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The positive association between education and health is well documented across 

time, place and population. Those with higher levels of education and/or more years of 

schooling are healthier than individuals with lower amounts of education (Mirowsky and 

Ross 2003). Even controlling for income, researchers find health benefits for individuals 

with higher education, suggesting that education itself has an effect on health beyond its 

economic benefits (Cutler and Lleras-Muney 2010; Mirowsky and Ross 1998b). The 

disparities between the highest and lowest educated are growing, and the role that 

education plays in maintaining a healthy life is increasing across cohorts (Lynch 2003). 

Although decades of research have investigated the relationship between education and 

health using different health outcomes and varying measures of education, the actual 

educational mechanisms through which health is affected are poorly understood.  

In this dissertation, I focus more deeply on the postsecondary education process 

itself through examination of enrollment, attainment and type of institution attended and 

how these attributes relate to young adult self-rated health. Using the National 

Longitudinal Study of Youth 1997 (NLSY97), I investigate how the postsecondary 
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experience is associated with young adult health. The longitudinal nature of the data also 

allow for consideration of prior health, SES and educational factors which sharpens the 

analyses to better highlight the actual association between postsecondary schooling and 

early adult health. In the first analytic chapter, I find that when time enrolled and degree 

earned are modeled concurrently, degree attainment retains an independent effect on both 

self-rated health and work limitations. However, for respondents who enter 

postsecondary schooling, but do not earn a degree, time enrolled in four-year institutions, 

but not two-year institutions, is associated with a higher probability of reporting better 

self-rated health. The second analytic chapter shows that students who attend selective 

four-year schools have a health advantage to those who enroll in less selective schools. 

Interestingly, the better health of those in elite colleges is explained by their lower BMIs. 

The remaining chapter of my dissertation explores how the relationships between 

education and health differ across gender. 
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Chapter 1: Introduction 

Motivation 

The positive association between education and health is well documented across 

time, place and population. Those with higher levels of education and/or more years of 

schooling are healthier than individuals with less education (Mirowsky and Ross 2003). 

Even controlling for income, researchers find health benefits for individuals with higher 

education, suggesting that education itself has an effect on health beyond its economic 

benefits (Cutler and Lleras-Muney 2010; Mirowsky and Ross 1998b). The disparities 

between the highest and lowest educated are growing, and the role that education plays in 

maintaining a healthy life is increasing across cohorts (Lynch 2003). Although decades of 

research have investigated the relationship between education and health using different 

health outcomes and varying measures of education, the process through which education 

affects health is poorly understood.  

In order to better understand the education-health relationship, this dissertation 

focuses more deeply on the postsecondary education process. The higher education 

system in the United States has undergone extreme expansion. Policy-makers and 

educators alike have engaged in a “college for all” ethos in which all young adults, 

regardless of family or academic background are encouraged to at least try college. 

Although some see this as a controversial tactic (see Rosenbaum 2001), it seems to have 

worked; currently, over 70% of recent high school graduates attend some sort of college, 

although only 32% of 25-29 year olds actually have a bachelor’s degree or higher 

(Snyder and Dillow 2012). Students are increasingly taking “non-traditional” pathways 
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through postsecondary schooling by enrolling in community colleges and/or taking 

longer to earn degrees (Milesi 2010). Taken together, these differentiated patterns of 

higher education call into question traditional views of the best way to measure 

education’s effect on health and well-being. This dissertation examines how 

postsecondary enrollment, completion and institution type are associated with self-rated 

health in young adulthood.  

 

Health, Education, and Young Adulthood 

Educational Disparities in Health 

The meaning of health and “being healthy” can vary by time, place and age. 

Health encompasses many dimensions of well-being such as the absence of illness or 

disease, high physical functioning and positive emotional and mental status. Much 

research focuses on these specific characteristics of health; however, a more general 

measure is useful for comparison across ages and contexts where specific health issues 

may not be comparable themselves. This dissertation will focus on a measure of self-

rated health. 

Regardless of the measure of health, there is a strong and persistent positive 

association between educational attainment and health in the United States (Mirowsky 

and Ross 2003). The health gap between the highest and lowest educated is one of the 

most robust and consistent disparities in the health and mortality literature (Elo 2009; 

Hummer and Lariscy 2011). The more educated have better self-rated health (Ross and 
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Mirowsky 1999), physical and psychological well-being (Reynolds and Ross 1998), and 

lower incidence of both major and minor chronic conditions (Smith 2004).  

Although reports of general health and mortality rates have improved over time, 

they have not improved equally for all groups, particularly for those with varying levels 

of educational attainment (Liu and Hummer 2008; Montez et al. 2011).  Educational 

disparities in health and mortality increased from the mid-20th century into the early 21st 

century (Goldman and Smith 2011). For example, in 1974 non-high school graduates 

were more likely to report being in poor or fair health than college graduates at a 

difference of 23 percentage points. By 2004, the gap between these two groups had 

increased to 36 percentage points (Goldman and Smith 2011).  

Recent research shows not only that education is important for better health 

outcomes throughout the life course, but also that its importance is increasing for 

successive cohorts (Lynch 2003; Mirowsky and Ross 2008). First, there is evidence that 

education affects health at an increasing rate as one ages (Dupre 2007; Mirowsky and 

Ross 2008). Additionally, the positive effect of higher education across the life course is 

stronger for recent birth cohorts (Lynch 2003; Mirowsky and Ross 2008). Other studies 

find similar patterns with adult mortality (Hummer and Hernandez 2013; Montez et al. 

2011). For example, Masters and colleagues (2012) found that cohorts with more than a 

high school education had steeper declines in mortality from 1986 to 2006 than cohorts 

with no credential. Thus, educational disparities in mortality are greatest for the youngest 

cohorts.  
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Fundamental Cause Theory 

The fact that increasing disparities in health exist despite major advances in 

medicine and public health provides motivation to shift the focus of research to 

understanding the processes of education that continually affect health outcomes. 

Although research often focuses on the mechanisms between socioeconomic status (SES) 

and health outcomes (e.g., health behaviors and access to healthcare), Link and Phelan 

(1995) hypothesize that the social inequalities themselves—such as inequalities in 

educational attainment—are the fundamental causes of disparities in health and mortality. 

Research in both health and mortality support this theory. For example, Miech 

and colleagues (2011) find that although there are decreases in educational disparities for 

certain causes of death, the gaps between the highest and lowest educated have increased 

for other causes, creating an overall increase in educational disparities in mortality. This 

finding supports the hypothesis of the fundamental cause theory in that although 

improvements in certain health mechanisms may help lower mortality from some causes, 

the disparities will re-emerge elsewhere if the fundamental cause (education) is not 

addressed. 

The persistence of large SES disparities in health calls for research that better 

understands the educational processes that produce health inequality. Fundamental cause 

theorists suggest that understanding the context of power and resource disparities in 

society is key to implementing strategies that will improve health for individuals across 

all levels of SES (Phelan, Link and Tehranifar 2010). The combination of these two main 

findings—that inequalities in education are a fundamental cause of disparities in health 
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and that education has an increasing importance on health—highlight the importance of 

focusing on the processes of education that produce health disparities. 

 

Research on Educational Stratification and Health 

We know relatively little about how education actually affects health outcomes. 

Most health research relies on self-reports of years of completed schooling and/or degrees 

earned because these indicators are often the only education measures available in health 

and mortality surveys. However, these measures allow for limited exploration of how 

education works to produce health disparities. Some researchers have started to expand 

the traditional conceptualization of education by using more detailed descriptions of 

educational experience. Ross and Mirowsky (1999) compare the effects of years and 

degrees and find that degree attainment has no effect on health beyond years of schooling 

completed. Additionally, they find a positive association between selectivity of degree-

granting institution and health. Walsemann, Bell and Hummer (2012) find that earning a 

bachelor’s degree, regardless of whether it is earned “on-time” (by age 25) or later, is 

associated with better health at mid-life compared to those who never earned a B.A. 

Finally, Zajacova, Rogers and Johnson-Lawrence (2012) find that individuals with a  

two-year college degree do not exhibit a health advantage over individuals who only have 

a high school degree, despite having a higher credential.  

 

Education and Health in Early Adulthood 
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These more detailed trajectories through schooling are especially important to 

consider for young adults—many of whom have only very recently completed their 

education. Although there is not much previous research on the education gradient in 

young adult health, the few studies that have explored the education-health relationship 

for this age group find a similar positive association as is found for older adults. For 

example, individuals under 30 with no degree have lower self-rated health than those in 

the same age group with a high school degree or a college degree (Mirowsky and Ross 

2003). A study of 18-39 year olds in Finland finds that low educational levels are 

associated with poor self-rated health, even considering possible confounders such as 

parent’s education (Kestila et al. 2006). In the United States young adults who 

experienced some amount of post-secondary education (measured as education past 12 

years) were less likely to report health-induced work limitations at age 26 (Walsemann, 

Geronimus and Gee 2008).  

 

The Structure and Stratification of Postsecondary Education 

Just as the importance of education for health has increased over the last half-

century, it has also become more consequential for economic and occupational outcomes 

(Hout 2012). From 1975 to 2005, the income returns to postsecondary education 

increased, while income returns for a high school diploma or below remained stable 

(Lemieux 2006). As such, a larger percentage of young adults today have at least some 

experience with the postsecondary schooling system than ever before (Snyder and Dillow 

2012).  
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As mentioned previously, the conceptualization of education in health disparities 

research has relied on years of schooling and highest credential earned. However, 

focusing on more nuanced educational measures is a critical research task in the health 

disparities literature because how young adults experience postsecondary education today 

is a much more varied process than total years or highest degree can capture.  

 Although students enroll in postsecondary schooling at high rates after completing 

high school, many do so at “open enrollment” institutions such as community colleges 

(Rosenbaum, Deil-Amen and Person 2009). Additionally, many enrollees exit 

postsecondary schooling without a degree—and they do so at different points in their 

trajectory to degree completion (Snyder and Dillow 2012). Such variations in the type 

and quantity of postsecondary experience have major implications for measuring what 

students may have gained from their experience. In this spirit, this dissertation will 

consider type of postsecondary institution and more nuanced indicators of enrollment 

quantity in addition to degree completion, in order to better understand how health 

disparities in education emerge. 

 

Postsecondary Institution Type: Two-year and Four-year 

 Young adults who continue their education beyond high school choose between 

enrolling in two- year and four- year institutions. The distinction between community 

colleges and four-year institutions is important to consider in any measure of 

postsecondary education, as they differ greatly in both selectivity and in type of academic 

content available to students. Approximately 40% of college students are enrolled in two-
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year institutions (Snyder and Dillow 2012). Indeed, while enrollment in four-year 

institutions has more than doubled since the mid-1960s, enrollment in community 

colleges has increased five-fold (Rosenbaum, Deil-Amen and Person 2009). 

Community colleges provide an “open enrollment” option for potential college-

goers who may not have otherwise continued their education. Four-year schools, on the 

other hand, require minimum academic requirements such as adequate high school GPA 

and scores on college admissions tests. Although some students who enroll in two-year 

colleges are academically similar to four-year enrollees, most two-year college entrants 

have lower high school GPAs and less academic preparation overall (Rosenbaum, Deil-

Amen and Person 2009).  

 Two- and four-year schools also differ in their overall missions, and thus content 

availability. The goal of community colleges has been to expand college access to more 

students—especially those leaving high school with lower academic preparation. For this 

reason, many courses offered by community colleges are remedial and do not provide 

traditional college credits (Rosenbaum, Deil-Amen and Person 2009). Because some 

community colleges offer certificates and degrees in occupational fields, courses may 

also be focused on specific vocational skills rather than more general academic subjects 

(Brint and Karabel 1989). Acknowledging the differences in selectivity and overall 

available course content between two- and four-year colleges is key to accurately 

representing the postsecondary educational experience of young adults.   

 

Postsecondary Institution Type: Selectivity of Four-year Institutions 
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 Even within four-year institutions there exists a stratification of college quality. 

More selective schools may impart better skills and provide more information to their 

students. In this view, elite schools provide greater opportunity to accrue cognitive and 

non-cognitive skills—whether through specific knowledge or the development of higher 

critical thinking skills (Gerber and Cheung 2008). Indeed, elite colleges have been found 

to place particular focus on academic socialization, facilitating the creation of human 

capital in its students (Greene 1998; Kamens 1974).  

Similarly, attendance at selective colleges may impart better health habits through 

exposure to peers or school culture that may not exist in lower quality schools. Although 

not passed through academics, this exposure still represents acquisition of a health status 

through schooling. In fact, selectivity of a college is often measured  using the academic 

“quality” of admitted students (Stevens 2009), a measure that not only gauges the 

academic rigor of the school itself, but the cognitive and social class background of peers 

in the school. In general, prestigious colleges may provide an opportunity to create social 

capital that cultivates many beneficial life outcomes, health being one. The culture of the 

school, although related to peer effects, adds another dimension to the way that school 

quality might affect health outcomes. The cultural capital that is perpetuated by these 

elite institutions may encourage not only certain cultural tastes and habits that help 

distinguish its students from other classes, but also socially acceptable health habits such 

as exercise or not smoking (Fletcher and Frisvold 2011; Mirowsky and Ross 2003). 

 

Enrollment Quantity 
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 The quantity of postsecondary education is also important to consider when 

defining an individual’s educational experience, especially considering that 43% of four-

year college enrollees exit without earning a degree within 6 years and that 71% of two-

year enrollees leave schooling without an associate’s or certificate (Snyder and Dillow 

2012).  

 Part-time and discontinuous enrollment are common patterns for current 

postsecondary students (Goldrick-Rab 2006; Horn and Carroll 1996; Milesi 2010). These 

types of enrollment patterns complicate the experience of higher education, as students 

may be enrolled in college over several years but accumulate courses needed to earn a 

degree at a slower rate (Adelman 2004). Quantity of schooling also needs to be 

considered in the context of the institution in which it was experienced. As mentioned 

previously, the difference between two- and four-year institutions are great—especially 

with regard to the coursework available to students. Equal amounts of time in two- and 

four- year schools therefore cannot be assumed to be comparable. 

 

Degree Earned 

The ultimate goal for most postsecondary students is to earn a higher degree. The 

benefits are consequential, and each higher degree is associated with higher returns than 

the previous one (Hout 2012). Hout (2012) estimates that adults with college degrees 

have many economic advantages over their counterparts with high school diplomas or no 

credential, including lower unemployment rates, higher earnings, and employment in 

more desirable jobs. During the Great Recession, the least educated in 2008-2009 had an 
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unemployment rate four-times greater than that of college graduates (Hout 2012). College 

graduates also tend to find re-employment more quickly after being laid-off than those 

with lower credentials (Gangl 2006). 

A key contribution of the current study is the ability to analyze whether college 

enrollment without degree completion confers any health benefits to students. The 

experience of students who enroll but do not earn a degree (the “some college” group) is 

extremely varied (Grubb 2002). As such, it is difficult to compare returns for this group 

to those who never enrolled in any college, although both groups technically have the 

same highest credential of high school diploma.  

 

The Issue of Causality & Selection Bias 

This dissertation focuses on how education affects health with the assumption that 

the association is causal. Causality, however, is difficult to prove, and all research that 

investigates the education-to-health pathway must carefully consider the possibility that 

education itself is not a causal factor in later life outcomes at all. Any relationship 

between education and later beneficial life outcomes may be due to the selection of 

individuals who are better situated to have good life outcomes into higher levels of 

education. This could be true in the relationship between education and health in that 

both high educational attainment and better health outcomes are affected by family 

background and health history. 

Selection bias based on SES  is apparent at virtually every point in the 

postsecondary pathway. First, despite the availability of “open-door” post-secondary 
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institutions, eligible young adults (high school graduates or GED holders) who enroll in 

any postsecondary institution at all have parents with average higher education than those 

who are eligible and do not enroll in schooling beyond high school (Kane 2001). These 

SES background factors are also strongly related to whether a student enrolls in a two-

year vs. a four-year institution—with lower SES students at similar levels of achievement 

being more likely to enroll in two-year colleges (Grodsky and Jackson 2009). Among 

four-year college students, those who attend elite schools are more likely to be from 

advantaged backgrounds (Astin and Oseguera 2005; Hearn 1991).  

 Health has also been found to affect selection into higher educational attainment. 

For example, using a recent cohort of adolescents, Haas & Fosse (2008) find that 

adolescents who report low self-rated health are less likely to complete high school by 

age 20 and subsequently less likely to enroll in post-secondary schooling—even 

controlling on academic factors in high school. Studies looking at specific health issues 

find similar results. High school girls who are obese are less likely to enroll in college 

(Crosnoe 2007).  

 Another relationship that complicates the education-to-health pathway is that 

health and family resources are highly linked—especially in childhood. As such, some 

researchers focus on both factors together in mapping the effect of childhood health 

status on later education attainment. Palloni (2006) finds that part of the effect of parent’s 

social class on child’s later social class is through childhood health. In fact, he finds the 

effect of childhood health on adult social class to be similar in magnitude to the effect of 

educational attainment on adult social class (Palloni 2006).  
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The pathways from family background to later life educational attainment and 

health may also work through academic achievement. Achievement in secondary school 

is of the strongest predictors of whether an individual enrolls in college at all, as well as 

the selectivity of the institution in which he or she enrolls (Grodsky and Jackson 2009). 

However, decades of sociology of education research show that academic achievement—

especially at the end of high school—can be a product of prior SES and health. When 

these differences in academic achievement are considered, they explain the fact that low 

SES young adults are more likely to enroll in a two-year college after graduation and that 

among all two-year college students, they are less likely to transfer to a four-year 

institutions (Dougherty and Kienzl 2006). 

Taken together, the selection processes that predict that an individual will 1) 

enroll in higher education and 2) have better later life health are crucial to consider in any 

analyses of the relationship between education and health.  

 

Research Objectives and Chapter Outline 

This dissertation addresses gaps in the research on the link between education and 

health by investigating key aspects of the postsecondary education process while 

carefully considering selection factors. I consider some of the complex, stratified 

pathways that individuals take through postsecondary schooling through three 

interrelated analytic chapters that examine how institutional type, enrollment and degree 

attainment are related to young adult health, and how these relationships may differ by 

gender. Although each chapter addresses a distinct aspect of postsecondary education, 
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they are unified in the view that stratification within educational processes is key to 

understanding health disparities (Link and Phelan 1995).   

Prior to the presentation of the empirical chapters, Chapter 2 introduces the 

dataset used in all analyses: The National Longitudinal Survey of Youth 1997. Here I 

give an overview of the dataset and an explanation of the common measures and methods 

used across my analyses.  

Chapter 3, the first analytic chapter, develops a model of college enrollment and 

completion that identifies the independent effects of key elements of the postsecondary 

education process and young adult health—including self-rated health and health-related 

work limitations. This chapter examines how different measures of heterogeneous 

pathways through postsecondary schooling relate to health. Among those who are eligible 

to attend postsecondary schooling (i.e. high school graduates), I ask whether degree 

attainment and time enrolled in two- and four- year schools affect the relationship 

between education and health in early adulthood. Findings indicate that when time 

enrolled and degree earned are modeled concurrently, degree attainment retains an 

independent effect on both self-rated health and work limitations. However, for 

respondents who enter postsecondary schooling but do not earn a degree, time enrolled in 

four-year institutions, but not two-year institutions, is associated with a higher probability 

of reporting better self-rated health. 

The second empirical chapter, Chapter 4, focuses on the select group of young 

adults who attended any four-year schooling. I use the heterogeneity of the quality of 

four-year institutions to explore the effect of college on young adult health. Specifically, I 
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ask whether the selectivity of the four-year school attended is associated with any health 

advantage in self-rated health. I employ a propensity score matching technique to 

investigate this question in an attempt to isolate the effect of elite college attendance on 

health, net of selection factors that could predict both the quality of school attended and 

health status. This chapter also explores possible mechanisms that explain the health 

advantage experienced by individuals who attend selective schools, including educational 

process and health lifestyle indicators. I find that those who attend selective schools do 

indeed enjoy better self-rated health than those who attend less-selective schools. This 

health advantage is mostly explained by the lower BMIs of elite college attendees.  

Chapter 5 employs the same models used in Chapters 3 and 4 to explore whether 

the relationships found in the first two analytical chapters are consistent across gender. 

The first set of analyses focuses on enrollment and completion in two- and four-year 

schools and health for males and females. Within gender groupings, I test whether there 

are differences in how education affects self-rated health by race also. Overall, there are 

no differences in the relationship between educational processes and health across 

gender. However, I find that associate’s degrees have a more positive effect on health for 

Latino men than white men. The second set of analyses in this chapter looks at how 

selective college attendance relates to self-rated health separately for males and females. 

Overall, both genders show a selective college advantage in health; however, this is 

explained away by BMI for women but not for men.
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Chapter 2: Data and Methods 
 

This chapter explains the data and methods that apply to all analytic chapters of 

this dissertation. Data and methods issues that are particular to a specific chapter are 

covered within that chapter. 

 

Data 

To investigate my research questions and hypotheses, I use data from fifteen 

Rounds (1997-2011) of the National Longitudinal Survey of Youth 1997 (NLSY97). The 

NLSY97 is a nationally representative sample of people who were born between 1980 

and 1984 and living in the United States in 1997, with an oversample of Latino and Black 

respondents. The NLSY97 first surveyed respondents in 1997 when they were between 

the ages of 12 and 17. They are sampled yearly, and the most recent data release is from 

2012 (Round 15) in which the respondents were between the ages of 26-31. My analyses 

use each year of data up to Round 15. The original sample in Round 1 included 8,984 

respondents. In addition to annual survey data from the respondents, parents of the 

respondents were interviewed in Round 1 about their backgrounds, health status, family 

economic situation, and the respondent’s childhood.  

The NLSY97 is especially well-suited to examine questions of adolescent and 

early adult health. A self-report of general health is collected from all respondents at 

every Round. Thus, I am able to control for prior health status in all analyses. 

Additionally, this dataset contains detailed measures of postsecondary experiences and 

attainment, including information on each institution and term attended by the respondent 
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and a series of monthly enrollment event history variables. First, respondents are asked to 

report each postsecondary institution attended since the last interview, and the degree 

sought from that institution. The NLSY97 education data contains a series of event 

history variables that contain postsecondary enrollment for each month of the survey 

including whether the respondent was enrolled that month, what type of school they were 

enrolled in, and whether the respondent was enrolled full or part time toward their degree 

(two-year, four-year or graduate level degree). If a respondent was not surveyed in one 

Round, but was contacted for a following Round, these event history variables were filled 

in retrospectively. 

 The analyses in Chapter 4 also include information from the Post-Secondary 

Transcript Study (PSTRAN). NLSY97 respondents were eligible for the PSTRAN if they 

reported any undergraduate attendance throughout the NLSY97 interviews (Rounds 1 

through 15). PSTRAN includes detailed information on courses taken, attempted and 

received credits, as well as grades earned in each course. One or more transcripts were 

requested from postsecondary institutions for 4,399 individuals in the NLSY97 study. At 

least one transcript was received for 3,818 young adults (86.8 percent of the initial group 

for whom transcripts were requested). For this purposes of this dissertation, I only used 

the IPEDS school ID for the postsecondary institutions attended from PSTRAN. See 

Chapter 4 for further explanation of how these IPEDS IDs were used.  

 

Measures 

Dependent Variable 
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All chapters use self-rated health (SRH) as the outcome taken from Round 15. If 

the respondent was not interviewed in Round 15 or did not answer the health questions, I 

use data from the most recent round with a valid response. If using a prior round would 

have made the age of the respondent at the measurement of the outcome less than 26, I 

drop the case. The SRH variable used is based on a question from the survey that asks, 

“In general, how is your overall health?” The original variable included a possible 

response range of excellent to poor (1=excellent; 2=very good; 3=good; 4=fair; 5=poor). 

However, tests showed that the proportional odds assumption for ordered logistic models 

was violated. Thus, I recoded the measure of self-rated health into a binary measure of 

“excellent” or “very good” health, compared with reports of “good,” “fair,” or “poor” 

health (Long and Freese 2006). In support of combining excellent and very good health, 

Rogers, Hummer, and Nam (1999) find that excellent and very good SRH predict 

mortality similarly in models that include young adults, whereas good, fair, and poor 

SRH are each more strongly associated with mortality than the prior two categories. To 

check for robustness of the results, I also ran ordered logistic regressions using the full 

five-category scale as well as logistic regression that included “good” in the grouping 

with excellent and very good. All analyses had substantively similar results.  

Although by definition, this is a subjective measure of individual health, self-rated 

health correlates with many measures of specific health factors, including disease, 

disability, and functional limitation (Johnson and Wolinsky 1993), implying these self-

reports of health are objectively valid. The self-reports have also specifically been found 
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to capture both physical and psychological dimensions of health for younger adults and 

adolescents (Boardman 2006; Haas and Fosse 2008).  

 

Postsecondary Education Measures 

 All postsecondary variables used in the analyses are measured after high school 

completion—as defined by the date on which a GED or high school diploma was 

granted—and before the date of the final survey month. To capture the amount of time 

enrolled in college, I create two continuous variables of the total number of years 

enrolled in two- and four-year institutions separately. To create these variables, I use 

monthly postsecondary enrollment indicators: I count the number of months enrolled in 

each institution type and divide by 12. 

I also use a measure of the highest degree earned and highest postsecondary 

enrollment status at the time of the final survey, ranging from high school diploma to 

bachelor’s degree or higher. I separate respondents who reported some college but did not 

earn a degree from those who have a high school diploma but no college enrollment. The 

final categorical variable includes four categories: 1= high school diploma, no 

postsecondary enrollment; 2=high school diploma, some college enrollment; 3= 

associate’s degree; 4= bachelor’s degree or higher. About 5% of the analytic sample 

reported having completed a degree higher than a bachelor’s (master’s, Ph.D., or 

professional degree). Although this group differed from associate’s degree earners and 

those with a high school diploma with regard to the health outcomes and selection 

factors, it did not differ significantly from those with a bachelor’s degree. 
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Control and Background Variables 

 All analyses control for the age of the respondent at the outcome round, 

respondent gender (female compared with the reference category of male), and self-

reported race/ethnicity (with Black, Latino, Asian and other races compared to the 

reference category of white).  

As possible measures of selection, I include a control for the SRH of the 

respondent in Round 1. This control is coded in the same manner as the SRH outcome 

(excellent or very good health = 1; good, fair, or poor health = 0). I also consider the 

respondent’s parents’ highest level of education using the parent report of their highest 

grade completed from Round 1, supplemented with the respondent’s report of their 

parents’ highest degree earned when parent report was missing. I create an ordinal 

variable that ranges from 0 (less than high school diploma) to 4 (advanced degree). A 

second measure of family of origin SES is the logged value of the reported household 

income of the respondent’s family in the base year. 

Since entrance into higher education is built upon prior academic experiences in 

K-12, I also include two measures of prior academic performance and rigor. First, I 

include a measure of the young adult’s self-reported high school grades. Respondents 

were asked to report letter grades, so I convert this report into a numerical scale that 

mirrors a grade point average in which 0 indicates “mostly F’s” and 4 indicates “mostly 

A’s.”  I also include an indicator for whether the respondent reported having taken 

college prep math (i.e., a math course higher than Algebra II) in high school. 
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Finally, I include a measure that may approximate cognitive ability—the Armed 

Services Vocational Aptitude Battery (ASVAB) math-verbal score percentile rank. From 

1997-1998, most NLSY Round 1 respondents took the computer-adaptive form of the 

ASVAB. This test measures the respondent’s knowledge of skills in the topical areas of 

arithmetic reasoning, assembling objects, auto information, coding speed, electronics 

information, general science, mathematics knowledge, mechanical comprehension, 

numerical operations, paragraph comprehension, shop information and word knowledge. 

The ASVAB percentile rank score only includes four of the exams: mathematical 

knowledge, arithmetic reasoning, word knowledge, and paragraph comprehension. The 

use of computer-adaptive testing means that respondents do not answer exactly the same 

questions, as such, the actual raw scores are not comparable. In addition, the respondents 

were of different ages when taking the test, which also limits the use of a raw score. The 

NLSY staff created a percentile rank score in order to allow for comparability across 

respondents. They grouped respondents into three-month age groups and within these 

groups created percentile scores based on four of the exams using the weighted number 

of respondents scoring below each score. Finally, they combined the percentile rank 

scores into a measure that considers the age of the respondent when the test was taken.  

 

General Analytic Strategy 

 As all dependent variables in this dissertation are binary, I employ logistic 

regression models. I use nested modeling to compare the relationships of different 

education measures and to examine the mediating effect of other variables. Because log 
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odds and odds ratios cannot be accurately compared across models or subsamples (Mood 

2010; Norton, Wang and Ai 2004), I report the average marginal effects (AME), which 

represent how the probability of the outcome changes with a one-unit change in the 

predictor. 

 All analyses use a sampling weight to correct for the sampling design of NLSY97. 

I use multiple imputation using chained equations to fill in missing data for the 

independent variables (Royston 2004; Rubin 2004; White, Royston and Wood 2011). The 

dependent variables are never imputed, but are used as independent variables in the 

imputation equation. I also do not impute key independent variables such as highest 

degree earned nor selectivity of school attended. However, these are also used in the 

imputation equation to fill in missing data for other variables. 

22 
 



Chapter 3: Postsecondary Enrollment in Two- and Four-Year Schools, Degree 

Completion, and Early Adult Health 

 

Introduction 

The association between health and educational attainment is growing: those in 

the youngest generations show the strongest relationship between college completion and 

better health outcomes (Liu and Hummer 2008; Lynch 2003). At the same time, more 

high school graduates than ever before are entering the higher education system. Close to 

70 percent of recent high school graduates go on to attend a two- or four-year institution 

(Snyder and Dillow 2012), yet many exit without earning a degree (Adelman, Daniel and 

Berkovits 2003). The pattern of increased postsecondary participation coupled with 

stagnant degree attainment suggests a growing heterogeneity in young people’s 

postsecondary experiences. To understand the health returns to education, therefore, we 

must investigate not only the benefits of degree attainment but also the enrollment 

experience itself.   

Although the education gradient is a consistent finding in the health literature, the 

specific aspects of the schooling process that link to health status are poorly understood. 

Most health research focuses on one of two perspectives on education. According to the 

first perspective, education affects health by exposing students to opportunities to learn, 

measured in terms of years of enrollment. According to the second perspective, any 

health benefits of education happen through degree attainment, measured as highest 

degree earned. However, the reality of postsecondary attendance is not as clear-cut as one 
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explanation or the other suggests. Because of the stratified and cumulative nature of 

education, especially at the postsecondary level, research that aims to identify the specific 

aspects of schooling that connect to health must accurately capture individual educational 

trajectories. This includes knowing whether students completed their enrollment in two- 

or four- year schools, the total time the student was enrolled, and the degree the student 

attained. This study considers these postsecondary enrollment factors, as well as factors 

that influence selection into college, to understand how stratified experiences in the 

postsecondary education process affect the formation of the health gradient among early 

adults (ages 26-31).  

I begin by empirically investigating the exposure and credential perspectives. 

First, I ask whether time enrolled (exposure) and degree earned (credential) in two- and 

four-year institutions are each associated with young adults’ self-rated health and work 

limitations. Second, I ask whether time enrolled and degree attainment are independently 

associated with health status. The longitudinal structure of the NLSY97 allows me to 

control for family, health, and academic factors that existed before the respondent began 

postsecondary education. These data also allow me to use detailed measures of 

postsecondary enrollment in two- and four-year schools, including reports of both time 

enrolled and highest degree earned. I also focus on two different measures of health 

status in young adulthood: self-rated health (SRH) and work limitations. Self-rated health 

is a more general measure of health status. Work limitations, while relatively rare in such 

a young population, represent the early stages of important functional disabilities that 

become more prevalent with age.  
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This work furthers health research that aims to understand which dimensions of 

education lead to better health status. By focusing on young adults, I highlight a critical 

moment in the lifetime trajectories of both education and health. But the implications of 

this study go beyond improving our understanding of the education-to-health connection. 

As the higher education system undergoes extreme expansion and college tuition 

continues to increase, scholars in several disciplines are working to identify the 

individual returns to postsecondary enrollment both with and without degree attainment 

(Arum and Roksa 2011; Hout 2012; Kane and Rouse 1995; Rosenbaum 2001). Findings 

about the health returns to postsecondary education can inform these scholars’ debates 

about whether to limit or encourage the current trends in postsecondary enrollment.  

 

Background 

Educational Disparities in Health in Young Adulthood 

Although educational health disparities tend to increase with age (Dupre 2007; 

Mirowsky and Ross 2008), they exist across the life course and are apparent in young 

adults’ reports of both health and work limitations (Haas and Fosse 2008; Kestila et al. 

2006). People under 30 with no degree have lower self-rated health than people under 30 

who have a high school or college degree (Mirowsky and Ross 2003). A study of 18-39 

year olds in Finland finds that low educational levels are associated with poor self-rated 

health, even considering possible confounders such as parents’ education (Kestila et al. 

2006). In the United States, educational disadvantage in youth is related to reports of 

health-induced work limitations at age 26 (Walsemann, Geronimus and Gee 2008).  
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Despite the clear association between schooling and health, we do not yet know 

which dimensions of the schooling process are most important for later health outcomes. 

Most health research relies on reports of years of completed schooling or degrees earned 

and finds that both measures predict health. Studies that consider total years of schooling 

find a monotonic increase in the likelihood of good health with every year of completed 

schooling (Mirowsky and Ross 2003). Studies that consider highest degree earned find a 

step-wise positive improvement in health with each degree earned, from high school 

diploma to Ph.D. (Zajacova, Hummer and Rogers 2012; Zajacova, Rogers and Johnson-

Lawrence 2012). 

Even research that considers both years enrolled and degree earned conflicts over 

which aspect of education best predicts health. For example, Ross and Mirowsky (1999) 

compare the effects of years and degrees and find that college-degree attainment has no 

effect on health beyond the years of schooling completed. Liu et al. (2013), on the other 

hand, find that years of schooling, net of degree earned, has no effect on the Framingham 

Risk score (2013) or blood pressure (2011). 

 

Stratified Enrollment Patterns in Higher Education 

One reason that the education-to-health connection may be so difficult to define is 

that the education process itself is cumulative and stratified in more detailed ways than 

time enrolled or degree earned can capture. In the case of postsecondary education, 

individuals eligible for college (i.e., high school graduates or GED holders) take different 

pathways that affect both time enrolled and the likelihood of degree attainment. For 
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example, a young adult might enroll in a two-year or a four-year school, and this choice 

of pathway is a direct result of the individual’s prior educational opportunities. As this 

example suggests, educational attainment is a multilevel process that cannot be 

understood separately from prior educational situations (Walsemann, Gee and Ro 2013). 

These postsecondary enrollment trajectories directly affect students’ experiences 

and consequently what they gain from their time in college. The distinction between 

community colleges and four-year institutions is important to consider in any measure of 

postsecondary education, since the two kinds of schools have different overall missions 

and offer students distinct opportunities. Specifically, if the mission of two-year schools 

is to prepare students for the labor market or to help them gain access to four-year 

institutions (Rosenbaum, Deil-Amen and Person 2009), these schools will offer differ 

courses from those offered at four-year institutions. Additionally, students often enroll 

part-time and discontinuously (Goldrick-Rab 2006; Horn and Carroll 1996; Milesi 2010), 

lengthening the number of years a student is considered enrolled, yet actually completing 

courses needed to graduate at a slower rate (Adelman 2004).  

 

Conceptual Framework 

The current study focuses on two explanations of the education-to-health 

connection: exposure and credential models. I first consider the strong role that 

background and selection factors may have on this relationship; I then discuss the 

exposure and credential theories of education.  
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Selection 

Both the exposure theory and the credential theory assume that education affects 

health outcomes. However, the many barriers to educational attainment influence both 

how much schooling people complete and their ultimate health status. Most directly, 

early health status itself may affect educational attainment: healthier individuals may be 

more likely to enroll in college and complete a degree. Childhood health is associated 

with educational disadvantage (Jackson 2010; Jackson 2009). For example, adolescents 

who report poor health are less likely to complete high school by age 20 and are 

subsequently less likely to enroll in postsecondary schooling—even controlling for 

academic factors in high school (Haas and Fosse 2008).  

The socioeconomic status of family of origin is connected to health and 

educational attainment throughout the life course (Hayward and Gorman 2004). Palloni 

(2006) finds that childhood health mediates the effect of parents’ social class on a child’s 

later social class. Individuals from low-socioeconomic-status (SES) backgrounds are less 

likely to enroll in four-year institutions or complete a college degree than their peers from 

more advantaged backgrounds (Grodsky and Jackson 2009). Those from disadvantaged 

economic backgrounds are also more likely to have lower self-rated health later in life, as 

well as more functional limitations (Guralnik et al. 2006; Luo and Waite 2005; 

Walsemann, Geronimus and Gee 2008).   

The factors that predict entry into any college are also associated with where and 

how an individual enrolls (Goldrick-Rab 2006). Young adults from lower-SES 

backgrounds are more likely to enroll in two-year colleges than young adults with higher-
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SES backgrounds (Grodsky and Jackson 2009). This includes first enrollment after high 

school completion as well as “downward transfer” after initial enrollment in a four-year 

school (Kalogrides and Grodsky 2011). Much of the association between SES and 

enrollment type works through academic achievement in K-12 schooling (Grodsky and 

Jackson 2009). However, even among similarly prepared college enrollees, students from 

low-SES backgrounds are more likely to enroll in two-year institutions (Grodsky and 

Jackson 2009). Even among the select group that enters four-year schools, first-

generation college students are more likely to interrupt their enrollment (Goldrick-Rab 

2006), lengthening the amount of time they are enrolled. Taken together, these studies 

highlight the importance of acknowledging the stratification within the college-

enrollment experience itself, since individuals’ backgrounds may select them into 

particular pathways. 

Education is positively associated with health outcomes even independently of the 

selection effects of health and SES (Warren 2009). However, these findings highlight the 

importance of paying attention to the specific factors that predict educational attainment 

and later health.  

 

Exposure 

The exposure model assumes that the process of schooling affects students’ 

capacities and abilities, helping the individual develop both cognitive and non-cognitive 

skills (Kerckhoff 1976). The current conceptualization of the exposure perspective 

combines many explanations of how time enrolled in schooling affects later health 
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outcomes—including the human capital theory of education, in which education gives an 

individual productive skills that are then rewarded in the labor market (Becker 2009; 

Schultz 1971). With regard to health outcomes, the exposure approach hypothesizes that 

as individuals gain more specific knowledge and critical-thinking skills, they learn to 

“coalesce health-producing behaviors into a coherent lifestyle” (Mirowsky and Ross 

2008, pg. 25). Since the key factor is exposure to learning opportunities, scholars who 

adopt this perspective typically measure the quantity of completed schooling. Several 

studies show that even net of economic factors, each additional year of schooling is 

associated with better self-rated health (Mirowsky and Ross 2008; Reynolds and Ross 

1998; Ross and Wu 1995). 

The difference in the purpose and selectivity of two- and four-year schools 

directly affects opportunities to accrue the skills that ultimately affect health. Students 

gain skills and knowledge not only through classroom experiences, but also from 

exposure to peers in the school context. Four-year institutions offer a more select student 

body: students typically come from higher-SES backgrounds and have had better 

academic preparation. As a result, students at four-year institutions may be more likely to 

acquire health-promoting knowledge and habits from fellow students than those who 

attend two-year institutions. 

 

Credential 

In the credentialist view, the acquisition of a degree is the aspect of education that 

benefits individuals. The explanation of this pattern is difficult to theorize, however. 
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Many economists claim that the benefits associated with degree attainment are due to a 

signaling effect, in which a credential signals a skill set (Spence 1974), personality trait, 

or even social status (Collins 1971) that employers use in making hiring decisions. If this 

kind of signaling is how those with degrees gain social benefits, then a degree improves 

health only via access to better occupations. This theory is likely unfounded, since many 

studies show a clear education-to-health connection independent of economic and 

occupational outcomes (Reynolds and Ross 1998).  

The institutional theory of education adds to this economic view of credentialism. 

According to this theory, a degree is just as important to an individual’s sense of self as it 

is a signal of status to outsiders (Meyer 1977). Earning a credential may affect how 

degree-earners view themselves within the social hierarchy and how they believe a 

person of their status should act (a process that Meyer called “chartering”). In this view, 

an associate’s or bachelor’s degree recipient may believe that part of being a person of 

his or her educational level involves maintaining a healthy lifestyle, resulting in health 

disparities patterned across credentials.  

The credentialist view takes into account differences between a two- and four-

year degree. In this view, however, students who enter college but do not finish are 

conceptualized as high school graduates, even though their college experience may have 

given them benefits that could affect later life outcomes (Grubb 2002; Milesi 2010). This 

“some college” group may more heterogeneous than groups of degree holders in both 

educational experiences and background characteristics. In fact, members of the “some 

college” group, despite having had more schooling than high school graduates, tend to 
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have as many health problems as their counterparts who never enrolled in any college 

(Zajacova, Rogers and Johnson-Lawrence 2012). This group in particular may therefore 

benefit from consideration of specific enrollment patterns.  

Taken together, the exposure and credentialist views of education lead to my first 

and second hypotheses. The first refines the exposure model by separating enrollment in 

two- and four- year institutions. The second refines the credentialist model by separating 

the “some college” group from high school graduates. The hypotheses are as follows:  

 

HYPOTHESIS 1: Years of education are positively associated with young SRH and 

negatively associated with health-induced work limitations. Time enrolled in two-year 

schools will have less of an effect on health outcomes compared to enrollment in four-

year schools.  

 

HYPOTHESIS 2: Each degree earned beyond a high school diploma will be associated 

with better health. Those with some college but no degree will also have better health 

profiles than those with a high school diploma but no college enrollment.  

 

Exposure and Credential Together 

As mentioned previously, work that considers both exposure and credentialist 

measures shows conflicting results (Liu et al. 2013; Liu et al. 2011; Ross and Mirowsky 

1999). There may be two ways that these two measures may complement each other or 

subsume the effect of each other. On one hand, if degrees do not matter independently of 
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years of schooling, the acquisition of a degree has no association with health outcomes—

all benefit comes through years enrolled. In other words, if two people both complete 

four years of schooling in a four-year school, they will have the same health profile (net 

of controls) even if one earns a degree and one does not. On the other hand, if degrees are 

associated with young adult health independently of years enrolled, the effect of years 

enrolled may work through degree attainment. However, there is also the possibility that 

both time enrolled and degree earned have independent relationships with health 

independently of the role of the other. No matter what relationship we find when both are 

considered simultaneously, if degree earned is independently associated with better 

health outcomes, some may claim that the benefit is only due to employment benefits 

stemming from the signal of the degree. Hypothesis 3 takes all these factors into 

consideration: I hypothesize that employment considerations will not reduce any positive 

association between education and health.  

 

HYPOTHESIS 3: When both years enrolled in two- and four- year schools and degree 

earned are modeled together, each will have an independent effect on young adult health. 

These effects will be robust to the inclusion of current employment and occupation status. 

 

Current Study 

Most studies of the health benefits of education use data that include a wide range 

of ages and consider only limited educational information—either years enrolled or 

highest degree earned. By contrast, this study uses a nationally representative study of 
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young adults (ages 26 to 31) that includes detailed information about postsecondary 

enrollment patterns and degree attainment. The longitudinal nature of the data allows for 

careful consideration of prior life factors that affect both educational attainment and the 

health outcome. By focusing only on enrollment after high school, I can leverage the 

heterogeneity present in the schooling in these few years to begin to understand how 

schooling at the postsecondary level relates to young adults’ self-rated health and health-

induced work limitations. 

 

Methods 

Analytic Sample 

Because this paper’s research questions focus on the relationship between 

postsecondary enrollment and later health, the analytic sample only includes respondents 

who have graduated from high school or completed a GED and so are eligible to enroll in 

college. This filter drops 1,126 cases from the original full sample of NLSY respondents. 

Further, I drop respondents who are missing on the outcome health indicators (n=592) 

and who were under 26 at the outcome Round if their health status was filled in with a 

prior Round (n=79) (see Chapter 2 for a description of this practice). I also drop cases 

that have a missing value for highest degree earned (n=26), which brings the final 

analytic sample to 7,161. 

 

Independent Variables Unique to this Chapter 
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Work Limitations. The dependent variables for the analyses are two measures of 

general health. The first is an indicator of self-rated health that was described in Chapter 

2. The second is a question regarding work limitations due to health issues. This measure 

asks whether the respondent reported being limited in the type or amount of work due to 

health issues. I combine these two limitations into one indicator: I give a value of one to 

respondents who indicated being limited in either or both the type and amount of work 

they can do due to health limitations.  

Education Indicators. In addition to the education and ability indicators reviewed 

in Chapter 2, these analyses include two additional measures of educational process. 

First, I include an indicator of whether the respondent reports being enrolled currently in 

some sort of postsecondary schooling at the time of the outcome Round. Second I include 

an indicator for whether the young adult completed a G.E.D.—regardless of what their 

highest degree is, this indicator measures whether the respondent received a G.E.D. This 

is important to control for as some health research has found that G.E.D. earners have 

lower health than those who complete a traditional high school program (Zajacova and 

Everett 2013). 

Economic and Occupation Indicators. The final regression models for each 

outcome also include an indicator for the household income reported by the respondent 

(logged) as well as an employment and occupation indicator based on reports at Round 

15. The occupation indicator is a four-category variable that compares those in low-, mid- 

or high-skill occupations to the reference category of not being in the labor force. 

Respondents who reported working in low-level service or labor positions are categorized 
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as having low-skill jobs. Those in management, high-level STEM and academic fields, or 

other top-level professional positions (i.e., lawyers, doctors) are considered to be in the 

high-skill occupations. 

 

Analytic Plan 

I use logistic regression to estimate the effects of postsecondary enrollment and 

completion on young adult SRH and work limitations. To better isolate the effect of 

postsecondary schooling, all regressions control for background indicators, high school 

academic outcomes, and prior self-rated health. In the first set of regression results, I use 

a series of nested models to show the relationship between several representations of 

education, including number of years enrolled and highest degree earned on young adult 

SRH and work limitations. I test Hypothesis 1 using Model 1, in which education is 

operationalized as years enrolled in two- and four-year schools. Model 2 addresses 

Hypothesis 2 by including education as a series of degree groups. Hypothesis 3 is 

addressed in Model 3, in which both years enrolled and degree earned are modeled 

together, and in Model 4, which incorporates employment and income variables.  

An alternate perspective on Hypothesis 3 is that time enrolled in postsecondary 

schooling may have different effects for those with and without credentials. Longer time 

enrolled for those with degrees may indicate not further acquisition of skills, but rather 

difficulty finishing (Adelman 2006). A similar argument may be made for those who 

enroll but do not earn a degree; however, time enrolled may have a different relationship 

with health for those who enroll but do not complete a degree. For this reason, 

36 
 



Hypothesis 3 is also addressed through a second set of analyses that focuses on the effect 

of years of enrollment in two- and four- year schools by each degree type earned (i.e. 

some college without a degree, AA or BA). The sample for these regressions is limited to 

those who ever enrolled in postsecondary schooling. 

 

Results 

 Table 3.1 shows the descriptive statistics associated with the full analytic sample 

for each degree attainment level. Those whose highest degree is a high school diploma 

are further separated by whether the respondent ever enrolled in college. 

<<Table 3.1 about here>> 

Although the sample is young and relatively healthy, there is a slight decrease in 

the percentage that reports excellent or very good health in the full analytic sample from 

Round 1 to Round 15 from 75% to 63%. Both measures of SRH increase across level of 

degree attainment, with bachelor’s degree holders showing the highest percentage of 

excellent and very good health at both Round 1 and Round 15. This pattern is similar for 

work limitations; however, only 6% of respondents report being limited in the type or 

amount of work they are able to do. The mean level of parent education and household 

income increases with each degree, and, unsurprisingly, the high school academic 

measures also strongly correlate with degree attainment levels. Bachelor’s degree earners 

have the highest reported high school grades and are most likely to have completed a 

college-prep-level math course before entering college (73%). ASVAB percentiles also 

increase with degree attainment level, while the percentage of those with GED’s 
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decreases. 12% of the total sample reports being enrolled at the outcome in postsecondary 

schooling, with the majority of these individuals being in the “some college” group. 

 Table 1 also reports the postsecondary enrollment patterns for respondents at each 

degree level, giving us a better understanding of the relationship between enrollment 

trajectory and degree attainment. Bachelor’s degree holders report being enrolled in any 

college the longest, at an average of 4.89 years. Associate’s degree holders have about 

3.8 years of enrollment. Those with bachelor’s degrees have a higher mean number of 

years in four-year schools and lower mean enrollment in two-year schools than those 

with an associate’s degree. For those who did not earn a degree but have some college 

experience, the mean number of years enrolled is 2.2, and the average time enrolled in 

four-year schools is slightly lower (1 year) than the average time enrolled in two year 

schools (1.23 years).   

  

Postsecondary Experience and Self-Rated Health 

 The next set of analyses addresses how postsecondary education relates to early 

adult self-rated health status. Table 3.2 shows the average marginal effects from logistic 

regression predicting excellent or very good health in Round 15 and controls for all 

background and selection factors mentioned previously. Model 1 examines whether the 

exposure model (i.e., time enrolled in college) predicts SRH in young adulthood, 

considering both selection factors and enrollment patterns. The results show that years 

enrolled in both two- and four-year schools are associated with a higher probability of 

reporting excellent or very good health, but the effect is larger for time enrolled in four-
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year schools. According to the AMEs, one year of enrollment in a two-year school 

increases the probability of reporting excellent or very good health by just over 1%, while 

the same enrollment spell in a four-year institution increases the probability by almost 

2.5%. A combined measure of these two amounts may consequently overestimate the 

effect that postsecondary education has on health for some individuals (those who 

enrolled in two-year schools) and underestimate the effect it has for others (those who 

enrolled in four-year schools). 

 

<<Table 3.2 about here>> 

 

 Model 2 shows the average marginal effects for highest degree and highest 

enrollment. As hypothesized, each level of enrollment and attainment is associated with a 

higher probability of reporting excellent or very good health. Attending some college 

without a degree is associated with a 3.7 percentage point increase in the probability of 

reporting excellent or very good health at Round 15 compared with high school graduates 

with no college enrollment. Earning an associate’s degree is also related to having better 

self-rated health. Not surprisingly, those who earned a bachelor’s or higher degree have 

the greatest average marginal effect on SRH: their probability of reporting excellent or 

very good health is 16.4 percentage points higher than high school graduates who never 

entered college.  

 The third model shows AMEs when both years enrolled and highest degree 

earned are included in the model. We see that when both are considered, only highest 
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degree earned matters for SRH. The marginal effects for time enrolled are not statistically 

significant for either two- or four-year institutions. Also, some college enrollment is no 

longer statistically significantly associated with better health. However, associate’s- and 

bachelor’s-degree earners are still more likely to report excellent or very good health, 

although their AME is slightly attenuated. 

 Finally, Model 4 considers the respondents’ employment characteristics and 

household income at the outcome Round, since according to the signaling argument, 

degree earned works mostly through occupational benefits. The income and employment 

variables attenuate the AME for both associate’s degree and bachelor’s degree earners by 

32% and 22%, respectively. Importantly, the AME for associate’s degree is no longer 

statistically significant. This change implies that most of the positive educational effect of 

an associate’s degree on the probability of excellent or very good health is due to 

associate’s degree earners’ higher economic and occupational profiles (compared with 

high school graduates). Although some of the positive association between SRH and 

bachelor’s degree may work through occupational considerations, bachelor’s-degree 

earners still have about an 11-percentage point higher probability of reporting higher 

levels of SRH than high school graduates without any postsecondary experience.  

 The bottom half of the table reports the effects of the background and selection 

variables. Across all models, having reported excellent or very good health at Round 1 

has the strongest AME on reporting excellent or very good health in Round 15, among 

these background controls.  
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Postsecondary Experience and Work Limitations  

 Table 3.3 shows the association between postsecondary education and reports of 

work limitations in young adulthood. Model 1 considers years enrolled in two- and four- 

year schools. Time enrolled in both types of schools is associated with lower probability 

of reporting work limitations, yet the magnitude is much lower than for SRH. There is 

also not as large a difference between enrollment in two- and four-year schools there was 

for SRH.  

 

<<Table 3.3 about here>> 

 

 Model 2 also reiterates the pattern seen with SRH. Each enrollment/degree level 

above having only a high school diploma and no college enrollment is associated with a 

lower probability of reporting work limitations. Model 3 combines years and highest 

degree/enrollment: again like SRH, having an associate’s or bachelor’s degree is 

associated with lower probability of work limitations, while years enrolled no longer is 

statistically significantly associated. Finally, the consideration of occupational 

characteristics in Model 4 also causes a reduction in the AME of both associate’s and 

bachelor’s degree and renders the associate’s degree coefficient insignificant. Although 

the overall effect sizes in the work limitations models are smaller than for SRH, the 

patterns of how years enrolled and degree earned work for health are similar.  

 

Time Enrolled by Degree Earned 
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To further examine the role of exposure and credential together, the following 

analyses look at the effects of time enrolled in college within each degree group. To 

ensure that any positive associations found for those without a postsecondary degree are 

not “enrollment” effects (the effect of entering at all vs. not entering at all), the following 

analyses for the “some college” group only include those who enrolled in some form of 

postsecondary enrollment at any point after high school. Stratified analyses by highest 

degree, as well as pooled interaction models, found no differences in the effect of months 

enrolled for the work limitations outcome by degree level. As such, the following 

analyses only show results for the self-rated health outcome. In Table 3.4, each column 

shows separately the AMEs of two- and four-year enrollment for those with some college 

but no degree, associate’s degree holders, and bachelor’s-degree holders, using the 

controls in Model 3 in Tables 3.2 and 3.3 (all background and academic controls—

without controls for current economic and occupational profiles. The full table showing 

all controls is show in Appendix Table A.3.1). The models show that the only group for 

which years enrolled has a positive and statistically significant effect is those who did not 

earn a college degree. Four-year exposure is associated with a higher likelihood of 

reporting excellent or very good health. Each year enrolled in a four-year school 

increases the probability of excellent or very good health by 1.9 percentage points. Albeit 

a small increase, over time this adds up into about a 7.5 percent probability increase if 

enrolled for four years—even without earning a degree. There was no statistically 

significant association for two-year enrollment among the degree-earned groups. Pooled 

interaction models (not shown but available upon request) support these results. 
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<<Table 3.4 about here>> 

 

 Figure 3.1 represents the findings for four-year enrollment from Table 3.4 as 

conditional probabilities, with all independent variables set at the sample mean for each 

degree group, only allowing the time enrolled in four-year schools to vary. The graph 

highlights the differences in the relationship between time enrolled for those without a 

degree and time enrolled for those who earn an associate’s or bachelor’s degree.  

 

<<Figure 3.1 about here>> 

 

Taken together, the fourth model in Table 3.2 and Figure 3.1 show that degree 

attainment explains much of the association between education and health, especially for 

those with a bachelor’s degree. However, years enrolled in four-year schools is important 

among those who do not earn a degree.  

 

Conclusion 

As enrollment in postsecondary education increases and the association between 

education and health becomes more salient for young cohorts, information on whether 

and how experiences in college contribute to health are of paramount importance. Prior 

studies of the dimensions of education that influence health have not been able to 

consider detailed information on both time enrolled and degree earned—and those that do 
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show conflicting results. By using a data set that includes detailed education histories, I 

am able show how specific dimensions of education are associated with health while 

carefully considering educational and health selection processes. The educational 

gradient in health may increase with age (Dupre 2007), so while the health disparities this 

study shows are small, they have large implications for possible future health disparities 

in this cohort. 

This study engages both exposure-based and credential-based theoretical 

frameworks. It finds that for young adults, earning a credential may be more important 

for health than time spent enrolled in two- or four- year schools. This pattern is true both 

for self-rated health and for work limitations. When both time enrolled and credential 

earned are considered concurrently, those with an associate’s degree or a bachelor’s 

degree and higher have both better SRH and lower reports of work limitations compared 

with high school graduates who have no college experience. I also find, however, that for 

individuals who enter college and do not earn a degree, time enrolled in four-year schools 

is associated with an increased likelihood of reporting better SRH.  

Although enrollment in two- and four- year schools was positively related to SRH 

and negatively related to work limitations independently of background characteristics, 

when degree earned is held constant, time enrolled is no longer statistically significant. 

These findings corroborate the work of Liu et al. (2013; 2011), who find no independent 

effect of time enrolled when degree attainment is considered.  

This study enhances our understanding of the relationship between credentials and 

health. Models that do not include the economic outcomes of young adults show a step-
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wise, increasing relationship between degree attainment and SRH and lower work 

limitations. However, once occupation and income are considered, an associate’s degree 

no longer affects these outcomes. This suggests that the positive effect of earning an 

associate’s degree is explained by the better economic and occupational situations it leads 

to compared with a high school degree. The positive effect of earning a bachelor’s 

degree, however, remains statistically significant even when considering occupation and 

income. This suggests there is some other factor related to earning a bachelor’s degree 

that affects later health, independent of economic factors. 

The independent relationship of degree earned net of time enrolled is likely not 

due to a “signaling” effect of education. It appears that there is an inherent health benefit 

of education beyond the outward symbol it provides to employers. Even net of 

occupational characteristics, a bachelor’s degree is positively associated with both SRH 

and work limitations. As Meyers (1977) would argue, a process of chartering may occur 

in which those who earn a degree internalize the idea that a certain health profile should 

accompany the acquisition of a degree. Degree attainment may also represent the 

acquisition of a certain amount of human capital.  

An exposure argument may be appropriate to describe the associations found 

between time enrolled in four-year schools and SRH for the “some college” group. 

Individuals with some college but no degree are a particularly important group to 

understand because their health patterns are contradictory: they report more health 

problems but better SRH (Zajacova, Rogers and Johnson-Lawrence 2012). The current 

45 
 



project highlights the importance of considering the heterogeneous pathways that college-

goers take—specifically, the differences between two- and four- year schools.  

Subsequent analysis not shown but available upon request separated the “some 

college” group into those who attended only two- year schooling and those who ever 

attended four-year schooling. This analysis found that those who attended a four-year 

school but did not earn a degree were statistically significantly more likely to report high 

SRH than high school graduates who never attended college. There was no such 

difference between high school graduates with no college and those who attended some 

college at two-year schools only. 

These differences in the associations between two- and four-year schools could be 

due to many factors that this study does not directly measure. For example, the courses 

taken in two-year schools may focus on skills needed for specific occupations and so may 

not be as conducive to the development of the kinds of cognitive skills that would benefit 

health (Rosenbaum, Deil-Amen and Person 2009). Occupation and income measures 

explain away the association between an associate’s degree and health outcomes, which 

may imply that knowledge gained in two-year schools is more directly geared toward 

specific employment outcomes rather than a general knowledge base that could be 

transferred to health behaviors. These findings are reminiscent of Ross and Mirowsky’s 

(1999) finding of a small, positive association between an individual’s health and the 

selectivity of the college he or she attended.  

This study is limited to showing associations between postsecondary enrollment, 

completion, and health outcomes, and does not attempt to identify the specific 
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mechanisms that link them. Time enrolled and completion of degrees in two- or four- 

year schools can represent many things that are known to be associated with ultimate 

health status: exposure to more selective peers, accumulation of specific knowledge, or 

development of noncognitive skills that may lead to better health behaviors (Cutler and 

Lleras-Muney 2010). Four-year schools may also have resources that may help students 

stay healthy, such as on-campus clinics. The exact mechanisms that link schooling to 

health are beyond the scope of this paper.  

The longitudinal nature of this data allows for the consideration of health status 

prior to entry into postsecondary education. However, health issues experienced after 

initial enrollment in college may also affect both how much education a student has 

completed and the student’s health at the time of the outcome round. To check for this 

issue, I included other indicators of health in a sensitivity analysis, using an indicator of 

whether the respondent ever reported poor health in any round of the survey. Considering 

this measure did not change the association between enrollment and degree earned in any 

of the models. This check may not correct for the possible endogeneity of educational 

attainment and health, and subsequent research could use yearly data to investigate in 

more detail the relationship between health and enrollment.  

Despite these limitations, the current study provides an important starting point 

for understanding the connection between education and health for younger cohorts of 

individuals. Further research may look at how the patterns found in this paper may be 

different for young adults of different backgrounds, especially since recent research has 

shown that the later-life health benefits of college completion may be the most significant 
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for those who are the least likely to earn a degree (Schafer, Wilkinson and Ferraro 2013). 

Additionally, the NLSY97 data on enrollment status only includes individuals who aspire 

to complete an associate’s or bachelor’s degree. McDade et al. (2011) found that college 

aspirations were related to better health behaviors in young adulthood. Future research, 

therefore, might investigate how college enrollment affects individuals who do not have a 

specific degree aspiration when entering college.
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Table 3. 1: Weighted Descriptive Statistics by Highest Degree Earned/Highest Enrollment 

 HS Diploma Some College AA BA+ 
Full 

Sample 

Weighted % of Total Sample 0.27 0.32 0.08 0.33  

      

Excellent or Very Good Health      

    At Round 1 0.67 0.73 0.74 0.85 0.75 

    At Round 15 0.51 0.58 0.64 0.77 0.63 

      

Work Limitations at Round 15 0.10 0.08 0.05 0.03 0.06 

      

Postsecondary Enrollment      

    Mean Total Years Enrolled N/A 2.23 3.79 4.89 2.63 

  (1.94) (1.83) (1.30) (2.39) 

    Mean Years Enrolled in 2yr N/A 1.23 2.79 0.56 0.81 

  (1.47) (1.62) (1.06) (1.36) 

    Mean Years Enrolled in 4yr N/A 1.00 1.00 4.33 1.82 

  (1.73) (1.46) (1.37) (2.23) 

      

Only enrolled in 2yr N/A 0.55 0.53 0.01 0.22 

Ever enrolled in 4yr N/A 0.45 0.47 0.99 0.51 

      

Female 0.40 0.48 0.55 0.57 0.49 

Age 29.26 29.19 29.19 29.25 29.23 

 (1.53) (1.54) (1.43) (1.36) (1.47) 

Race      

    White 0.63 0.61 0.68 0.77 0.67 

    Black 0.19 0.19 0.14 0.09 0.15 

    Latino 0.15 0.15 0.12 0.07 0.12 

    Asian 0.01 0.02 0.02 0.04 0.02 

    Other 0.02 0.03 0.03 0.03 0.03 

      

Parent's Highest Education 1.24 1.75 1.85 2.62 1.90 

 (1.00) (1.16) (1.10) (1.09) (1.22) 

Round 1 Household income (logged) 10.19 10.43 10.50 10.95 10.54 

 (1.01) (1.03) (1.08) (0.75) (0.99) 

High School Grades 2.46 2.76 2.94 3.41 2.91 

 (0.78) (0.73) (0.66) (0.53) (0.78) 

Took College Prep Math 0.18 0.31 0.40 0.73 0.42 

ASVAB Percentile 32.08 47.99 53.41 70.78 51.46 

 (23.96) (26.74) (24.72) (21.10) (28.41) 
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Table 3.1 Continued 
Currently Enrolled 0.01 0.20 0.15 0.14 0.12 

Earned a GED 0.28 0.12 0.06 0.00 0.12 

      

Round 15 Household income (logged) 10.50 10.72 10.93 11.14 10.82 

 (1.16) (1.03) (0.82) (0.75) (1.00) 

Occupation and Employment      

    Not in labor force 0.26 0.20 0.14 0.07 0.17 

    Low-Skill occupation 0.45 0.31 0.22 0.09 0.27 

    Mid-Skill occupation 0.24 0.39 0.49 0.50 0.39 

    High-Skill occupation 0.05 0.10 0.14 0.33 0.17 

N 2126 2413 570 2052 7161 

Standard deviations in parentheses      
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Table 3. 2: Average Marginal Effects from Logistic Regression Predicting Excellent or Very 
Good Health in Round 15 

 Model 1 Model 2 Model 3 Model 4 
Years enrolled in 2-year school 0.011*  0.003 0.003 

 (0.004)  (0.006) (0.006) 
Years enrolled in 4-year school 0.024***  0.006 0.004 

 (0.004)  (0.005) (0.005) 
Highest Degree/Highest Enrollment Type     
(Ref: HS Diploma/No College 
Enrollment)     
    Some College Enrollment  0.037* 0.028 0.017 

  (0.015) (0.018) (0.018) 
    Associate's Degree  0.079*** 0.066* 0.045 

  (0.024) (0.030) (0.030) 
    Bachelor's Degree or higher  0.164*** 0.140*** 0.109*** 

  (0.020) (0.028) (0.029) 
Age -0.008~ -0.008~ -0.008* -0.009* 

 (0.004) (0.004) (0.004) (0.004) 
Race     
(Ref: White)     
    Black -0.032* -0.026~ -0.028~ -0.018 

 (0.015) (0.015) (0.015) (0.015) 
    Latino -0.043** -0.040* -0.041* -0.045** 

 (0.017) (0.016) (0.016) (0.016) 
    Asian -0.109* -0.116** -0.117** -0.121** 

 (0.044) (0.044) (0.044) (0.044) 
   Other -0.019 -0.023 -0.023 -0.020 

 (0.041) (0.041) (0.041) (0.040) 
Female -0.030* -0.034** -0.034** -0.035** 

 (0.012) (0.012) (0.012) (0.013) 
Excellent/Very Good health at Round 1 0.155*** 0.153*** 0.153*** 0.150*** 

 (0.013) (0.013) (0.013) (0.013) 
Highest Parent's Education Level 0.019** 0.016** 0.015* 0.014* 

 (0.006) (0.006) (0.006) (0.006) 
Household income at Round 1 (log) 0.020** 0.018* 0.018* 0.016* 

 (0.008) (0.007) (0.007) (0.007) 
High School grades 0.030*** 0.024** 0.023* 0.020* 

 (0.009) (0.009) (0.009) (0.009) 
Took College Prep math course in HS 0.033* 0.026~ 0.024~ 0.019 

 (0.014) (0.014) (0.014) (0.014) 
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Table 3.2 Continued 
ASVAB Percentile 0.001* 0.001* 0.001* 0.000 

 (0.000) (0.000) (0.000) (0.000) 
Currently Enrolled 0.017 0.034~ 0.031 0.040* 

 (0.019) (0.019) (0.019) (0.019) 
Earned GED 0.028 0.029 0.029 0.038* 

 (0.019) (0.019) (0.019) (0.019) 
Employment and Occupation Round 15     
(Ref: not in labor force)     
    Employed in Low-skill occupation    0.026 

    (0.021) 
    Employed in Mid-skill occupation    0.073*** 

    (0.021) 
    Employed in High-skill occupation    0.097*** 

    (0.027) 
Household income at Round 15 (log)    0.014* 

    (0.007) 
Observations=7,161; Standard errors in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ 
p<0.1; 
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Table 3. 3: Average Marginal Effects from Logistic Regression Predicting Work Limitations in 
Round 15 

 Model 1 Model 2 Model 3 Model 4 
Years enrolled in 2-year school -0.006*  -0.001 -0.001 

 (0.003)  (0.003) (0.003) 
Years enrolled in 4-year school -0.009***  0.000 0.001 

 (0.002)  (0.003) (0.003) 
Highest Degree/Highest Enrollment Type     
(Ref: HS Diploma/No College 
Enrollment)     
    Some College Enrollment  -0.015* -0.014 -0.009 

  (0.007) (0.009) (0.009) 
    Associate's Degree  -0.042** -0.038* -0.026 

  (0.013) (0.016) (0.016) 
    Bachelor's Degree or higher  -0.071*** -0.070*** -0.050** 

  (0.012) (0.017) (0.016) 
Age 0.005* 0.005* 0.005* 0.005* 

 (0.002) (0.002) (0.002) (0.002) 
Race     
(Ref: White)     
    Black -0.010 -0.012 -0.012 -0.025** 

 (0.008) (0.008) (0.008) (0.008) 
    Latino -0.024* -0.025* -0.024* -0.024** 

 (0.010) (0.010) (0.010) (0.009) 
    Asian -0.049 -0.046 -0.046 -0.044 

 (0.035) (0.035) (0.035) (0.035) 
   Other 0.020 0.021 0.022 0.018 

 (0.018) (0.017) (0.017) (0.017) 
Female 0.024*** 0.025*** 0.025*** 0.012~ 

 (0.007) (0.007) (0.007) (0.007) 
Excellent or Very Good health at Round 1 -0.029*** -0.028*** -0.028*** -0.026*** 

 (0.007) (0.007) (0.007) (0.007) 
Highest Parent's Education Level 0.004 0.006~ 0.006~ 0.007* 

 (0.003) (0.003) (0.003) (0.003) 
Household income at Round 1 (log) -0.011*** -0.010** -0.010** -0.010** 

 (0.003) (0.003) (0.003) (0.003) 
High School grades -0.001 0.002 0.002 0.004 

 (0.005) (0.005) (0.005) (0.005) 
Took College Prep math course in HS -0.009 -0.004 -0.004 0.000 

 (0.008) (0.007) (0.008) (0.007) 
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Table 3.3 continued     
ASVAB Percentile -0.000 0.000 0.000 0.000 

 (0.000) (0.000) (0.000) (0.000) 
Currently Enrolled 0.026** 0.019* 0.021* 0.014 

 (0.010) (0.010) (0.010) (0.010) 
Earned GED 0.010 0.009 0.009 -0.000 

 (0.009) (0.009) (0.009) (0.009) 
Employment and Occupation Round 15     
(Ref: not in labor force)     
    Employed in Low skill occupation    -0.089*** 

    (0.009) 
    Employed in Mid skill occupation    -0.085*** 

    (0.008) 
    Employed in High skill occupation    -0.107*** 

    (0.015) 
Household income at Round 15 (log)    -0.002 

    (0.003) 

Observations=7,161; Standard errors in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ 
p<0.1; 
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Table 3. 4: Average Marginal Effects from Logistic Regression 
Predicting Excellent or Very Good Health in Round 15 by Highest 
Degree Earned for College Enrollees 

 Some College AA BA 
Years enrolled in 2-year school 0.005 0.014 -0.010 

 (0.008) (0.014) (0.010) 
Years enrolled in 4-year school 0.019** 0.001 -0.008 

 (0.008) (0.015) (0.007) 
Age 0.002 -0.001 -0.004 

 (0.007) (0.015) (0.007) 
Observations 2413 570 2051 

Standard errors in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ 
p<0.1 
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Figure 3. 1: Estimated Probability of Reporting Excellent or Very Good Health for Each 
Year Enrolled in 4-year School by Highest Degree Earned among College Enrollees 
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Chapter 4: Four-Year College Selectivity and Young Adult Health 

 

Introduction 

Some suggest that elite college attendance affects the future role formation of 

students—encouraging them to develop a set of occupational expectations and academic 

profiles unique to this set of schools (Kamens 1974; Meyer 1977). Indeed, attendees of 

these schools are more likely to enjoy higher status jobs and better wages than students at 

less selective schools (Brand and Halaby 2006; Long 2008). Only recently have 

researchers begun to investigate health benefits as part of the lifelong advantages 

afforded to elite college enrollees, finding that these students practice better health 

behaviors as young adults and well into later adulthood (Fletcher and Frisvold 2011; 

Fletcher and Frisvold 2014). Although there is a widely proven association between 

education and health (Cutler and Lleras-Muney 2006; Grossman and Kaestner 1997), we 

know little about the nuances connecting the two—however these prior findings linking 

elite college attendance with positive life outcomes implies that more selective colleges 

may also help develop better self-rated health in young adulthood.  

 Despite the positive outcomes of elite college attendees, there remains the 

question of whether attendance at selective schools actually causes better life chances, or 

if their students are already among a select group that would experience better outcomes 

regardless of their college choice. On one hand, these elite schools provide a more 

rigorous academic culture, priming these students for a higher status positions in life. The 

critical thinking skills and knowledge gained from this environment may promote better 

57 
 



health (Mirowsky and Ross 1998a). However these students are high academic 

performers and from high SES backgrounds (Astin and Oseguera 2004; Espenshade, Hale 

and Chung 2005), making better health more likely anyway.  

If there is a selective college advantage in self-rated health even when considering 

the strong selection processes for admittance in the first place, this could occur through a 

few pathways. First, the educational processes experienced at these schools may 

encourage better life outcomes. Selective college students are more likely to enroll longer 

and exit college with a degree than students at lower quality colleges (Astin and Oseguera 

2004). In addition, prior research has shown that there is an effect of selective college on 

health behaviors and lifestyle—including smoking and Body Mass Index (BMI) (Fletcher 

and Frisvold 2011; Fletcher and Frisvold 2014), which also ultimately affects self-rated 

health.  

Does an elite education provide health benefits to students or does the institution 

work to reproduce already present advantages for students? I investigate whether those 

who attend highly selective schools have better self-rated health because of their 

attendance, and consider the possibility that the relationship is due to selection bias 

associated with elite college entrance. I use a propensity score matching technique to 

adjust for nonrandom selection of students into elite colleges in an attempt to isolate the 

role of schooling on young adult health. Finally, I consider whether educational process 

or health lifestyle characteristics explain the health advantage afforded to selective 

college attendees. This chapter helps further our understanding of the link between 

schooling and health by investigating whether exposure to a selective institution is 
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actually associated with better health later in life, once the students’ attributes prior to 

enrollment are taken into account. By focusing on the most advantaged educational 

group—four-year college enrollees—I am able to investigate whether heterogeneity in 

the quality of institution attended is associated with differing self-rated health in young 

adulthood. 

 

Background 

Selective four-year institutions 

As the share of young people who enter college increases, the sorting of students 

within the higher education system becomes an important aspect of educational 

stratification (Astin and Oseguera 2004; Karabel and Astin 1975). Even within four-year 

colleges there is substantial variation in school quality (Davies and Guppy 1997; Gerber 

and Cheung 2008). Parents and college-bound students alike covet admission to highly 

selective, elite schools with the thought that opportunities afforded through enrollment 

will positively affect life chances. Attendance at these elite schools often is considered a 

status symbol representing membership in the highest levels of the social hierarchy 

(Persell and Cookson 1985).  

Selective schools are often defined by their high academic expectations for those 

accepted. The requirement for exceptional high school academic profiles is well known 

to applicants and highly successful students are much more likely to gain entrance into 

these schools (Espenshade, Hale and Chung 2005; Karen 1991). However, academic 

performance is not the only admissions characteristic considered at selective schools. 
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Legacy applicants (descendants of alumni) are also advantaged in the admissions process 

(Karen 1991; Stevens 2009). Those whose families show a higher ability to pay full 

tuition or have the ability to donate substantially to the school are also privileged in 

admissions decisions at elite colleges (McPherson and Schapiro 2006; Stevens 2009). 

These patterns lead those with higher socioeconomic backgrounds to have a better chance 

of gaining entrance into selective schools even net of their academic performance (Astin 

and Oseguera 2004; Hearn 1991). Whether selected through achievement or ascription, 

the admissions processes employed by elite colleges results in a high concentration of 

academically successful students. In fact, selectivity of a college is often measured 

specifically using the academic “quality” of admitted students (Stevens 2009), a measure 

which not only gauges the academic rigor of the school itself, but the cognitive and social 

class background of peers in the school. 

These selective schools may impart better skills and provide more information to 

their students. In this view, better quality schools provide greater opportunity to accrue 

cognitive and non-cognitive skills—whether through specific knowledge or the 

development of higher critical thinking skills (Gerber and Cheung 2008). Indeed, elite 

colleges have been found to place particular focus on academic socialization, facilitating 

the creation of human capital in students (Greene 1998; Kamens 1974). This higher 

quality instruction and development of cognitive ability could very well affect health and 

health behaviors of students (Mirowsky and Ross 2003). 

Most of the work on the effects of elite institution enrollment focuses on the role 

of selective college attendance on earnings and occupational outcomes. Early studies of 
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this link between college and economic achievement did indeed find a positive 

relationship between college selectivity and better outcomes (Solomon 1975; Solomon 

and Wachtel 1975; Weisbrod and Karpoff 1968). However the effects of college on any 

outcome risk being driven by other unmeasured characteristics that both predict what 

college they go to as well as their likelihood of positive economic and occupational 

outcomes. In other words, students who attend elite colleges might also have a higher 

earning potential—regardless of where they attended college.  

More recent work focuses specifically on this question of how the role of 

selectivity factors into the relationship between college quality and later outcomes. These 

studies use several statistical techniques to better pinpoint the actual effect of college. 

Admittedly these more sophisticated models result in muted effects of college quality on 

economic outcomes (Brand and Halaby 2006), however effects still exist. Using 

propensity score matching techniques to minimize selection bias, Brand and Halaby 

(2006) found that attending an elite college is associated with a higher occupational status 

in both mid- and late-career. Long (2008) compared several techniques including 

instrumental variables, and still found positive effects of college quality on household 

income. Overall, these studies still show effects of elite college attendance on economic 

outcomes even while taking careful consideration of selection bias (Black and Smith 

2006; Monks 2000). 

 

Selective Four-Year Schools and Health Status 
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The Role of Selection. The prior research on economic outcomes highlights the 

importance of the role of selection into elite schools and how it relates to later life 

chances. We must consider the possibility that an elite college education itself may not 

lead to better health. Any association between high quality schooling and health could be 

due to exogenous variables such as cognitive ability, social background and early health 

status—all factors that affect the likelihood of elite college attendance as well as better 

health in young adulthood. Indeed, more selective colleges admit students with better 

high school academic records and test scores (Espenshade, Hale and Chung 2005). Even 

net of these academic factors however, these schools are more likely to admit students 

according to ascriptive characteristics such as family income and parental education, with 

children of more advantaged backgrounds being more likely to enter elite institutions 

(Astin and Oseguera 2005; Hearn 1991). 

School-based effects on health. However, the academic and social support 

afforded to students of highly selective schools may increase their chances of converting 

educational advantages into better life outcomes. The academic focus of peers as well as 

students’ feeling of connection to faculty ultimately could keep students on-track 

academically (Greene 1998). In general, higher quality schools are associated with better 

educational outcomes—such as longer periods of enrollment and ultimately higher 

likelihood of graduation than lower quality colleges (Brand and Halaby 2006; Long 

2008). 

The culture of the school adds another dimension to the way that school quality 

might affect health outcomes. The cultural capital that is perpetuated by these elite 
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institutions encourage not only certain cultural tastes and habits that help distinguish its 

students from other classes, but also encourage socially acceptable health habits such as 

exercise or not smoking (Fletcher and Frisvold 2011; Mirowsky and Ross 2003). 

Conversely, the culture of the school may encourage unhealthy behaviors such as binge 

drinking (Wechsler et al. 2002). Research comparing Harvard to other east coast private 

universities found that Harvard students tended to engage in binge drinking more often 

than students at other schools (Greene 1998).  

The few studies that do examine the link between selective college attendance and 

health outcomes show that health behaviors are indeed related to college selectivity. Ross 

and Mirowsky (1999) find that the selectivity of the college from which an individual 

received their highest degree moderately predicts both physical functioning and perceived 

health. However these relationships are explained away by healthy lifestyle. More 

recently, Fletcher and Frisvold (2014) find an association between the selectivity of the 

degree-granting college and the probability of being overweight in later adulthood, 

showing that individuals who graduated from more elite schools are less likely to be 

obese as adults. There is also evidence that enrollment in a highly selective college 

decreases tobacco and marijuana use in young adulthood (Fletcher and Frisvold 2011). 

 

Current Study 

The current study asks first whether selective college attendance is positively 

related to young adult self-rated health. I control on several prior factors that could both 

be correlated with elite college attendance and health. Next, I use propensity score 
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matching techniques to help correct for selection bias. Finally I consider factors of the 

educational process experienced by college enrollees, as well as health behaviors to 

attempt to piece apart the college selectivity advantage in self-rated health.  

 

Methods 

Analytic Sample 

This study uses data from the NLSY97 survey data as well as postsecondary 

transcripts from the Post-Secondary Transcript Study (PSTRAN). NLSY respondents 

were eligible for the PSTRAN if they reported any undergraduate attendance throughout 

the NLSY97 interviews (Rounds 1 through 15).  I use a sample of four-year college 

enrollees that have a valid IPEDS identification code for their institution.  

The key independent variable for this chapter is the selectivity of the first four-

year institution in which the student enrolled. This institutional characteristic is based on 

information gained from Barron’s Profiles of American Colleges linked using an IPEDS 

ID. When possible, I used IPEDS information based on the NLSY transcript study. I used 

transcript information for individuals for whom NORC received a waiver to gather the 

transcript, confirmed four-year enrollment and received all eligible transcripts for a 

respondent. IPEDS based on the self-reported institution name in the NLSY geocode file 

were used for respondents who either did not provide a waiver or do not have all eligible 

transcripts available. Among the four-year college enrollees in this study, 55% (n=1,899) 

have information from the transcript study, while the remaining 45% (n=1,578) have self-
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reported institution information. The final sample for this chapter is 3,477 four-year 

college attendees. 

 

Independent Variables Unique to this Chapter 

Barron’s Selectivity Score. The main variable of interest for this chapter is a 

measure of quality/selectivity for the first four-year institution respondents reported 

attending. The measure of college quality/selectivity used for this study is based on a 

rating created by Barron’s Profiles of American Colleges. The ranking is based on 

admission competitiveness and considers: the SAT/ACT scores of admitted students, the 

grade point average required for admission, the class rank required for admission and the 

percentage of applicants accepted at the institution (Schmitt 2009). The Barron’s 

selectivity ranking ranges from 1 (most competitive) to 6 (noncompetitive). Some 

institutions such as art schools are not ranked in the manner described above because of 

their unique admission criteria. These schools are given a ranking of 7 (special) and are 

not included in the following analysis (n=32). Analysis leaving them in the “non-

selective” category did not result in different results. I use Barron’s scores from 2008. 

Although the respondents in the sample attended their postsecondary institution anywhere 

from 1998 to 2010, changes in an institution’s selectivity tend to be quite small over time 

(Astin and Oseguera 2004). 

Of the 3,477 respondents who report enrolling in a four-year institution 573 

lacked a Barron’s selectivity score for the reported institution. Upon investigation, I 

found that these institutions were for-profit schools, for which Barron’s does not give a 
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selectivity score. In order to keep as many respondents as possible I included these for-

profit students in the noncompetitive Barron’s category. I ran all analyses dropping these 

for-profit students and the results are substantively identical. 

In order to be able to use propensity score matching techniques, I convert the six-

category measure into a dichotomous indicator in which the top two most competitive 

categories are compared to all other selectivity groups (Most and highly selective=1; 

Very competitive to non-competitive=0). For a full breakdown of the six-category 

measure for the analytic sample, see Appendix Table A.4.1. It also includes specifics on 

the academic profiles of each category and examples of colleges and Universities. I use 

the Barron’s measure first because of its wide use in college quality literature, and second 

as it has been found to be one of the best predictors when comparing measures of college 

quality (Astin and Oseguera 2004; Black and Smith 2006).  

SAT Score. The models in these analyses include each student’s SAT score or 

converted ACT score. The SAT scores are based on math and verbal scores only, making 

the maximum score 1600. NLSY only provides SAT math and verbal scores as a series of 

intervals (i.e. 200-300; 301-400, etc.). To create a useable SAT score I took the midpoint 

of each score and added them together. For young adults who only took the ACT, their 

score is converted to a comparable SAT score. Although the ASVAB test score was used 

in the prior chapter to consider cognitive ability, SAT score is an important predictor of 

attending an elite college and thus I added it to the model. However the ASVAB and 

SAT scores are correlated at r=.8, resulting in multicollinearity when both are included in 

the model predicting young adult health. For this reason only SAT is included in the 
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following equations. The results are substantively similar when ASVAB is included in 

the model instead of SAT.  

Educational Process Indicators. The final analyses include three indicators that 

characterize aspects of the postsecondary educational process that may help explain any 

health advantage for selective college attendees. These include months enrolled in four-

year institutions as well as highest degree earned (see Chapter 2 for explanation of these 

variables). This set of variables also includes an indicator of whether the student had non-

continuous enrollment in their postsecondary career defined as ever having taken one 

year or more off from school before degree attainment. This was calculated using the 

monthly enrollment indicators. If a respondent had at least 12 months of not being 

enrolled in a four-year school after initial enrollment but before earning a bachelor’s 

degree, they are considered to have non-continuous enrollment. 

Health and Lifestyle Indicators. The last set of analyses also include three health 

lifestyle variables taken from the outcome Round. The first is the respondent’s Body 

Mass Index (BMI) calculated from their self-reported height and weight. For models that 

include the BMI at the outcome Round, I also include the respondent’s BMI at Round 1 

in an attempt to control for BMI selection into college (Crosnoe 2007). These two BMI 

indicators are correlated at less than .6. I also include two behavior variables. First is a 

measure of whether the respondent smoked in the last 30 days and second is whether they 

binge drank (consumed 5 or more alcoholic beverages in one sitting) in the last 30 days.  
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Analytic Plan 

Logistic Regression. I follow much of the college quality literature by beginning 

the analysis with standard logistic regression. I employ a series of nested logistic 

regressions beginning with a bivariate model of excellent/very good SRH regressed on 

the indicator of college selectivity. The next model includes a series of background and 

prior indicators including early health, SES and academic variables in an attempt to 

gauge whether college selectivity has an association with SRH after considering 

background factors. After a propensity score analysis to further isolate the effect of 

selective college attendance on health (further explained below), I return to logistic 

regression to examine some possible explanations for the selective college attendance 

association with SRH—including educational processes and health and lifestyle 

behaviors. All logistic regression models are reported as average marginal effects in order 

to better compare across models (Mood 2010).  

Propensity Score Matching Techniques.  In order to examine the robustness of the 

results from the logistic regression models, I perform a propensity score matching 

technique. Although the analysis of secondary data does not allow for making fully 

causal claims of the findings, the detailed structure of the NLSY97 data and the use of 

propensity score matching help to consider selection issues within the analysis. 

Propensity score matching uses a counterfactual framework and examines the outcomes 

of individuals who did not experience the treatment, but look very similar to the 

treatment group on observable characteristics (Guo and Fraser 2010; Rosenbaum and 

Rubin 1983). In the context of the proposed study, a propensity score matching technique 
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will allow me to examine the health outcomes of students who did and did not enroll in a 

selective college, but had similar propensities to attend them (i.e. similar background 

characteristics and similar secondary academic profiles). 

The first step to propensity score matching is to estimate each individual’s 

propensity to experience the treatment—in this case selective college attendance. This is 

done using a logistic regression equation with selective college attendance as the 

outcome. Using prior research and exploratory analysis, I identified several predictors for 

the equation. Table A.4.2 details the variables included in the propensity score model 

along with the coefficients and standard errors. I use the “pscore” command in Stata to 

calculate the propensity scores for each observation which automatically evaluates 

balance between the matched control and treated groups. The process confirmed that 

there were no statistically significant differences in the covariates between the control 

and treatment groups matched on propensity scores. In the final step, the matched sample 

of control and treated groups based on their propensity to enter a selective school are 

used to calculate the Average Treatment Effect of the Treated (ATT), or the mean 

difference in the outcome (SRH) between the control (non-selective attendees) and 

treated (selective school attendees).  

 Although my results were similar across different propensity matching 

procedures, I chose a kernel-based matching approach because all individuals in the 

control group are used to construct the counterfactual outcome. Other methods such as 

nearest neighbor and stratification matching only use a few observations from the 

comparison group (Guo and Fraser 2010; Morgan and Winship 2007). The use of full 
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information is particularly useful when many potential matches exist for each treatment 

subject, which is the case in this study where we have relatively few treatment subjects 

(n=264) (Frisco, Muller and Frank 2007). The kernel matching approach estimates a 

counterfactual outcome for each treated observation using the weighted outcomes of all 

control cases. Each control case is weighted based on its propensity-score distance from 

the treated observation, with those control cases that have the most similar propensity 

scores having the greatest weights (Morgan and Winship 2007). Since Stata does not 

support propensity score analysis using multiply imputed data, I ran the propensity score 

analysis separately for each imputed dataset (n=5). I then calculated the propensity score 

regression model, ATT, and bootstrapped standard errors by combining each of the 5 

results using Rubin’s rules in Excel (Rubin 2004). 

 

Results 

Table 4.1 displays descriptive statistics for this chapter’s full analytic sample, 

along with means and proportions within each selectivity group. The first thing to note is 

that there is a statistically significant difference in health status at the outcome Round 

across selectivity levels. 73% of non-selective enrollees reported excellent or very good 

health at the outcome Round compared to 84% of those who attended a selective school. 

This pattern was apparent also in Round 1, with non-selective attendees reporting slightly 

lower rate of excellent or very good health. 

<<Table 4.1 about here>> 
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 Black respondents are under-represented in selective colleges compared to their 

overall representation in the sample, while Asian respondents are over-represented in 

selective colleges comparatively. Also, those who attended selective schools are more 

likely to have higher educated parents as well as a higher household income at Round 1. 

As might be expected, young adults in non-selective colleges have less impressive 

academic profiles, with lower reported high school GPA’s, and lower SAT scores. They 

are also much less likely to have taken Algebra II or higher in high school.  

With regard to educational processes, those who attended a selective college were 

more likely to enroll for a longer period of time and less likely to experience enrollment 

interruptions of a year or more. Also, those who attended a selective school are much 

more likely to eventually attain a bachelor’s degree or higher, with only 68% of non-

selective attendees and just over 90% of selective attendees completing at least a B.A. 

Health behaviors also differ across college selectivity. Selective attendees have lower 

BMIs both as adolescents and as young adults, with a wider gap in young adulthood. 

Those who attended selective colleges are also slightly less likely to have smoked in the 

last 30 days. Interestingly, however, they are more likely to have engaged in binge 

drinking than those who did not attend a selective college.  

 

Selective College Attendance and Young Adult Health 

Results from logistic regression predicting excellent or very good health are 

shown in Table 4.2. The coefficients are represented as AME’s. Model 1 shows that 

attending a selective college is associated with a 14.7 percentage point increase in the 
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probability of reporting excellent or very good health at the outcome Round. Model 2 

controls on a host of background characteristics, with the intent of correcting for some of 

the selection-bias of elite college attendance. The AME for selective college attendance is 

slightly attenuated to about an 8-percentage point increase in the probability of reporting 

the best SRH compared to those who attended non-selective schools. These models 

together show that although background characteristics account for some of the 

association between selective college attendance, there is still a small, yet significant 

health benefit for those who attend these elite schools even net of selection factors.  

<<Table 4.2 about here>> 

Propensity Score Analysis 

Although the logistic regression models from table 4.2 imply there is a selective 

college benefit for SRH net of background characteristics, a propensity score matching 

technique is able to more accurately isolate the actual effect of elite college attendance 

while considering selection factors. To begin propensity score matching, I predict each 

respondent’s propensity to enroll in a highly selective college using several background, 

health and academic predictors suggested by prior research and descriptive analysis. 

Table A.4.2 in the appendix displays the coefficients and standard errors from the model 

predicting being enrolled in an elite college. Sensitivity analysis showed that the addition 

of more variables in this model did not aid in model fit. As the table shows, Black, Latino 

and Asian respondents are less likely to enroll in a selective school. As shown in other 

research, family SES is positively related to selective college enrollment with those with 

higher family income and higher parental education being more likely to enroll. Finally, 
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academic measures are also positively associated with the outcome. Those with higher 

high school GPAs and with higher SAT scores are more likely to enroll in a selective 

college.  

Table 4.3 displays the ATT for the kernel-matching propensity score procedure. 

The ATT represents the mean difference in the outcomes between the control and treated 

individuals. Specifically, selective college attendees are 5 percent more likely than non-

selective attendees to report being in excellent or very good health in young adulthood. 

Although the effect is not very large the difference is still statistically significant at the 

p<.05 level. This shows similar, albeit smaller positive effects of selective college 

attendance on SRH as those estimated by the logistic regression shown in Table 2, Model 

2. Overall, the stringent selectivity controls employed by the kernel-matching technique 

show that there is indeed a clear advantage in SRH for those who attend selective 

schools. 

<<Table 4.3 about here>> 

 

Educational and Health and Lifestyle Processes in Mediating the Selective College 

Association 

 Using logistic regression, Table 4.4 explores whether educational or health and 

lifestyle factors may help explain the selective college advantage in young adult health. 

Model 1 displays selective college attendance with full background controls (the same as 

Model 2 in Table 4.2). The addition of educational process and health lifestyle variables 

may be able to explain the selective college health advantage to the extent that the AME 
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is attenuated or rendered non-significant with their additions. Model 2 considers 

educational process indicators in which selective college attendees are known to be 

advantaged—length of time enrolled in school, non-continuous enrollment and degree 

attainment. However the addition of these variables does not explain away the selective 

college relationship with excellent or very good health and in fact only reduces the AME 

by .007. The attainment of a BA is the only indicator that has a positive, independent 

association with the health outcome.  

<<Table 4.4 about here>> 

 Model 3 includes health lifestyle variables. BMI at Round 1 is added to the model 

as a control; however, BMI at the outcome round is the variable of interest for our 

purposes. Both BMI at the outcome round as well as smoking are negatively related to 

excellent or very good health. For every one-unit increase in BMI, the percentage 

probability of reporting excellent or very good health decreases by 1.4. Smokers have an 

8.4 percentage point lower probability of reporting the best levels of health. Binge 

drinking does not have any independent association with the outcome. The addition of 

these health variables reduces the AME to .058 and also renders the coefficient 

statistically non-significant. In additional analyses shown in appendix Table A.4.3 I 

added each health variable into the model separately to explore which indicator had the 

most impact on the selectivity coefficient. The decrease in the statistical significance of 

college selectivity is completely due to the BMI indicator meaning that the lower BMIs 

of selective school attendees explains their health advantage in young adulthood. Model 4 

in Table 4.4 includes both the educational process and health lifestyle indicators together. 
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The results are similar to the separate Models 2 and 3 in that the only independent effects 

are seen for bachelor’s degree attainment, BMI and smoking, and there is no statistically 

significant effect of elite college attendance on SRH.  

 

Conclusion 

Decades of literature have found effects of elite college attendance on economic 

and social outcomes (Long 2008), leading us to question whether these benefits may 

translate to health outcomes. The purpose of this chapter was to investigate whether 

college selectivity is positively associated with young adult health. Although more people 

are attending four-year colleges, they are doing so in an increasingly heterogeneous 

environment in which the quality of the institutions vary greatly (Davies and Guppy 

1997; Gerber and Cheung 2008). As such, an investigation of the variation in life 

outcomes among those who attend these schools is warranted. 

The findings from these analyses highlight that there indeed may be a beneficial 

association between elite college attendance and young adult SRH, with those attending 

more select schools being more likely to report the highest levels of health. These results 

hold even using propensity score matching techniques. Although the magnitude of the 

selective school health advantage is small, the presence of any differences among such a 

select group of young adults (four-year college enrollees) is notable. It is well known that 

those with college experience have a health advantage compared to high school graduates 

(Mirowsky and Ross 2003), however knowledge that there is heterogeneity within the 

most advantaged educational group is new.  
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My analysis also attempts to find possible mechanisms that may link the effects of 

college selectivity to better young adult health. I find that the lower BMIs of selective 

college attendees may in fact explain their higher likelihood of reporting excellent and 

very good health. These results fit with an emerging literature on college quality and 

health behaviors that show college selectivity affects BMI across the life course. Fletcher 

and Friswold (2011) find suggestive evidence that college quality affects weight 

outcomes in young adulthood (including BMI and obesity). The same authors also find 

strong long-term effects of college quality on BMI in middle adulthood using the WLS, 

showing a 4-6% reduction in BMI for graduates of high quality colleges compared to 

other college graduates and a 15-18% reduction in overweight status (Fletcher and 

Friswold 2014, p. 316).  

Interestingly, there was no effect of the educational process indicators on the 

selective college attendance coefficient. In addition, degree attainment was the only 

educational indicator that had an independent effect on self-rated health. This does not 

necessarily indicate that human capital development has no effect on health status, as my 

measures of educational process are quite crude. However prior research has found small 

if any effect of selective college attendance on academic outcomes and critical thinking 

skills (Pascarella, Terenzini and Feldman 2005). These findings combined with my 

analyses may point to the importance of school culture in the development of college 

students as they develop attitudes and health behaviors affecting health status.  

A limitation to the current study is the treatment of institution selectivity as a 

dichotomous measure. This representation of college quality follows many prior studies 
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on the effect of college quality, and facilitates propensity score matching techniques. 

However the Barron’s selectivity score is a scale of six levels of selectivity, making a 

more nuanced examination of college quality possible. Further work may compare more 

detailed levels of selectivity to examine whether there is a more linear effect of selectivity 

on young adult outcomes. 

 This chapter attempted to leverage the heterogeneity of postsecondary selectivity 

to better understand the relationship between college attendance and young adult health. 

Further research should investigate specific characteristics of postsecondary institutions 

such as academic resources and institutional offerings in an attempt to identify the 

specific properties of higher quality schools that may lead to better health. 
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Table 4.1: Means and Proportions by Institution Selectivity 
 Full Sample Non-Selective Selective  

N 3,477 3,213 264  
Weighted Percentage  0.91 0.09  

Outcome: Excellent/Very Good Health  0.73 0.72 0.84 *** 
Excellent/Very Good Health @ Round 1 0.82 0.81 0.88 ** 
     
Age at Outcome 29.17 29.15 29.19  
 (1.53) (1.54) (1.39)  
Female 0.53 0.54 0.50  
Race     
    White 0.72 0.72 0.76  
    Black 0.13 0.13 0.05 *** 
    Latino 0.09 0.09 0.07 * 
    Asian 0.03 0.03 0.08 ** 
    Other 0.03 0.03 0.04  
Parent Education Level 2.37 2.30 3.00 *** 
 (1.20) (1.21) (1.00)  
Log HH income at Round 1 10.80 10.76 11.18 *** 
 (0.86) (0.86) (0.76)  
HS GPA 3.25 3.19 3.68 *** 
 (0.65) (0.66) (0.41)  
Took college prep math in HS 0.62 0.59 0.93 *** 
SAT Score 1036.34 1013.70 1231.18 *** 
 (192.24) (184.12) (160.56)  
Months enrolled in 4-year institutions 42.17 40.76 51.23 *** 
 (23.35) (23.84) (15.59)  
Non-continuous enrollment 0.28 0.29 0.14 *** 
Highest Degree Earned     
    HS Diploma/GED 0.29 0.32 0.08 *** 
    Associate’s Degree 0.08 0.09 0.01 *** 
    Bachelor's Degree or Higher 0.63 0.59 0.91 *** 
BMI in Round 1 21.34 21.40 20.64 ** 
 (4.09) (4.18) (2.96)  
BMI in outcome Round 27.00 27.19 24.89 *** 
 (6.17) (6.27) (4.65)  
Smoked in last 30 days 0.25 0.26 0.19 * 
Binge drank in last 30 days 0.40 0.39 0.49 ** 
Notes: Standard Deviations in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
Table 4. 1: Means and Proportions by Institution Selectivity
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Table 4. 2: Average Marginal Effects from Logistic 
Regression Predicting Excellent/Very Good Health 

  Model 1 Model 2 
Attendance at Selective College 0.147*** 0.080* 

 (0.035) (0.035) 
Age  -0.007 

  (0.005) 
Race (ref: White)   
    Black  -0.053** 

  (0.020) 
    Latino  -0.003 

  (0.024) 
    Asian  -0.134** 

  (0.047) 
    Other  -0.020 

  (0.054) 
Female  -0.024 

  (0.016) 
Good Health @ Round 1  0.134*** 

  (0.019) 
Highest Parent's Education  0.013~ 

  (0.007) 
HH income (log)  0.037*** 

  (0.010) 
HS GPA  0.025~ 

  (0.014) 
Took college-prep math  0.025 

  (0.018) 
SAT score  0.000 

  (0.000) 
N=3,477     
Standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table 4. 3: Matching Estimates of the 
Average Treatment Effect on the 
Treated of Attending a Selective 
School 

 ATT SE  
Kernel Matching 0.050 0.024 * 
N=3,477    
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Table 4. 4: Average Marginal Effects from Logistic Regression Predicting Excellent/Very Good 
Health 

  Model 1 Model 2 Model 3 Model 4 
Attendance at Selective College 0.080* 0.073* 0.058 0.054 

 (0.035) (0.035) (0.034) (0.034) 
Age -0.007 -0.008 -0.004 -0.004 

 (0.005) (0.005) (0.005) (0.005) 
Race (ref: White)     
    Black -0.053** -0.049* -0.046* -0.044* 

 (0.020) (0.020) (0.020) (0.020) 
    Latino -0.003 -0.001 -0.017 -0.015 

 (0.024) (0.024) (0.023) (0.023) 
    Asian -0.134** -0.142** -0.168*** -0.172*** 

 (0.047) (0.046) (0.045) (0.045) 
    Other -0.020 -0.024 -0.005 -0.010 

 (0.054) (0.054) (0.052) (0.052) 
Female -0.024 -0.028~ -0.034* -0.036* 

 (0.016) (0.016) (0.016) (0.016) 
Good Health @ Round 1 0.134*** 0.131*** 0.109*** 0.107*** 

 (0.019) (0.019) (0.019) (0.019) 
Highest Parent's Education 0.013~ 0.009 0.008 0.006 

 (0.007) (0.008) (0.007) (0.007) 
HH income (log) 0.037*** 0.033*** 0.028** 0.026** 

 (0.010) (0.010) (0.010) (0.010) 
HS GPA 0.025~ 0.017 0.014 0.010 

 (0.014) (0.014) (0.014) (0.014) 
Took college-prep math 0.025 0.017 0.021 0.018 

 (0.018) (0.018) (0.018) (0.018) 
SAT score 0.000 0.000 0.000 0.000 

 (0.000) (0.000) (0.000) (0.000) 
Educational Process     
    Months enrolled in 4-year institution  -0.001  -0.000 

  (0.000)  (0.000) 
    Non-continuous enrollment  -0.001  -0.000 

  (0.018)  (0.017) 
    Highest Degree Earned (ref: HS diploma)     
        AA  -0.020  -0.031 

  (0.028)  (0.027) 
        BA+  0.074***  0.042* 

  (0.021)  (0.021) 
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Table 4.4 Continued     
Health Lifestyle     
    BMI at Round 1   0.002 0.002 

   (0.002) (0.002) 
    Binge drinking   0.008 0.007 

   (0.017) (0.017) 
    Smoked   -0.084*** -0.080*** 

   (0.018) (0.018) 
    BMI at outcome Round   -0.014*** -0.014*** 

   (0.002) (0.002) 
N=3,477         
Standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Chapter 5: The Association between Education and Health by Gender 

 

Introduction 

Chapters 3 and 4 investigated how enrollment, completion and institutional 

selectivity are associated with SRH in young adulthood. Degree attainment—in particular 

four-year degree attainment—especially predicts whether people report the highest levels 

of health. Among the select group of young adults who ever enroll in four-year colleges I 

find a selective-college enrollment advantage in that those who attend these elite schools 

are more likely to report better health, even net of several background controls. Although 

the analyses in Chapters 3 and 4 controlled on gender, I did not investigate whether there 

are differences in the relationships between education and health by gender.  

This chapter will focus on differences in how education affects health by gender. 

Over the past 40 years women have surpassed men in both attendance and graduation 

from four-year colleges (Buchmann and DiPrete 2006; Buchmann, DiPrete and McDaniel 

2008). In general, women tend to report poorer self-rated health across the life course 

compared to men, despite their longer life expectancy (Case and Paxson 2005; Schnittker 

2007). However, these gaps in SRH by gender are closing over time (Schnittker 2007). 

Taken together, the increases in women’s educational attainment may be what is closing 

the health gap between men and women. Schnittker (2007) finds that the narrowing of the 

self-reported health gap between men and women is almost entirely attributable to 

increases in educational attainment. This study suggests that women’s greater educational 

attainment is responsible for narrowing the health gap, and that the relationship between 
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education and health is similar for men and women.  However, another study finds that 

the effect of education on SRH is actually greater for women (Mirowsky and Ross).  

In the analysis of Chapter 3’s findings, the current chapter will also consider 

differences in racial groups within gender. While increases in educational attainment may 

be key to reducing health disparities between gender and racial groups (Schnittker 2007), 

the actual effect of education on health may differ across groups (Liu and Hummer 2008; 

Ross, Masters and Hummer 2012). Many studies show that there are differing educational 

gradients in health by gender and race groups (Cummings and Braboy Jackson 2008; Liu 

and Hummer 2008), implying that the educational attainment and health relationships I 

see in Chapter 3 and 4 may not be the same across gender and racial/ethnic subgroups. 

With regard to the effects of selective colleges on health, there has been no published 

research on whether the effect of selective college attendance and health differs by 

gender. Studies on how elite college education affects economic outcomes by gender 

suggest that we may see differences in how selective college attendance affects health as 

well (Long 2008). 

 

Background  

Postsecondary Enrollment, Attainment and Health by Race and Gender 

In Chapter 3 I found that degree attainment predicts young adult health status and 

work limitations. This stepwise increase in health status exists even net of time enrolled 

in two- and four-year schools. Interestingly, however, time enrolled in four-year 

institutions (but not two-year schools) is associated with better self-rated health for high 
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school graduates who enroll in some college but do not earn a degree. Gender patterns of 

postsecondary enrollment and completion as well as research on the differences in the 

educational gradient in health across groups lead me to ask whether these pooled findings 

in Chapter 3 differ across gender. I am also interested in whether there are differences in 

the way education affects health by race within gender groups.  

  If education affects racial and gender groups in similar ways, patterns of 

postsecondary enrollment and graduation for the different groups are important to 

understand. Women now surpass men in both attendance and graduation from four-year 

colleges (Buchmann, DiPrete and McDaniel 2008). The female advantage in college 

enrollment and completion is apparent across races with the largest gender gap being 

between Black men and women (Buchmann, DiPrete and McDaniel 2008). Racial 

differences in postsecondary enrollment patterns also may affect outcomes by education. 

Black and Latino college entrants are more likely to attend college part-time and enroll 

discontinuously —actually lengthening the total amount of time they report being 

enrolled (Ross et al. 2012). Overall, however, statistics show that minority students 

beginning postsecondary education are less likely than whites to complete a degree 

(Adelman 2006). 

Additionally, Black and Latino young adults are slightly more likely to enroll in 

community colleges than four-year institutions (Horn, Nevill and Griffith 2006). This is 

also true for female young adults, as research shows that women are actually more likely 

than men to enroll in a two-year college and earn a terminal associate’s degree 

(Carbonaro, Ellison and Covay 2011).  
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In my own analysis, considering differences in enrollment and attainment in 

Chapter 3 still leaves a health disadvantage for Latino young adults, implying educational 

experiences may not fully explain SRH differences by race. Indeed, prior research has 

found some differences in the effect of education on health by race and gender for adults, 

leading me to question whether there may be similar patterns for young adults. 

Cummings and Jackson (2008) find that racial differences in self-rated health are actually 

greatest for the highest educated individuals. They find that there are lower returns to a 

college education on health for Black women than for white men and women (Cummings 

and Braboy Jackson 2008). This finding is supported by several studies that show Black 

women with a college education do not enjoy better health outcomes compared to their 

non-college going counterparts (Schoendorf et al. 1992; Williams and Collins 1995). The 

health gradients for Latino individuals are often similar to whites, with the exception of 

the foreign-born population who tend to have flatter educational gradients (Kimbro et al. 

2008).  

 

Selectivity of 4-year Institutions and Young Adult Health by Gender 

 Chapter 4 looked at the select group of young adults who had ever enrolled in a 4-

year institution and how the selectivity of their school is associated with later SRH. I 

found that indeed those who attended a selective institution were more likely to report 

excellent or very good health, even net of background factors and using a propensity 

score matching technique. This analysis also attempted to piece apart some of the 

mechanisms that lead to the selective school advantage in health. In evaluating both 
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educational and health factors that selective school attendees might experience more than 

non-selective attendees, I find that BMI explains the better SRH for elite college students. 

The analysis in the current chapter will investigate whether the patterns and associations 

seen in Chapter 4 are similar by gender. Although it would be interesting to investigate 

across race/ethnicity as well, the small number of minority students enrolled in selective 

schools makes analysis at this nuanced level impossible (n<30 when separated by gender 

also).  

For some time, women have surpassed men in both 4-year enrollment and 

completion (Buchmann and DiPrete 2006; Buchmann, DiPrete and McDaniel 2008). 

Patterns in enrollment in selective universities run counter to overall patterns in 

enrollment, however. Several studies suggest that women are less likely than men to be 

enrolled in top-tier universities (Hearn 1991; Persell and Cookson 1985). Jacobs (1999) 

was able to explain this gender gap by considering the concentration of engineering 

programs and percent of students attending part-time in the institution.  

Although returns to college selectivity on health outcomes is only just beginning 

to be explored in the literature (Fletcher and Frisvold 2011; Fletcher and Frisvold 2014), 

returns to economic outcomes such as income and wages are well-researched (Black and 

Smith 2006; Brand and Halaby 2006; Solomon and Wachtel 1975). Historically research 

on the effect of college quality and selectivity was limited to men (Black and Smith 2006; 

Brand and Halaby 2006; Loury and Garman 1995). However, the effect of college quality 

on earnings may in fact vary by gender. Long (2008) finds stronger evidence for the 

effects of college quality on men’s earnings than on women’s earnings. However others 
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do not find differences in the returns to earnings by gender (Liu, Thomas and Zhang 

2010; Monks 2000). These conflicting reports highlight the need to examine the effects of 

gender on the general health returns to college selectivity.  

Only one study has investigated the link between selective college attendance and 

health behaviors, and its findings suggest a clear difference in how elite colleges affect 

BMI by gender. Fletcher and Friswold (2011) find that for young adults, selective college 

attendance is associated with lower BMI for female students, but not males. This is 

especially important to consider for the current study as I find that BMI is in fact what 

explains the selective college advantage in SRH in Chapter 4.  

 

Current Study 

 The current study takes the questions asked in Chapters 3 and 4 and extends them 

to ask whether we see trends that differ across gender. First, I will focus on the gender 

differences in the relationship between enrollment and attainment in two- and four-year 

institutions and health. These analyses will also consider whether there are race/ethnicity 

interactions in the educational process variables within gender groupings. Second, I look 

at how selective college attendance affects health separately for males and females and 

whether educational process and health lifestyle mechanisms explain the selective college 

health advantage across gender. There were not a sufficient number of minority students 

enrolled in selective colleges once the sample was separated by gender (n<30), so the 

current analysis only does not include race/ethnicity interactions within the gender 

groupings. 
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Methods 

Analytic Sample 

The analyses for this chapter are split into two sections. The first is a gender and 

race analysis of the findings from Chapter 3, where I investigate the role of enrollment 

and completion in two- and four-year postsecondary institutions on young adult SRH. 

Chapter 3 includes all respondents who are high school graduates (those eligible for 

postsecondary enrollment) who are not missing on key variables. The current analytic 

sample is divided by gender, with 3,594 males and 3,567 females. The second analyses 

focuses only on the four-year enrollees from Chapter 4. This sample includes 1,883 

females and 1,594 males.   

 

Analytic Plan 

 The first set of analyses focuses on examining the relationships seen in Chapter 3 

by gender groups and investigates differences in how the educational process variables 

interact by race and ethnicity. In order to test whether the role of education (both 

enrollment and attainment) is different across groups, I interact the educational process 

variables (time enrolled and degree attainment) by the different race variables. The 

educational process interactions for Black, Latino, Asian and other males are all 

compared to the reference group of white males, while the same is true among women. In 

this first section of the analysis, I estimate a series of models mimicking the models in 

Chapter 3. First, I estimate the models separately by gender, and then I add race/ethnicity 
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interactions. The models comparing gender are presented using AMEs to better compare 

across models. However the models using the race/ethnicity interactions within each 

gender group are presented as log odds to better calculate the actual interaction effects 

(using the main effect coefficients and the interaction coefficients). For ease of 

interpretation, all statistically significant interaction effects are also represented 

graphically as conditional probabilities. 

 In the second set of analyses, I investigate the role of college selectivity on SRH 

by gender by estimating models separately for males and females. I am also interested in 

what factors might explain the selectivity advantage in health for women and men. To 

examine potential mechanisms, I run a series of nested models where educational 

processes and health lifestyle are added separately to the logistic equation.  

 

Results 

Postsecondary Enrollment, Completion and Health by Race and Gender (based on 

Chapter 3) 

 Table 5.1 shows the descriptive statistics for the analytic sample from Chapter 3 

divided by gender. I performed difference of means and proportions tests for each 

variable comparison. Although there is no statistically significant difference between 

current SRH (health at Round 15) between males and females, males were more likely to 

report excellent or very good health at Round 1 than females (78% vs. 72% respectively).  

<<Insert Table 5.1 about here>> 
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 As is expected, women tend to perform better on the academic indicators in the 

models. Women enroll longer, are more likely to complete both associate’s and 

bachelor’s degrees, are less likely to have completed a GED and have better high school 

academic profiles. This includes a higher probability of taking college-prep math and 

higher GPAs than men. Females also have slightly higher ASVAB percentiles than 

males. Males and females have similar SES backgrounds however, as measured by 

Round 1 household income and highest parent education level.  

Table 5.2 displays the AMEs for both males and females for a model that includes 

both time enrolled in two- and four-year schools as well as degree attainment. The key 

variables of interest to compare in these models are the educational variables. We see that 

neither time enrolled in two- or four-year institutions is associated with health for either 

gender—consistent with the findings from Chapter 3. Although both genders show an 

increase in the probability of reporting excellent or very good health with the acquisition 

of a bachelor’s degree (as compared to a high school graduate with no college 

experience), the models show that men may experience a boost from an associate’s 

degree whereas women do not—solely based on the significance of the two coefficients. 

However, I conducted a Chow test to compare these two coefficients and found that there 

is no statistically significant difference between the two. Taken together, these models 

and significance tests show that there are no gender differences in the manner through 

which these education indicators affect SRH.  

<<Insert Table 5.2 about here>> 
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Next, I tested whether there are differences in the way race interacts with 

educational indicators within gender groups. I found no statistically significant race 

interaction coefficients among females (full interactive models can be found in Appendix 

Table A.5.1). There were some interesting racial interactions for men, however, as is 

displayed in Table 5.3.  

<<Insert Table 5.3 about here>> 

Table 5.3 displays the log odds from three models that mimic the Chapter 3 

presentation of educational indicators. Model 1 considers only time enrolled in two- and 

four-year schools, Model 2 considers only educational attainment, while Model 3 

includes both time enrolled and degree earned. There are no statistically significant 

race/ethnicity interactions for Model 1 by time enrolled. Model 2, however, shows a 

strong positive interaction effect between Latinos and associate’s degrees.  This finding 

suggests that the positive effect of earning an associate’s degree over a high school 

diploma is actually greater for Latino men than for white men. This interaction 

coefficient remains positive and statistically significant even in Model 3 when controlling 

for time enrolled in two- and four-year schools.  

Figure 5.1 displays the Latino associate’s degree interaction graphically as 

conditional probabilities based on the coefficients from model 3. All independent 

variables are held at the mean for the male sample. For white males, there is a continuous 

step-wise increase in the predicted probability of reporting excellent or very good health 

with every degree attainment level. However, among Latino males, there is a much larger 
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increase in the positive effect of earning an associate’s degree compared to those with 

just a high school degree.  

<<Insert Figure 5.1 about here>> 

 Finally, I investigate the role of time enrolled in two- and four-year institutions by 

the level of degree attainment. Table 5.4 shows these models separately by gender, within 

each degree-attainment level: some college, associate’s degree earners and bachelor’s 

degree earners. Focusing on the AMEs of years enrolled in two- and four-year schools, 

the only statistically significant coefficients are for time enrolled in four-year college 

among those with some college but no degree.  A Chow test between these 

coefficients showed there was no statistically significant difference in the years enrolled 

in four-year schools between males and females. Similar to the findings in Table 5.2, 

these findings suggest there are no gender differences in how educational processes (as 

measured by time enrolled in two- and four-year schools) affect SRH.  

<<Insert Table 5.4 about here>> 

 As with the first analyses, I further investigate whether these processes by degree 

attainment level differ by race/ethnicity within each gender group. Once again, I did not 

find any statistically significant interaction coefficients among female respondents. The 

full table displaying these interaction effects for women are in Appendix Table A.5.2. 

However, Table 5.5 shows the race/ethnicity interaction effects among men and show 

that both Black and Latino males have a negative interaction coefficient for time enrolled 

in four-year schools among those with no degree. Coupled with the overall positive main 

effect for four-year enrollment, this means that Black and Latino males do not get as 
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much of a boost from additional years enrolled in four-year schools as white men do. 

Figure 5.2 represents this finding as conditional probabilities.  

<<Insert table 5.5 about here>> 

<<Insert Figure 5.2 about here>> 

  

College Selectivity and Health by Gender (based on Chapter 4) 

 Table 5.6 includes descriptive statistics across non-selective and selective schools 

separated by gender. This sample only includes four-year college enrollees. Each 

comparison by level of selectivity is tested for statistically significant differences 

separately for males and females. Looking at the overall sample of males and females, 

females are less likely to report being in excellent or very good health in Round 15 than 

males. Specifically, 75% of males report the highest levels of health compared to only 

71% of females. This overall difference in SRH by males and females is statistically 

significant at the p<.05 level. Within both the male and female samples, those who 

attended a selective college report higher SRH at this bivariate level.  

<<Insert Table 5.6 about here>> 

Among both males and females, all of the educational process indicators have 

similar patterns across selectivity levels. Selective college attendees for both genders are 

more likely to earn a bachelor’s degree, have longer average time enrolled in school, and 

are less likely to have non-continuous enrollment than non-selective attendees. Among 

health behaviors and lifestyle, there are several differences over selectivity level for 

males and females. Although selective school enrollees have lower BMIs than non-
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selective students among both males and females, there is only a difference in Round 1 

BMIs for women, with non-selective students having slightly higher BMIs even before 

college entry. Interestingly there is only a difference in type of school for binge drinking 

and smoking among male respondents. 29% of non-selective male students smoked in the 

last 30 days, whereas only 20% of selective male students did so.  48% of non-selective 

male attendees reported binge drinking in the last 30 days in the outcome Round, while a 

higher percentage of male selective institution students report binge drinking (62%).  

Male Analysis. Table 5.7 displays the average marginal effects from logistic 

regression for several models predicting SRH for the male sample. At the baseline 

(Model 1) male selective college attendees have almost a 16 percentage point higher 

probability of reporting excellent or very good health. This health advantage is reduced to 

11.5% in Model 2 when background characteristics are taken into account. Adding 

educational process indicators in Model 3 does not explain much of the association at all, 

and in fact none of these variables has an independent effect on SRH. The health lifestyle 

variables do not show much explanatory power either in Model 4, as the AME is still 

almost .1. There is an independent effect of BMI and smoking on SRH. The final model 

includes all variables and shows there is still a statistically significant health advantage 

for elite college attendees over those who attended less selective schools. The health and 

educational variables did little to explain this advantage.  

<<Insert Table 5.7 about here>> 

Female Analysis. Table 5.8 mimics table 5.7 using the female sample. Model 1 

shows the baseline association between selective college attendance and young adult 
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health, with those who enrolled in a selective college having about a 13 percentage point 

higher probability of reporting excellent or very good health than young adults who did 

not attend an elite school. Model 2 includes several background characteristics, which 

reduces the AME to .035, but still remains statistically significant. To examine some of 

the mechanisms that may contribute to the selective school advantage in health, Models 3 

through 5 add both educational and health factors to the models. Model 3 includes the 

educational process indicators of time enrolled in college, whether the respondent 

enrolled continuously throughout their time in postsecondary schooling, and the highest 

degree earned. Considering these variables reduces the AME for attendance at a selective 

school to .025. The only educational process indicator that has an independent effect for 

women is earning a BA. Having a BA is associated with about a 10 percentage point 

increase in the probability of reporting the highest levels of health. Model 4 includes 

health behavior and lifestyle indicators, and actually renders the selective attendance 

coefficient non-significant and reduces the AME to below 1%. In order to piece apart 

what aspect of health lifestyle explains the selective college advantage in health, 

Appendix Table A.5.3 adds each health variable to the model separately. From these 

models, we see that BMI at the outcome round is what reduces the AME most 

significantly and makes the coefficient non-significant. 

<<Insert Table 5.8 about here>> 

 Although both BMI at the outcome Round and smoking have independent effects 

on SRH for both males and females, adding health indicators to the models seems only to 

explain the selective college health advantage for female students. In fact, Chow tests 
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show that there is no statistically significant difference in the coefficient for selective 

college attendance by males and females until the addition of these health indicators 

(specifically BMI) in Models 4 and 5. This implies that the selective college advantage in 

health is explained away for females by BMI, but not for males.     

 

Conclusion 

 My analyses investigating postsecondary enrollment and attainment reveal that 

overall there are no differences by gender in how education affects young adult SRH. By 

race, however, there does exist a difference in the effect of an associate’s degree on SRH 

for Latino males, who have a greater advantage in SRH over their HS graduate peers than 

white males do. 

Also, among 4-year college-goers who do not complete a degree, there were differences 

in how time enrolled affected health. Black and Latino men did not receive an increase in 

the likelihood of reporting better health with their time enrolled as white men did. 

 The positive interaction effect for Latino males with regard to associate’s degrees 

led me to question whether there may be different effects for immigrant compared to 

U.S.-born Latinos. I estimated the same models in Table 5.3 with foreign and U.S. born 

Latinos separated and found that the associate’s degree effect was only seen for U.S. born 

Latinos. This was also true for the negative interaction effect for four-year attendance for 

those who did not earn a degree. The difference from white males in time enrolled in 

four-year schools was only for U.S.-born Latino males. The results are not shown in this 
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chapter because of the small number of immigrants and thus I was not confident that the 

results truly represented actual immigrant effects.  

 This lack of differences across race among women is interesting in that many 

studies have shown that there are differences in how education affects health across 

groups (Liu and Hummer 2008). This is especially true for Black women, where much 

research has shown a lack of improvement in health as education increases (Cummings 

and Braboy Jackson 2008). I do not find that Black females differ from white women in 

how education affects young adult health. This could be a function of the lower number 

of Black females in my sample, making statistical analysis of this relationship difficult. 

However it could also be because my sample is of young adults—the oldest being 31. 

Differences in how education affects health may actually emerge later in life, similar to 

patterns in educational disparities which increase across the life course (Mirowsky and 

Ross 2008).   

The second part of the analysis in this chapter focused on the role of selective 

college attendance on SRH for four-year college goers. Both males and females who 

attended a selective institution had a SRH advantage. For males, educational process and 

health lifestyle variables do not explain away the better health reported by selective 

college attendees. For women, however, the lower BMIs of those who enrolled in elite 

schools completely explains their better health. The findings in Chapter 4 regarding how 

BMI is related to SRH are likely driven by female respondents.  

Although there is no research on weight behaviors specifically within elite 

colleges, research does find that the high school context of weight control behaviors 
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affects individual females decisions about their weight (Mueller et al. 2010). Indeed, I 

find that average BMIs are lower in selective schools than in non-selective schools. 

However it is interesting that the lower BMIs of women in selective schools explains the 

SRH advantage for elite college attendees, whereas there is still an unexplained 

statistically significant difference for men even when controlling on BMI. Future work 

should evaluate more mechanisms that may explain the male selective college advantage 

in SRH.  

A major limitation of the analyses in this chapter is the lack of an exploration of 

race in the role of selective college’s effect on SRH. As mentioned previously, there were 

not enough non-white respondents enrolled in selective schools in this sample to 

accurately estimate models separately for these groups. Research suggests that minority 

groups in selective colleges have different experiences than their white counterparts 

(Aries and Berman 2013; Espenshade and Radford 2009), implying that the health effect 

seen for elite college students may be different for minority students. 
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Table 5. 1: Descriptive Statistics by Gender from Chapter 3 

 Male  Female  
Weighted % Total of Sample 0.51 0.49  
    
Race    
    White 0.67 0.67  
    Black 0.15 0.16  
    Latino 0.13 0.12  
    Asian 0.03 0.02 * 
    Other 0.02 0.03 ~ 
    
Excellent or Very Good Health    
    At Round 1 0.78 0.72 *** 
    At Round 15 0.64 0.62  
    
Postsecondary Enrollment    
    Years Enrolled in 2yr 0.69 0.89 *** 
 (1.25) (2.17)  
    Years Enrolled in 4yr 1.62 2.00 *** 
 (1.43) (2.25)  
Highest Degree Attained    
    HS Diploma/GED 0.33 0.23 *** 
    Some College 0.32 0.31  
    Associate's Degree 0.07 0.09 * 
    Bachelor's Degree or Higher 0.28 0.38 *** 
    
ASVAB percentile 50.56 52.35 * 
 (28.98) (27.79)  
Currently Enrolled 0.11 0.14 *** 
Earned GED 0.14 0.10 *** 
Age 29.22 29.23  
 (1.47) (1.47)  
Parent's Highest Education Level 1.92 1.88  
 (1.23) (1.21)  
Round 1 HH income (log) 10.56 10.51 ~ 
 (0.96) (1.01)  
High School GPA 2.75 3.06 *** 
 (0.79) (0.73)  
Took College Prep Math 0.41 0.43 * 
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Table 5.1 Continued    
Number of Observations 3,594 3,567  
Standard deviations in parentheses 
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table 5. 2: AMEs from Logistic Regression Predicting Excellent 
or Very Good SRH of Interactions from Chapter 3 by Gender 

 Male Female 
Race (Ref: White)     
    Black 0.010 -0.038~ 

 (0.023) (0.022) 
    Latino   -0.035 -0.031 

 (0.024) (0.024) 
    Asian -0.084 -0.164* 

 (0.059) (0.065) 
    Other -0.066 0.012 

 (0.063) (0.054) 
Years Enrolled in 2yr School 0.005 0.001 

 (0.008) (0.009) 
Years Enrolled in 4yr School -0.003 0.011 

 (0.007) (0.007) 
Highest Degree Earned (Ref: HS)   
    Some College 0.041~ -0.003 

 (0.025) (0.027) 
    AA 0.098* 0.018 

 (0.043) (0.043) 
    BA 0.138*** 0.125** 

 (0.042) (0.040) 
Age -0.014* -0.001 

 (0.006) (0.006) 
Excellent or Very Good Health at R1 0.165*** 0.138*** 

 (0.019) (0.018) 
Highest Parent's Education Level 0.008 0.021* 

 (0.009) (0.009) 
HH income at R1 (log) 0.006 0.029* 

 (0.011) (0.012) 
HS GPA 0.026* 0.021 

 (0.013) (0.014) 
Took college prep math course in HS -0.010 0.048* 

 (0.020) (0.020) 
ASVAB 0.000 0.001* 

 (0.000) (0.000) 
Currently enrolled 0.074* 0.002 

 (0.030) (0.026) 
GED 0.020 0.037 
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Table 5.2 Continued   
 (0.025) (0.028) 

N 3,586 3,554 
Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table 5. 3: Log Odds from Logistic Regression Predicting Excellent or Very 
Good SRH of Interactions from Chapter 3 for Males 

 Model 1 Model 2 Model 3 
Race  (Ref: White)       
    Black 0.193 0.280~ 0.272~ 

 (0.127) (0.146) (0.147) 
    Latino   -0.191 -0.225 -0.232 

 (0.138) (0.165) (0.165) 
    Asian -0.450 -1.139 -1.132 

 (0.484) (0.862) (0.860) 
    Other 0.567 0.843 0.839 

 (0.403) (0.618) (0.619) 
Years Enrolled in 2yr School 0.066  0.008 

 (0.045)  (0.054) 
Years Enrolled in 4yr School 0.165***  0.081~ 

 (0.033)  (0.048) 
Highest Degree Earned (Ref: HS)    
    Some College  0.312* 0.245 

  (0.135) (0.158) 
    AA  0.464* 0.400 

  (0.214) (0.258) 
    BA  0.938*** 0.629* 

  (0.169) (0.255) 
Age -0.066* -0.068* -0.068* 

 (0.027) (0.027) (0.027) 
Excellent or Very Good Health at R1 0.792*** 0.778*** 0.785*** 

 (0.093) (0.093) (0.093) 
Highest Parent's Education Level 0.049 0.041 0.036 

 (0.040) (0.041) (0.041) 
HH income at R1 (log) 0.032 0.033 0.032 

 (0.051) (0.051) (0.051) 
HS GPA 0.145* 0.134* 0.129* 

 (0.061) (0.061) (0.062) 
Took college prep math course in HS -0.031 -0.040 -0.061 

 (0.095) (0.096) (0.097) 
ASVAB 0.002 0.001 0.001 

 (0.002) (0.002) (0.002) 
Currently enrolled 0.296* 0.373** 0.335* 

 (0.141) (0.140) (0.145) 
GED 0.069 0.086 0.090 
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Table 5.3 Continued    
 (0.118) (0.119) (0.119) 

Interactions    
    Years in 2yr * Black -0.089  -0.026 

 (0.081)  (0.105) 
    Years in 2yr * Latino 0.094  0.013 

 (0.073)  (0.091) 
    Years in 2yr * Asian 0.131  0.105 

 (0.198)  (0.211) 
    Years in 2yr * Other -0.505  -0.455 

 (0.233)  (0.309) 
    Years in 4yr * Black -0.099  -0.076 

 (0.048)  (0.081) 
    Years in 4yr * Latino -0.059  -0.108 

 (0.054)  (0.079) 
    Years in 4yr * Asian -0.023  0.018 

 (0.129)  (0.224) 
    Years in 4yr * Other -0.258  -0.109 

 (0.120)  (0.177) 
    

    Some College * Black  -0.374 -0.279 
  (0.210) (0.257) 

    Some College *Latino  -0.026 0.058 
  (0.230) (0.286) 

    Some College * Asian  1.349 1.141 
  (1.039) (1.122) 

    Some College * Other  -1.223 -0.682 
  (0.735) (0.810) 

    AA * Black  -0.575 -0.447 
  (0.402) (0.502) 

    AA * Latino    1.151* 1.214* 
  (0.451) (0.537) 

    AA * Asian  0.707 0.434 
  (1.176) (1.307) 

    AA * Other  -0.914 0.154 
  (1.193) (1.416) 

    BA * Black  -0.413 -0.085 
  (0.281) (0.490) 

    BA * Latino    0.137 0.583 
  (0.337) (0.515) 
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Table 5.3 Continued    
    BA * Asian  0.575 0.424 

  (0.949) (1.386) 
    BA * Other  -2.093** -1.178 

  (0.788) (1.230) 
Constant 0.708 0.733 0.769 

 (0.951) (0.949) (0.954) 
N= 3,586       
Robust standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1    
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Figure 5. 1: Predicted Probability of Reporting Excellent/Very Good Health 
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Table 5. 4:AMEs from Logistic Regression Predicting Excellent or Very Good Health in Round 15 by Highest Degree Earned for College 
Enrollees by Gender 

 Males   Females 

 Some College AA BA   Some College AA BA 

Years Enrolled in 2yr School 0.005 0.019 -0.009  0.003 0.012 -0.003 

 (0.011) (0.021) (0.015)  (0.011) (0.021) (0.014) 

Years Enrolled in 4yr School 0.020~ 0.004 0.006  0.012* -0.007 -0.017 

 (0.010) (0.023) (0.011)  (0.01) (0.021) (0.010) 

Race (Ref: White)        

    Black -0.033 -0.131 -0.007  0.007 -0.145* -0.055 

 (0.041) (0.088) (0.049)  (0.041) (0.073) (0.035) 

    Latino   -0.078~ 0.145 0.026  -0.001 0.057 -0.030 

 (0.040) (0.100) (0.053)  (0.044) (0.083) (0.041) 

    Asian 0.040 -0.063 -0.073  -0.163 -0.165 -0.131* 

 (0.123) (0.161) (0.069)  (0.155) (0.392) (0.063) 

    Other -0.093 -0.045 -0.178*  0.027 -0.129 0.031 

 (0.093) (0.200) (0.083)  (0.104) (0.188) (0.081) 

Age 0.001 -0.016 -0.018~  -0.003 0.000 0.003 

 (0.010) (0.021) (0.010)  (0.010) (0.021) (0.009) 

Excellent or Very Good Health at R1 0.148*** 0.039 0.168***  0.169*** 0.183** 0.123*** 

 (0.035) (0.079) (0.038)  (0.031) (0.058) (0.030) 

Highest Parent's Education Level -0.015 -0.045~ 0.039**  0.022 0.050 0.011 

 (0.015) (0.026) (0.013)  (0.017) (0.033) (0.012) 

HH income at R1 (log) 0.019 0.028 0.021  0.039* -0.034 0.032~ 

 (0.019) (0.032) (0.022)  (0.020) (0.033) (0.019) 

HS GPA 0.022 -0.029 -0.018  0.020 0.061 0.031 

 (0.025) (0.052) (0.030)  (0.025) (0.051) (0.027) 
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Table 5.4 Continued        

Took college prep math course in HS -0.017 0.017 0.036  0.027 0.080 0.007 

 (0.034) (0.067) (0.037)  (0.037) (0.060) (0.032) 

ASVAB -0.000 -0.001 -0.000  0.001 0.001 0.001 

 (0.001) (0.001) (0.001)  (0.001) (0.001) (0.001) 

Currently enrolled 0.056 0.008 0.100~  0.011 0.037 -0.020 

 (0.041) (0.091) (0.055)  (0.040) (0.084) (0.034) 

GED -0.015 -0.275* -0.190  -0.006 0.219~ -0.009 

 (0.050) (0.119) (0.273)  (0.049) (0.113) (0.160) 

N 1,204 249 870  1,200 319 1,175 

Robust standard errors in parentheses       

*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1       
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Table 5. 5: Log Odds from Logistic Regression Predicting Excellent or Very 
Good Health in Round 15 by Highest Degree Earned for College Enrollees 
for Males 

 
Some 

College AA BA 
Years Enrolled in 2yr School 0.045 0.083 -0.096 

 (0.067) (0.136) (0.122) 
Years Enrolled in 4yr School 0.176* -0.171 0.001 

 (0.072) (0.169) (0.086) 
Race (Ref: White)    
    Black 0.107 -1.498~ -0.552 

 (0.260) (0.896) (0.969) 
    Latino   -0.146 0.424 0.433 

 (0.262) (1.065) (1.110) 
    Asian -0.549 -1.437 -1.931 

 (0.920) (1.940) (1.530) 
    Other 0.828 3.317 -1.939 

 (0.812) (9.971) (1.567) 
Age 0.010 -0.078 -0.122~ 

 (0.045) (0.114) (0.065) 
Excellent or Very Good Health at R1 0.655*** 0.149 1.104*** 

 (0.160) (0.405) (0.256) 
Highest Parent's Education Level -0.069 -0.311* 0.254** 

 (0.065) (0.141) (0.087) 
HH income at R1 (log) 0.071 0.245 0.136 

 (0.086) (0.169) (0.140) 
HS GPA 0.099 -0.122 -0.102 

 (0.111) (0.273) (0.188) 
Took college prep math course in HS -0.068 -0.025 0.226 

 (0.150) (0.349) (0.236) 
ASVAB -0.001 -0.004 -0.002 

 (0.003) (0.008) (0.006) 
Currently enrolled 0.249 0.137 0.664~ 

 (0.182) (0.492) (0.356) 
GED -0.079 -1.432* -1.241 

 (0.222) (0.686) (1.639) 
Interactions    
    Years in 2yr * Black -0.061 0.070 0.001 

 (0.140) (0.267) (0.209) 
    Years in 2yr * Latino -0.015 -0.105 0.027 
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Table 5.5 Continued    
 (0.107) (0.250) (0.256) 

    Years in 2yr * Asian 0.152 1.399~ 0.520 
 (0.297) (0.786) (0.393) 

    Years in 2yr * Other -0.914 -2.021 0.166 
 (0.709) (5.657) (0.393) 
    

    Years in 4yr * Black -0.215* 0.627 0.122 
 (0.102) (0.261) (0.176) 

    Years in 4yr *Latino -0.203* 0.650 -0.056 
 (0.099) (0.437) (0.192) 

    Years in 4yr * Asian 0.855 -3.016 0.286 
 (0.642) (1.133) (0.344) 

    Years in 4yr * Other -0.388 5.644 0.172 
 (0.260) (20.939) (0.309) 

Constant -1.281 1.636 2.121 
 (1.610) (3.792) (2.533) 

Observations 1,204 249 870 
Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Figure 5. 2: Predicted Probabilities of Excellent/Very Good Health for Male "Some 
College" Enrollees 
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Table 5. 6: Means and Proportions by Gender and Institutional Selectivity 

 Males  Females  

 
Full 
Sample Non-Selective Selective  

Full 
Sample Non-Selective Selective  

N 1,594 1,463 131  1,883 1,750 133  
Weighted Percentage  0.92 0.08   0.93 0.07  

Outcome: Excellent/Very Good Health  0.75 0.73 0.86 *** 0.71 0.70 0.81 ** 
Excellent/Very Good Health @ Wave 1 0.85 0.85 0.94 ** 0.79 0.79 0.82  
         
Age at Outcome 29.14 29.11 29.39 * 29.18 29.19 28.97  
 (1.54) (1.56) (1.38)  (1.51) (1.53) (1.38)  
Race         
    White 0.73 0.72 0.80 * 0.72 0.72 0.71  
    Black 0.11 0.12 0.04 *** 0.14 0.15 0.06 *** 
    Latino 0.10 0.10 0.06 * 0.09 0.09 0.08  
    Asian 0.04 0.03 0.07  0.03 0.02 0.10 ** 
    Other 0.02 0.02 0.03  0.03 0.03 0.05  
Parent Education Level 2.44 2.38 3.01 *** 2.30 2.24 3.00 *** 
 (1.22) (1.23) (1.00)  (1.19) (1.19) (1.00)  
Log HH income at Wave 1 10.85 10.82 11.15 *** 10.74 10.70 11.26 *** 
 (0.84) (0.85) (0.73)  (0.86) (0.86) (0.70)  
HS GPA 3.12 3.06 3.63 *** 3.33 3.30 3.72 *** 
 (0.68) (0.68) (0.40)  (0.61) (0.62) (0.41)  
Took college prep math in HS 0.63 0.60 0.93 *** 0.60 0.57 0.93 *** 
SAT Score 1049.67 1029.50 1244.98 *** 1016.87 998.82 1225.98 *** 
 (197.33) (190.53) (153.65)  (186.65) (176.61) (166.37)  
Highest Degree Earned         
    HS Diploma/GED 0.34 0.36 0.13 *** 0.26 0.28 0.03 *** 
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Table 5.6 Continued         
    Associate’s Degree 0.08 0.09 0.01 *** 0.09 0.09 0.01 *** 
    Bachelor's Degree or Higher 0.58 0.55 0.86 *** 0.66 0.63 0.95 *** 
Months enrolled in 4-year institutions 40.78 39.72 51.05 *** 42.32 41.53 51.42 *** 
 (23.97) (24.42) (16.78)  (22.71) (23.21) (14.07)  
Non-continuous enrollment 0.27 0.28 0.18 ** 0.29 0.30 0.11 *** 
BMI in Round 1 21.63 21.68 21.19  21.06 21.15 20.02 *** 
 (3.94) (4.03) (3.06)  (4.17) (4.27) (2.70)  
BMI in outcome Round 27.41 27.57 25.92 *** 26.73 26.97 23.85 *** 
 (5.44) (5.54) (4.27)  (6.77) (6.86) (4.97)  
Smoked in last 30 days 0.28 0.29 0.20 * 0.23 0.24 0.19  
Binge drank in last 30 days 0.49 0.48 0.62 ** 0.31 0.30 0.38  
Notes: Standard Deviations in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table 5. 7: Average Marginal Effects From Logistic Regression Predicting Excellent/Very Good Health for 
Males 

 Model 1 Model 2 Model 3 Model 4 Model 5 

Attendance at Selective College 0.158** 0.115* 0.111* 0.099* 0.100* 

 (0.051) (0.051) (0.051) (0.049) (0.048) 

Age  -0.011 -0.013~ -0.009 -0.010 

  (0.007) (0.007) (0.008) (0.008) 

Race (Ref: White)      

    Black  -0.053 -0.055~ -0.056~ -0.065* 

  (0.033) (0.032) (0.033) (0.031) 

    Latino  -0.027 -0.026 -0.031 -0.033 

  (0.034) (0.035) (0.034) (0.033) 

    Asian  -0.106~ -0.112~ -0.125* -0.130* 

  (0.063) (0.062) (0.062) (0.062) 

    Other  -0.117 -0.115 -0.092 -0.098 

  (0.075) (0.076) (0.069) (0.069) 

Good Health @ Round 1  0.156*** 0.155*** 0.142*** 0.141*** 

  (0.028) (0.028) (0.028) (0.028) 

Highest Parents' Education  0.014 0.012 0.010 0.009 

  (0.011) (0.011) (0.010) (0.011) 

HH income (log)  0.020 0.017 0.014 0.008 

  (0.015) (0.015) (0.015) (0.014) 

HS GPA  0.016 0.008 -0.002 -0.004 

  (0.019) (0.020) (0.019) (0.019) 

Took College-Prep Math  0.008 0.001 0.013 0.010 

  (0.027) (0.027) (0.027) (0.027) 

SAT Score  -0.000 -0.000 -0.000 -0.000 

  (0.000) (0.000) (0.000) (0.000) 

Educational Process      

    Time Enrolled in 4-year Institution   0.000  -0.000 

   (0.001)  (0.001) 

    Non-continuous enrollment   0.017  0.024 

   (0.026)  (0.026) 

    Highest Degree Earned (Ref: HS)      

        AA   -0.045  -0.060 

   (0.040)  (0.038) 

        BA   0.040  0.023 

   (0.031)  (0.030) 

Health Lifestyle      

    BMI at Round 1    -0.000 0.000 
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Table 5.7 Continued      

    (0.004) (0.004) 

    BMI at outcome Round    -0.011*** -0.012*** 

    (0.003) (0.003) 

    Smoked    -0.123*** -0.116*** 

    (0.025) (0.025) 

    Binge Drinking    0.009 0.008 

    (0.025) (0.024) 

N=1,594           

Standard errors in parentheses  

*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1  
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Table 5. 8: Average Marginal Effects From Logistic Regression Predicting Excellent/Very Good 
Health for Females 

 Model 1 Model 2 Model 3 Model 4 Model 5 
Attendance at Selective College 0.133** 0.035* 0.025* 0.008 0.007 

 (0.047) (0.047) (0.049) (0.048) (0.048) 
Age  -0.003 -0.002 -0.001 -0.000 

  (0.007) (0.007) (0.007) (0.007) 
Race (Ref: White)      
    Black  -0.050~ -0.041 -0.035 -0.026 

  (0.028) (0.028) (0.028) (0.027) 
    Latino  0.021 0.020 -0.001 0.001 

  (0.035) (0.034) (0.033) (0.032) 
    Asian  -0.164* -0.171** -0.207*** -0.209*** 

  (0.067) (0.065) (0.062) (0.060) 
    Other  0.060 0.046 0.070 0.065 

  (0.077) (0.076) (0.079) (0.078) 
Good Health @ Round 1  0.113*** 0.110*** 0.082*** 0.081*** 

  (0.025) (0.024) (0.024) (0.024) 
Highest Parents' Education  0.013 0.008 0.007 0.004 

  (0.011) (0.011) (0.011) (0.010) 
HH income (log)  0.048** 0.043** 0.038** 0.040** 

  (0.015) (0.014) (0.014) (0.013) 
HS GPA  0.033 0.027 0.026 0.025 

  (0.021) (0.021) (0.020) (0.021) 
Took College-Prep Math  0.042~ 0.031 0.036 0.027 

  (0.025) (0.025) (0.024) (0.025) 
SAT Score  0.000~ 0.000 0.000 0.000 

  (0.000) (0.000) (0.000) (0.000) 
Educational Process      
    Time Enrolled in 4-year Institution   -0.001~  -0.001 

   (0.001)  (0.001) 
    Non-continuous enrollment   -0.014  -0.016 

   (0.025)  (0.024) 
    Highest Degree Earned (Ref: HS)      
        AA   -0.001  -0.004 

   (0.039)  (0.039) 
        BA   0.103***  0.063* 

   (0.030)  (0.030) 
Health Lifestyle      
    BMI at Round 1    0.003 0.003 
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Table 5.8 Continued      
    (0.003) (0.003) 

    BMI at outcome Round    -0.015*** -0.015*** 
    (0.002) (0.002) 

    Smoked    -0.055* -0.042 
    (0.027) (0.027) 

    Binge Drinking    0.015 0.010 
    (0.025) (0.025) 

N=1,883           
Standard errors in parentheses  
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1  
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Chapter 6: Conclusion 

As the higher education system undergoes extreme expansion, and college tuition 

continues to increase, scholars in several disciplines work to identify the individual 

returns to postsecondary enrollment (Hout 2012). Although many see the key measure of 

success of college to be occupational and economic security, the benefits are much 

broader. I specifically investigate this topic by focusing on the connection between higher 

education and early adult health. Those with higher levels of education and/or more years 

of schooling are healthier than individuals with lower amounts of education (Mirowsky 

and Ross 2003). Even controlling for income, researchers find health benefits for 

individuals with higher education, suggesting that education itself has an effect on health 

beyond its economic benefits (Cutler and Lleras-Muney 2010; Mirowsky and Ross 

1998b). My dissertation investigates how postsecondary education affects early adult 

health using longitudinal data on health and postsecondary enrollment. As enrollment in 

postsecondary education increases, and the association between education and health 

becomes more salient for young cohorts, information on whether and how experiences in 

college contribute to health are of paramount importance. 

 

Key Findings and Contributions 

This dissertation leveraged the heterogeneity that exists in postsecondary 

enrollment and completion patterns and institutional attendance to begin to piece apart 

how education affects health for young adults. First, Chapter 3 showed that earning a 

credential may be more important for health outcomes than the time spent enrolled in 
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two- or four- year schools for young adults. This is true for both self-rated health and 

work limitations. When both time enrolled and credential earned are considered 

concurrently, those with an associate’s degree or a bachelor’s degree and higher have 

better SRH, as well as lower reports of work limitations compared to high school 

graduates with no college experience. The findings showed that occupational and 

economic mechanisms explained the associate’s degree relationship with SRH. However, 

I found that the effect of earning a bachelor’s degree was still positively related to SRH 

and work limitations net of employment and income factors.  

I also find, however, that for individuals who enter college and do not earn a 

degree, time enrolled in four-year schools is associated with increased likelihood of 

reporting better SRH. The education gradient among credentials is well established; 

however, finding that among the “some college” group there is a linear effect of time 

enrolled in four-year schools on SRH is new. The gender and race explorations in 

Chapter 5 showed that there was not an increasing positive effect of time enrolled in four-

year schools for Latino and Black men. Chapter 5 also showed that the effect of 

associate’s degree is more positive for Latino men than white men. 

Chapter 4 showed that among those who attend four-year schools, students who 

attend the most selective institutions are more likely to report the best levels of SRH. 

Educational process differences in these schools such as differences in amount of time 

enrolled or likelihood of degree completion did not explain the elite college advantage. 

However, BMI significantly decreased the AME of selective college on SRH. Chapter 5 

showed that even though the overall positive effect of selective college attendance does 
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not differ by gender, this explanatory effect of BMI on SRH exists only for female 

students.   

A major contribution of the current study is the ability to consider SES, health and 

educational factors that were actually recorded prior to entry into postsecondary 

education. Many studies focusing on the relationship between education and health are 

unable to consider aspects of health prior to the start of the educational process in 

question, making it difficult to isolate the effect of education on health. Because of the 

age of the respondents during the NSLY and the longitudinal nature of the data, I was 

able to consider major selection factors that are related to both postsecondary education 

and health, including health and SES status prior to entry into postsecondary schooling. 

In doing so, I was able to better identify the actual relationship between the educational 

process and health,.  

Additionally, prior studies of education and health have often been limited by 

how education is measured. This dissertation has focused on not only degree attainment 

and college enrollment, but also institutional type and selectivity. Importantly, this more 

detailed way of measuring postsecondary education highlights layers of stratification 

within education that are not usually considered in health research. Fundamental cause 

theory argues that the social disparities in society are the actual cause of disparities in 

health (Link and Phelan 1995), and as displayed in this study, health disparities in 

education go beyond differences in degree levels. Although much research views higher 

education as a series of a few credentials or number of years only, I was able to highlight 

some of the most common disparities in the postsecondary pathways taken by young 
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adults. These included the consideration of time enrolled without degree attainment and 

differences in the type of institutions attended. 

The differences in SRH by educational attainment level, time enrolled and 

selectivity are admittedly small in magnitude. For example, I find that once controlling 

on employment and income factors, B.A. earners have an 11 percentage point higher 

probability of reporting excellent or very good SRH than HS graduates with no college 

experience. However, research shows that education may actually have an increasing 

effect on health as one ages (Dupre 2007; Mirowsky and Ross 2008). These findings 

highlight that young adulthood is an important time to observe these emerging disparities. 

Thus, the small differences I find in health by stratification in postsecondary education 

are likely to become larger with age.   

The focus on how postsecondary enrollment affects life outcomes is especially 

important given the push for most young adults to at least try college, which has led to 

more students enrolling in postsecondary education than ever before (Rosenbaum 2001). 

Currently, over 70% of recent high school graduates attend some sort of college (Snyder 

and Dillow 2012). With regard to health outcomes, the tiered system of higher education 

seems to be of upmost importance. Enrollment in two-year schools does not seem to have 

the same beneficial association with SRH as does enrollment in four-year schools. The 

findings from my dissertation suggest that these students do not gain any health benefit 

from their enrollment unless they complete an actual associate’s degree or transfer to a 

four-year institution.  
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Future Directions and Limitations 

 The findings from this dissertation answer some important questions but uncover 

many more. One limitation to the current work is that it does little to identify the 

mechanisms that link education to health. Identifying specific factors such as course-

taking would not only help to disentangle how education affects health in general, but 

also may shed light on some of the institutional differences seen in my dissertation work.  

 The type of courses taken in college could affect health outcomes related to young 

adult postsecondary experience. In general, an analysis of the level of courses taken by 

college students would be an effective way to evaluate the human capital theory of 

education’s effect on health. Using the NLSY97 postsecondary transcript study, one 

could evaluate the level of courses taken by individuals and whether a higher proportion 

of advanced courses is related to better health outcomes, or conversely whether higher 

proportions of remedial courses taken are related to lower SRH. In fact, course-taking 

differences are likely a key explanation to health differences between two- and four-year 

institutions. Many two- year students do in fact take courses that are below college-level 

(Rosenbaum, Deil-Amen and Person 2009), which may not lead to a better health status 

or healthy behaviors. 

 Another limitation to this study is that the measures of health in this study are 

restricted to self-rated health and work limitations. Because this is a young, relatively 

healthy age group to study, it is difficult to focus on specific health conditions for this 

sample. However, future research could link postsecondary stratification to specific 
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health behaviors such as smoking, eating habits or physical activity: factors that may act 

as other mechanisms to better or worse SRH or even as outcomes themselves.  

 Finally, it is important to note that I am not able to claim causality for the 

relationships I find between education and health. Despite the longitudinal nature of the 

data, the associations recorded in this dissertation may suffer from omitted variable bias 

in that I am not able to consider several factors that may affect both educational 

attainment and health. Individual personality factors such as tenacity and expectations for 

the future are not included in this study but may importantly affect the ability to complete 

education and to have better SRH.  In light of several twin studies that find a small or 

nonexistent link between education and health (Amin, Behrman and Kohler 2015; 

Behrman et al. 2011), it is important to keep in mind that the possibility that unmeasured 

factors, including family and genetic factors (that the twin studies can control for), may 

underlie some of the apparent associations between education and health observed in this 

dissertation.  

 Overall this dissertation showed emerging disparities in health by educational 

status for a contemporary group of young adults. Stratification within the postsecondary 

experience is an important aspect of education to measure when investigating the link 

between education and health. Unfortunately, not much prior research has focused on 

measurement of postsecondary education in a way that considers the different pathways 

taken by many students and the prior educational experiences that lead to postsecondary 

choices. The current study, while taking careful consideration of selection factors, 

measures enrollment, completion and institutional differences in the postsecondary 
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experience and how it relates to health. This work highlights the many levels of 

stratification in the education process that lead to health disparities by education—even 

as early as young adulthood.  
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Appendix 

Table A.3.1: Marginal Effects from Logistic Regression Predicting Excellent or Very Good Health in 
Round 15 by Highest Degree Earned for College Enrollees 

 Some College AA BA 

Years enrolled in 2-year school 0.005 0.014 -0.010 

 (0.008) (0.014) (0.010) 

Years enrolled in 4-year school 0.019** 0.001 -0.008 

 (0.008) (0.015) (0.007) 

Age 0.002 -0.001 -0.004 

 (0.007) (0.015) (0.007) 

Race    

(Ref: White)    

    Black -0.016 -0.145** -0.056* 

 (0.027) (0.054) (0.027) 

    Latino -0.052~ 0.064 -0.017 

 (0.029) (0.060) (0.031) 

    Asian -0.047 -0.100 -0.127** 

 (0.090) (0.146) (0.045) 

   Other -0.060 -0.066 -0.052 

 (0.074) (0.134) (0.057) 

Female -0.075*** -0.098* -0.005 

 (0.022) (0.046) (0.020) 

Excellent or Very Good health at Round 1 0.197*** 0.113 0.259*** 

 (0.052) (0.102) (0.065) 

Highest Parent's Education Level 0.001 -0.008 0.025** 

 (0.011) (0.021) (0.009) 

Household Income at Round 1 (log) 0.033** 0.007 0.026 

 (0.012) (0.026) (0.018) 

High School grades 0.026 0.027 0.017 

 (0.017) (0.034) (0.019) 

Took College Prep math course in HS 0.013 0.062 0.025 

 (0.025) (0.046) (0.023) 

ASVAB Percentile 0.031 0.033 0.019 

 (0.028) (0.062) (0.028) 

Currently Enrolled -0.014 -0.080 -0.039 

 (0.036) (0.089) (0.134) 

Earned GED 0.001 -0.000 0.000 

 (0.001) (0.001) (0.001) 

Observations       

Standard errors in parentheses; *** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table A.4.1: Barron’s Information and Sample Distribution 

Selectivity Level % of NSLY Sample Sample Frequency Characteristics of Institutiona Example Institutions 

1 Most Competitive 2.47% 86 

Grade Average: B+ to A             
Median SAT: 675 to 800          
Applicants Admitted: Less than 33% 

Dartmouth College; 
Harvard University; MIT; 
Wellesley College; Yale 
University 

2 Highly Competitive 5.12% 178 

Grade Average: B to B+              
Median SAT: 620 to 654          
Applicants Admitted: 33% to 50% 

Fordham University; 
University of California at 
Berkeley; University of 
Texas at Austin; University 
of Wisconsin at Madison 

3 Very Competitive 15.36% 534 

Grade Average: B- or above             
Median SAT: 573 to 619          
Applicants Admitted: 50% to 66% 

Auburn University; 
Brigham Young University; 
Georgia State University 

4 Competitive 37.47% 1,303 

Grade Average: C to B-               
Median SAT: 500 to 572          
Applicants Admitted: 75% to 85% 

Arkansas State University; 
Louisiana Tech University; 
Sam Houston State 
University 

5 Less Competitive 16.48% 573 

Grade Average: Below C              
Median SAT: Below 500          
Applicants Admitted: Top 85% 

Boise State University; 
DeVry University at 
Chicago; Texas Women's 
University 

6 
Noncompetitive & 
For-Profit 23.09% 803 

Grade Average: No requirement             
Median SAT: No requirement          
Applicants Admitted: 98% 

Concordia College; New 
College of California; 
Walla Walla University; 
University of Phoenix; ITT 
Technical Institute 

a Source: Barron’s 2008 Profiles of American Colleges 
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Table A.4.2 Logistic Regression Predicting Selective College 
Attendance for Propensity Score Matching 

 Coeff.  SE  
Individual Characteristics    
    Age 0.01 (0.05)  
    Female -0.05 (0.16)  
    Race (Ref: White)    
        Black 0.67 (0.27) * 
        Latino 0.98 (0.26) *** 
        Asian 0.80 (0.34) * 
        Other 1.44 (0.45) ** 
    Excellent/Very Good Heatlth @ Round 1 -0.01 (0.84)  
Family Background    
    Household Income at Round 1 (log) 0.37 (0.13) ** 
    Highest Parent Education 0.13 (0.07) ~ 
    Lived with both parents at Round 1 -0.10 (0.18)  
Academic Factors    
    HS GPA 0.59 (0.16) *** 
    Took College-Prep math in high school 0.88 (0.28)  
    Ever Retained -0.06 (0.56)  
    SAT score 0.01 (0.00) *** 
Constant -16.99 (2.38) *** 
    
Psuedo R2 0.2628     
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1    
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Table A.4.3: Average Marginal Effects from Logistic Regression Predicting 
Excellent/Very Good Health 
  Model 1 Model 2 Model 3 
        
Attendance at Selective College 0.057 0.073* 0.071* 

 (0.034) (0.035) (0.035) 
Age -0.004 -0.008 -0.008 

 (0.005) (0.005) (0.005) 
Race (ref: White)    
    Black -0.034~ -0.050* -0.059** 

 (0.020) (0.021) (0.021) 
    Latino -0.010 -0.001 -0.006 

 (0.023) (0.024) (0.024) 
    Asian -0.168*** -0.143** -0.146** 

 (0.045) (0.046) (0.046) 
    Other -0.019 -0.025 -0.017 

 (0.052) (0.054) (0.054) 
Female -0.036* -0.029~ -0.029~ 

 (0.016) (0.017) (0.016) 
Good Health @ Round 1 0.110*** 0.132*** 0.129*** 

 (0.019) (0.019) (0.018) 
Highest Parent's Education 0.005 0.009 0.010 

 (0.007) (0.008) (0.008) 
HH income (log) 0.026** 0.034*** 0.033*** 

 (0.010) (0.010) (0.010) 
HS GPA 0.015 0.016 0.012 

 (0.014) (0.014) (0.014) 
Took college-prep math 0.018 0.017 0.016 

 (0.018) (0.018) (0.018) 
SAT score 0.000 0.000 0.000 

 (0.000) (0.000) (0.000) 
Educational Process    
    Time enrolled in 4-year institution -0.000 -0.000 -0.001 

 (0.000) (0.000) (0.000) 
    Non-continuous enrollment 0.001 -0.001 -0.002 

 (0.017) (0.018) (0.018) 
    Highest Degree Earned (ref: HS 
diploma)    
        AA -0.025 -0.020 -0.025 

 (0.028) (0.028) (0.028) 
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Table A.4.3 Continued    
        BA+ 0.053* 0.074*** 0.064** 

 (0.021) (0.021) (0.022) 
Health Lifestyle    
    BMI at Round 1 0.001   

 (0.002)   
    Binge drinking  -0.003  

  (0.017)  
    Smoked   -0.071*** 

   (0.018) 
    BMI at outcome Round -0.014***   

 (0.002)   
N=3,477       
Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table A.5.1: Log Odds from Logistic Regression Predicting Excellent or 
Very Good SRH of Interactions from Chapter 3 for Females 
 Model 1 Model 2 Model 3 
Race  (Ref: White)       
    Black -0.153 -0.195 -0.191 

 (0.147) (0.184) (0.184) 
    Latino   -0.324* -0.403* -0.401* 

 (0.153) (0.194) (0.195) 
    Asian -0.223 -0.426 -0.424 

 (0.637) (1.473) (1.479) 
    Other -0.264 0.075 0.075 

 (0.409) (0.491) (0.492) 
Years Enrolled in 2yr School 0.010  -0.012 

 (0.040)  (0.052) 
Years Enrolled in 4yr School 0.074*  -0.035 

 (0.031)  (0.045) 
Highest Degree Earned (Ref: HS)    
    Some College  -0.102 -0.051 

  (0.149) (0.173) 
    AA  0.111 0.175 

  (0.212) (0.274) 
    BA  0.538** 0.683** 

  (0.166) (0.249) 
Age -0.007 -0.007 -0.008 

 (0.027) (0.028) (0.028) 
Excellent or Very Good Health at R1 0.653*** 0.646*** 0.646*** 

 (0.087) (0.087) (0.088) 
Highest Parent's Education Level 0.111** 0.093* 0.091* 

 (0.042) (0.042) (0.042) 
HH income at R1 (log) 0.148** 0.139* 0.138* 

 (0.056) (0.057) (0.057) 
HS GPA 0.121~ 0.101 0.104 

 (0.066) (0.066) (0.067) 
Took college prep math course in HS 0.273** 0.214* 0.229* 

 (0.096) (0.096) (0.096) 
ASVAB 0.005* 0.005* 0.005* 

 (0.002) (0.002) (0.002) 
Currently enrolled -0.054 0.016 0.004 

 (0.119) (0.118) (0.122) 
GED 0.178 0.170 0.187 
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Table A.5.1 Continued    
 (0.134) (0.133) (0.134) 

Interactions    
    Years in 2yr * Black 0.007  0.070 

 (0.062)  (0.080) 
    Years in 2yr * Latino 0.112  0.082 

 (0.065)  (0.083) 
    Years in 2yr * Asian -0.014  0.095 

 (0.258)  (0.415) 
    Years in 2yr * Other 0.095  0.443 

 (0.165)  (0.256) 
    Years in 4yr * Black -0.003  0.004 

 (0.004)  (0.006) 
    Years in 4yr * Latino 0.004  0.009 

 (0.005)  (0.008) 
    Years in 4yr * Asian -0.013  -0.021 

 (0.011)  (0.018) 
    Years in 4yr * Other 0.014  0.062 

 (0.012)  (0.035) 
    

    Some College * Black  0.227 0.079 
  (0.229) (0.275) 

    Some College *Latino  0.378 0.167 
  (0.254) (0.301) 

    Some College * Asian  -0.308 -0.212 
  (1.606) (1.702) 

    Some College * Other  0.009 -1.088 
  (0.669) (0.916) 

    AA * Black  -0.297 -0.572 
  (0.340) (0.445) 

    AA * Latino    0.733~ 0.392 
  (0.385) (0.489) 

    AA * Asian  -0.253 -0.602 
  (2.057) (3.379) 

    AA * Other  -0.384 -2.591 
  (0.951) (1.419) 

    BA * Black  -0.185 -0.427 
  (0.255) (0.412) 

    BA * Latino    0.257 -0.273 
  (0.294) (0.489) 
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Table A.5.1 Continued    
    BA * Asian  -0.400 0.693 

  (1.520) (1.884) 
    BA * Other  0.096 -3.113 

  (0.668) (1.773) 
Constant -2.382* -2.167* -2.153* 

 (0.995) (1.000) (1.004) 
N= 3,554       
Robust standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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Table A.5.2: Log Odds from Logistic Regression Predicting Excellent or 
Very Good Health in Round 15 by Highest Degree Earned for College 
Enrollees for Females 

 
Some 

College AA BA 
Years Enrolled in 2yr School -0.059 0.137 -0.068 

 (0.076) (0.123) (0.095) 
Years Enrolled in 4yr School 0.039~ -0.033 -0.145~ 

 (0.065) (0.133) (0.078) 
Race (Ref: White)    
    Black -0.191 0.200 -1.001 

 (0.264) (0.819) (0.664) 
    Latino   -0.238 1.001 -1.022 

 (0.277) (0.918) (0.872) 
    Asian -0.356 0.000 -0.981 

 (2.192) (0.000) (1.265) 
    Other -2.366 3.078 -3.663 

 (1.630) (6.633) (2.276) 
Age -0.013 -0.015 0.012 

 (0.045) (0.101) (0.054) 
Excellent or Very Good Health at R1 0.731*** 0.855** 0.718*** 

 (0.143) (0.297) (0.180) 
Highest Parent's Education Level 0.082 0.228 0.067 

 (0.072) (0.157) (0.073) 
HH income at R1 (log) 0.172* -0.170 0.175 

 (0.087) (0.160) (0.114) 
HS GPA 0.102 0.328 0.181 

 (0.110) (0.240) (0.158) 
Took college prep math course in HS 0.111 0.424 0.060 

 (0.161) (0.295) (0.188) 
ASVAB 0.004 0.006 0.004 

 (0.004) (0.007) (0.004) 
Currently enrolled 0.018 0.317 -0.123 

 (0.171) (0.402) (0.200) 
GED 0.035 0.895 -0.155 

 (0.213) (0.551) (0.875) 
Interactions    
    Years in 2yr * Black 0.155 -0.222 0.066 

 (0.106) (0.199) (0.180) 
    Years in 2yr * Latino 0.106 -0.301 0.289 
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Table A.5.2 Continued    
 (0.111) (0.221) (0.179) 

    Years in 2yr * Asian 0.574 0.000 0.358 
 (1.863) (0.000) (0.509) 

    Years in 2yr * Other 0.935 -0.921 0.530 
 (0.566) (1.534) (0.407) 
    

   Years in 4yr * Black 0.017 -0.181 0.141 
 (0.094) (0.195) (0.129) 

    Years in 4yr *Latino 0.141 0.335 0.133 
 (0.148) (0.311) (0.173) 

    Years in 4yr * Asian 0.000 0.000 0.017 
 (0.000) (0.000) (0.237) 

    Years in 4yr * Other 2.788 -0.427 0.888 
 (1.415) (0.778) (0.552) 

Constant -2.379 -0.140 -1.960 
 (1.648) (3.609) (2.024) 

Observations 1,196 317 1,175 
Notes: Standard Deviations in parentheses; *** p<0.001, ** p<0.01, * 
p<0.05, ~ p<0.1 
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Table A.5.3 Average Marginal Effects From Logistic Regression Predicting Excellent/Very 
Good Health for Females: Effect of Health Variables on SRH 

  Model 1 Model 2 Model 3 

Attendance at Selective College 0.01 0.034* 0.034* 

 (0.048) (0.049) (0.049) 

Age -0.001 -0.003 -0.003 

 (0.007) (0.007) (0.007) 

Race (Ref: White)    

    Black -0.029 -0.056* -0.048~ 

 (0.027) (0.028) (0.028) 

    Latino 0.004 0.016 0.022 

 (0.033) (0.035) (0.035) 

    Asian -0.201*** -0.169* -0.162* 

 (0.061) (0.067) (0.067) 

    Other 0.063 0.063 0.062 

 (0.079) (0.077) (0.076) 

Good Health @ Round 1 0.085*** 0.110*** 0.113*** 

 (0.024) (0.025) (0.024) 

Highest Parents' Education 0.008 0.012 0.013 

 (0.011) (0.011) (0.011) 

HH income (log) 0.039** 0.047** 0.047** 

 (0.014) (0.015) (0.015) 

HS GPA 0.031 0.029 0.034~ 

 (0.020) (0.021) (0.021) 

Took College-Prep Math 0.040 0.040 0.043~ 

 (0.024) (0.025) (0.025) 

SAT Score 0.000 0.000~ 0.000~ 

 (0.000) (0.000) (0.000) 

Health Lifestyle    

    BMI at Round 1 0.002   

 (0.003)   

    BMI at outcome Round -0.015***   

 (0.002)   

    Smoked  -0.042  

  (0.028)  

    Binge Drinking   0.016 

   (0.026) 

N=1,883       

Standard errors in parentheses 

*** p<0.001, ** p<0.01, * p<0.05, ~ p<0.1 
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