
 

 

 

 

 

 

 

 

 

Copyright 

by 

Kasey Crystal Ford 

2013 

 

 



The Thesis Committee for Kasey Crystal Ford 
Certifies that this is the approved version of the following thesis: 

 
 

Emergent Social Network Communities: Hashtags, Knowledge 
Building, and Communities of Practice 

 
 
 
 
 

 

 

APPROVED BY 
SUPERVISING COMMITTEE: 

 

 

 
Paul Resta 

George Veletsianos 

 

Supervisor: 



 
Emergent Social Network Communities: Hashtags, Knowledge 

Building, and Communities of Practice 

 

by 

Kasey Crystal Ford, B. A.  

 

 

Thesis 

Presented to the Faculty of the Graduate School of  

The University of Texas at Austin 

in Partial Fulfillment  

of the Requirements 

for the Degree of  

 

Master of Arts 

 

 

The University of Texas at Austin 
May 2013 



 Dedication 

 

For Blake—I’m the luckiest. 

 

 



 v 

Acknowledgements 

 

I would like to thank my advisor, Dr. Paul Resta, for all of his helpful insights, 

thoughtful guidance, and Skype conversations. My research topic is thanks in no small 

part to Dr. George Veletsianos, whose work and suggestions inspired me. This project 

would not have been completed without them. 

This journey also made possible by my colleagues, supervisors, peers, and friends 

who supported me and informed my work. I am pleased to know such talented and 

passionate people.  

Of course, I would like to thank my family. To my parents, siblings, and in-laws 

for sending encouragement. My daughter, Molly Sunshine, was born midway through 

this process and instilled in me why this work is important.  Most of my gratitude goes to 

my husband, Blake, for running a household by himself, letting me sleep when I was 

tired, feeding me when I was hungry, and most importantly discussing everything from 

technology to philosophy on car trips, while folding clothes, and in the middle of the 

night.  

 

 

 



 vi 

Abstract 

 

Emergent Social Network Communities: Hashtags, Knowledge 
Building, and Communities of Practice 

 

Kasey Crystal Ford, M. A. 

The University of Texas at Austin, 2013 

 

Supervisor:  Paul Resta 

 

Abstract: The hashtag #phdchat is used by doctoral students all over the world to 

engage with their peers, share information, and commiserate over their experiences in 

academia. Anyone can join the conversation simply by typing the tag and publishing a 

tweet, but many regularly contribute to what has become a vibrant emergent social 

network community. Using an analysis of the discourse that was labeled with the hashtag 

over about a one-month period, this paper draws conclusions about who belongs to this 

community and what the network achieves for the users and as an entity of its own. The 

researcher makes conclusions about this network by drawing on the attributes of 

communities of practice and knowledge building communities in order to ground it as its 

own permutation of a learning community.  
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Introduction 

 The social networking site, like any other communication medium, has 

engendered its own customs, communication styles, and social norms. Though all social 

networking sites allow for rapid collaboration and exchange, perhaps none is so effective 

at facilitating bursts of dialogue as Twitter, the microblogging platform that allows users 

to publish short strings of text and curate their own feeds made up of updates from other 

users.  Tweeting has become a useful tool for institutions, public figures, and businesses 

because it provides a forum through which they can self-categorize and distribute their 

own messages in order to reach vast networks of users. The hashtag, a simple “#” symbol 

followed by a short phrase, has allowed Twitter users to instantly and autonomously form 

networks around causes, jokes, events, and practices. This user driven tagging allows 

communities like the one that has formed around #phdchat to grow into a resource for 

people who may never have communicated otherwise.  

The #phdchat group has expanded from its origins as a way for doctoral students 

in the United Kingdom to hold weekly discussion to a tool used by thousands of 

academics as a way to share information about their lives as students and teachers. The 

term is added to hundreds of tweets per day on Twitter and followed by many people and 

institutions looking for insights and updates from people in academia. The discussions 

that generated the moniker also continue each Wednesday evening; they now include 

participants from around the world and many different academic disciplines. 

Since this group formed organically and has little in the way of a central structure, 

the researcher was curious to learn more about it. The characteristics of this community 
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and, in turn, the characteristics that it shares in common with other emergent online 

communities lend insights into how people are using the Internet to create their own 

learning opportunities and form social support networks. Analyzing networks like these is 

necessary in order to understand how and how effectively knowledge exchange is taking 

place and is necessary for educators who wish to tailor interventions for users who 

increasingly depend on these social network communities. 

There are existing models for online learning communities that provide a useful 

framework for understanding the tools that #phdchat gives to its members; social media 

is being leveraged in many educational contexts. However, other kinds of learning 

community frameworks, like communities of practice and knowledge building 

communities, can further inform conceptions about what roles informal, self-organizing 

groups can play in a wider academic context. By comparing #phdchat to these models, 

the researcher hopes to understand the benefits it brings to its members. 

All of the public communication tagged with #phdchat was collected by the 

researcher for a period of about one month during an academic semester. Using a variety 

of techniques, including quantitative analysis, word frequency analysis, social network 

analysis, and a close reading of the text, the research created a snapshot of the #phdchat 

community during the time of the study. Using this image, she compared the collective to 

other models for learning communities in order to draw conclusions about how social 

networking platforms like Twitter create community and facilitate learning.  

The #phdchat community was found to be made up of diverse contributions from 

many users, each of whom brought a piece of the overall ensemble to the table. Their 
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interactions as well as the broader additions from content creators, form a tapestry of 

information that serves unique purposes for each member. 
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Related Literature 

SOCIAL MEDIA AND EDUCATION 
Social media has become a ubiquitous part of everyday life for many people, but 

the role that it will play in education is still unclear. In their 2007 article discussing the 

state of social media and educational scholarship, boyd & Ellison (2007) define a social 

network sites (SNS) as  

“web-based services that allow individuals to (1) construct a public or semi-public 
profile within a bounded system, (2) articulate a list of other users with whom 
they share a connection, and (3) view and traverse their list of connections and 
those made by others within the system” (p. 211).  
 

SNS have had a profound effect on the way people in the developed world consume 

news, cultivate hobbies, and communicate with friends and acquaintances. This 

participatory culture, which allows anyone with sufficient technology and skills to 

become part of a community and publish content in Web 2.0, has cultivated fertile ground 

for educational research. While some researchers are focused on what implementing 

specific tools in classroom and other learning environments can do for traditional 

teaching models, others are focusing on how increasing adoption of social media among 

learners will shape the face of effective formal and informal education in the future. As 

Jenkins, Clinton, Purushotma, Robison, & Weigel (2006) point out in their influential 

paper, the culture forming around social media show the promise of educational benefits 

such as “opportunities for peer-to-peer learning, a changed attitude toward intellectual 

property, the diversification of cultural expression, the development of skills valued in 
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the modern workplace, and a more empowered conception of citizenship” that may not 

necessarily be reaped by all learners because “access to this participatory culture function 

as a new form of the hidden curriculum, shaping which youth will succeed and which 

will be left behind as they enter school and the workplace” (p. 3). The idea of such 

rewards, balanced with the possibility of countless students being left behind in the 

digital divide, should be a source of motivation for any educator.  

If use of social media can impart students with more and better (in the context of 

the modern workplace) opportunities to learn, then it, too, must come with its own set of 

skills and proficiencies. Indeed, 21st century skills (Jenkins et al., 2006) and social media 

literacies (Rheingold, 2010) are key in helping learners participate in social media  and 

new ways of learning effectively. For instance, traditional classroom models suggest that 

students should provide their teacher with undivided attention during lectures or 

presentations. The always-on, always-updating pace of social media and proliferation of 

laptops and mobile devices in the university classroom has made this kind of undivided 

attention extremely difficult to maintain for teachers and students alike. The notion of 

attention in the context of social media literacies recognizes that there are different kinds 

of attention, and shifting between multitasking and focused attention is a skill that has 

become essential to learning effectively in technology augmented environment 

(Rheingold, 2010). This kind of attention becomes an effective part of social media 

consumption when combined with participation, collaboration, network awareness, and 

critical consumption that work together because “the most important fluency is not in 

mastering a particular literacy but in being able to put all five of these literacies together 
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into a way of being in digital culture” (Rheingold, 2010, p.16). As Blankenship (2011) 

suggests, social media can encourage educators to think more creatively about teaching 

and interacting with students, but effective integration into classrooms depends on 

exercising the strengths of the tools available and proficiency in the social media 

literacies. 

Specific use of social media in higher education has been approached in a few 

ways. The personal learning environment (PLE) and social media platform Graasp, which 

emphasizes collaboration and knowledge managements though various networking tools, 

was evaluated by researchers in a human-computer interaction course and a workshop for 

PhD students (Bogdanov et al., 2012). The students surveyed were satisfied with the 

platform’s ability to allow them to collect, organize, and share resources with peers 

(Bogdanov et al., 2012). Surveys collected on SpartanConnect, a SNS created by 

Michigan State University to help transition incoming freshmen into their college careers 

showed that students exchanged useful information in preparation for the coming 

semester (DeAndrea, Ellison, LaRose, Steinfield, & Flore, 2012). Wodzicki, 

Schwämmiein, & Moskaliuk (2012) also looked at how much school-related knowledge 

students shared on SNS in three different studies on the German site StudiVZ. Since 

StudiVZ is the German equivalent of Facebook, students were familiar with it and the 

lack of a learning curve for students made it a good choice for studying informal 

educational use of SNS even though the site wasn’t designed to facilitate collaborative 

work (Wodzicki et al., 2012). The researchers found that users exchanged study-related 

information in one fifth of the groups encompassed in the study (Wodzicki et al., 2012). 
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Social networking sites are also being created to foster collaboration between higher 

education faculty. City University of New York set up a social network called Academic 

Commons for the faculty of their 23 campuses to create a more cohesive institution by 

making it easier for employees to interact with their colleagues. Similarly, Academia.edu 

offers academics from many different institutions to connect based on their research 

interests (Kaya, 2010). The practice of microblogging, blogging in short bursts of text, 

has been adopted by students and educators alike to connect and collaborate with their 

peers. Microblogging has been shown to allow students opportunities to exercise nearly 

all of the social media literacies through meaningful informal communication and 

collaboration in the context of a course (Ebner, Lienhardt, Rohs, & Meyer, 2010). The 

popular microblogging platform Twitter is a tool that may offer learners to enhance 

informal learning through harnessing the power of their own knowledge networks.  

TWITTER 
Twitter is a SNS and blogging platform that approximately 16% of Internet users 

used in 2012 according to the Pew Research Center (Duggan & Brenner, 2013). Twitter 

can be described in two ways:  

1. A social networking site which allows users to share text updates called tweets; 

2. A microblogging platform that allows users to follow each other’s updates.  

A tweet can consist of whatever combination of 140 ASCII characters that a user would 

like. Once submitted, the tweet will either be posted publically (and aggregated into the 

timeline of the user’s “followers”) if the user’s profile is public or only become available 

to those followers whom the user has given permission to read their tweets if the user has 
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set their profile to private. Twitter users often use the service to share links to all manner 

of web content, retweet (RT) tweets from other users, and at-reply (@) to others in order 

to have conversations. In addition to tweets, the Twitter platform allows users to send 

each other longer private messages.  

A Twitter user typically follows a network of other users and the tweets generated 

are available to them in a streaming timeline. Some users opt to use a Twitter client like 

the official Twitter client, TweetDeck (http://www.tweetdeck.com/), or HootSuite 

(http://hootsuite.com/) in order to gain the ability to further curate their timeline of tweets 

by creating streams for lists of users, search terms, or hashtags. These clients are also 

available as mobile applications that offer the same feature set as their desktop-based 

counterparts. In fact, the ability to use a SNS from a mobile device allows for continuous, 

instant communication with the network. In 2012, the Pew Research Center’s Internet & 

American Life Project found that 68% of adult smartphone users access SNS using their 

phone (Smith, 2012). 

Hashtags are often included in the text of a tweet as a form of social tagging in 

order to make entries about an individual subject easier to find. For instance, users who 

tweeted about watching the Super Bowl might include the hashtag #superbowl in their 

tweets; those who were interested in following public reaction to the event on Twitter 

could conduct a search simply by clicking on a hyperlinked hashtag. Though hashtags 

started as a way for groups to find relevant data, the hashtag is now used to filter 

messages about events and groups, allow users to participate in promotions and contests, 

and even to add a sarcastic aside to the end of a comment (Parker, 2011). 
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Twitter and Education 
Twitter, like other SNS, has found its way into the higher education classroom in 

both formal and informal learning contexts. College students in Saudi Arabia vastly 

preferred Twitter for retrieving course announcements, but ongoing use by the professor 

in his classes was hampered by poor international support for the service by Twitter (Al-

Khalifa, 2008). Backchanneling is the practice of allowing an audience carry on a digital 

dialogue at the same time as a presentation; some professors use Twitter and predefined 

course hashtags to allow their students to carry on conversations and ask questions during 

lecture (Young, 2010). Research into the use of Twitter as an informal learning tool to 

support a university course showed that it enabled effective peer-to-peer communication, 

but did not provide significant chances for self-reflection (Kassens-Noor, 2012). The 

concise nature of the tweet and the ability to draft one almost anywhere makes them 

useful for creating an ongoing real-time dialogue about personal learning experiences 

(Aspden & Thorpe, 2009).  

The role that Twitter plays in an individual’s social media presence depends 

largely on whether they use it; the SNS can simply be a way of sharing links or a 

powerful soapbox (Petrilli, 2011). Twitter and other SNS create the ability for educators 

to create personal learning networks (PLN) in which they can cultivate an ongoing 

dialogue with their colleagues that allows for access to the collective knowledge of the 

network, promote and evolve ideas, engage in constructive exchanges of ideas (Lalonde, 

2011).  In an analysis of the Twitter use by PhDs employed at higher education 

institutions, Veletsianos (2012) found that these individuals used the SNS to participate 
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in networked participatory scholarship that allowed them to share information in order to 

enhance their own work, teaching, and learning. Twitter has become a place for students 

and educators alike to create their own learning communities. 

LEARNING COMMUNITIES 
 If SNS are a means by which learners can communicate, then they must create 

opportunities for sustaining communities to arise from them. What do these communities 

look like and what is the nature of the collaboration and knowledge sharing that goes on 

within them? 

Online Learning Communities 
Online learning, from blended classes to media-rich e-learning, has been the 

subject of reams of research since the popularization of the Internet. Just like face-to-face 

learning, online learning can be implemented in a number of ways and can be effective or 

ineffective. Though there have been many innovations in the ways in which content is 

delivered online, perhaps the most intriguing possibility to arise from online learning is 

that of the online learning community—a group of learners that can self-organize, 

communicate in real time and unconstrained by location, and elect to make learning a 

part of their social lives.    

 Riel & Polin (2004) categorized learning communities into three types: 

1. Task-based – members are assigned according to task features; clearly 

defined project or problem with a start and finish  



 11 

2. Practice-based – arises around a profession or discipline; learning is the 

result of ongoing practice 

3. Knowledge-based – participation arises out of relevant expertise or 

common interest; knowledge base evolves 

Obviously, each kind of group offers its own challenges and presents its own needs; Riel 

& Polin (2004) suggest that networked technology can allow integration and support of 

these disparate groups. Regardless of the modality, the opportunities that SNS provide 

learners to create learning communities are vast; though these networks are cultivated in 

many formal and informal contexts, best practices for these groups are still largely 

unknown and their management is organic (Gea, Soldado, & Gamiz, 2011). The best 

models for facilitating them most likely lie in existing research regarding learning 

communities.  

Knowledge Building Communities 
Knowledge building is a term introduced through the work of Scardamalia and 

Bereiter that encapsulates their efforts to define how communities of learners can work 

creatively with knowledge (Scardamalia & Bereiter, 2010).  There are twelve principles 

outlined as essential to knowledge building practices.  These include the use of authentic 

problems that ground the learning in the real world, working with ideas that are 

improvable in order to enable exploration of new territory, and engagement in discourse 

among community members in order to advance knowledge and the community 

(Scardamalia & Bereiter, 2006). 



 12 

Those familiar with situated learning theory may say that knowledge building 

communities sound very similar to the community of practice. The two kinds of groups 

share the goals of learning and the refinement of practices, but differ in purpose. 

Knowledge building communities may not contain experts at all, and knowledge 

construction can take many forms. Knowledge building is an ideal state of learning in 

which a theory is refined through careful collaboration among a group. Symmetric 

knowledge advancement—the idea that knowledge comes from all members of the group, 

not just from artisans to amateurs—is another of the twelve principles of knowledge 

building established by Scardamalia and Beiriter (Scardamalia & Bereiter, 2006). 

Ideally, educational institutions that value knowledge building endeavor to free learners 

to exercise ingenuity in the pursuit of knowledge construction. In an educational context, 

this would be achieved by allowing students to “develop talent in working creatively with 

ideas and to disseminate ideas themselves” (Scardamalia & Bereiter, 2010, p. 11). This 

suggests that the knowledge building community needs a source for ideas (with which to 

work) and a medium through which they can manipulate and disseminate these ideas. The 

opportunity presents itself for both on the Internet. Computer-supported learning 

environments have been a part of all of the work with knowledge building communities 

as they are a technological construct as well as a pedagogical one (Scardamalia & 

Bereiter, 2010). Since knowledge building is a group activity, facilitated by technologies, 

the nature of the knowledge created is wholly changed by the tools used and the 

interactions of group members with and through those tools.  
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Communities of Practice 
 A community of practice (CoP)  is “a cultural-historical-social space defined by a 

set of shared objects that glue its members together and provide direction for its central 

activity and by the practices that mediate its activity” with “members of different 

backgrounds, professional preparation, and expertise complement[ing] each other as they 

enact practices to accomplish personal and collective goals” (Blanton, Medina, & 

Pilonieta, 2009, p. 153). Whether or not they know it, most professionals exist within a 

CoP (Wenger, 1998). CoPs are made up of experts and non-experts (usually mentors and 

apprentices) that carry out work with individual participants enriching themselves 

through legitimate peripheral participation (Lave & Wenger, 1991). Whatever the 

practice that stands at the center of a CoP, the primary result is learning.  

 Similarly, both students and teachers belong to their own CoP that can exist in the 

physical space of a classroom or workroom or in virtual spaces like forums, listserv 

groups, wikis, and SNS. The CoPs that form around education have been studied 

extensively by researchers hoping to improve pedagogical practices and teacher 

education (Brandon & Charlton, 2011; Carey, Smith, & Martin, 2009; Haberman, 2007; 

Thomas, 2005).   

Virtual Communities of Practice and Knowledge Sharing  
 A virtual community of practice is a CoP that is computer-mediated and is 

primarily facilitated through an intranet, message board, or SNS. Virtual communities of 

practice (vCoP) are as effective for sharing knowledge between members, especially in 

instances when participants have access to effective communication technology (Penfold, 
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2010). There is also some evidence that knowledge sharing is further enhanced by 

technologies like immersive virtual worlds that offer richer interactions (Majewski, 

Usoro, & Khan, 2011). Researchers linked the tendency to contribute knowledge in an 

electronic CoP to the desire to gain social capital and enhance one’s own personal 

reputation (Wasko & Faraj, 2005). This motivation is shared by those in traditional CoPs 

(Wenger, 1998).  

A vCoP can form in a number of ways, but oftentimes they are facilitated by 

organizations that want to harness the wisdom of its own organization (Brown & Duguid, 

2002; Wenger, 2000). In these systems, trust in management is an important factor that 

will encourage individuals to contribute and therefore determine the effectiveness of the 

community (Fang & Chiu, 2010; Gammelgaard, 2010). However, websites that promote 

democratic information categorization and simple content discovery allow for the 

creation of vCoPs with no central authority or management. Since this decentralized 

model allows for more weak ties (loose or informal social connections), this kind of 

community may be more open to the introduction of new information (Godara, Isenhour, 

& Kavanaugh, 2009). 

Emergent Online Communities 
 Since web services (in conjunction with avenues for discovery like search 

engines, social bookmarking sites, and advertisements) allow users to come together from 

disparate geographical locations and interest groups in order to form communities, the 

resulting demographics are often more diverse than local or institutionally organized 

groups. Complexity theory posits that “that nature in its organization is complex, 
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fractaled, and turbulent” and seeks to create models for predicting the behavior of 

systems (Doll Jr., 2009, p. 164). Educational researchers such as (Reigeluth, 2004) seek 

to apply what the work of scientists who study complexity in fields like artificial 

intelligence and biology has yielded to the realm of education. Education, both the formal 

and informal, is after all a large and complex system with many millions of nodes. The 

digital social network is no different, and both are subject to the influence of the actions 

of the individuals that contribute to them.  

The phdchat Community 

Unlike other hashtags, the origins of #phdchat are unambiguous. According to the 

wiki for the community, the hashtag began when a group of UK doctoral students began 

using it in 2010 as a way to hold discussions over Twitter (Thackray, n.d.). A planned 

discussion about a specified topic was still taking place each Wednesday at 7:30 GMT 

each week at the time this paper was written in early 2013, but the hashtag has been 

appropriated by many users outside of the core group of original students for regular 

communication outside of the planned discussions. #phdchat is used actively by people 

all over the world and in tweets in over a dozen languages other than English. It does not 

appear only in tweets directly linked to the weekly discussions, but also in messages 

sharing links, discussing academic culture, and empathetic updates.  

The history of #phdchat is more documented than the popularization of other 

hashtags. In this case, the first users in the community had agreed explicitly to use the 

hashtag in order to hold discussions. Other tags often begin as asides or common sense 

categorization, like most folksonomies. However, the use of #phdchat does not differ 

much in practice from other tags: users drift in and out of the collective, and the discourse 
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is fluid. This study seeks to identify the major characteristics of this community and 

identify the ways in which it is used by its members. 

Emergent Learning Communities and SNS 
As networks of individual actors emerge, what implications for learning arise? 

There is still much to learn about how emergent online communities foster understanding 

and create bonds between disparate groups of people. The goal of this study is to examine 

a decentralized community of learners that use Twitter (specifically the hashtag 

#phdchat) as a medium to communicate, collaborate, and share knowledge. Using the 

framework of past research on SNS and education, Twitter, knowledge building 

communities, and CoP, the researcher endeavors to identify the attributes of this self-

organizing network in order to understand how the Internet does and will continue to 

shape informal learning practices for students and scholars.  
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Methods 

STUDY OVERVIEW 
This mixed method study uses tweets that included the hashtag #phdchat between 

January 21, 2013 and February 28, 2013 to create a multi-approach analysis in order to 

identify the characteristics of an emergent online community of Twitter users who 

discuss higher education. Through the identification of the characteristics of this 

community, the study also examines the similarities and differences between the 

emergent online community and knowledge building communities and vCoPs, 

respectively.  Individual tweets provide context for the trends that appear in the holistic 

analysis of data in order to sharpen the observations made by the researcher. By holding 

the #phdchat community up to other kinds of learning communities, we can gain an 

understanding what role the emergent online community might play in the academic and 

personal activities of its users. 

INQUIRY STRATEGY 
This study is defined as a mixed methods study because it engages quantitative 

analysis of textual data as well as the close reading of sample tweets in order to gain 

insight into specific interactions. The researcher also concedes that coding individual 

tweets could be a valuable source of information when it comes to understanding how 

Twitter is employed by users (Linvill, McGee, & Hicks, 2012; Veletsianos, 2012). 

However, this research method was not chosen for this study for a few reasons: 
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1. The parameters of the project (as a thesis) required that there only be one primary 

investigator and therefore reliability could not be achieved through intercoding;  

2. Intent information about the content of the tweets was not specifically relevant to 

the research questions; 

3. The sample size was too large to code consistently. 

Therefore, much of the study relies on quantitative data in the form of social network 

analysis and statistics in order to draw conclusions about the community being studied. 

That being said, the tweets, as a record of communication between members of the 

community, were also available to the researcher as qualitative data. Communities and 

communication are inherently social and can rarely be wholly quantified. Where it is 

appropriate, the researcher elected to analyze individual tweets for meaning and make 

observations about the interactions that took place between users while being careful not 

to make broad conclusions.    

 While the network visualizations and statistics that make up the quantitative 

portion of the study can lend some insights into the structure of the community at the 

center of this research, the researcher does not claim that they provide a complete picture. 

Similarly, the qualitative analysis of the data, since it is limited in scope, can only suggest 

larger connections between the online emergent community and the types of learning 

communities it is being compared to. The goal when designing this mixed methods study 

was to combine these perspectives to reveal the kinds of interactions made possible 

through the underlying structure of the network. With this knowledge, we can ascertain 
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how an understanding of this kind of community could allow users, educators, 

technologists, and developers to harness networks like this one to enhance learning and 

education.  

TERMINOLOGY 
The nature of services, products, and communities tends to generate colloquial 

terms, and Twitter is no exception. The language chosen for this study was of some 

importance in order to clearly define the project in the eyes of the researcher. First of all, 

as the primary data of the study, the text strings collected are referred to as tweets, since 

they were all submitted through Twitter and using the terminology associated with the 

web service is appropriate. It is also necessary to refer to some tweets as messages or 

microblogs in the context of discussion surrounding the #phdchat community. 

“Messages” is a more appropriate way of referring to tweets that were direct @replies to 

other users or retweets. Tweets directed at a broader audience, such as the sharing of an 

article, photo, or link are considered microblogs in most contexts found in this study. 

Twitter also allows users to reply to others with tweets, which are referred to as @replies, 

and republish the tweets of others as retweets, which are simply listed as RTs. The text 

“RT” is automatically added to tweets when a user selects the retweet button on the tweet 

they would like to share with their followers. A modified tweet, or MT, is a tweet that has 

been marginally edited by a user; users may indicate that a RT has added notations by 

switching RT to MT, or they may mark a message that they have tweeted previously with 

different hashtags as an MT in order to indicate to their followers that they are cross 

posting information.  MTs are less frequently used, perhaps because the prefix is not 
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added by Twitter clients like the “RT” text for a retweet. Hashtags are used on Twitter to 

categorize tweets or make asides; they are discussed by the researcher as strings 

beginning with a pound sign (#) character and without spaces in order to differentiate 

them from surrounding text (e.g., #phdchat and #edchat)  

Secondly, the people or programs that drafted the tweets are referred to as users. 

The term participant is not appropriate for reasons that are explained in the Participants 

section of this chapter and is not used. Since users may be individuals, institutions, or 

programs with tweeting capabilities, user is a catch-all term which may not refer to a 

single human being. The name under which an entity publishes its tweets is a username 

or account.  For the sake of clarity, the researcher will refer to the users who included the 

hashtag #phdchat in their tweets during the period of data collection as the #phdchat 

community. The term “community” and the classification of this group of users as such 

will be discussed in other chapters. 

RESEARCH QUESTIONS 
This study endeavors to answer the following questions: 

1. What are the structure and characteristics of the community that has formed 

around the hashtag #phdchat on Twitter? 

2. What can we observe about communities that form around hashtags through 

social network analysis based on the characteristics of the #phdchat community? 

3. What similarities and differences can we observe between emergent online 

communities and knowledge building communities? 
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4. What similarities and differences can we observe between emergent online 

communities and CoPs? 

5. What can we observe about learning and education in the context of emergent 

online communities? 

DATA COLLECTION 
 All of the public tweets that contained the text string “#phdchat” were collected 

for a specified time period. No tweets were removed from the data pool for any reason. 

The raw text of the tweets was collected through the third party web service Tweet 

Archivist (http://www.tweetarchivist.com). Tweet Archivist uses the Twitter application 

programming interface (API) to retrieve tweets that fit defined parameters and save them 

in a text archive.  

The date range of January 21, 2013 to February 28, 2013 was selected as the 

range for data collection. This time period was chosen because it fell within the scope of 

a traditional university semester, but did not coincide with the beginning of, the end of, or 

a break in classes. The researcher estimated that tweets during a break in higher 

education classes or at the lead into courses may result in usually high or low levels of 

community participation. The duration of about one month was selected because a 

preliminary sample of data revealed that one month of collection would provide a large 

but manageable amount of tweets for analysis. At the end of the data collection period, 

the archive was downloaded and analyzed.  
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PARTICIPANTS 
 Since the sole criterion for data collection in this study was limited to public 

tweets, participants were not selected. Rather, the public discourse of certain Twitter 

users was collected for analysis using the Twitter API. The API is available to all 

developers that register with Twitter and use of the search algorithm provided for the 

development of Twitter applications is available to the public through the search box on 

the service’s website. As such, the tweets collected as data in this study would have been 

available publically through Twitter or any other application that utilizes the Twitter API.  

This means that the study design did not include any guidelines for the selection of 

participants. Moreover, the study was designed to reduce any potential risks to users by 

obscuring Twitter account information and removing possible identifiers from the data, 

only using tweets that were posted publically by users, and obscuring URLs that may 

have given information that revealed the identity of users. Tweets were also modified if 

they were specific enough to be identified easily using a search engine.  

 The researcher sought and obtained waiver for the study as a non-human subjects 

research study from her internal review board under the assumption that the users whose 

tweets were collected should not be considered participants in the study as it posed no 

risk to them in addition to the risk they assumed upon agreeing to Twitter’s terms of 

service and choosing to publish their tweets publically. Users were not contacted by the 

researcher and were not provided with a consent form for the study. The researcher did 

not collect any additional data on the users whose tweets were collected because 

identifying information was removed prior to analysis.  
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DATA ANALYSIS 
 All of the tweets were downloaded from the archive in plain text, comma 

delimited format for analysis. Using Microsoft Excel, each username was stripped from 

the text and replaced with a randomly assigned identifier. An Identifier consists of the 

word “USER” and a four digit number. Then, URLs were stripped from the tweets in 

order to further protect the identity of the users.  

 After the data were cleared of all identifying information, Microsoft Excel was 

used to calculate the following: 

• Hashtag frequency 

• Languages used 

• Tweet source 

• URLs shared  

• Number of users mentioned 

• Number of users who tweeted  

• Number of users who participated in similar groups 

The tweet dates and timestamps were separated into a different worksheet for 

more coding. Each date was matched with its corresponding day of the week. Then, a 

histogram chart was created to determine the frequency of tweets during each hour and 

day.   

The researcher declined to use some of the information that was provided by the 

Twitter API in this study. When a user uses a device with GPS services like a smartphone 

to publish a tweet, the longitude and latitude of the device is captured by Twitter. This 
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information was included in the data received by the researcher by the tweet archiving 

service, but was removed from the dataset immediately. 

WORD FREQUENCY ANALYSIS 
Word frequency analysis was performed on the dataset after the initial calculation 

of network statistics. The text of each tweet was copied into a text file; #phdchat and 

usernames were removed from each entry. Then, a freely available Excel macro was used 

to break each tweet string into individual words. Then the words were copied in order to 

run the duplicate removal tool which generated a list of all of the words found in the 

dataset. Once the list of unique words was compiled, prepositions, pronouns, possessive 

pronouns, symbols like | and @, all forms of the verb “be”, the top 20 hashtags from the 

dataset, transitive verbs, “RT”, “MT”, and conjunctions were removed and a count 

function was used to count the number of instance of each of the words in the space 

delimited list of all words. A list of words with a corresponding count of the number of 

times they appeared in the tweets remained. The raw text file containing the tweets was 

also used to generate a word cloud using a free online generator.  

SOCIAL NETWORK ANALYSIS 
The Excel-based Node XL was used to create network visualizations in order to 

enhance the researcher’s understanding of the connections and groups within #phdchat. 

Four images were created: 

1. Figure 5: A graph of users and mentions plotted using the Harel-Koren Fast 

Multiscale layout algorithm. The users were grouped by cluster using the Clauset-
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Newman-Moore cluster algorithm. Then, the graph was laid out with groups in 

grid, with major connections combined visually. 

2. Figure 6: A graph of users and mentions plotted using the Harel-Koren Fast 

Multiscale layout algorithm. The users were grouped by cluster using the Clauset-

Newman-Moore cluster algorithm. Connections between groups were not 

combined or laid out in a grid. 

3. Table 7: A graph of users and mentions with only users that appeared more than 

once in the dataset. As before the users were broken into groups using grouped by 

cluster using the Clauset-Newman-Moore cluster algorithm and laid out with the 

Harel-Koren Fast Multiscale layout algorithm. 

4. Table 8: A graph of users who interacted during the January 30th #phdchat 

discussion. Users who did not @reply or mention other were removed and the 

others were laid out in a circle.  

The default NodeXL graph options (with the exception of group grid layouts) settings 

were used in each case.  
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Results 

NETWORK STATISTICS 

12723 public tweets that contained #phdchat were collected between January 21, 

2013 and February 28, 2013. These tweets were drafted by 3299 users who mentioned 

1791 other users. Between those who tweeted or were mentioned in a tweet, 4102 users 

total directly or indirectly participated in the phdchat community. Those users who 

participated by tweeting using the hashtag ranged from frequently contributing 

community members to those who only used the tag once. The top 100 users created 

48.01% of all tweets in the dataset. 2106 users only contributed one tweet during the 

study’s date range.    
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Top 20 Most Prolific 
Users 

Total Tweets Percentage of Total 
Tweets 

USER4052 431 3.39% 
USER2749 386 3.03% 
USER3895 331 2.60% 
USER4643 256 2.01% 
USER2206 165 1.30% 
USER1287 155 1.22% 
USER4876 149 1.17% 
USER2092 148 1.16% 
USER2898 122 0.96% 
USER1872 111 0.87% 
USER4290 111 0.87% 
USER1221 106 0.83% 
USER2309 103 0.81% 
USER4196 98 0.77% 
USER4733 94 1.84% 
USER1369 88 1.72% 
USER2368 87 0.68% 
USER1173 79 0.62% 
USER4458 79 0.62% 
USER4331 75 0.59% 

Table 1: Top 20 most prolific users. 

The content of the tweets was analyzed through keyword analysis, but the initial 

statistics calculated on the dataset also revealed some information about the nature of the 

communication between community members. There were 74 and 3944 MTs and RTs, 

respectively, which accounted for 31.58% of all tweets.  

In addition to resharing and echoing content in the form of RTs, users often 

shared URLs with their own networks and #phdchat through Twitter. 2352 unique URLs 

were shared in 5105 of the tweets collected. It is necessary to note that although the 

number of unique URLs was calculated, the tendency of Twitter users to employ URL 
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shorteners in order to conserve characters for length-limited tweets could mean that 

multiple URLs could be used to direct readers to the same location. Nonetheless, 40.12% 

of the tweets in the dataset contained a URL.  

Language 

The Twitter API returns the default language of the user with the metadata of each 

tweet. Though 98.99% of the tweets in the dataset were drafted by users in English, 129 

tweets were returned with alternate default languages. The languages were: 

• Polish 

• Danish 

• Indonesian 

• French 

• German 

• Spanish 

• Portuguese 

• Arabic 

• Vietnamese 

• Lithuanian 

• Japanese 

• Italian 

• Swedish 

Since the origin of the hashtag is English and the original group of users is from 

the UK, it is consistent with common sense that a majority of the tweets were in that 

language. The small contingent of non-English speaking users chose not to use their 

native language when communicating with the phdchat community. Of the tweets that 
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were sent by users with a default language other than English, 95 are drafted as 

communication in English text.  

Source 

The operating system, client, or program used by the user to publish each tweet is 

returned by the Twitter API as the source. The source for a majority of the #phdchat 

tweets was simply “web”. These tweets were submitted through the Twitter website and 

accounted for 37.48% of all entries. Twitter for iPhone was the next most popular 

platform with 12.95% of tweets posted from the smartphone app. The first party 

application TweetDeck was third most popular, contributing 11.25% of the traffic.  

 
Source Total 

Tweets 
Percentage of  
Total Tweets 

Web 4768 37.48% 
iPhone 1648 12.95% 
TweetDeck 1431 11.25% 
iPad 726 5.71% 
HootSuite 653 5.13% 
Android 583 4.58% 
Tweetbot iOS 395 3.10% 
Tweet Button 287 2.26% 
Buffer 252 1.98% 
BlackBerry 227 1.78% 

Table 2: The top 10 sources of #phdchat tweets. 

HootSuite and Buffer are available on desktop and mobile platforms, and Twitter 

does differentiate devices when returning them as the source of a tweet. However, 5 of 

the top 10 sources were exclusively mobile and made up the sources of 28.13% of all 

tweets.  
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Hashtags 

In the 12723 tweets collected, the hashtag #phdchat appears 12745 times; 

obviously, the tag is used more than once in some tweets. A reading of the tweets in 

question revealed that a common reason for the repetition of the tag in a single tweet was 

because of a tendency for users to refer to the community by using the hashtag:  

Testimony from other #phdchat #phdforum #dissertation folks can be illuminating 
#phdchat – {URL} 

@USER4050 - - usually a good amount of responses on #phdchat - send me your 
questions and we'll see if anyone on #phdchat can help. :) 

Though all of the tweets in the dataset contain the hashtag #phdchat, 1754 other 

tags were present in the text. Hashtags other than #phdchat were used a total of 14333 

times. Of the total number of tags used in all tweets, 47.07% were #phdchat, but next top 

20 tags accounted for 58.56% of non-#phdchat instances and 30.48% of all hashtag uses.  
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Hashtag Total Instances Percentage of Total Non-

phdchat Instances  
phdforum 1635 11.41% 
phd 975 6.80% 
highered 823 5.74% 
ecrchat 792 5.53% 
socphd 716 5.00% 
acwri 663 4.63% 
phdadvice 514 3.59% 
dissertation 337 2.35% 
academia 326 2.27% 
research 274 1.91% 
gradchat 215 1.50% 
gradhacker 213 1.49% 
socchat 166 1.16% 
thesis 155 1.08% 
writing 126 0.88% 
edchat 119 0.83% 
lovehe 118 0.82% 
gradschool 86 0.60% 
ecr 71 0.50% 
education 70 0.49% 

Table 3: Top 20 hashtags other than #phdchat. 

  There are two kinds of terms found in the 20 most frequently used hashtags after 

#phdchat. The first are tags that are associated with discussion groups or loose 

associations similar to #phdchat. #phdforum refers to a Twitter and Facebook group of 

the same name that connects those in higher education. @phdforum is also a Twitter feed 

with a several sister feeds, including @socphd. The tags #socphd and #socchat are 

associated with this community and focus on social research. #ercchat is a community 

very similar to #phdchat in that it holds chats for users weekly, but is more focused on the 

issues of early career researchers. The #acwri community holds bi-weekly chats and is 
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specifically geared at those interested in academic writing. Gradhacker is a blog and user 

that posts resources for graduate students that is invoked using a hashtag as well as 

mentions. #phdadvice is a looser organization without a regular forum or its own 

webpage that is used by researchers seeking the advice of their colleagues. #lovehe (or 

“love higher education”) is less a community or tag than a campaign, started by Times 

Higher Education in March of 2010 to highlight the positive aspects of higher education; 

it also has a Facebook group (“Welcome to the #loveHE campaign page!”, 2010). 

 A closer look at use of the five tags (#PhDforum, #socphd, #socchat, #ECRchat, 

and #acwri) related to other communities revealed that 797 of the participating users used 

them in addition to #phdchat in at least one tweet. While only 13 users used all five tags, 

there was significant overlap between users who used certain combinations of tags. For 

instance, 34 of 41 users who included #socchat in a tweet also tweeted using #socphd at 

some point. Almost half of all users that used #acwri also used #ecrchat as well.  
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Figure 1: A diagram representing the proportionate use of support group tags among 
users. 

 The second kind of tag found in this list is a less formal declaration of topic. For 

instance, it stands to reason that doctoral students would be tweeting about their 

dissertations and theses. These common words were transformed into annotations by 

users, as is common in folksonomies (Mathes, 2004). For instance, tweets that contained 

#phd often referenced the degree itself in the text of the string rather than as a tag at the 

end: 

Can anyone recommend some useful statistics books for #PhD educational 
research? Any advice would be really appreciated :) #phdchat  
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Similarly, users also placed a pound sign character in front of dissertation in order to 

highlight it as the focus of their tweet: 

Good meeting. My advisor read my full #dissertation draft. I have my orders. 
Now to finish ANOTHER draft. #phdchat 

It's 9:00 Do you know where your #dissertation is?  Find it and move it forward 
today. #socphd #phdchat #phdforum 

 Less frequently used hastags in the list of 1754 show signs of the playful asides 

that many Twitter users engage in order to add meaning to their character-limited entries. 

The tags #longlivethepjs, #nervous, #worklifebalance, #postdocalypse, 

#overlyhonestmethods, #phdprobs, #revolting, and #notproductive were all present in two 

or less tweets.   

Time Stamps 

The analysis of tweet timestamps revealed that tweets were published at a steady 

rate around the clock, but would slowly rise during traditional work hours (9:00 AM to 

5:00 PM GMT) on week days. Saturday and Sunday yielded lower total tweet counts 

overall with less of an upward trend during work hours. Wednesdays drew the most 

numbers of tweets with 3409 in the dataset. Thursday and Tuesday were the next most 

active days, with a total of 1989 and 1836 tweets, respectively.  
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Figure 2:  Total tweets per day in four six-hour ranges. 

 A comparison of the frequency of timestamps regardless of day reveals that there 

was a jump in entries during the #phdchat discussions during the hours of 8:00 and 9:00 

PM GMT, as expected. It also reveals that tweets in the late evening were actually more 

prevalent than those early in the morning; there were more tweets published at 2:00 AM 

than at 8:00 AM on any given day.  
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Figure 3:  The number of tweets per hour visualized. 

Since it is likely that many of the users that are tweeting from 7:30 to 8:30 PM 

GMT on any Wednesday are likely to be participating in the group discussion, the 

researcher felt it was important to isolate this information. An average of 178 tweets were 

published during each Wednesday session for the duration of the study by an average of 

37 users.  

 
Session Date Number of 

Tweets 
Number of 

Users 
1/23/2013 165 33 
1/30/2013 250 41 
2/6/2013 198 36 
2/13/2013 129 35 
2/20/2013 177 32 
2/27/2013 149 45 

 Table 4:  Tweets and participating users during each Wednesday night session.   
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WORD FREQUENCY ANALYSIS 

Word frequency analysis of the text of the tweets revealed that they contained 

more than 14000 unique words. Immediately, it was clear that the hashtags most 

frequently used after #phdchat were also amongst the most frequently used words by 

users. Just as with #phdchat, some appeared outside of the context of tagging as direct 

objects, and their frequency counts exceeded the number of times they were denoted as 

hashtags. The terms “phd” and “dissertation” were present in the text numerous times 

without being demarcated with the # symbol in messages such as: 
What is the best age for PhD studies? #phdchat 
 
You know you're pursuing the right topic for your dissertation when you actually 
get excited to talk about it with subjects! #phdchat 
 

Casual conversation surrounding the process of pursuing a PhD and writing a dissertation 

was a common topic of discussion. Since thesis is the common term for the major 

research document submitted as part of the requirements of a doctoral degree in the 

United Kingdom, it also showed up among the most common words in the data collected. 

Words related to research practices such as “writing”, “data”, “reading”, and the word 

“research” itself were also numerous. “Methods”, “analysis”, and “article”, and “science” 

were occurred less, but each still appeared in the text hundreds of times.    
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Word Total 

Instances 
PHD 2178 
RESEARCH 997 
WRITING 902 
HIGHERED 827 
ECRCHAT 792 
SOCPHD 716 
GOOD 679 
ACWRI 669 
NEW 644 
ACADEMIC 632 
TODAY 586 
DISSERTATION 578 
THESIS 569 
POST 568 
VIA 537 
PHDADVICE 514 
TIME 504 
WORK 472 
ACADEMIA 419 
GREAT 411 
THINK 397 
BLOG 352 
READ 345 
DATA 333 
STUDENTS 329 
WRITE 322 
READING 313 
ADVICE 303 
CONFERENCE 299 
THANKS 299 

Table 5:  A selection of frequently used common words from #phdchat tweets. 

Meta terms such as “tweet”, “Twitter”, “post”, and “blog” were common as the 

lexicon of the medium. As prevalence increased, the language became more casual and 

geared toward emotions and physical states; “positive”, “stress”, “busy”, and “excited” 

all garnered a few dozen occurrences.  Overall, most of the unique terms in the dataset 
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were used infrequently with only about one tenth of words present more than a dozen 

times.  

 

Figure 4:  A word cloud generated by the text of the tweets containing #phdchat. 

SOCIAL NETWORK ANALYSIS 
Since the #phdchat network contained 11184 user mentions in 7798 tweets, 

further examination of the relationships amount these users was needed in order to  

understand the relationship between replying and mentioned users. As seen in Figure 5, 

social network analysis revealed several major groups of users, tightly clustered together 

through replies and mentions, and several smaller isolated or loosely connected groups. A 

majority of the top 100 most prolific users appear in the largest and most centrally 

connected group. There are about a dozen large clusters of users and many smaller, less 

densely connected ones. Most groups have significant ties back to the largest cluster; in 

fact, the dense group of users is the only one tied to the smaller groups of two to three 



 40 

users.

 

 

Figure 5: A visualization of all mentions in #phdchat with users grouped into clusters. 
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Figure 6:  All users who mentioned or were mentioned in one section. 

As is clear in the ungrouped network map in Figure 6, some users fell outside of 

the purview of the core group of users, with no connections to the larger, more densely 

connected community. When users who contributed or were mentioned in only one tweet 

are removed in Figure 7, it is clear that the peripheral nodes all but disappear, leaving a 

more tightly associated group of active individuals.  
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Figure 7: A network visualization of all mentioning and mentioned users with more 
than one interaction.  

 Figure 8 illustrates the interactions between users that occurred during the January 

30th Wednesday night chat. Since the number of participants that sent messages to one 

another was even smaller than the already small group of users who participated, the 

chart is fairly simple. Many of the users share multiple connections; only two of the 

individuals pictured are not connected to the wider discussion group. 
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Figure 8: Interactions between users during a Wednesday night #phdchat topic 
discussion.  
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Discussion 

 The excess of information that the 12723 collected tweets disclosed about 

#phdchat and its users was helpful in creating an image of this collective, but also created 

a crisis of interpretation. Discussion about networks such as this one can become lost in 

infinite details and connections. After all, for every honest interaction between two users 

there is a perfunctory RT of an interesting link. In order to avoid extrapolating facts into 

vaporous conjecture, the researcher sought to let the tweets tell the story.  

THE CHARACTERISTICS OF #PHDCHAT 
The activity collected for this study reveals a significant amount of information 

about #phdchat as a community, even though it is limited to anonymized data from 

Twitter. For instance, the users tweeting patterns indicate that they most likely work in 

jobs with normal office hours from about 9:00 AM to 5:00 PM GMT; many of them also 

keep late hours with tweets tapering off into the early morning hours. This assumes that 

many of the users operate in or close to Greenwich Mean Time, and therefore are located 

in Western Europe and Africa. However, the significant use of the term dissertation 

suggests that there are also a large number of North American users. The nature of the 

subject matter and word analysis confirms that most of the users are graduate students or 

otherwise employed as academics; this was clear to the researcher before starting the 

study, but it is also clear in the data. It can also be concluded that the individuals involved 

in the group have access to the Internet from work and also likely at home. At least one 
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quarter of them also own a mobile device that can be used to publish tweets and thus are 

connected to their network virtually around the clock.  

The words that were determined to be the most common in the dataset were not 

surprising to the researcher because they largely summarized her impressions from a 

close reading of selections of the tweets. Every aspect of the trials, joys, and monotony of 

pursuing a higher education seemed to be addressed in the microblogs of the users. 

Writing, in general, was a popular topic for microblogs ranging from frustration about a 

lack of progress to celebration of passing milestones:  

 I have written 8 words over the past two hours. EIGHT. W.T.F. #epicfail 
#phdchat #thesis 
 
There is post diss joy: returning to the pleasure of the text = reading at a leisurely 
pace #phdchat 
 

Teaching was also a topic that received attention in messages sharing information, 

comparing experiences, and asking for advice: 

What to expect from your first teaching assessments: popular article  {URL} 
#cdnpse #PhDchat 
 
Blog post about an administrator going back to teaching and what he learned. 
#counseleaders #highered #phdchat  {URL} 
 
I need to put together a teaching philosophy and teaching pack. Any suggestions 
on resources or SAMPLES? #PhDChat #PostDoc #PhDForum 

 
As much as the word frequency analysis underscores the prevalent topics of discussion 

among members of the community, it does not capture the tone of communication. In 

addition to the numerous tweets sharing and RTing resources, many of the messages were 

geared at providing advice to the network in the form of direct communication. Inquiries 
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from individuals were frequently answered with numerous responses. The formal 

discussions on Wednesday also tended to spur more rapid and detailed exchanges. For 

instance, during the January 30th discussion about the reading, writing, and structure of 

the literature review, members commented: 

doing lit review 1st draft now. Had to break with my usual planning/writing style 
because couldn't manage all the info in one go #phdchat 
 
Plan a loose structure, write all you can, send it to advisor for changes. Dont 
worry. It will change lots. #phdchat 
 
Taking notes from reading/thinking into a chapter was hard. Multiple sub 
headings structure helped. #phdchat #phd  
 
@USER3895 RT: Agreed on multiple sub headings. I highlight phrases as I write 
to line things up constanlty #phdchat  
 
On advice I did structured lit reviews. Worked well & helped keep it focused 
because the topic was very broad #phdchat  
 

 
 Since #phdchat is a community whose members have created ties, some users sent 

messages like this check-in: 

I'm back! #phdchat For the first time since finishing my PhD I woke up and 
wrote. Recharged with ideas. That took several months 

 
and from the same user immediately afterwards: 
 

#phdchat the PhD was trying, esp in the last few years, great to have my passion 
back. 
 

Sometimes, #phdchat members could count on the feed for a little bit of inspiration 

directly targeted to their demographic: 

What are you writing today? Just a tweet or something bigger? #writing 
#procrastination #highered #phdchat #phdstudent #statistics #resume 
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It is also important to note that though it is clear that most if not all of the users were 

involved in some way in academia, the disciplines from which they hailed were 

numerous. The list of word analysis contained references to work in science, literature, 

engineering, and the social sciences.  

The #phdchat users identified in this study is widely distributed—a majority of 

users only tweeted once in the span of about a month. The content, however, was created 

by a core group. Even though about half of the tweets came from the top 100 users, one 

fifth of them were published by the top 10 individuals. Not surprisingly, all but one of 

these core users also participated in the Wednesday night topic discussions. So who is a 

part of this community? Of the 2106 users who only contributed one tweet in the time 

#phdchat was being monitored for the study, some may be frequent contributors who 

were going through a period of low participation while others may have simply RTed the 

hashtag with from their own network. Obviously, volume does not tell the entire story of 

the role of an individual in a community. This is from a Wednesday night discussion 

about conferences: 

Conferences can also give confidence presenting work to audiences. Great for the 
job market! #phdchat  

 
This was the only tweet in the dataset from this user, but he or she is aware of the 

discussion and following it closely enough to make a contribution. This suggests the 

likely possibility that there are lurkers that follow the goings-on of the hashtag even when 

they are not participating (Nonnecke & Preece, 2000). 
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 The formal #phdchat discussions themselves allow users to connect 

synchronously, which is not always how interaction is structured on SNS.  Despite 

Twitter’s reputation for up-to-the-second updates, users don’t have to communicate in 

real time and @ replies and direct messages will queue until a user checks her account. 

The visualization of the mentions and direct replies between members of the largest 

discussion on January 30th demonstrated in Figure 8 shows the interplay between 

individuals during a discussion. Though there may be some users who only watch and 

occasionally interject, there is also highly engaged network of individuals taking part in 

discourse. Interestingly, though the same user takes on the task of soliciting a topic from 

someone, starting, and breaking up the meeting each week, this user does not receive a 

disproportionate amount of interactions when compared to others.  

Since all identifying information was removed from the dataset before analysis, 

the researcher must make a few assumptions about the users that belong to the largest, 

most prolific cluster of members. The number of times these people are referenced by 

others means that they are likely content generators who contribute information to the 

network that is echoed in the form of RTs. This means that a number of the tweets in the 

dataset do not represent unique interactions between individuals. Echoing content is an 

important part of how Twitter spreads information among networks since timelines can 

move quickly and tweets can go unnoticed. Something is more likely to reach more 

people each time it is RTed. The RT is also a mechanism through which the network can 

curate information; an (unqualified) RT is like an endorsement of the link or information 

contained within the message. Though a frequently shared RT is often a piece of content, 
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it can also be a show of solidarity among groups members: a request to take a survey for 

a user’s research was RTed 24 times by #phdchat.  

The top hashtags used in the dataset and their frequencies speak to deep 

connections between #phdchat and similar groups. Does membership in one support 

community make one more likely to belong to multiple of such groups? The five tags 

#phdforum, #socphd, #socchat, #ecrchat, and #acwri all represent associations similar to 

#phdchat in practice so finding these terms appended to the tweets in such a large 

frequency within the data is logical. Members may have included them in tweets with 

#phdchat because they offer discourse about complementary topics. It is also not 

surprising that the two closely related tags #socphd and #socchat enjoyed a large overlap 

in users. Information about the membership and levels of interaction of those who do and 

do not choose to patronize other communities is limited, however, because of the limited 

scope of the data collected for this study. Personal motivation as well as pragmatic 

choices about tapping into the network may both have something to do with how 

individuals use hastags. The messages suggest upon close reading that the dozen or so 

users that used all of these 5 hashtags seemed to be content creators seeking an audience. 

There are a number of tweets that suggest that the occurrence of these community tags in 

conjunction with #phdchat is more of a marketing decision on the part of a user than an 

attempt to directly communicate across networks.  

Doing your thesis amendments without losing heart (or your mind) {URL} 
#gradchat #phdchat #phdadvice 

top 20 tips to keep motivated with writing http://t.co/EWRleIKY #phdchat 
#phdadvice #socphd #ecrchat #acwri #dissertation #phdforum 
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More #industry support needed for #IT #graduates {URL} #ICT #ICTed #ictev 
#HigherEd #education #university #phdchat 

The tweets above are headlines with hashtags added in order to cross-pollinate the 

corresponding URLs across several networks. While the content linked in the URL may 

contain information that adds to and continues the discussion about a topic in the post’s 

comments or in person, this researcher found no indication that these kinds of tweets 

foster any meaningful interaction in the #phdchat community. The microblogs used as 

examples here illustrate the lack of feedback that generic link sharing receives from 

individual users: 

1. The post titled “Doing your thesis amendments without losing heart (or your 

mind)” was announced 5 times by the same user over the span of 2 days and RT’d 

27 times.  

2. The “top 20 tips to keep motivated with writing” tweet garnered 12 RTs but no 

comments or even modifications.   

3. The last tweet about IT graduates was less successful with reposting. 2 tweets 

with the same content engendered no replies or RTs. 

 #GradHacker was unique in the group of top tags because it is not a community per say, 

but a blog dedicated to tips for graduate students. Microblogs with this tag follow the 

common Twitter marketing conventions of content aggregation and distribution; 

#GradHacker never appeared in the text of a tweet without being accompanied by a URL, 

indicating that the tweet was promoting a post on the blog.  
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 The discussion that the groups hold each Wednesday differentiates it from other, 

more loosely associated networks because it brings a core group of users into a discussion 

each week. Though it is not certain that all of the users tweeting during the time of the 

Wednesday discussion were active participants, averages of the tweets during each 

session show they drew around 30 people who contributed an average of 4 tweets each.  

THE HASHTAG AS A COMMUNITY 
The researcher has been referring to the network of users who added the hashtag 

#phdchat to their tweets as a community—does the designation apply to the group of 

individuals described above? The act of using a hashtag does not create a community out 

of otherwise unrelated people. For example, a group of people who choose to microblog 

about the events the Olympic opening ceremonies with a tag may form a loose 

association as they read comments, respond, and remix the additions of others, but is this 

group of people is not a community. Though the concept of community is hard to define 

in the context of digital communication, more traditional definitions that require a 

gathering of people within a social structure and a sense of belonging to that social 

structure have been applied to online learning communities (McInnerney & Roberts, 

2004). It is unlikely that the people tweeting in the hypothetical situation described 

above, though they are gathering within the social structure of Twitter, feel a sense of 

belonging because they contributed to #OlympicsOpeningCeremonies. 

Similarly, the users who invoke #phdchat gather on Twitter and self-organize by 

adding a tag to their messages. The level of organization among these individuals goes 
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even further than it might among other groups with common hashtags; #phdchat hosts a 

synchronous discussion each week that is facilitated by a user.  

Though it is impossible to determine how many members feel a sense of 

belonging with this social structure, there are tweets that suggest that some individuals 

value the gathering and identify it as a community:  

#PhDchat is gret. Great to be connected with a community of academics who 
share ideas and encourage others! 
 
This is such a wonderfully generous community, hope you all have a productive 
& happy Friday #phdforum #socphd #phdchat #acwri #ecrchat 

 
Though the association of SNS members through a simple tag might not be a traditional 

example, the behavior of the members themselves implies that, in all important senses of 

the word, the group is indeed a community. 

It is not clear from the information available in this study how many users sustain 

their participation in this network over a significant amount of time, such as a semester or 

even for the duration of their studies. Under the definition of community above, there is 

no implied requirement that the people who gather under its auspices make an ongoing 

commitment to doing so. All communities experience some amount of turnover, but it is 

possible that #phdchat could share no common members day after day. Twitter is both 

simultaneously synchronous and asynchronous communication; members may read 

messages from others immediately and respond as if they were in the same room or 

review a digest days later. Not only do the members who are communicating at any one 

time fluctuate rapidly, but the users who may be interacting more infrequently may 

respond or simply passively observe long after an individual has drafted his or her first 
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and only tweet to contain #phdchat. In this constantly shifting environment, it is 

imprecise to say that the community is made up of individuals exactly, because the 

construct in which they are gathering is made up of instances of connection assembled 

through a simple classification, the hashtag. Since this social structure is made of ad hoc 

connections and information rather than of established norms and institutional 

procedures, membership is granted to any who choose to tap into the stream by supplying 

expression or consuming it. This allows the shape of the group to emerge and change 

quickly in response to the tone of the conversation. Twitter, as a medium that emphasizes 

brief exchanges and constantly flows forward, is not a place where groups can have long 

memories.  

#phdchat cannot be defined as an entirely emergent community since it was 

developed as a formal discussion between students on Twitter, but it has also moved 

beyond its beginnings. Since being created by a few doctoral students, the hashtag has 

been used by a large number of Twitter users, most of which have likely never 

participated in the scheduled discussions that the tag originally facilitated. Instead of 

moderated discourse over a fast-moving SNS, the tag and the community around it have 

branched out, informing the dialogues taking place in similar groups and being used to 

share content among individuals with similar interests and goals.  

#PHDCHAT AS A VIRTUAL COMMUNITY OF PRACTICE 
Since academic practice was one of the primary topics tweeted about in the messages 

collected for this study, it is tempting to declare #phdchat a CoP, but does it provide the 

support to users necessary to take on this description? After all, the ties between members 
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are weaker than what one might find even in a vCoP; the only “shared object” that the 

users can reliably access is the tag itself since Twitter does not allow for the creation of 

formal groups. Furthermore, #phdchat is not facilitated by a central institution or 

professional body like many vCoPs; the users in this community add themselves to and 

remove themselves from it fluidly just by clicking on a hashtag or typing text into a 

search box. The people who are following this stream of information also most likely 

already exist within traditional CoPs within the institutions in which they work and 

engage with tenured professors, experienced program chairs, and other students.  

Then again, the #phdchat is nothing if not a group of practitioners who share 

knowledge about their practice. The microblogs suggest that there are academics in many 

stages of their career in the community—from new students: 

So yesterday I accepted my offer to do my PhD at @USER4640. Excited! 
#phdchat #academia 
 

to those who are finishing their dissertation and seeking employment: 
Less tweets while preparing for my interview. Everything else got negliected this 
week. #phdchat 
 
Final manuscript submitted to the printing co! Countdown to #phd defense! 
#PhDchat 
 

those who have been are currently employed: 
@USER1872 My institution has no tenure for faculty. I do what do because I 
want to not have to.  #phdchat 
 
...my committee was concerned with 'fit,' which is why I got hired over many 
others...  #phdchat 
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This diversity of experience allows members to speak with others who have had similar 

experiences and recommend best practices. There is also an opportunity to provide 

support in the form of encouragement and reassurance as is seen in the interaction below: 

Has anyone else got to end of #diss and saw what could be major gaps and 
panicked and felt compelled to read more? #phdchat 
 
@USER3885 yup - I was incorporating new stuff up until a couple of days before 
final print #phdchat  
 

The activities that members are engaging in—reading about the practices of others; 

asking questions when they arise; and gaining knowledge about their field in a low risk 

environment;—are all examples of legitimate peripheral participation (Lave & Wenger, 

1991). The informality with which users are approaching these tasks does not preclude 

them from gaining valuable knowledge and skills from the network. The high frequency 

and widespread use of hashtag from other related communities within the practice of 

academia also suggests that these individuals tailor their participation to certain audiences 

in order to tap the most fruitful resources for their queries. 

The #phdchat network also demonstrated a number of loose connections as seen 

in the social network analysis in Figure 6.  This visualization illustrates the sprawling 

weak ties often associated with vCoP that facilitate more openness to new information.  

Its members are certainly “enact[ing] practices to accomplish personal and collective 

goals” (Blanton et al., 2009) as evidenced by their participation in discussions and posts 

about writing breakthroughs. The number of users that were participating in these kinds 

of posts is not clear from the study. An analysis of the network revealed that the members 

who took part in multiple interactions with others in the community were tightly grouped; 



 56 

even more telling is the distribution of tweets over all users—only a little more than one 

third of users tweeted more than once over the timespan studied. It seems obvious that 

not all of the users who contributed to the dataset belong to the CoP #phdchat; defining 

who exactly does belong, however, becomes as tricky as identifying them as members of 

the community itself. As an online emergent community, #phdchat is not made up of 

people, per say, but rather of the contributions to the ideas of the community. The 

practice at the center of the #phdchat community, being a doctoral student, is also less 

than some traditional examples of a CoPs. A student seeking a degree is expected to 

move on within a few years rather than cultivate a career as a trusted expert. Then again, 

nothing about the structure of #phdchat precludes users staying connected as they find 

work as educators, researchers, and other professionals. In fact, the decentralized nature 

of the network allows it to shift discourse to more suitable topics as its membership 

changes. Who among the participating users was engaging in practice in academia is not 

immediately clear based on his or her contributions; furthermore, the CoP could contain 

many silent members who did not tweet during the duration of this research.  

Similarly, it is not possible to determine the motivation of the members of the 

community with the data collected for this study. They may have been actively seeking a 

CoP or they might not be aware of what one is, but they sought the wisdom of the 

network simply by taking the time to read the feed. Whatever the reason that users 

decided to include #phdchat on their messages, many of them contributed to a vibrant 

vCoP.  
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#PHDCHAT AS A KNOWLEDGE BUILDING COMMUNITY 
So #phdchat manifests many characteristics of a vCoP, but is it a knowledge building 

community? The process of knowledge creation is often a part of the activities that CoPs 

undertake. As Bereiter and Scardamalia point out “the student’s job (if you call it that) is 

learning” (Bereiter & Scardamalia, 2010, p. 8). These networks focus not just on the 

transfer of knowledge, but the transformation of it. Within a knowledge building 

community, knowledge should be the emergent product of the discourse of its members. 

The focus of members should be on the advancement of knowledge within the 

community and of the group itself. Like any other means of communication, the 

combination of SNS and self-organizing systems has its own norms and limitations. Deep 

critical thought has not been cited as a strength of the swift, often pithy mode of 

socializing through SNS.  Can one synthesize and create knowledge in 140 character 

bursts?   

 Studies by Scardamalia and Beireiter on knowledge building communities involve 

the use of central knowledge repositories that allow students to discuss and evolve the 

knowledge contained within them (Scardamalia & Bereiter, 2010). The hashtag and 

Twitter are collaborative tools because they enable quick communication; the RT and MT 

also allow users to riff on each other’s ideas. Remixing creates momentum in exchanges 

and often creates a pace of conversation that is much more rapid than other kinds of 

communication. Grouping and creating tweets around variations on a theme for comedic 

or crowdsourcing purposes are an integral part of the culture of Twitter. However, the 

ephemeral nature of the interactions and the limitations of the character count do not 



 58 

facilitate long-form problem solving in the way that a database or wiki might. Even the 

discussions that take place on Wednesday night clip along at a quick pace and bounce 

from topic to topic within the theme of the night because of the sometimes difficult task 

of threading conversations together between people on Twitter.  

 #phdchat certainly has one piece of the knowledge building puzzle. The ideas ripe 

for discussion in and around the practice of academia are bountiful. Twitter is a both a 

source of ideas and a medium through with users can work with concepts and disseminate 

them. Once a big idea is brought to the table, though, the loose nature of the network 

means that the dialogue that may become knowledge building is limited to whoever 

happens to be paying attention. For example, when a member brings a question such as: 

PhD students: Have you, or will you make your data openly available? #opendata 
#phdchat 
 

One or two members respond with comments, but the conversation never moves forward. 

Spontaneous conversations may occur, but the researcher was not able to find any 

evidence that this was the case for #phdchat within the interactions collected for this 

study.  

The Wednesday night discussions may be the community’s best hope of 

sustaining discourse long enough for knowledge building to take place. Their focus on a 

topic,  their moderated nature, and synchronous format allow for more extended thought 

on a subject. In this example of a volley of tweets from the February 13th discussion, 

users discuss the topic of data and data collection: 

USER3895: Anybody can collect 'data' but how can we ensure that we are 
collecting 'good' data? What does 'good' data look like? #phdchat 
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USER3895: Research is a very complex and sophisticated process - how data is to 
be gathered depends largely on research questions/theme...? #phdchat 
 
USER4010: Peculiar question. What is 'data' anyway? #phdchat 
 
USER3253: @USER3895:  But how do we know it's 'good data'?  Do the criteria 
2 use depend on if they R qual or quan? #phdchat 
 
USER3895: @ USER3253 ~ - don't think there is a set criteria. A lot depends on 
whether it answers research Q's and was collected ethically. #phdchat 
 
USER3895: @USER4010 ~ a lot of my 'data' seems to be tied up in tacit 
knowledge - reading around if its possible to make tacit explicit #phdchat 
 
USER3253: @ USER3895 I have severe problems understanding your 
understanding of 'data' :-) #phdchat 
 
USER4458: @USER4010 @ USER3895 Some disciplines might be more 
comfortable with term "data" than others.  #phdchat 
 
USER4010: Data is latin and means "things that are given or offered". As I 
understand it, data is something you collect in order to ... #phdchat 
 
USER4010 (continuing): ... find answers to questions and articulate new 
knowledge. A scientist is a person who goes and look, as George Miller once put 
it #phdchat 
 

This exchange approaches knowledge creation because the achievement of answering this 

question (What is “good data”?) has value to all of the individuals in the community, 

would endure beyond this conversation, may apply to future situations, and could be 

creative; these attributes all contribute to what Berieter and Scardamalia would call 

problem solving with a difference (Bereiter & Scardamalia, 2010). Here the users are 

asking questions that might be summed up with knowledge culled from an outside 

source, but they are engaging with each other in order to create their own definitions. 

This is the kind of thinking that is key to the knowledge building process. However, the 
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discussion moves on just as quickly as it started when another question is introduced, and 

the group is only a little bit closer to a shared understanding.  

Then again, the group does show the ability to discuss the nuances of an idea 

without being too hampered by the format of the discussion. In a Wednesday night 

conversation involving making an impact as a researcher, the group struggled to define 

and settle on what exactly “impact” was:  

USER3662: Does impact have to start at the end of the research process? Can it 
start earlier through work with interested parties? #phdchat 
 
USER1872: @USER3662 So impact could be just asking the questions! #phdchat 
 
USER1117: @USER3662 participative action research says yes & I'm sure other 
methods might too #phdchat 
 
USER3347: @USER1872 personally, I've problems with academic research if it 
doesn't have impact - but I've always been a little anti-academic #phdchat 
 
USER3318: @USER1872 - absolutely. The obsession with - often premature - 
answers is a bane of our educational age #phdchat 
 
USER3402: @USER3347 faculty I work w/ debate about this all the time. If good 
research doesn't get communicated, then little impact. #phdchat 
 
USER3347: @USER3402 is part of that discussion who to communicate with, 
when and how? I need to get my stuff out there, but unsure how#phdchat 
 
USER1872: @ USER3347 That's why I feel I have impact in teaching. At least 
teaching about groups and knowledge so next gen understands. #phdchat 

 
 These messages were published over thirteen minutes. During that time, the 

conversation continued, and the users that participated in this exchange and several others 

continued to talk about a number of related topics. While this might not be a topic each 

member agrees on an answer to, they are working together to develop their understanding 
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of the issue. In the end, coming to a consensus or solving this problem is not the aim of 

the group; the discussion is more of a way to share ideas than to develop and unify them. 

The answer to whether or not #phdchat is capable of knowledge building is not 

clear; the constantly shifting makeup of the community makes this kind of environment 

hard to maintain long enough to foster continuing development or even to be observed. 

The interactions above represent what could be interpreted as the lower limit of the 

rigorous task of knowledge building. The knowledge building community requires much 

more active participation and commitment of members than CoPs. The critical, 

collaborative problem solving at the center of a knowledge building community is most 

apparent in #phdchat on Wednesday nights, when the attention of the crowd is turned to a 

single topic. Even then, the conditions for knowledge building are alchemy; the mix of 

people, sustained participation, and a knowledge repository required to engage in true 

construction of knowledge are not always present. 
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Conclusion 

 #phdchat represents a community bound together through a social network 

folksonomy. Members gather in this provisional space in order to share their triumphs, 

promote resources, and discuss their practice. Analysis revealed that this group can be 

defined as a community and a CoP with the elements of and potential for knowledge 

building. It’s status as an emergent online community gives it appeal as a way for users, 

eager to enter and participate in a group with little barrier to entry, to engage in active, 

collaborative learning.   

FUTURE RESEARCH 
 The #phdchat community is ripe for study because of the both formal and 

informal nature of the communication surrounding it. In addition to the moderated talks 

that happen each Wednesday, it is a consistently active hive of contributors, sharing links 

and creating connections. The users within the community generate a large amount of 

information outside of Twitter in the form of blog posts and communication on other 

SNS. Of particular value may be the group wiki, which is maintained on another site. 

This repository may hold evidence about the knowledge building that is taking place 

between users or even reveal other clusters of members that refrain from discourse on 

Twitter.  

Future studies may expand examination of #phdchat into these artifacts and to the 

users themselves. Interviews and focus groups with members may yield more information 
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about what the community is achieving and how it affects their experiences as students, 

teachers, and researchers. This kind of personal research could also endeavor to 

understand the motivation and rewards that one receives from participating in such a 

community. Creating maps of users that follow, regularly reply, and RT one another 

would also draw a richer picture of the network as a whole that would allow for an 

examination of the ties that form between the members of an online group. For instance, 

the emotional support that the members of the group provide to one another in addition to 

knowledge sharing is one of the most surprising things about the data collected for this 

study. The process of writing a dissertation and finishing a degree is fraught with anxiety 

and stress, so the outpouring of personal struggles (and triumphs) onto #phdchat may 

have an affect on the cohesion of the group that was not found in the analysis conducted 

here.  

Of particular interest to researchers in relation to emergent online communities is 

the lifecycle and changing dynamics of the community over time. Since #phdchat is most 

likely made up of doctoral students, its members will naturally evolve from new students 

to experienced students to working academics, scientists, and professionals. The ways in 

which individuals enter and exit the community and how these changes in membership 

affect the dynamics of the group have implications for learning and the quality of the 

CoP. The ease with which users can leave the network may imply that it is fragile, but the 

fact that users can join it with the same ease may provide a balance that creates a stable 

population. A longitudinal study of tweets, users, and wider network activity over time 

could hold clues to what draws members into and repels them away from communities 
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like #phdchat over time; a more complete picture of #phdchat of a number of years could 

reveal information about how students move on and what support they will transition to 

(or seek to shape to fit their purposes) as they move forward through their careers.  

Though this community is of particular interest to educational researchers because 

of the subject matter at the center of the group discourse, emergent social network 

communities formed around other subject areas could prove fruitful for researchers. One 

of the most intriguing things about these groups, their intangibility, makes them difficult 

to study; SNS are third party, for-profit websites and collecting information responsibly 

can be a challenge. Furthermore, the social nature of the medium adds a complex layer of 

interpersonal dynamics to the context of the study. More research is needed to create a 

model for understanding emergent social network communities and make 

recommendations for how informal learning communities can be more effectively 

analyzed by researchers and facilitated by institutions. 

IMPLICATIONS 

 In this study, the researcher posed five questions related to the emergent 

social network community #phdchat. Through the analysis of the interactions between 

members of this network for one month on Twitter, she drew conclusions about the 

nature of this group and its characteristics in relation to other groups of its kind. At any 

time, #phdchat represents the will and needs of its members, and its ability to disseminate 

information, both practical and social, is key to its mechanisms for sustaining itself. The 

observed attributes of #phdchat, such as the quality, scope, and level of discourse and 

interaction, manifest both similarities and differences to those found in CoPs and 
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knowledge building communities. The paper examined if a group can be both an 

emergent online community and also manifest characteristics of either or both of these 

well-defined learning communities. 

As a community, #phdchat demonstrates that disparate users can come together 

with little central authority in order to create their own space within the swarm of 

communication that is the social network Twitter. It represents a truly inclusive and 

democratic environment for discourse in which all one needs is the ability to type the 

hashtag in order to participate. However, like any other social structure, the network may 

fragment into clusters of individuals who interact with one another for different purposes. 

At the center, in the largest and most connected group is a gathering of frequently 

contributing users who share links, answer questions, and participate in regular 

discussions.  

 Because the users who choose to add the tag are self-selecting, they play many 

different roles in the group. Some are simply Twitter users who RTed an interesting link 

and may never choose to read the discourse happening through the tag. Others may be 

part of the core cluster of members identified in the network analysis who interact and 

contribute frequently. The motivation of these users was not the subject of this study, but 

is reflected in the vibrant correspondence within a diverse community. 

The essential ingredient of an emergent online learning community is its users’ 

willingness to continue creating it. After all, #phdchat, as a stream of tagged tweets, 

would fade from existence altogether if users stopped including it in their messages for 

only a few days. Each time an individual types “#phdchat” at the end of a tweet they are 

confirming the validity of the concept.  This willingness comes from the perceived utility 

of the network. If the community was not providing something of value to its members, it 

would not exist. Therefore, the strength and limitation of #phdchat is its transience. It is 
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created and defined by its parts and can change to fit the needs of its members at any 

given time. This nature also makes it so malleable that it may not be able hold onto ideas 

long enough for knowledge to be built on itself.   

If the existence of the community turns on the members’ motivation to create it 

and interact with others in it, then motivation plays an essential role in an emergent 

online community. The level of participation documented in this study reveals that the 

members of #phdchat are motivated by a need to share their experiences and learn from 

others. The spontaneity of membership and the medium ensures that the information is 

timely, and the distribution of users across experience levels and disciplines provides a 

variety of content.  

 Like CoPs and knowledge building communities, #phdchat provides members 

with a way to expand their outlook on a topic through collaboration. The phenomenon of 

the emergent social network community provides insight into the ways in which learners 

will organize in order to facilitate their own informal learning. The rapid growth in 

popularity of the SNS among all demographics suggests that people will continue to seek 

wisdom from the network. People are connecting in simple, powerful ways through tools 

like hashtags. #phdchat shows us just what these networks can achieve.  
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