 

   Specificity -0.49 0.37 -0.10 -1.33 .185 1.32 

Interactions       

   Concordance × difficulty -0.18 0.12 -0.11 -1.49 .139 1.37 

   Concordance × specificity 0.11 0.19 0.04 0.60 .548 1.15 

   Utility × difficulty -0.32 0.12 -0.19 -2.71 .007 1.20 

   Utility × specificity -0.08 0.17 -0.03 -0.45 .653 1.10 
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Figure 1. Interaction between utility value and goal difficulty. High utility value may 

buffer the negative relation between less difficult goals and time spent by enhancing goal 

pursuers’ time spent toward less difficult goals. 

The graph based on average time spent by the top and bottom 25% of utility value 

and goal difficulty illustrates how utility value and goal difficulty may interact in 

predicting time spent (Figure 1). For goals with low utility value, goal difficulty 

positively predicted students’ effort as goal setting theory suggested (e.g., Locke & 

Latham, 2002). However, for goals with high utility value, goal difficulty no longer 

seemed to play a critical role. Regardless of goal difficulty, college students spent 

significant amount of time toward achieving their goals that may bring high utility values 

to them.   

4.2.2. Goal characteristics predict emotional well-being. The results of 

multiple regression analysis with emotional well-being as a dependent variable are 

presented in Table 7. Including the four goal characteristics to the regression model, in 

addition to covariates, statistically significantly increased the predictability of the 
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regression model, ΔR = 0.07, ΔF (4, 181) = 4.00, p = .004. The final regression model 

explained 23.1% of the variance in emotional well-being, R = 0.48, R2 = 0.23, F (11, 181) 

= 4.95, p < .001. 

 Similar to the results on time spent, self-concordance and utility value were the 

only goal characteristics that statistically significantly predicted emotional well-being. 

This result suggests that the greater intrinsic and utility value students perceive, the more 

positive emotions, as compared to negative ones, they experience. Goal difficulty and 

specificity failed to statistically significantly predict students’ emotional well-being 

during goal pursuit. Among covariates, self-control was the only statistically significant 

positive predictor. 

Table 7. Results of multiple regression analysis predicting emotional well-being (n = 

193)   

Variable b SE β t p VIF 

Covariates       

   Readiness 0.10 0.12 0.07 0.85 .395 1.51 

   Self-control 0.33 0.10 0.24 3.33 .001 1.22 

   Social support 0.18 0.09 0.14 1.95 .053 1.22 

   GPA -0.04 0.09 -0.03 -0.44 .659 1.11 

   Male 0.30 0.19 0.11 1.59 .113 1.14 

   White -0.15 0.22 -0.06 -0.69 .493 1.71 

   Asian -0.16 0.22 -0.06 -0.71 .482 1.57 

Goal characteristics       

   Self-concordance 0.18 0.05 0.24 3.37 .001 1.19 

   Utility value 0.10 0.05 0.15 2.13 .035 1.14 

   Difficulty -0.05 0.08 -0.04 -0.61 .542 1.26 

   Specificity 0.06 0.11 0.04 0.52 .604 1.25 
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 Before concluding that difficulty and specificity do not play a role in college 

students’ goal striving, I conducted additional multiple regression analysis to examine if 

difficulty and specificity may interact with self-concordance and utility value in 

predicting emotional well-being. The results showed that there is no statistically 

significant interaction among goal characteristics (Table 8). 

Table 8.  Results of multiple regression analysis with interaction variables predicting 

emotional well-being (n = 193) 

Variable b SE β t p VIF 

Covariates       

   Readiness 0.10 0.12 0.07 0.83 .406 1.54 

   Self-control 0.34 0.10 0.25 3.43 .001 1.24 

   Social support 0.17 0.09 0.13 1.85 .066 1.24 

   GPA -0.05 0.09 -0.04 -0.56 .579 1.13 

   Male 0.34 0.19 0.13 1.78 .077 1.20 

   White -0.16 0.22 -0.06 -0.74 .463 1.71 

   Asian -0.13 0.23 -0.05 -0.58 .564 1.59 

Goal characteristics       

   Self-concordance 0.17 0.06 0.22 3.11 .002 1.24 

   Utility value 0.08 0.05 0.12 1.69 .092 1.23 

   Difficulty -0.02 0.09 -0.02 -0.25 .806 1.39 

   Specificity 0.08 0.11 0.05 0.71 .478 1.32 

Interactions       

   Concordance × difficulty 0.02 0.04 0.03 0.43 .669 1.37 

   Concordance × specificity -0.04 0.06 -0.05 -0.77 .444 1.15 

   Utility × difficulty 0.06 0.04 0.12 1.66 .099 1.20 

   Utility × specificity 0.08 0.05 0.10 1.52 .129 1.10 
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4.3. WHICH GOAL PROFILES DISPLAY THE MOST ADAPTIVE GOAL STRIVING PATTERN? 

 In this section, I summarized the results of person-oriented analyses. To answer 

the research question 2-1 (what are the naturally-occurring profiles of college students’ 

personal academic goal characteristics?), I conducted a hierarchical cluster analysis 

followed by a K-mean cluster analysis using the two statistically significant goal 

characteristics, namely self-concordance and utility value, as input variables. After 

creating goal profiles using cluster analyses, I conducted two sets of analysis of variance 

to examine differences in time spent (RQ 2-2) and emotional well-being (RQ2-3) across 

goal profiles.  

 4.3.1. Goal profiles. In order to determine the number of profiles, I first 

conducted a hierarchical cluster analysis using self-concordance and utility value as input 

variables. The dednogram (Figure 2) indicates that two, four, or nine clusters can be 

identified with the data. The result of the agglomeration schedule (Table 9) indicates that 

significant increase in heterogeneity within clusters appears when the number of clusters 

becomes four from three and two from one, suggesting that a four- or two-cluster solution 

would fit the data. The four clusters would have profiles with theoretically meaningful 

and compelling combinations of self-concordance and utility value as compared to simple 

two clusters. Thus, I proceeded to k-mean cluster analysis with a four-cluster solution to 

examine if the four-cluster solution meets the pre-established criteria (see Section 3.4). 
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Figure 2. Dendrogram using Ward linkage suggests that two- or four-profile solution 

may fit the data. 
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Table 9. Agglomeration schedule suggests that heterogeneity within clusters significantly 

increase at the step when four clusters are merged into three. 

Cluster size Coefficient Δ Coefficient  

from the previous step 

9 56.65 5.77 

8 64.61 7.96 

7 72.85 8.23 

6 82.72 9.88 

5 99.37 16.65 

4 119.34 19.96 

3 171.45 52.11 

2 236.22 64.77 

1 384.78 148.56 

 

 The results of k-mean cluster analysis with a four-cluster solution are presented in 

Figure 2 and Table 8. The four-cluster solution explained 66.7% of the variance in self-

concordance and 76.9% of the variance in utility value, which are beyond the threshold 

(i.e. 50%). The smallest number of students in each profile also exceeded the pre-

established criteria (> 10). Finally, the four-cluster solution identified profiles with 

combinations of varying levels of self-concordance and utility value. 
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Figure 3. Z-scores on self-concordance and utility value scores by each profile. Both-

high = High in both self-concordance and utility value profile (n = 60); High-

concordance = High self-concordance and low utility value profile (n = 67); High-utility 

= High utility value and low self-concordance profile (n = 33); Both-low = Low in both 

self-concordance and utility value profile (n = 34) 

The first profile was labeled the Both-high profile (n = 60, 30.93%) and had high 

levels of self-concordance and utility value. The second, largest profile, was labeled the 

High-concordance profile (n = 67, 34.5%) and reported a high level of self-concordance 

and a low level of utility value. The third, smallest profile, was labeled the High-utility 

profile (n = 33, 17.01%) and had a low level of self-concordance and a high level of 

utility value. Finally, the last profile was labeled the Both-low profile (n = 34, 17.53%) 

and displayed low levels of self-concordance as well as utility value.  

In terms of self-concordance, the analysis of variance and post-hoc Tukey HSD 

tests showed statistically significant difference across all profiles (Table 10). The Both-
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high profile demonstrated the highest level of self-concordance, followed by the High-

concordance profile, p = .0182, the High-utility profile, p < .001, and the Both-low 

profile, p = .002. Regarding utility value, the High-utility profile displayed the highest 

level of utility value, followed by the Both-high profile, p = 0.008. The High-

concordance and the Both-low profiles showed the lowest levels of utility value with no 

statistical difference from one another, p = .249. 

                                                 
2 P-values in this sentence are about the differences between the present and the aforementioned profile. 
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Table 10. Self-concordance, utility value, time spent, and emotional well-being by each profile (n = 194) 

Variable Both-high High-concordance High-utility Both-low    F ηp
2 

   n 60 67 33 34    

Input variable       

Concordance 2.24a (1.00) 1.74b (0.84) -0.33c (1.04) -1.19d (1.01)  126.75*** 0.67 

Utility value 5.44a (0.94) 2.25b (0.88) 6.09c  (0.91) 2.61b (0.99)  210.94*** 0.77 

Dependent variable       

Time spent 10.09a (4.10) 8.21bc (3.47) 9.67ab (4.23) 6.44c (3.26)  7.51*** 0.11 

Emotional  

   well-being 
0.98a (1.37) 0.75a (1.00) 0.48ab (1.31) 0.04b (0.95)  5.07** 0.07 

Note. Standard deviations follow means in parentheses; Means within a row with non-common subscripts were statistically 

significantly different using Tukey post-hoc tests (p < .05).  

**p < .01. ***p < .001. 
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4.3.2. Goal profiles predict time spent. After creating the four profiles, I 

conducted an one-way analysis of variance to examine how these profiles predict college 

students’ daily time spent toward academic goals. The results indicated a statistically 

significant difference in time spent across the profiles (see Table 10). Post-hoc Tukey 

HSD tests indicated that the Both-high and the High-utility profiles reported the most 

time spent toward their goals with no statistical difference from one another, p = .95. The 

High-concordance profile reported the next highest time spent. The time spent by the 

High-concordance profile was statistically significantly lower than the time spent by the 

Both-high profile, p = .029, but was not different from the time spent by the High-utility 

profile, p = .248. Lastly, the Both-low profile reported the lowest time spent toward their 

goals among all profiles (see Figure 4). The time spent by the Both-low profile was 

statistically lower than the time spent by the Both-high profile, p < .001, and the High-

utility profile, p = .002. The time spent by the Both-low profile, however, was not 

statistically different from the High-concordance profile, p = .142. 
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Figure 4. Z-scores on daily time spent and daily emotional well-being by profile. 

  4.3.3. Goal profiles predict emotional well-being. The results of an analysis of 

variance indicate a statistically significant difference in students’ emotional well-being 

across the four profiles (see Table 10). Follow-up post-hoc Tukey HSD tests showed that 

the Both-high profile, p = .001, and the High-self-concordance profile, p = .022, 

displayed statistically significant higher emotional well-being than the Both-low profile. 

The High-utility profile, however, reported a similar level of emotional well-being to the 

Both-low profile, p = .405. 
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4.4. DO DAILY POSITIVE AND NEGATIVE EMOTIONS PREDICT DAILY TIME SPENT? 

 In the following sections, I examined reciprocal relations among the two daily 

variables—time spent and emotions—by utilizing multilevel regression analyses after 

controlling for the effects of characteristics of goal pursuers and their goals (RQ 3-1 & 

RQ 3-2). I included each predictor measured on the same day and the previous day. Daily 

emotions were separated into positive and negative emotions in order to scrutinize 

predictability of each emotional valence.  

The results of multilevel regression analysis are presented in Table 11. The results 

showed that daily positive emotions predicted college students’ daily time spent on the 

same day in a positive direction. That is, on a day students feel enthusiastic, interested, 

determined, excited, and inspired regarding their goals they spend more time working 

toward their goals in comparison to the prior day. Interestingly, experiencing negative 

emotions, such as feeling scared, afraid, upset, distressed, or jittery, was also linked to 

increased time spent on the same day in comparison to the prior day. A previous study, in 

fact, suggested that negative emotions may lead goal pursuers to spend more effort in 

order to modify the current situation (Gross & Thompson, 2007). 

In addition, positive emotions negatively predicted time spent on the next day 

whereas negative emotions did not statistically significantly predict it. This result 

indicates that students decreased their time spent when they felt positive about their goals 

on a previous day. This finding may seem counterintuitive, but several researchers have 

also proposed similar ideas. These researchers suggested that positive emotions may lead 

goal pursuers to spend less effort in their goal pursuit since the current progress is 
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satisfying to them (i.e., coasting; Carver & Scheier, 2008). This idea was discussed in 

more detail in Chapter 5. Aggregated positive and negative emotions, which represent 

person-level emotions, were not statistically significant.  

Among four goal characteristics, only utility value statistically significantly 

predicted students daily time spent toward their personal academic goals. Among goal 

pursuers’ characteristics, only self-control was a marginally significant predictor. No 

other covariates, including sex, race, previous GPA, readiness, and social support, 

statistically significantly predicted students’ daily time spent toward their academic 

goals. 
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Table 11. The results of multilevel regression predicting daily time spent 

Predictor b SE β t p 

   Intercept 96.07 29.31  3.28 .002 

Goal pursuers’ characteristics (Person-level)      

   Readiness  0.63 4.41 0.00 0.14 .887 

   Self-control 7.37 3.93 0.05 1.87 .067 

   Social support 1.93 3.55 0.01 0.54 .590 

   GPA 2.92 3.49 0.02 0.84 .407 

   Male -8.99 7.28 -0.03 -1.24 .223 

   White  11.95 8.22 0.04 1.45 .153 

   Asian 4.76 8.55 0.02 0.56 .580 

Goal characteristics (Person-level)      

   Self-concordance 3.41 2.14 0.04 1.59 .118 

   Utility value 4.89 1.86 0.07 2.62 .012 

   Difficulty 3.01 3.09 0.02 0.97 .335 

   Specificity -6.34 4.26 -0.04 -1.49 .144 

Emotions (Person & Day-level)      

   Person-level average positive emotion 4.21 3.42 0.04 1.23 .225 

   Person-level average negative emotion 2.75 3.27 0.02 0.84 .404 

   Same-day positive emotion 35.03 1.76 0.33 19.95 .000 

   Same-day negative emotion 15.57 2.47 0.11 6.30 .000 

    Prior-day positive emotion -15.95 1.87 -0.15 -8.54 .000 

    Prior-day negative emotion -4.57 2.50 -0.03 -1.82 .068 

Prior-day time spent (Day-level) 0.46 0.02 0.46 24.25 .000 

Random effects      

   Day variance (AR1 diagonal) 9904.39 362.87    

   Day correlation (AR1 rho) -0.12 0.05    

   Person variance 1130.56 356.59    
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4.5. DO DAILY TIME SPENT PREDICT POSITIVE EMOTIONS? 

Students’ daily time spent statistically significantly predicted positive emotions 

(Table 12). On days students spent more time working toward their goals, they also 

experienced an increase in positive emotions relative to the prior day. The daily time 

spent on the same day was a stronger predictor than the prior-day’s and aggregated 

person-level time spent in predicting students’ experience of positive emotions.  

Students’ time spent toward their goals statistically significantly predicted their 

positive emotions on the next day in a negative direction. That is, spending time toward 

achieving goals and thereby making goal progress, increases positive emotions on the 

same day, but these increased positive emotions eventually decrease on the next day. This 

result resonates with emotional homeostasis suggested in neuroscientific research (Marco 

& Viveros, 2009). The aggregated person-level time spent, which indicate students’ 

average time spent toward their goals across fourteen days, positively predicted students’ 

positive emotions.  

 Among goal characteristics, both self-concordance and utility value predicted 

students’ positive emotions toward their goals, which replicated the earlier findings based 

on multiple regression analysis (see Section 4.2) and cluster analyses (see Section 4.3). 

Among other covariates, students’ self-control, prior GPA, sex, and the lagged positive 

emotion were statistically significant predictors. Students with stronger self-control 

reported experience of greater positive emotions while pursuing their goals. Interestingly, 

students’ prior GPA was negatively related to positive emotions. Finally, male students 

also tended to report lower levels of positive emotions than female students. 
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Table 12. The results of multilevel regression predicting daily positive emotions 

Predictor  b SE β t p 

   Intercept  2.26 0.52  4.33 .000 

Goal pursuers’ characteristics (Person-level)       

   Readiness   -0.02 0.08 -0.01 -0.24 .811 

   Self-control  0.15 0.07 0.08 2.20 .034 

   Social support  0.12 0.06 0.07 1.98 .054 

   GPA  -0.17 0.06 -0.09 -2.77 .008 

   Male  -0.31 0.13 -0.08 -2.44 .019 

   White   0.09 0.15 0.03 0.62 .537 

   Asian  0.11 0.15 0.03 0.71 .485 

Goal characteristics (Person-level)       

   Self-concordance  0.12 0.04 0.11 3.20 .003 

   Utility value  0.13 0.03 0.14 3.95 .000 

   Difficulty  0.04 0.05 0.02 0.65 .523 

   Specificity  -0.01 0.08 -0.01 -0.18 .859 

Time spent toward goals (Person & Day-level)       

   Person-level average time spent  0.00 0.00 0.08 2.29 .028 

   Same-day time spent  0.01 0.00 0.32 22.79 .000 

   Prior-day time spent  0.00 0.00 -0.08 -5.23 .000 

Prior-day positive emotion (Day-level)  0.32 0.02 0.31 15.59 .000 

Random effects       

   Day variance (AR1 diagonal)  1.38 0.05    

   Day correlation (AR1 rho)  -0.12 0.07    

   Person variance  0.48 0.12    
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4.6. DO DAILY TIME SPENT PREDICT NEGATIVE EMOTIONS? 

Students’ daily time spent statistically significantly predicted their negative 

emotions on the same day (Table 13). In other words, on the day students spend more 

time working toward their academic goals, they also experienced an increase in negative 

emotions relative to the prior day. Students’ time spent did not statistically significantly 

predicted negative emotions on the next day. This result suggests that college students’ 

time spent toward their academic goals does not lead them to feel more or less negative 

emotions on the next day. 

The aggregated person-level time spent was not statistically significant predictor 

for students’ daily negative emotions. Except for the lagged variable, no other variables 

were statistically significant. Utility value was marginally significant in predicting 

students’ negative emotions in a positive direction.  
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Table 13. The results of multilevel regression predicting daily negative emotions 

Predictor  b SE β t p 

   Intercept  2.09 0.33  6.35 .000 

Goal pursuers’ characteristics (Person-level)       

   Readiness   -0.04 0.05 -0.02 -0.86 .393 

   Self-control  -0.04 0.04 -0.03 -0.95 .345 

   Social support  0.02 0.04 0.01 0.55 .587 

   GPA  -0.05 0.04 -0.04 -1.43 .161 

   Male  -0.08 0.08 -0.03 -1.06 .296 

   White   0.13 0.09 0.04 1.39 .172 

   Asian  0.13 0.10 0.04 1.33 .190 

Goal characteristics (Person-level)       

   Self-concordance  0.00 0.02 0.00 -0.18 .857 

   Utility value  0.03 0.02 0.04 1.72 .092 

   Difficulty  0.04 0.03 0.03 1.15 .255 

   Specificity  -0.03 0.05 -0.02 -0.67 .509 

Time spent toward goals (Person & Day-level)       

   Person-level average time spent  0.00 0.00 0.04 1.51 .139 

   Same-day time spent  0.00 0.00 0.12 9.32 .000 

   Prior-day time spent  0.00 0.00 -0.03 -1.88 .060 

Prior-day negative emotion (Day-level)  0.58 0.02 0.69 33.92 .000 

Random effects       

   Day variance (AR1 diagonal)  0.84 0.03    

   Day correlation (AR1 rho)  -0.19 0.04    

   Person variance  0.18 0.05    
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Chapter 5:  Discussion 

 In this final chapter, I summarized the key findings for each research question and 

discussed implications and limitations. Broadly speaking, my dissertation examined how 

diverse goal characteristics, including self-concordance (or intrinsic value), utility value, 

difficulty, and specificity, predict college students’ daily time spent toward their goals as 

well as their emotional well-being during their goal pursuit. I scrutinized this research 

agenda through both variable- (RQ1) and person-oriented approaches (RQ2). Finally, I 

also investigated the reciprocal relations between time spent toward goals and the 

experience of positive and negative emotions during goal pursuit on a daily basis (RQ3). 

Ultimately, I intended to further goal-setting theory in the context of college students’ 

daily goal striving by revealing adaptive goal characteristics college students may need to 

consider as they set and pursue their own personal academic goals. 

5.1. RESEARCH QUESTION 1 

 The first group of research questions was intended to examine to what extent goal 

characteristics predict college students’ daily time spent toward their goals and emotional 

well-being using a variable-oriented approach. Two key goal characteristics emerged: 

self-concordance and utility value. These two goal characteristics predicted students’ 

daily time spent and daily emotional well-being in their goal striving even after 

controlling for students’ previous GPA, goal readiness, self-control, perception of social 

support, and other demographic attributes. In contrast, goal difficulty and specificity, 

failed to predict these daily outcomes.  
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This finding seemed to be counterintuitive considering the strong argument 

provided by goal-setting theorists on the effects of goal difficulty (Loke & Latham, 1990; 

Locke & Latham, 2002). Several previous studies, however, particularly those conducted 

in field settings have also reported no effects of goal difficulty and specificity on 

behavioral outcomes such as effort and performance (e.g., Locke et al., 1989; Yearta et 

al., 1995).  

There are several possible explanations for these seemingly counterintuitive 

findings. First, this result may be due in part to the short period of data collection of this 

dissertation. I collected the daily data for only two weeks. Two weeks are not close to a 

semester, which is a typical academic cycle. In the context of a semester where students 

may increase their effort as the semester continues, it may take a longer period for the 

effects of goal difficulty and specificity to be observed. This explanation, however, does 

not clarify why self-concordance and utility value statistically significantly predicted the 

daily outcomes over the same two weeks.  

Another possible interpretation is that the range of college students’ goal 

difficulty and specificity were limited in this data. For example, maybe a majority of 

college students have a goal of receiving a GPA of A- or B+ with low variability in 

difficulty. It is indeed hard to imagine that many students consider getting the lowest 

passing grade, such as D-, as their academic goal for the semester. In other words, this 

limited range of goal difficulty in this dissertation may cause the insignificant statistical 

outputs with regard to goal difficulty. Therefore, researchers may find significant effects 
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of goal difficulty on effort if they compare goals with greater range, such as getting a 

post-baccalaureate degree vs. middle school graduation degree.  

Another plausible explanation may be that goal difficulty and specificity in this 

dissertation, as well as other field studies, are not the same as the traditional goal 

difficulty and specificity that have been manipulated in lab settings. I measured goal 

difficulty and specificity based on students’ own reports. Other field studies also 

measured goal difficulty using goal pursuers’ or their supervisors’ ratings (e.g., Earley, 

Lee, & Hanson, 1990; Yearta et al., 1995). These measures of goal difficulty may be 

confounded with self-efficacy of goal pursuers or expectancy from supervisors. In 

contrast, experimental studies tested effects of objective goal difficulty; many lab studies 

have operationalized goal difficulty based on objective criteria (e.g., perform 100% vs. 

130% of the previous achievement, Das & Shikdar, 1989) rather than goal pursers’ 

subjective perceptions. This possibility suggests that future investigations may need to 

include both subjective and objective goal difficulty. 

Beside all these measurement concerns about goal difficulty and specificity, I 

found the present findings still intriguing. When considering psychological perceptions 

about goals, the key results of my dissertation suggest that goal pursuers’ perceived goal 

difficulty and specificity do not matter as much as their perceived intrinsic and utility 

value. College students experience more positive emotions than negative emotions when 

they purse goals that they perceive to be interesting and in line with their core values (i.e., 

self-concordance). Students also spend more time working toward goals that they 

perceive to be beneficial (i.e., utility value). It did not matter much whether they perceive 
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their goals to be difficult, easy, specific, or vague. Therefore, the key to promoting 

students’ effort and well-being in goal pursuit may be to help them to realize the intrinsic 

and utility values of their goals. 

Finally, it is notable that the two statistically significant goal characteristics, 

namely self-concordance and utility value, predicted daily time spent and emotional well-

being to a different extent. While self-concordance was a stronger predictor for emotional 

well-being, utility value was a stronger predictor for time spent toward goals. Cole and 

his colleagues (2008) reported similar findings, noting that students’ perceived usefulness 

(i.e., utility value) was a stronger predictor of effort toward mathematics than interest 

(i.e., intrinsic value). This idea is in line with the theoretical proposition of the self-

concordance model (Sheldon & Elliot, 1999). The self-concordance model proposed that 

the major outcome of goal self-concordance was psychological well-being rather than 

effort or achievement. That is, self-concordance may increase goal pursuers’ happiness 

while utility value may increase goal pursuers’ effort more effectively. 

Later multilevel regression analyses, which included positive and negative 

emotions independently (Section 4.4 - 4.6) provided a clear picture about the relations 

among self-concordance, utility value, and emotions. The results demonstrated that self-

concordance had statistically significant relations only with positive emotions but not 

with negative emotions. Utility value, in contrast, had positive associations with both 

positive and negative emotions. In other words, as students perceive high utility value 

toward their goals, they experience heightened negative emotions, which negate the 

benefits of enhanced positive emotions on overall emotional well-being.  
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Goals with high intrinsic value, by their definition, enable goal pursuers to 

experience fulfillment and enjoyment in the process of pursuing the goals. Goals with 

high utility value, however, have different emotional consequences depending on whether 

the goals are achieved or not. Students who pursue goals with high utility value are 

probably aware of not only positive outcomes when accomplishing their goals (e.g., pride 

in graduating with honors) but also negative consequences when failing to reach their 

goals (e.g., disappointment due to not getting accepted to a prestigious graduate school.) 

In previous studies, students reported simultaneous experience of positive and negative 

emotions toward high-stake achievement tasks (Folkman & Lazarus, 1985; Smith & 

Ellsworth, 1987; Pekrun, 2006). The results suggest that realizing both intrinsic (i.e., self-

concordance) and utility value is important for students to pursue their academic goals 

with greater psychological well-being and persistent effort  

5.2. RESEARCH QUESTION 2 

 The second group of research questions was designed to examine how key goal 

characteristics predict different profiles of students with varying time spent and 

emotional well-being by utilizing a person-oriented approach. To answer these research 

questions, I first created four profiles with varying levels of self-concordance and utility 

value, which were subsequently named as the Both-high, the High-concordance, the 

High-utility, and the Both-low profiles.  

The profile with the largest sample size was the High-concordance profile, which 

consists of students who perceive high self-concordance and low utility value toward 

their goals. The profile with the fewest students was the High-utility profile, which 
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reported high utility value but low self-concordance. These profile sizes inform us that 

many college students, but not all of them, pursue goals that are in line with their core 

values rather than those with only utility benefits. In the original research that suggested 

self-concordance model (Sheldon & Elliot, 1999), the average level of self-concordance 

among 169 college students were 3.89 (SD = 3.47), which was higher than the present 

research (M = 1.03, SD = 1.65, see Section 4.1). Other studies also reported the average 

of 2.16 (SD = 4.90; Koestner et al., 2002, study 1), which is closer to the average in this 

dissertation. Regardless of the differences among these averages across studies, one 

commonality is that the average is positive, indicating students pursue goals for more 

intrinsic reasons than extrinsic reasons. In addition, the current dissertation further 

suggests that college students’ intrinsic reasons for pursuing their goals may be greater 

than utility reasons.  

Profiles with high utility values, namely the Both-high and the High-utility 

profiles, reported greater time spent toward their goals than the Both-low profile. The 

profile with low levels of utility value (i.e., the High-concordance profile), in contrast, 

reported similar levels of time spent toward their goals to that of the Both-low profile. 

Profiles with high levels of self-concordance, namely the Both-high and the High-

concordance, reported higher emotional well-being than the Both-low profile. The profile 

with low levels of self-concordance (i.e., the High-utility profile), however, reported 

similar levels of emotional well-being to those of the Both-low profile. These results 

indicate that self-concordance and utility value of goals may have unique strength in 
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predicting distinct outcomes. Specifically, self-concordance may be strongly related to 

emotional well-being while utility value may be closely related to behavioral effort.  

As expected, the Both-high profile, which reported the highest self-concordance 

and utility value, demonstrated the most adaptive goal striving pattern by showing the 

most time spent and the greatest emotional well-being among all profiles. Conversely, the 

Both-low profile, which displayed the lowest self-concordance and utility value, reported 

the least time spent toward their goals and experienced the lowest emotional well-being. 

Similar to the earlier findings from the variable-oriented approach, this result suggested 

the importance of perceiving both self-concordance and utility value (i.e., the Both-high 

profile). 

5.3. RESEARCH QUESTION 3 

 The third group of research questions was designed to investigate the reciprocal 

relations among daily variables, namely daily time spent, positive emotions, and negative 

emotions. Four major findings emerged.  

First, students’ experience of positive emotions positively predicted their time 

spent toward academic goals on the same day. Interestingly, positive emotions negatively 

predicted their time spent on the next day. These results reveal a fascinating behavior of 

goal pursuers. Goal pursuers spend more time working toward their goals on the day they 

feel positively about their goals. Feeling positive emotions provide motivational 

incentives to students to continue their engagement at that moment. As they experienced 

greater positive emotions, however, they spend less time on the next day. This evidence 

may support Carver and Scheier’s model of simultaneous regulation of action and affect 
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(Carver & Scheier, 2008). These researchers assert that “feelings rise when things are 

going better than they need to” and individuals who “exceed the criterion rate of progress 

(and who thus have positive feelings) will automatically tend to reduce subsequent effort 

in this domain” (p. 314). Carver and Scheier (2008) further elaborate that positive 

feelings may signal to pursuers that “a threat has dissipated” and the goal “no longer 

requires as much attention as it did” so goal pursuers can decrease the priority of the goal. 

Carver and Scheier (2008) called this phenomenon “coasting” (p. 314). As the 

researchers theorized, I found that when students experienced positive emotions, they 

slowed down the progress of goal pursuit, so that the subsequent rate of progress returns 

to the criterion.  

Second, negative emotions, such as feeling scared, afraid, upset, distressed, 

jittery, and nervous, positively predicted students’ time spent toward academic goals on 

the same (but not on the next day.) Carver and Scheier (2008)’s model describes this 

phenomenon as they did coasting behaviors. According to the researchers, when goal 

pursuers experience negative emotions, it signals them to increase the rate of progress 

because the current rate is below the criteria, resulting in greater effort. Gross and 

Thompson (2007) also explain that individuals modify their situations (e.g., putting in 

more effort to change the situation) to regulate their negative emotions. Similar to these 

theoretical suggestions, the results of this dissertation indicate that negative emotions lead 

college students to spend more time working toward their goals on the same day. 

This positive relation between daily negative emotions and daily effort, however, 

may not directly link to positive relations between long-term negative emotions and long-
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term effort. I measured students’ negative emotion experienced on a particular day 

specifically toward their goals rather than persistent negative emotions toward a broad 

subject such as mathematics. Temporal experience of negative emotions may function as 

a motivator for a short period as the current dissertation revealed, but chronic negative 

emotions may function as a demotivator as previous traditional longitudinal studies have 

reported (Pekrun et al., 2002a, for summary). This issue, cornering the effects of temporal 

versus chronic negative emotions, will need to be scrutinized in future daily longitudinal 

research with a longer duration such as six to ten weeks.   

Third, students’ time spent toward their goals positively predicted their feelings of 

positive emotions both on the same and the next day. This result intuitively makes sense. 

Individuals receive positive internal feedback when they make progress toward their 

goals by spending more time, which would lead them to experience positive emotions. 

Prior studies have also reported the link between making progress toward goals and 

feeling positive emotions, particularly using diary methodology (e.g., Harris et al., 2003; 

Holman et al., 2005; Hoppmann & Klumb, 2006).   

Fourth, time spent toward academic goals positively predicted students’ feelings 

of negative emotion on the same day (but not on the next day). It is possible that working 

toward goals provides the opportunity to experience both positive and negative emotions 

as opposed to being affectless. Students may feel simultaneously positive about making 

progress and negative about encountering new challenges while working toward their 

goals. In fact, Siegrist (1996) reported that high-effort but low-reward conditions 

predicted cardiovascular events among blue-collar workers. The greater effort does not 
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always lead to progress that exceeds criteria. When individuals meet substantial 

hindrances and see insufficient progress, even with time spent, they may feel stressed, 

anxious, and nervous. This explanation suggests that future research may need to 

examine the moderating roles of goal progress in the relations between effort and 

negative emotions. 

5.4. LIMITATIONS AND SUGGESTIONS TO FUTURE RESEARCH 

 Causal interpretation of the present findings should be limited as they are based 

on correlational data. In order to strength causal interpretation, I included dependent 

variables measured on a previous day as covariates in the multilevel regression analyses 

(i.e, lagged variable; Section 4.4 – 4.6). In addition, it may make more sense to assume 

that goal characteristics impact students’ effort and emotions rather than vice versa. 

However, covariates and logical sense do not guarantee predictors function as causes. 

Therefore, strong causal interpretation of the current findings should be restrained before 

similar additional evidence accumulates in literature. 

 Another limitation of this dissertation is the short duration of data collection. I 

collected data for two weeks. Although one- or two-week is the most common duration 

for diary research in the extant literature (e.g., one week: Cantor et al., 1991; English, 

Lee, John, & Gross, 2016; König et al., 2010; Presseau et al., 2013; two weeks: Bipp et 

al., 2015; Fleeson & Cantor, 1995; Goetz et al., 2016; Harris et al., 2003; Sheldon, Ryan, 

& Reis, 1996), it is not a long enough period to meaningfully examine trends of 

fluctuating effort and emotions. Changes of students’ effort and emotions may have a 

meaningful trend over the course of fifteen weeks within a semester. Schallert, Reed, and 
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Turner (2004) described that “one of the loveliest things about academia is the rhythm of 

the school year. … With the start of each semester, students feel an optimistic rush of 

new beginnings, a feeling that all will be well … As the semester or year unfolds, reality 

may dampen those optimistic expectations.” This description illustrates that students’ 

effort and emotions may fluctuate in a meaningful trend in each semester. Future daily 

longitudinal research with duration of six or longer weeks will be suitable to 

meaningfully capture the trend of students’ fluctuating effort and emotions. 

 I measured goal difficulty and specificity through students’ self-reports. Although 

it is a frequent method to assess these two constructs in field studies (e.g., Earley et al., 

1990; Yearta et al., 1995), what these measures represent are not the same as those 

manipulated in laboratory settings. As previously mentioned, studies in laboratory 

settings often manipulated goal difficulty and specificity based on objective criteria (e.g., 

perform 100% vs. 130% of the previous achievement, Das & Shikdar, 1989). The 

discrepancies between one’s own perceptions and objective evaluations have been 

reported in the psychology literature (e.g., Vazire, 2010; Wilson, 2009). A student, for 

instance, may perceive getting an A- to be an easy goal while others consider the goal to 

be extremely difficult. It is uncertain whether goal difficulty and specificity based on 

objective criteria significantly predict students’ effort and emotional well-being. Thus, 

future research may need to replicate the current findings using not only students’ 

perceptions of difficulty and specificity, but also difficulty and specificity measured on 

objective criteria.  



86 

 

 There is another self-report measurement issues regarding self-concordance. 

Individuals are often unable to provide accurate information about themselves when the 

questions are related to sensitive domains that easily induce an ego-defensive system. 

Self-reported responses to these questions tend to be systematically biased toward 

respondents’ preconceptions of what is socially acceptable (Fisher, 1993). Although there 

have been multiple reports of relatively low and insignificant correlation between similar 

constructs (e.g., intrinsic goals, intrinsic motivation) and social desirability (r = 0.19, 

Kasser & Ryan, 1996; insignificant correlation, Gottfried, 1990), no direct evidence 

concerning self-concordance and social desirability has been reported in the extant 

literature. Future research may need to examine social desirability bias when measuring 

self-concordance of goals. 

 Finally, it is important to note that the negative emotions included in this 

dissertation are all high-arousal emotions, such as anxiety, rather than low-arousal 

emotions, such as boredom. High-arousal emotions may function differently from low-

arousal emotion even though their valence (i.e., positive vs. negative) is the same. For 

example, Pekrun and his colleagues (2002a) reported that the negative correlations 

between negative emotion and effort were significantly greater for low-arousal 

emotions—boredom (r = -0.50)—than high-arousal emotions—anxiety (r = -0.19). In 

addition, Baker and his colleagues (2010) demonstrated that boredom (i.e., low-arousal 

negative emotion) was associated with poor learning and problem behaviors while 

frustration (i.e., high-arousal negative emotion) was less associated with these 

maladaptive outcomes. This evidence suggests that only high-arousal negative emotions, 
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but not low-arousal negative emotions, may lead students to spend more time working 

toward academic goals. Future research may need to examine this moderating role of 

arousal levels in the relations between negative emotions and time spent.   

5.5. IMPLICATIONS TO GOAL-SETTING RESEARCH AND PRACTICE 

 Despite these limitations, this dissertation has several important theoretical and 

practical contributions. First, the present results informed researchers and educators about 

the critical goal characteristics that may effectively enhance students’ daily effort and 

emotional well-being during their academic goal pursuit. These goal characteristics are 

self-concordance and utility value. This finding is especially robust as the evidence was 

consistent using both variable- and person-oriented analyses and after controlling for the 

characteristics of goals (i.e., difficulty, specificity), goal pursuers (i.e., sex, race, prior 

GPA, readiness, self-control, social support), and prior day’s effort and emotions.  

Second, another meaningful finding of this dissertation was that positive emotions 

led to less time spent toward goals on the next day. This coasting behavior after 

experiencing positive emotions (Carver & Scheier, 2008) was theoretically discussed, but 

rarely reported in previous empirical studies. Daily longitudinal design, due to its short 

interval between time points, has an advantage in capturing temporal disengagement from 

goal striving (i.e., coasting). This finding advises goal pursuers to be aware that they 

would be less likely to spend time working toward their goals once they feel positively 

about the goal progress that they made. For researchers, it would be interesting to 

examine if high achieving students tend to have a shorter duration of coasting than 

underachieving students. 
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Third, the findings of this dissertation advise educators that negative emotions are 

not necessarily maladaptive, particularly when they are high-arousal emotions. The result 

of this dissertation showed that negative emotions were linked to greater time spent 

toward goals on the same day and the next day (see Section 4.3). In other words, some 

students may use their negative emotions as a resource to motivate themselves to spend 

more effort working toward their goals. This result does not indicate that all students who 

feel scared, anxious, or distressed would magically spend more time working toward their 

goal striving. It is plausible that only students with excellent social support may be able 

to pull this off. Likewise, it is also reasonable to assume that only those who truly value 

the meaning of achieving their goals are able to use their negative emotions as source to 

drive themselves forward. It falls on future research to examine factors that enable 

students to utilize their negative emotions as sources for motivation. 

5.6. CONCLUSION 

 In the past thirty years, goal researchers have revealed that difficult and specific 

goals are key elements that will ensure goal pursuers’ effort and performance (Loke & 

Latham, 1990; 2002). Although students, as well as employees, often set a multitude of 

goals in school settings (e.g., Wentzel, 1989), there has been only sparse research that 

inform educators and students about key elements that motivate students to effectively 

pursue their goals with greater emotional well-being. Unlike earlier findings from studies 

conducted in work and laboratory settings, the critical goal characteristics that determine 

college students’ goal effort and emotional well-being are intrinsic and utility values.  

Students who purse goals that they perceive to be advantageous in obtaining utility 
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benefits (i.e., utility value) tend to spend more time toward their goals. Moreover, 

students who pursue goals that they perceive to align with their core values (i.e., self-

concordance) experience greater positive emotions during their goal striving. These 

findings advise students (and educator and parents) that it may be critical to take time to 

consider whether they (or their children) currently pursue goals that they truly value.   
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Appendix - Measures 

Personal academic goal 

 Please describe one of your goals for this semester with as much detail as 

possible. The goal should  

1) be related to academic pursuit, 

2) require your effort for more than two weeks 

3) and need to be accomplished by the end of this semester or earlier.  

 Why do you pursue the goal described above? 

Self-concordance (Sheldon & Kasser, 1998; 7-Likert scale; 1: not at all for this reason, 

7: totally) 

1. I set this goal because somebody else wants me to. (External reason) 

2. I set this goal because I get something from somebody if I do. (External reason) 

3. I set this goal because I would feel ashamed, guilty, or anxious if I didn’t. 

(Introjected reason) 

4. I set this goal because I feel that I ought to strive for this. (Introjected reason) 

5. I set this goal because I really believe that it is an important goal to pursue. 

(Identified reason)  

6. I set this goal because I value it wholeheartedly. (Identified reason)  

7. I set this goal because of the fun and enjoyment which the goal will provide me 

(Intrinsic reason) 

8. The primary reason to have this goal is simply my interest in the experience itself. 

(Intrinsic reason) 
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Goal difficulty (Yearta et al., 1995; 7-Likert scale; 1: not at all true, 7: very true)  

1. This goal is easy to achieve. (R) 

2. This goal is very challenging. 

3. Attaining this goal demands a great deal of effort.  

Goal specificity 

1. This goal is very clear. 

2. This goal is very concrete. 

3. This goal is very specific. 

4. This goal is vague. 

Readiness (Modified from Koestner at al, 2006; 7-Likert scale; 1: not at all true, 7: very 

true) 

1. I know exactly what to do and where to do it to maximize my chances of 

attaining this goal. 

2. I have a clear portrait of what I need to do to attain this goal. 

3. I have a specific plan how to attain this goal. 

4. I know where and how to put my effort to pursue this goal. 

Social Support (Zimet, Dahlem, Zimet, & Farley, 1988; 7-Likert scale; 1: Very strongly 

disagree, 7: Very strongly agree) 

1. There is a special person who is around me when I am in need. (SO) 

2. There is a special person with whom I can share my joys and sorrows. (SO) 

3. I have a special person who is a real source of comfort to me. (SO) 

4. There is a special person in my life who cares about my feelings. (SO) 
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5. My family really tries to help me. (Family) 

6. I get the emotional help and support I need from my family. (Family) 

7. I can talk about my problems with my family. (Family) 

8. My family is willing to help me make decisions. (Family) 

9. My friends really try to help me. (Friend) 

10. I can count on my friends when things go wrong. (Friend) 

11. I have friends with whom I can share my joys and sorrows. (Friend) 

12. I can talk about my problems with my friends. (Friend) 

Self-control (Tangnet et al., 2004; 7-Likert scale: 1: Not like me at all; 5: Very much like 

me) 

1. I am good at resisting temptation. 

2. I have a hard time breaking bad habits. (R) 

3. I am lazy (R) 

4. I say in appropriate things (R) 

5. I do certain things that are bad for me, if they are fun. (R) 

6. I refuse things that are bad for me.  

7. I wish I had more self-discipline. (R) 

8. People would say that I have iron self-discipline. 

9. Pleasure and fun sometimes keep me from getting work done. (R) 

10. I have trouble concentrating. (R) 

11. I am able to work effectively toward long-term goals.  
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12. Sometimes I can’t stop myself from doing something, even if I know it is wrong. 

(R) 

13. I often act without thinking through all the alternatives. (R) 

Time spent 

 Please specify when you worked toward the goal today. (Examples: 8-9am, 3-

5:30pm) 

 How much time in total did you spend on the goal today? _________ minutes 

 

Emotions (Watson, Clark, & Tellegen, 1988; 7-Likerst scale; 1: very slightly, 7: 

extremely) 

 How much did you feel the following emotions about the goal today? 

o Positive emotions: “determined,” “enthusiastic,” “excited,” “inspired,” and 

“interested”   

o Negative emotions: “afraid,” “distressed,” “jittery,” “scared,” and “upset”  
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